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Drivers of social commerce usage: a multi-group analysis
comparing Facebook and Instagram

Iv�an Ventre , Alejandro Moll�a-Descals and Marta Frasquet

Department of Marketing, University of Valencia, Valencia, Spain

ABSTRACT
Social media are increasingly used as platforms to not only
socialise but also to shop for products and services. Social com-
merce is the new trend in e-commerce that leverages the
enhanced consumer-to-consumer interactions to support shop-
ping processes. Based on the concept of social commerce con-
structs suggested by Nick Hajli, this article investigates the role
of social commerce constructs, emotional and informative sup-
port, and trust as drivers of social commerce intention. We
apply multi-group analysis to validate the drivers of social com-
merce for two of the most relevant social media platforms:
Facebook and Instagram. Based on a sample of 800 social com-
merce users, our findings reveal that social commerce con-
structs are strong drivers of social commerce intention for both
social media platforms; however, there are differences between
the two as Facebook seems to generate higher emotional sup-
port and trust than Instagram.
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1. Introduction

The transition to Web version 2.0 has allowed consumers to play a more active role
as they can use social networks to create and disseminate content, sharing experiences
and knowledge about products and services (Berthon et al., 2012). As a result, social
commerce (s-commerce) has appeared as a new stream in e-commerce defined by the
integration of social media in e-commerce platforms (Hajli & Sims, 2015). With the
popularity of social media, the role of the Internet has changed, since the interaction
between consumers allows them to obtain social support from the online community,
thus supporting online purchasing decision-making (Hajli, 2014a; Liang et al., 2011).
Consumers can access information on the previous experiences of other consumers
published on digital platforms, these contents being a relevant source of information
for purchase decision-making (Park et al., 2007). Organisations are heavily investing
in different social media applications to capture the value of users’ social interaction
in those online platforms (Trkman & Trkman, 2018). According to Euromonitor
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International (2019), 24% of consumers worldwide bought online via social media in
2019, and data suggest there is much potential for social media platforms as a lucra-
tive sales channel.

The literature on s-commerce is still limited, and additional efforts are needed to
clarify the concept and differentiate it from e-commerce. The work of Hajli et al.
helped to advance our knowledge of s-commerce in two directions. First, by investi-
gating the role of social media in building trust and driving buying intentions
(Hajli, 2014b; Hajli et al., 2017). Second, by contributing to enrich the concept of s-
commerce by developing the so-called social commerce constructs (SCCs) (Hajli,
2015; Hajli & Sims, 2015). By providing constructs that are unique to s-commerce,
the differential features of s-commerce that require separate investigation are high-
lighted. SCCs have emerged with the development of Web version 2.0 along with
the popularity of social media to allow interaction between consumers and between
consumers and firms in social platforms. SCCs have a triple dimension: 1) forums
and communities; 2) comments and reviews; and 3) recommendations and referrals
(Hajli, 2015).

Different researchers have used the SCC concept developed by Hajli (2015) to
investigate its relationships with other variables that influence consumers’ behaviour
to perform s-commerce activities. Thus, consideration has been given to the rela-
tionship of SCCs with variables such as: social support (Shanmugam et al., 2016),
trust (Hajli, 2015), purchase intention (Hajli, 2015), perceived risk (Soleimani et al.,
2017) and loyalty (Zamrudi et al., 2016). Despite the growing body of literature,
there is still the need to build theoretical frameworks to include social interactions
of consumers in an integrative model that helps to understand the behaviour of
users of s-commerce, and that refers to specific social networks other than
Facebook (Hajli et al., 2017). Most studies do not refer to specific social networks
(Shanmugam et al., 2016), and when they do, they refer to Facebook (Hajli &
Sims, 2015).

To bridge this research gap, this study aims to analyse the role of social com-
merce constructs, informational social support, emotional social support, and trust
as drivers of s-commerce for two different social media platforms, namely Facebook
and Instagram. Facebook and Instagram are the most relevant social network sites
at a global level. Facebook was the pioneering social media platform, and with 2.27
billion users is the leading network. Instagram was born as a photo-sharing plat-
form, being the first of its kind; today, it has 500 million users (Euromonitor
International, 2019). However, these networks are different in terms of the type of
content they host, as well as the profiles of their users (Waterloo et al., 2018). S-
commerce models have not been tested among users of different social media plat-
forms. By performing MGA using two independent samples of Facebook and
Instagram users, we aim to test the robustness of the model within social net-
work users.

The following sections of this paper review literature on s-commerce, social sup-
port, and trust in social networks. Then, the research model and hypotheses are pre-
sented. After describing the methodology, the findings are presented and discussed,
followed by the conclusions and proposed future lines of research.

2 I. VENTRE ET AL.



2. Literature review

2.1. S-commerce and social commerce constructs

S-commerce emerged from the evolution of e-commerce and its interaction with social
networks, innovatively bringing benefits based on interactive communication between
consumers (Wang et al., 2019). Liang and Turban (2011) defined s-commerce as the
use of Web version 2.0 and social technologies that facilitate consumers’ interactions to
support the purchase of products or services on the Internet. According to Lin et al.
(2017), s-commerce encompasses a variety of commercial activities that support con-
sumers in the evaluation or pre-purchase stage, in purchasing decisions and in the
post-purchase phase. Indeed, s-commerce does not only encompass purchasing through
social networks, but it also includes interactions on social networks during any phase
of the purchasing process: prior information, recommendation and subsequent evalu-
ation (Kim & Park, 2013; Lin et al., 2017).

With the emergence of social media, different spaces and platforms were created
that enable interaction between users through social networking sites, allowing poten-
tial buyers to socialise with each other (Hajli & Sims, 2015). Through social networks,
considered s-commerce platforms, consumers can access information published by
other members and learn about previous experiences to support decision-making dur-
ing the purchasing process (Hajli, 2015; Hajli et al., 2014; Liang & Turban, 2011; Lin
et al., 2017; Sarulatha & Sasirekha, 2018).

According to Hajli (2015), the platforms enabled by social technologies are social
commerce constructs or SCCs. Thus, SCCs are defined as ‘social platforms which
have emerged from Web 2.0 and empowered consumers to generate content and
share their experiences’ (Hajli, 2015, p. 184). Three SCCs are proposed, which despite
sharing the basic function of facilitating the exchange of information, show different
technical capacities. These constructs are:

� Ratings and reviews. Through ratings and reviews, consumers provide comprehen-
sive information about products and services for the benefit of other potential cus-
tomers. This information even reduces the seller’s need for commercial information.

� Recommendations and referrals. This dimension plays an important role in
s-commerce, since sensorial absence makes people trust other members’ recom-
mendations and referrals before purchasing a product.

� Forums and communities. These social spaces play an important role because of
the social interaction they facilitate. In online forums and communities, their
members support one another by sharing experiences and information. This is a
powerful new means of generating eWOM.

2.2. Social support on social media

Social support refers to the relationships between people who form a community,
where they share experiences, knowledge and feelings. Studies in social psychology
have demonstrated the benefits social support has for the quality of relationships and
reducing people’s stress. According to social support theory (Cobb, 1976), the
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objective of the individual is to satisfy social needs such as affection, esteem,
approval, sense of belonging, identity and security through interaction with others.

Social support theory has proved useful for studying individuals’ relationships on virtual
social networks. According to researchers, the primary motivation for people to participate
in social communities, sharing information and previous experiences, is for social support
(Hajli & Sims, 2015; Shanmugam et al., 2016). In a digital environment, the information
shared through social networks is perceived as social support. Therefore, individuals who
interact via digital media will be willing to receive and share valuable information from
previous experiences of buying products and services with other users (Bai et al., 2015;
Hajli, 2014a). Online social support is defined as ‘online actions that individuals carry out
by collaborating with peers through social media’ (Hajli & Sims, 2015).

Social support in digital media has two dimensions: emotional support and infor-
mational support (Liang et al., 2011). Emotional support refers to empathy, concern,
care, love, understanding, and encouragement among members of online commun-
ities, making the receiver of such support feel that they are valued and taken into
account. Informational support focuses on the generation of information for other
members of their social network, offering advice, opinions or suggestions that can
provide relevant information to solve problems, generate new ideas or make better
purchasing decisions (Hajli, 2015; Liang et al., 2011).

2.3. Trust in social networks

Trust has been widely studied in the field of business studies. Trust is recognised as a
key element of relationships between individuals, between organisations, and between
an individual and an organisation (Morgan & Hunt, 1994). Trust is the belief by an
individual that an exchange will occur in a manner consistent with expectations of
confidence (Ba & Pavlou, 2002). Trust acquires greater relevance when transactions
take place in an online context, where there is a high level of uncertainty (Bai et al.,
2015; Pavlou, 2003). Thus, building trust is a key to overcome online consumers’ per-
ceptions of risk and insecurity (Pe�stek et al., 2011). The absence of physical inter-
action between buyers and sellers in digital purchasing processes makes trust a
critical factor for s-commerce, as it helps to mitigate the risks perceived by consumers
(Hajli, 2014a; Sarulatha & Sasirekha, 2018).

According to trust transfer theory, trust can be transferred by different sources
such as individuals or contexts (Shi et al., 2013). Various studies have shown
that trust transfer can occur in both physical and digital environments, i.e., between
members of a virtual community (Shi et al., 2013). Trust transfer can be generated in
s-commerce with the support of a trusted third party, because according to trust
transfer theory, trust can be transmitted from one user to another, or from the seller
to the buyer (Bai et al., 2015).

3. Research model and hypotheses

Our review of the literature revealed that SCCs can be powerful generators of social
support and trust (Hajli, 2015). Based on social support theory we include in the
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model informational social support and emotional social support. Although additional
dimensions of social support could be relevant in an offline context, Liang et al.
(2011) argued that, in an online context, informational and emotional support cap-
ture the motivations for people to participate in virtual social networks. Trust in
social networks has been found to be a key factor in predicting users’ purchase inten-
tions (Hajli et al., 2017), and is further increased by social support (Shanmugam
et al., 2016). Thus, our model (Figure 1) suggests relationships between five relevant
variables in s-commerce that had not been previously investigated in the same model.

3.1. Social commerce constructs and social support

In online channels, the information that consumers have about purchasing processes
carried out by third parties helps them make decisions more quickly and securely
(Chen & Xie, 2005). Social platforms allow consumers to create and share content in
a collaborative environment that empowers them to generate information that can
influence other consumers’ brand choices (Hajli, 2014b; Hajli, 2015).

According to Cobb’s social support theory (1976), the benefits of social support
stem from the information exchanged between people, and the perception of being
loved, esteemed and valued as a member of a social group. The information shared
through SCCs can provide social support to consumers, helping them throughout the
decision-making process in s-commerce activities (Hajli et al., 2014; Hajli &
Sims, 2015).

Thus, it has been suggested that people generate interactions through SCCs that,
in turn, help to provide social support, both emotional, fuelling security due to the
sense of community, and informational, by allowing others to obtain information on
products and on other users’ shopping and consumption experiences (Hajli & Sims,
2015). According to the information presented, the following causal relationships
are proposed:

H1a: SCCs have a positive effect on the emotional support perceived by users on
social networks.

Figure 1. Research model. Source: Authors’ own work.
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H1b: SCCs have a positive effect on the informational support perceived by users on
social networks.

3.2. Social commerce constructs and social media trust

Trust transfer theory helps to understand the relationship between SCCs and trust,
since it explains that a known entity can transfer the perception of trust to another
relatively unknown entity, thus helping to build trust (Shi et al., 2013). In an online
context, consumers do not have sensory cues like those they have in a physical envir-
onment such as a traditional purchasing channel (Farivar et al., 2017); hence, in
online channels trust must be generated through other means.

Interactions between members of a social network influence other users’ level of
trust, which impacts their intention to buy online (Gibreel et al., 2018). SCCs allow
social interaction and information exchange, thus generating trust among users
(Shanmugam et al., 2016). On the one hand, when people in forums and commun-
ities read comments and ratings about a product or service, their level of familiarity
with a website or social networking site is likely to increase, thus enhancing trust
towards that site (Hajli et al., 2014). On the other hand, it was found that a consum-
er’s ratings and comments about a product influence other users’ satisfaction with
and trust in making purchases via virtual media (Hajli, 2015). Thus, our second
research hypothesis posits:

H2: SCCs have a positive influence on users’ trust in social networks.

3.3. Social commerce constructs and s-commerce intention

SCCs enable users to generate and transmit content that helps consumers obtain
answers during the purchase process, positively influencing users’ intentions to
engage in s-commerce activities (Hajli, 2015). Indeed, the generation of content
through the dimensions of SCCs generates value for other potential consumers
(Huang & Benyoucef, 2013).

The information created and transmitted through SCCs is based on consumers’
prior shopping experiences, and it has been proved that such content can have a
positive effect on other users’ intention to carry out s-commerce activities (Hajli,
2015). Similarly, SCCs allow consumer interaction on social media, generating valu-
able information that can influence other consumers in s-commerce activities (Hajli
& Sims, 2015). According to the information presented, the following causal relation-
ship is proposed:

H3: SCCs have a positive influence on s-commerce intention.

3.4. Influence of social support on trust in social networks

In a s-commerce context, consumers have the opportunity to share prior experiences
with products or services, by reviewing the opinions of others, participating in
forums, narrating their experiences and recommending products and services (Hajli,
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2015). It has been suggested that consumers who have already carried out commercial
activities through social networks often share their experiences with other customers,
supporting them both informationally and emotionally in the s-commerce process
(Hajli et al., 2014).

The theories of social support and trust transfer help us understand the influence
of content and experiences shared on social networks in the transmission of trust
between users (Shi et al., 2013). Thus, trust would stem from social support, either
because the information transmitted between members of an online community leads
to the forging of an emotional bond (emotional support) that facilitates the building
of trust in a relationship, or because the content shared contributes to problem solv-
ing (informational support) (Hajli, 2014b; Shanmugam et al., 2016). Thus, an increase
in social support among members of an online community makes people feel more
connected with one another, and more trustful (Hajli & Sims, 2015). According to
the information presented, the following causal relationships are proposed:

H4a: Emotional support has a positive effect on user trust in social media.

H4b: Informational support has a positive effect on user trust in social media.

3.5. Social media trust and s-commerce intention

Trust is a key variable that influences business relationships (Pavlou, 2003), acquiring
greater relevance in virtual environments due to the uncertainty that users may
experience when using digital media to perform transactions (Mutz, 2005).

Trust transfer theory offers a framework that allows us to understand the way in
which a user transfers trust to another user and how this influences s-commerce
intention (Shi et al., 2013). The virtual environment of online transactions prompts
customers to search for trusted third parties to help them reduce the risk of purchas-
ing on social networks (Bai et al., 2015). It has been found that interaction between
users generates trust and this, in turn, influences s-commerce intention (Hajli,
2014a). Researchers have pointed out that greater trust generated by the interaction
between users and brands through SSCs favours the conditions for the generation of
transactions (Hajli, 2015).

Thus, previous research argued that trust in social network sites would determine
credibility in the generation of content and activities carried out by virtual sellers
(Hajli et al., 2017). Likewise, the content generated by members of an online commu-
nity positively influences the trust of other users and the purchase decisions of other
users in s-commerce activities (Hajli, 2015; Wang et al., 2019). Based on the informa-
tion presented, the following hypothesis is proposed:

H5: User trust in social networks has a positive influence on s-commerce intention.

4. Research methodology

4.1. Measurement and data collection

The constructs of the research model were measured using scales previously used in
literature, with slight modifications where necessary (see Appendix). Responses were
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collected using seven-point Likert scales, from 1 (strongly disagree) to 7 (strongly agree).
The SCCs variable is a second-order, reflective-type construct including three dimensions:
forums and communities, ratings and reviews and recommendations and referrals (Hajli,
2015). The remaining variables constructs are first-order reflective constructs.

Data were collected by means of an online survey conducted in Mexico. A pre-test
of the questionnaire was carried out with 20 students to check the correct interpret-
ation of the questions, resulting in the recommendation of minor modifications in
the wording of certain items. The criteria for selecting respondents were that they
had to use either Facebook or Instagram and had used them in purchase processes,
either to search for information or to buy. The questionnaire was distributed elec-
tronically via Facebook, Instagram and email to maximise the number of participants.
In total, 1796 links were sent; 400 valid responses were obtained for Facebook and
400 for Instagram. The final sample comprised 64% women and 36% men, of whom
63% were aged 18–23, 20% 24–29, 5% 30–34 and 12% over 35.

4.2. Analytical technique

The research model was estimated through structural equations, more specifically apply-
ing partial least squares (PLS-SEM). Unlike covariance-based SEM, PLS is appropriate
for testing models with latent constructs of formative nature. This technique offers add-
itional advantages (Hair et al., 2016): it simultaneously evaluates the validity and reliabil-
ity of the constructs, it is effective with small samples, and it is useful for comparatively
analysing two identical models using the multi-group analysis (MGA) technique.

5. Results

In order to assess the model for Facebook and Instagram users using PLS-SEM and
to compare the results of the estimated path coefficients, this study employed a three-
stage analysis approach: assessment of measurement models, assessment of structural
models and MGA.

5.1. Measurement model

Tables 1 and 2 show the values for simple and composite reliability for the Facebook
and Instagram models, respectively. Simple reliability was evaluated using Cronbach’s
alpha, considering values equal to or greater than 0.70 as good (Hair et al., 2016).
Composite reliability considers load values above 0.70 to be satisfactory (Hair et al.,
2016). This criterion was met, being very close to the cut-off point for two indicators,
SCI5 for Facebook and SCI6 for Instagram. We decided to keep both indicators due
to the MGA requirement to maintain equality between the groups to be analysed.
Likewise, the convergent validity of the measurement models for Facebook (Table 1)
and Instagram (Table 2) was validated, since the AVE values reached the cut-off value
of 0.50 (Fornell & Larcker, 1981).

To evaluate discriminant validity, the Fornell and Larcker (1981) method was
applied. This method proposes the existence of discriminant validity between two

8 I. VENTRE ET AL.



latent variables if the shared variance (R2) between two constructs is less than the
square root of the AVE of each construct. The results for both models, Facebook and
Instagram, indicated that there was discriminant validity. Additionally, discriminant
validity and convergent validity were evaluated by means of cross-loadings analysis
(Tables 3 and 4), which requires an indicator to show a greater load in its own con-
struct than in any other construct of the structural model (Hair et al., 2016).

5.2. Structural model

Figures 2 and 3 present the results of the estimation of the model for Facebook and
Instagram, respectively, showing the values of the R2 statistic for the dependent variables
and the values of the structural paths and their significance for the relationships between
the constructs. The path coefficients were evaluated using the bootstrapping procedure with
4999 samples, based on the original sample (Henseler et al., 2016). The models show an
adequate fit to the data as the values of standardised root mean square residual (SRMR)
are 0.09 for Facebook and 0.086 for Instagram. According to Ringle et al. (2015), values for
SRMR less than 0.10 or of 0.08 (in a more conservative version) are considered a good fit.

For the Facebook model (Figure 2), H1a and H1b were supported since SCCs had a
positive impact on emotional (0.560) and informational (0.538) social support. The rela-
tionship established between SCCs and confidence was positive and significant (0.245),

Table 1. Reliability and validity – Facebook model.

Reflective factors Indicators

Convergent validity Internal consistency reliability

Loadings AVE
Composite
reliability

Cronbach’s
alpha

> 0.70 > 0.50 > 0.70 > 0.70

Social
commerce
constructs

Ratings and reviews RaRe1 0.846 0.751 0.923 0.889
RaRe2 0.885
RaRe3 0.893
RaRe4 0.840

Forums and communities FoCo1 0.870 0.747 0.922 0.889
FoCo2 0.889
FoCo3 0.885
FoCo4 0.811

Recommendations
and referrals

ReRe1 0.813 0.725 0.913 0.874
ReRe2 0.892
ReRe3 0.878
ReRe4 0.819

Social support Emotional support ES1 0.878 0.743 0.920 0.886
ES2 0.887
ES3 0.816
ES4 0.865

Informational support IS1 0.881 0.817 0.930 0.898
IS2 0.918
IS3 0.911

Trust Tru1 0.834 0.655 0.850 0.736
Tru2 0.827
Tru3 0.764

Social commerce intention SCI1 0.800 0.599 0.878 0.866
SCI2 0.778
SCI3 0.830
SCI4 0.820
SCI5 0.665
SCI6 0.738

Source: Authors’ own work.
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thus confirming H2. SCCs showed to have a positive impact on s-commerce intention
(0.255), thus supporting H3. As regards the effects of social support, no significant effect of
emotional social support (0.088) or informational social support (0.093) on trust was
observed; therefore, H4a and H4b were rejected. Similarly, trust did not have a significant
impact on s-commerce intention (0.034), so H5 was rejected for the Facebook model.

For the Instagram model (Figure 3), SCCs were observed to have a positive impact on
emotional (0.425) and informational (0.444) social support, so H1a and H1b were
accepted. Likewise, SCCs showed a positive and significant impact on trust (0.385), hence
H2 was accepted. H3, which established that SCCs had a positive relationship on s-com-
merce intention, was also corroborated (0.203). Regarding social support, the effect of
emotional support (0.084) or informational support (�0.020) on trust was not significant,
hence H4a and H4b were rejected. Finally, H5 was not fulfilled, since trust did not show
a significant impact on s-commerce intention (�0.071).

5.3. Multi-group analysis (MGA)

In order to examine the robustness of our research model within users of different
social media networks, we applied MGA using two independent samples of Facebook
users and Instagram users. Before conducting MGA, measurement invariance must
be assessed using the measurement invariance of composites (MICOM) approach

Table 2. Reliability and validity – Instagram model.

Reflective constructs Indicators

Convergent validity Internal consistency reliability

Loadings AVE
Composite
reliability

Cronbach’s
alpha

> 0.70 > 0.50 > 0.70 > 0.70

Social commerce
constructs

Ratings and reviews RaRe1 0.846 0.752 0.924 0.890
RaRe2 0.896
RaRe3 0.886
RaRe4 0.841

Forums and communities FoCo1 0.885 0.781 0.934 0.906
FoCo2 0.895
FoCo3 0.901
FoCo4 0.853

Recommendations
and referrals

ReRe1 0.853 0.706 0.905 0.858
ReRe2 0.889
ReRe3 0.891
ReRe4 0.717

Social support Emotional support ES1 0.870 0.761 0.927 0.896
ES2 0.905
ES3 0.848
ES4 0.865

Informational support IS1 0.897 0.818 0.931 0.889
IS2 0.912
IS3 0.905

Trust Tru1 0.836 0.687 0.868 0.772
Tru2 0.838
Tru3 0.811

Social commerce
intention

SCI1 0.825 0.579 0.891 0.852
SCI2 0.807
SCI3 0.800
SCI4 0.747
SCI5 0.720
SCI6 0.651

Source: Authors’ own work.
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(Henseler et al., 2016). The MICOM process consists of three steps: (a) evaluation of
configuration invariance; (b) evaluation of compositional invariance; and (c) evalu-
ation of equal means and variances. Following the MICOM procedure, total measure-
ment invariance was established as a prerequisite for comparing and interpreting the
specific differences between coefficients of the MGA groups (Henseler et al., 2016).

Two non-parametric methods were used: Henseler’s MGA method (Henseler et al.,
2009) and the permutation test (Chin & Dibbern, 2010). These techniques are useful
for assessing the differences in path coefficients between two groups (Sarstedt et al.,
2011). Table 5 shows the results of the MGA. Henseler’s MGA directly compares
group-specific bootstrap estimates from each bootstrap sample. According to this
method, a p value of the differences between the path coefficients of less than .05 or
greater than .95 indicates significant differences (p<.05) between the path coefficient
across two groups (Henseler et al., 2009). The permutation test also returns a p value,
with significant differences at 5% if the p value is less than .05. The results revealed
significant differences between the Facebook model and the Instagram model in three
of the relationships proposed: the relationship between SCCs and emotional support
(H1a), the relationship between SCCs and trust (H2), and the relationship between
emotional support and trust (H4a). The remaining relationships (i.e., hypotheses
H1b, H3, H4b and H5) did not present significant differences between the Facebook
and Instagram models, since the differences between the path coefficients yielded val-
ues above 0.05 and below 0.95.

Table 3. Indicator loadings and cross loadings – Facebook model.
Indicators RaRe FoCo ReRe ES IS Tru SCI

RaRe1 0.84640 0.41738 0.47075 0.22033 0.24747 0.32053 0.36116
RaRe2 0.88529 0.41644 0.47548 0.26040 0.27155 0.29126 0.36173
RaRe3 0.89273 0.43618 0.50652 0.30286 0.29988 0.32055 0.38816
RaRe4 0.84038 0.49588 0.51172 0.27693 0.32005 0.31400 0.43362
FoCo1 0.49855 0.87047 0.58505 0.30294 0.31945 0.32588 0.29520
FoCo2 0.47059 0.88921 0.54892 0.30952 0.31107 0.29881 0.31726
FoCo3 0.43274 0.88487 0.59780 0.36496 0.32539 0.31486 0.33827
FoCo4 0.39038 0.81116 0.54758 0.38331 0.30486 0.32209 0.31428
ReRe1 0.51666 0.55862 0.81290 0.29428 0.26901 0.36476 0.35622
ReRe2 0.52130 0.58322 0.89197 0.28541 0.27326 0.37651 0.42880
ReRe3 0.48766 0.55080 0.87833 0.30805 0.29446 0.38750 0.39174
ReRe4 0.47595 0.59248 0.81902 0.35157 0.31728 0.37338 0.40915
ES1 0.35672 0.39699 0.37223 0.87800 0.63203 0.37041 0.30564
ES2 0.27370 0.34258 0.31516 0.88685 0.63340 0.24295 0.21529
ES3 0.19440 0.30716 0.26421 0.81643 0.55807 0.27223 0.23687
ES4 0.21337 0.27762 0.25050 0.86462 0.71855 0.23285 0.16902
IS1 0.24790 0.31154 0.26274 0.63707 0.88133 0.30815 0.25585
IS2 0.32467 0.31655 0.28091 0.67620 0.91826 0.29534 0.24223
IS3 0.33083 0.35604 0.34947 0.67478 0.91143 0.36265 0.29343
Tru1 0.25331 0.28960 0.34290 0.26500 0.29040 0.83374 0.21939
Tru2 0.34742 0.29414 0.36286 0.26290 0.27358 0.82746 0.27549
Tru3 0.28212 0.30147 0.34516 0.28417 0.30917 0.76402 0.17197
SCI1 0.41690 0.27860 0.40591 0.25612 0.28295 0.25684 0.79970
SCI2 0.31374 0.20776 0.31815 0.21294 0.23115 0.21990 0.77822
SCI3 0.39754 0.31042 0.38313 0.24157 0.21500 0.17016 0.82985
SCI4 0.39661 0.31298 0.39169 0.15257 0.19767 0.19407 0.82020
SCI5 0.19190 0.22626 0.20839 0.19333 0.18201 0.15139 0.66516
SCI6 0.33307 0.33522 0.36526 0.23279 0.24643 0.28108 0.73751

Note: Values in bold are the loadings of the indicators in the factor they measure.
Source: Authors’ own work.
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6. Discussion and conclusion

This article employed the social support and trust transfer theories to propose a
model to explain consumer intention to carry out s-commerce activities within two
different social networks, Facebook and Instagram. The model was tested applying
MGA on SEM-PLS with data from a survey answered by 800 social network users.

Table 4. Indicator loadings and cross loadings – Instagram model.
Indicators RaRe FoCo ReRe ES IS Tru SCI

RaRe1 0.84566 0.51424 0.49742 0.26285 0.28394 0.71258 0.36301
RaRe2 0.89554 0.53002 0.49486 0.25205 0.26110 0.73143 0.37508
RaRe3 0.88597 0.55140 0.48588 0.30199 0.27503 0.73747 0.39525
RaRe4 0.84092 0.49387 0.47337 0.24431 0.30145 0.64565 0.26796
FoCo1 0.56809 0.88458 0.57424 0.29823 0.29681 0.78878 0.33546
FoCo2 0.57167 0.89540 0.58632 0.33936 0.30916 0.79936 0.33545
FoCo3 0.55210 0.90066 0.56969 0.29858 0.35672 0.78814 0.33504
FoCo4 0.50500 0.85306 0.53987 0.32077 0.35033 0.74033 0.28502
ReRe1 0.48673 0.52261 0.85257 0.31928 0.33252 0.71841 0.33402
ReRe2 0.49920 0.56727 0.88951 0.30850 0.30007 0.76022 0.36680
ReRe3 0.48516 0.57932 0.89127 0.32228 0.31604 0.75643 0.39155
ReRe4 0.54216 0.55851 0.71656 0.36388 0.37880 0.75227 0.41002
ES1 0.32010 0.33411 0.39412 0.86981 0.62815 0.40563 0.31443
ES2 0.26682 0.29373 0.32159 0.90540 0.64361 0.34173 0.27792
ES3 0.27078 0.30354 0.31574 0.84782 0.65955 0.34478 0.25313
ES4 0.23308 0.30368 0.27136 0.86543 0.74384 0.31394 0.30772
IS1 0.33099 0.32255 0.33569 0.68520 0.89710 0.38233 0.33587
IS2 0.27495 0.29290 0.31459 0.67466 0.91163 0.34161 0.25749
IS3 0.29262 0.38451 0.38270 0.70558 0.90478 0.41176 0.29541
Tru1 0.42300 0.36948 0.35555 0.30571 0.29883 0.44224 0.38581
Tru2 0.51971 0.35936 0.37402 0.27659 0.27269 0.48074 0.37140
Tru3 0.49195 0.46408 0.44052 0.32814 0.32059 0.53898 0.33530
SCI1 0.35792 0.31395 0.38893 0.29319 0.28417 0.40907 0.82501
SCI2 0.28951 0.26711 0.28127 0.25920 0.22237 0.32332 0.80660
SCI3 0.30968 0.23718 0.29729 0.20262 0.20989 0.32485 0.79982
SCI4 0.27861 0.25692 0.31255 0.21249 0.20934 0.32745 0.74737
SCI5 0.34494 0.29641 0.36368 0.30388 0.33282 0.38769 0.72042
SCI6 0.32477 0.28954 0.32035 0.23358 0.23639 0.36060 0.65059

Note: Values in bold are the loadings of the indicators in the factor they measure.
Source: Authors’ own work.

Figure 2. MGA structural model Facebook. Notes. �p <.05; ���p <.001. Broken lines indicate non-
significant relationships. Source: Authors’ own work.

12 I. VENTRE ET AL.



Based on the central variable of SCCs, our research confirmed that individuals’ inter-
action through social networks has a direct influence on s-commerce intention.

Our findings show that the interaction and communication between users through
the dimensions of SCCs – forums and communities, ratings and reviews, and recom-
mendations and referrals – generates a perception of support among members of the
social network, be it emotional or informational. These results confirm the results
presented in previous studies reporting this relationship (Hajli & Sims, 2015;
Shanmugam et al., 2016). Moreover, the results presented here confirm a positive
relationship between SCCs and users’ trust in social networks. These findings are
consistent with those reported in previous studies that prove that the information
generated and shared by users through social media influences other consumers’ trust
in performing s-commerce activities (Hajli, 2015; Hajli et al., 2014).

The results do not show that emotional social support and informational social
support influence users’ trust. The rejection of these relationships suggests that
Facebook and Instagram users do not need to obtain emotional and informative
social support through social networks to generate trust, but rather that trust appears
thanks to the contents generated by other users who share their experiences in s-
commerce activities. Likewise, the relationship between trust and s-commerce inten-
tion was not confirmed for either the Facebook model or the Instagram model.
However, previous research reported that content generated by users on social net-
works helps build trust in an online community (Hajli, 2015; Shanmugam et al.,
2016). One possible explanation is that many young people today are digital natives,
and they use social networks, such as Facebook and Instagram not only for personal
interactions but also for commercial and marketing purposes. These consumers (who
made up a significant part of our sample) do not require social support to have trust
in social networks, nor do they require high levels of trust to carry out s-com-
merce activities.

Perhaps the most interesting conclusion of our research is that the social inter-
action of users through SCCs directly and positively influences their decision to use

Figure 3. MGA structural model Instagram. Notes. ���p <.001. Broken lines indicate non-signifi-
cant relationships. Source: Authors’ own work.

ECONOMIC RESEARCH-EKONOMSKA ISTRAŽIVANJA 13



Ta
bl
e
5.

M
ul
ti-
gr
ou

p
an
al
ys
is
.

H
yp
ot
he
se
s

Co
nf
id
en
ce

in
te
rv
al
s
95
%

Pa
th

di
ffe

re
nc
es

Su
pp

or
te
d

Pa
th

co
ef
fic
ie
nt
s

Fa
ce
bo

ok
In
st
ag
ra
m

p
Va
lu
e
di
ffe

re
nc
es

Fa
ce
bo

ok
In
st
ag
ra
m

2.
50
%

97
.5
0%

2.
50
%

97
.5
0%

H
en
se
le
r
M
G
A

Pe
rm

ut
at
io
n

H
1a
:S
CC

->
ES

0.
56
0

0.
42
5

0.
43
9

0.
63
1

0.
30
0

0.
50
1

0.
13
5

.0
22
�

.0
50
�

Ye
s/
Ye
s

H
1b
:S
CC

->
IS

0.
53
8

0.
44
4

0.
41
0

0.
62
1

0.
32
5

0.
52
8

0.
09
4

.0
96

.2
10

N
o/
N
o

H
2:

SC
C
->

TR
U

0.
24
5

0.
38
5

0.
11
3

0.
37
5

0.
27
3

0.
48
4

�0
.1
40

.9
50
�

.1
24

Ye
s/
N
o

H
3:

SC
C
->

SC
I

0.
25
5

0.
20
3

0.
12
8

0.
38
2

0.
10
0

0.
30
1

0.
05
3

.2
63

.5
56

N
o/
N
o

H
4a
:E
S
->

TR
U

0.
08
8

0.
08
4

�0
.0
54

0.
22
2

�0
.0
27

0.
19
0

0.
00
5

.4
78

.9
63
�

N
o/
Ye
s

H
4b
:I
S
->

TR
U

0.
09
3

�0
.0
20

�0
.0
23

0.
22
3

�0
.1
37

0.
10
0

0.
11
2

.1
00

.1
90

N
o/
N
o

H
5:

TR
U
->

SC
I

�0
.0
34

�0
.0
71

�0
.1
37

0.
08
4

�0
.1
82

0.
05
9

0.
03
7

.3
30

.6
88

N
o/
N
o

N
ot
es
.
In

H
en
se
le
r’s

M
G
A
m
et
ho

d,
th
e
p
va
lu
e
lo
w
er

th
an

.0
5
or

hi
gh

er
th
an

.9
5
in
di
ca
te
s
at

th
e
5%

le
ve
l
si
gn

ifi
ca
nt

di
ffe

re
nc
es

be
tw
ee
n
sp
ec
ifi
c
pa
th

co
ef
fic
ie
nt
s
ac
ro
ss

tw
o
gr
ou

ps
.

� p
<

0.
05
.

So
ur
ce
:A

ut
ho

rs
’o

w
n
w
or
k.

14 I. VENTRE ET AL.



social networks in the purchasing process, corroborating the findings of Hajli and
Sims (2015). Although the interaction of individuals on s-commerce platforms influ-
ences the generation of social support and trust in social networks, our research
found that s-commerce intention is not dependent on social support or trust. Thus,
SCCs emerge as the sole generators of s-commerce intention.

A relevant contribution made by this paper to the s-commerce literature is the exe-
cution of a MGA to evaluate the robustness of the model and the generalisability of
the results for two social networks: Facebook and Instagram. The results of the MGA
revealed significant differences between the social networks in terms of the effects of
SCCs and emotional support (H1a), the relationship between SCCs and trust (H2)
and the relationship between emotional support and trust (H4a). The differences indi-
cate that Facebook users have a stronger perception than Instagram users that the
social network is a means for generating emotional support or trust. Although
Instagram has been reported to be a more engaging platform than Facebook (Rival,
2020), our results point out that Facebook is more effective in generating social sup-
port and trust. Engagement rates are high if users spend time on the social media
sites and like the posts; however, social support and trust build not from the attract-
iveness of the posts but from the strength of the bonds between the social media
users. Facebook is based on reciprocal following, while Instagram relies on non-recip-
rocal following. Non-reciprocal following is associated with weaker social ties and the
inclusion of strangers in one’s network (Waterloo et al., 2018). Facebook is a more
private network than Instagram; Facebook users typically form networks with existing
offline friends and family, whereas Instagram users usually follow, in addition to their
friends, other users such as celebrities or politicians. Phua et al. (2017) found that
bonding social capital was higher among Facebook than Instagram users; higher
bonding capital means that Facebook users, to a greater extent than Instagram users,
trust each other, and get emotional support and advice for solving their problems.

Moreover, the credibility and robustness of our model were strengthened by the
results of MGA (Henseler et al., 2016). Although the size of three path coefficients
differed between the two groups, the basic structure of the model was confirmed for
the two groups, i.e., the same hypotheses are accepted/rejected. Therefore, the find-
ings confirmed the robustness of our model as the results can be extended to users of
Facebook and Instagram, which are the two most popular social networks worldwide.
Previous studies testing some of the hypotheses of our model, such as SSC on trust
(Hajli, 2015) have been tested on samples of Facebook users or have not assessed the
stability of the results among users of different social media (e.g., Shanmugam et al.,
2016). It is worthwhile highlighting that the MGA analysis confirmed that SCCs are
the sole drivers of s-commerce intention for both social networks.

This study contributes to the development of the theoretical body of research in
the field of social media marketing by integrating the social support and trust transfer
theories to understand users’ interaction in s-commerce. The theoretical model used
in this study is a comprehensive model integrating SCCs with other relevant con-
structs in the field of social media and e-commerce, such as social support and trust,
to explain s-commerce intention. Furthermore, a key contribution of our research is
the analysis of the differences existing in the model for two of the most popular social
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network sites, Facebook and Instagram. Thus, we have provided a theoretical base for
future research on s-commerce.

Our results also have interesting implications for marketing managers. Knowledge
of the relationships of the proposed model offers a broad vision to understand con-
sumer behaviour in commercial transactions involving social networks. S-commerce,
unlike e-commerce, is based on user-interactions, which take place in different ways
and spaces as represented by the three SCCs: forums and communities; comments
and reviews; and recommendations and referrals. Our findings show that user inter-
actions through SCCs are key drivers of the intention to carry out commercial activ-
ities through both social networks.

Firms can use social media to strengthen commercial relationships with customers
and increase social media profitability by generating sales from users’ interactions in
social media. If firms want to be more effective in directing traffic from social media
to their commercial websites, they should target key users with large numbers of fol-
lowers; hence their influence would impact potential buyers through communities,
recommendations and reviews. Additionally, firms would benefit if more consumers
rate and review their products and services, as they would impact on other potential
buyers. Hence, they should devise effective incentives for customers not only to rate
products but also to write reviews and recommend the product or service to
other users.

Furthermore, the correct implementation of SCCs will allow having access to infor-
mation generated through the social interaction of consumers, developing a possible
feedback mechanism that can be useful for generating new on-going improvement
strategies and processes. Although our study confirmed that s-commerce intention is
built from SCCs for both social networks, specific differences exist that require each
social network to be addressed differently. Our study has revealed that SCCs generate
higher social support and trust for Facebook users. Thus, community managers
should leverage this advantage by selecting to posts contents on Facebook when they
want to build trust between their customers, such as the introduction of new prod-
ucts or services or even more in the event of a crisis. On the other side, Instagram
would be more effective for generating awareness and attachment towards the brands
and products.

Future research opportunities on social commerce are abundant. This study has
contributed to the literature as it compared how social commerce develops for users
of the two social networks with the most penetration worldwide, Facebook and
Instagram. We found that both networks support social commerce; however, there
are small differences related to the capability of the social networks to generate emo-
tional support and trust, which is higher for Facebook. Future research could look
into these differences, analysing the possible reasons, as well as the implications for
firms. In investigating this topic, researchers could also evaluate additional social net-
works, which could shed some light on the question of the different power of social
network sites to generate consumer trust in the purchase process using social media.
There are several variables that we did not contemplate in our study that may affect
consumer behaviour in s-commerce; for instance, the perceived risk and privacy
issues of using social network sites for shopping tasks, as well as the perceived
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usefulness and ease of use of doing that. Moreover,8 future research could look into
brand-specific variables. Social media marketing is a great ally to build powerful
brands that engage customers and build loyalty. Looking into the influence of SSCs
on brand-related constructs would be an interesting contribution to the field of s-
commerce. Some limitations of our research methodology also offer opportunities for
researchers. This study was conducted in Mexico; future research can include a cross-
cultural analysis to augment the generalisability of the results. The culture variable
could be employed in a MGA to understand its influence in s-commerce. This would
help global brands to decide the extent of adaptation of the social media market-
ing strategy.
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Appendix: Measurement scales

Social commerce constructs (Hajli, 2015)
Recommendations and referrals
I feel my friends’ recommendations in Facebook/Instagram are generally frank.
I feel my friends’ recommendations in Facebook/Instagram are generally reliable.
Overall, my friends’ recommendations in Facebook/Instagram are trustworthy.
I trust my friends in Facebook/Instagram and share my status and pictures with them.
Forums and communities
I feel my friends on forums and communities in Facebook/Instagram are generally frank.
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I feel my friends on forums and communities in Facebook/Instagram reliable.
Overall, my friends on forums and communities in Facebook/Instagram are trustworthy.
I trust my friends on forums and communities and share my status and pictures with them

in Facebook/Instagram.
Rating and reviews
I feel my friends’ rating and reviews are generally frank in Facebook/Instagram.
I feel my friends’ rating and reviews reliable in Facebook/Instagram.
Overall, my friends’ rating and reviews are trustworthy in Facebook/Instagram.
I trust my friends’ ratings and reviews and share my status and pictures with them in

Facebook/Instagram.
Social support (Liang et al., 2011)
Emotional support
When faced with difficulties, some people on Facebook/Instagram are on my side.
When faced with difficulties, some people on Facebook/Instagram comforted and encour-

aged me.
When faced with difficulties, some people on Facebook/Instagram listened to me talk about

my private feelings.
When faced with difficulties, some people on Facebook/Instagram expressed interest and

concern in my well-being.
Informational support
On Facebook/Instagram, some people would offer suggestions when I needed help.
When I encountered a problem, some people on Facebook/Instagram would give me infor-

mation to help me overcome the problem.
When faced with difficulties, some people on Facebook/Instagram would help me discover

the cause and provide me with suggestions.
Trust (Hajli, 2014a)
The performance of Facebook/Instagram always meets my expectations.
Facebook/Instagram can be counted on as a good social networking site.
Facebook/Instagram is a reliable social networking site.
Social commerce intention (Liang et al., 2011)
I am willing to provide my experiences and suggestions when my friends on Facebook/

Instagram want my advice on buying something.
I am willing to share my own shopping experience with my friends on

Facebook/Instagram.
I am willing to recommend a product that is worth buying to my friends on

Facebook/Instagram.
I will consider the shopping experiences of my friends on Facebook/Instagram when I want

to shop.
I will ask my friends on Facebook/Instagram to provide me with their suggestions before I

go shopping.
I am willing to buy the products recommended by my friends on Facebook/Instagram.
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