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ABSTRACT
This paper aims at the control decision of the compound-fault scene in urban rail transit Fully Auto-
matic Operating (FAO) system. Under the compound-fault scene of vehicle fire and station fire
occurring simultaneously, a bi-level optimizationmodel is proposed for the operation controlmodel
of urban rail transit FAOsystem, and thevalidityof themodel is verifiedby the simulationexperiment.
The simulation results show that the decision model can effectively find the optimal control points
for the compound-fault occurrence of urban rail transit FAO system out, so as to carry out the active
control and improve the operation efficiency of the urban rail transit system.
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1. Introduction

In recent years, with the prominence of traffic conges-
tion, environmental pollution andenergy consumption in
large andmedium-sized cities around theworld, the peo-
ple generally realize that the fundamental way to solve
urban traffic problems lies in the development of urban
public transport system with rail traffic as the backbone.
Urban rail transit system relying on its large capacity, high
efficiency, economy, environmental protection and com-
fort has gradually become the necessary infrastructure to
realize the sustainable development policy of large and
medium-sized cities at home and abroad. With the rapid
development of urban rail transit, new demands have
been put forward for the equipment system of urban rail
transit construction and operation. Meanwhile, under the
continuous promotion of modern communication tech-
nology and Internet of things technology to the develop-
mentof rail traffic technology, theprocess of urbanization
and the higher requirements for energy conservation and
environmental protection are required. A Fully Automatic
Operating System (FAO) that is stable, affordable and effi-
cient would be needed urgently for the construction of
global rail transport.

Presently, FAO is still in the initial stage of research in
the world. Scholars both at home and abroad are actively
solving the problems of each link of FAO system. Scholars
have mainly focused the research of track traffic fault on
identification, diagnosis, statistics andearlywarning tech-
nology for the researchof the automatic driving track traf-
fic system and fault treatment. In 2003, Curt A. Swenson
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from General Motors Co., Ltd. developed a remote mon-
itoring and fault diagnosis system for locomotive based
on commercial wireless communication network. The
locomotive fault timely notified the maintenance base,
shortened the maintenance time and improved the loco-
motive utilization and transport safety (Swenson, 2003).
Wang (2014) set up a three-level comprehensive evalu-
ation and early warning index system from early warn-
ing index with single factor, facilities and equipment
integrated subsystem to line integrated system, and the
threshold of early warning and grade for the three levels
of rail transport facilities and equipment. Dooevoet, Huis-
man, Kroon, Schmidt, and Schöbel (2014) researched the
train delay management problem from the macro level,
mainly for the situation that the leading train is delayed
on the transfer station,whether the following train iswait-
ing for the leading delay train. Veelenturf, Kidd, Cacchi-
ani, Kroon, and Toth (2016) studied the train operation
adjustment under the whole line interval capacity and
partial failure and gave a solution based on event-activity
network. Bocharnikov, Tobias, Roberts, Hillmansen, and
Goodman (2007) put forward a new method combining
dynamic principle and driving strategy, setting appropri-
ate fitness functionbyadjustingenergy consumptionand
timetable limit so as to make the decision train use the
most suitable method to pull or regenerative braking.
Huang, Lou, Gong, and Edgar (2008) studied the applica-
tionof fuzzy andpredictive fuzzy theory inATOsystem. By
setting fuzzy rules andmultiple fuzzy evaluation indexes,
the control rule of fuzzy prediction system was con-
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structed. British researchers developedTCAS (TrainCoast-
ing Advisory System), which achieved the control on train
operation under the condition that the train was not
delayed. Domínguez, Fernández-Cardador, Cucala, Gon-
salves, and Fernández (2014) applied the particle swarm
optimization algorithm to the train autopilot system and
designed the multi-objective optimization model of the
train autopilot system. Finally, the control effect was ver-
ified from simulation and actual test. Zhu, Yu, Ning, and
Tang (2014) elaborated the train control system (CBTC)
and its subsystems in detail and the automatic train oper-
ation (ATO) functionwas combinedwith interlocking and
central control operation to improve the control effi-
ciency.

The research of this paper is based on urban rail transit
FAO system toexplore theoperation control optimization
under the compound-fault scene. The compound-fault
scene is selected for vehicle fire and station fire at the
same time, and the defaults of power are not lost when
the fire vehicle is in the fire.

2. Selection and description of compound-fault
scene

Scene hypothesis: Under the FAMmode, the trainMi fires
and the station Sj fires at the same time.

Definition 2.1: Ta represents the abnormal operation
time of a, which refers to the total time of system failure
to failure recovery under FAO failure scene and Ta > 0.

Definition 2.2: Fa indicates the safety factor of a when
the system fails and0 ≤ Fa ≤ 1. The greater is the value of
Fa, and the higher security of the system. The correspond-
ing safety factor is different for the different flow.

In order to analyse the impact of fire scene on Ta,
according to the international standard ISO/TS 16733, the
fire scenes in the rail transit system are divided into four
grades as shown in Table 1.

3. FAO compound-fault scene operation control
model based on bi-level optimizationmodel

3.1. Establishment of themodel

Given an urban rail transit network G = (N, E),N = {1,
2, . . . , n} is a set of rail transit stations; E is a set of the

Table 1. Classification of fire scene.

Fire grade Fire description

I Serious fire
II Heavier fire
III General fire
IV Slight fire

stations connecting the sites; (r, s) is the O-D pair taking r
as the starting point and s as the terminal; Prs is a set of all
sections betweenO–Dpair and (r, s). At present, the rapid
increase of potential traffic demand makes the road net-
work overcrowding, which puts forward higher require-
ments for the safety of urban rail transit (Ataei, Hoosh-
mand, & Samani, 2014; Corman, D’Ariano, Pacciarelli, &
Pranzo, 2011; Dragicevic, Guerrero, & Vasquez, 2014; Gau-
tam, Chu, & Soh, 2014; Moradzadeh, Boel, & Vandevelde,
2014; Yifeng, 2015; Yun, 2012). In this paper, we con-
sider the optimal scheduling of vehicle operation in FAO
system under the condition of compound-fault scenes
occurring simultaneously in vehicle fires and station fires.
Under the unified dispatching of TIAS (Train Information
Automatic System), it is assumed that the system is fully
aware of road conditions. Let R represent a set of all start-
ing points; Srepresent a set of all endpoints; Tarepresent
the abnormal operation timeof sectiona;Ca represent the
maximum value of capacity of sectiona; urs is the mini-
mum running time between O–D pair and (r, s); qrs is the
flow between O–D pair and (r, s) and the vector is q =
(. . . , f rs, . . .)T , f rs is the flow on path p between O-D pair
and (r, s), and the vector is f = (. . . , f rsp , . . .)

T ; xa is the flow
on section a and the vector is x = (. . . , xa, . . .)T . The travel
time function of section a is ta(xa), assuming that it is
strictly monotonically increasing and continuously differ-
entiable; if the path pbetween O–D pair and (r, s) passes
section a, and δrsap = 1; otherwise, δrsap = 0. Therefore, we
can build the following optimization model,

min
x,q

∑
a∈E

∫ xa

0
ta(ω)dω +

∑
r∈R

∑
s∈S

∫ qrs

0
Trs(ω)dω

s.t.
∑
p∈Prs

f rsp = qrs

∑
r∈R

∑
s∈S

∑
p∈Prs

δrsapf
rs
p = xa

f rsp ≥ 0 (1)

In the traffic flow control model (1), the direct solu-
tion of the equilibrium flow on each section does not
directly reflect the real status of urban rail traffic flow,
because in the compound-fault scene of the FAO system,
an important factor that safety function of the section is
also needed to be considered. Therefore, the urban rail
transit control model in FAO compound-fault scene can
be transformed into a bi-level programming model: the
upper level is themaximumcomprehensive security coef-
ficient and the lower level is a traffic equilibrium model
with traffic constraints. The bi-level optimizationmodel is
expressed as follows:
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The upper level (maximum safety factor):

max
x,q

F(x, q) =
∑
r∈R

∑
s∈S

Frs(q
rs) (2)

The lower level (traffic balance):

min
x

G(x, q) =
∑
a∈E

∫ xa

0
ta(ω)dω +

∑
r∈R

∑
s∈S

∫ qrs

0
Trs(ω)dω

s.t.
∑
p∈Prs

f rsp = qrs

∑
r∈R

∑
s∈S

∑
p∈Prs

δrsapf
rs
p = xa

f rsp ≥ 0

Definition 3.1: Given the directional quantity q, x is the
Pareto optimal solution of the lower level problem, and
(x, q) is called the feasible solution of the above bi-level
optimization problem.

Definition 3.2: If (x∗, q∗) is the feasible solution of the
above bi-level optimization problem and there is no fea-
sible solution (x, q), which makes F(x, q) < F(x∗, q∗), that
(x∗, q∗) is called the optimal solution of the bi-level opti-
mization problem.

3.2. Solution of bi-level optimization problem

First, the particle swarmoptimization algorithm is applied
to solve the underlying optimization problem.

Step 1: For the fixed upper level decision vector q, ini-
tialize the lower level population P, the population size is
NP, initialize the lower level loop variables tP = 0.

Step 2: Based on the lower level objective func-
tion and constraint condition, the corresponding uncon-
trolled class value LP is allocated to each particle. For the
examples with the same uncontrolled levels, the crowd-
ing degree distance of the example CP is calculated based
on the lower objective function G(x, q);

Step 3: Store the particles with LP = 1 in the total pop-
ulation P in the elite collection EL.

Step 4: Update the velocity and position of the lower
layer particles:

vt = �vt + c1r1(pbest
t − yt) + c2r2(gbest

t − yt),

yt+1 = yt + vt+1, (3)

where � represents the inertia weight; c1, c2 represent
the self-learning factor and the social learning factor; r1, r2
represent the random numbers in the unit interval; pbest
represents the individual historical optimal particle and
gbest is the global optimal particle of the particle swarm.

Step 5: Redistribute the updated particles to uncon-
trolled level LP and crowding degree CP;

Step 6: The parent population FAt and progeny popu-
lation SOt are merged into a new population NEt . Based
on the lower objective function G(x, q) and constraint
conditions, the uncontrolled rank values of the particles
LP in the parent population are redistributed, and the
crowding degree CP is calculated;

Step 7: Half of the particles are selected from popula-
tionNEt to formanewpopulationNESt , inwhich theparti-
cles are arranged in descending order of priority, and the
particles are selected in turn until there are NP particles in
NESt ;

Step 8: Update the elite set EL;
Step 9: Let t = t + 1. Every T generation, we use KKT

to deviate the measurement equation (the condition is
proposed byDeb et al. in (Deb, 2016) for termination con-
dition checking. If ε∗

k is greater than the preset accuracy,
and then turn to step 4; otherwise, output EL. The KKT
deviated metric equation is as follows:

KKTPM (xk) =

⎧⎪⎨
⎪⎩

ε∗
k , x is a feasible solution,

1 +
J∑

j=1
〈gj(x)〉, otherwise, (4)

where 〈x〉 = 0, if x ≤ 0; 〈x〉 = x, if x > 0. The calculation of
ε∗
k is as follows,

min
ε

εk

s.t.

∥∥∥∥∥
∑
r∈R

∑
s∈S

∇Frs(q
rs)

∥∥∥∥∥
2

≤ εk ,

∑
a∈E

∫ xa

0
ta(ω)dω +

∑
r∈R

∑
s∈S

∫ qrs

0
Trs(ω)dω − yk ≤ 0,

where yk is the slack variable.
Based on the optimal solution of the lower level opti-

mization problem, the optimal solution of the upper level
optimization problem is solved. The basic process is to
solve the lower level optimization problem by particle
swarm optimization (PSO), and then feed the approx-
imate optimal solution of the lower level optimization
problem as the optimal response to the upper level, in
order to solve the upper level optimization problem. Iter-
ations are repeated to get the approximate optimal solu-
tion of the whole problem. The specific algorithms are as
follows:
Step 1. Initializationof theupper population Pu, the size of
the population is Nu, the maximum number of iterations
is Tu. Initialize the upper cycle variable tu = 0;
Step 2. For vector q, use algorithm 1 to solve EL =
{x0}, and then determine the candidate solution q0 =
argmin

q
{F(x, q) : x ∈ EL};
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Step 3. Update the upper level decision variable q0;
Step 3.1. Select qbest and gbest:qbest = q0 and gbest =
opt;
Step 3.2. Speed update: vq = ϑvq + c1r1(qbest −
q0) + c2r2(gbest − q0) and location update: qnew = q0 +
vq;
Step 3.3. For each qnew, utilize algorithm 1 to solve the
lower level optimization problem and achieve xnew ;
Step 3.4. For each pair of (qnew, xnew), if F(qnew,
xnew) < F(q0, x0), use (qnew, xnew) to replace; otherwise,
repeat Step 3;
Step 4. Let tu = tu + 1, if tu ≤ Tu, and turn to step 3;
otherwise, stop;

where ϑ is the inertia weight; c1, c2 is cognition coeffi-
cient and social coefficient; r1, r2 ∈ random (0,1) is cogni-
tion coefficient and social coefficient.

4. Numerical simulation and result analysis

Considering a network of rail traffic with nine nodes,
whose topology is shown in Figure 1, which contains an
O–D point pair. There are a total of three pathsPOD1 =
{e1, e2, e3}, POD2 = {e6, e4, e2, e3} and POD3 = {e6, e5, e3}
connecting to the O–D point pair. It is assumed that the
free running time t0a of each section is 1. The capacity data
of each section are shown in Table 2.

Assuming that the travel time function is ta = t0a(
1 + 0.35

(
fa
Ca

)3.5)
, the abnormal operation time func-

tion is Ta = t0a

(
1 + 0.4

( |fa−Ca|
Ca

)3)
, and the safety factor

can be described as Fa = exp
(
−0.5

(
fa
Ca

))
, among them,

fa is the traffic flow of section a. Supposing that there
are 500 times’ rail transit train passes through the O–D
point pair; that is, there are 500 particles in the particle

Figure 1. Network map of rail transit.

Table 2. Capacity of each section.

Section (a) e1 e2 e3 e4 e5 e6

Capacity (ca) 200 150 150 150 150 200

Figure 2. Traffic flow on the path.

Figure 3. The abnormal running time of each section.

swarm algorithm, 5 particle groups in all. It is assumed
that the termination time in algorithm 1 and algorithm
2 is 500. Repeat experiments 5 times, through algorithm
1 and algorithm 2, we can get the simulation results as
shown in Figure 2. From Figure 2, we can see that the
traffic flow on path POD1 is the highest; path POD2 is
the second and path POD3is the least. In the five exper-
iments, the traffic flow on each path tends to be the
same with only a small gap. These small gaps are mainly
caused by the random variables in the algorithm, which
proves that the optimal solution of the bi-level optimiza-
tion problem can be calculated by the designed particle
swarm optimization (PSO) 1 and the algorithm 2. In the
optimal solution, the flow of section e1, e2, e3, e4, e5, e6 is
136, 150, 500, 14, 350, 364 in turn. Figure 3 and Figure 4
show the abnormal running timeand safety factor of each
section at equilibrium respectively. From Figures 2–4, it
can be seen that section e3 plays a very important role in
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Figure 4. Safety factor on each section.

the track network. When the equilibrium is reached, the
traffic flow is the maximum; the abnormal running time
is the longest and the safety factor is the highest. The is
because that section e3 is the onlyway to the end s. There-
fore, in order to improve the capacity of rail transit system
and the efficiency of crisismanagement, we have to grasp
the key point of section e3. The best way is to build a split
section on e3 to reduce the pressure of the section, or to
arrangemore trains for traffic flow guidance. At the same
time, attention should be paid to the sections e1, e2, e5
with abnormal running time or high safety factor.

5. Conclusion

The paper aims at the control decision of urban rail tran-
sit FAO system under compound-fault scene, based on
the whole urban rail transit network and under the spe-
cific compound-fault scene, an operation control model
of FAOcompound-fault sceneon thebasis of bi-level opti-
mizationmodel is proposed, and the validity of themodel
is verified through the simulation experiment. The simu-
lation results show that thedecisionmodel can effectively
find out the optimal control points for the compound-
fault occurrence of urban rail transit FAO system, so as
to carry out the active control and improve the operation
efficiency of the urban rail transit system.

Disclosure statement

No potential conflict of interest was reported by the authors.

Funding

This work was supported by the National Natural Science Foun-
dation of China under (grant number 51475062).

References

Ataei, M., Hooshmand, R. A., & Samani, S. G. (2014). A coor-
dinated MIMO control design for a power plant using
improved sliding mode controller. ISA Transactions, 53(2),
415–422.

Bocharnikov, Y. V., Tobias, A. M., Roberts, C., Hillmansen, S., &
Goodman, C. J. (2007). Optimal driving strategy for traction
energy saving on DC suburban railways. IET Electric Power
Applications, 1(5), 675–682.

Corman, F., D’Ariano, A., Pacciarelli, D., & Pranzo, M. (2011).
Optimal inter-area coordination of train rescheduling deci-
sions. Procedia-Social and Behavioral Sciences, 17(32),
58–81.

Deb, K. (2016). An optimality theory-based proximity measure
for set-based multiobjective optimization. IEEE Transactions
on Evolutionary Computation, 20(4), 515–528.

Domínguez, M., Fernández-Cardador, A., Cucala, A. P., Gon-
salves, T., & Fernández, A. (2014). Multi objective particle
swarm optimization algorithm for the design of efficient ATO
speed profiles in metro lines. Engineering Applications of Arti-
ficial Intelligence, 29(3), 43–53.

Dooevoet, T., Huisman, D., Kroon, L. G., Schmidt, M., & Schöbel,
A. (2014). Delaymanagement including capacities of stations.
Transportation Science, 46(1), 74–89.

Dragicevic, T., Guerrero, J. M., & Vasquez, J. C. (2014). A dis-
tributed control strategy for coordination of an autonomous
LVDC microgrid based on power-line signaling. Industrial
Electronics, 61(7), 3313–3326.

Gautam, A., Chu, Y.-C., & Soh, Y. C. (2014). Robust receding
horizon control for a class of coordinated control prob-
lems involving dynamically decoupled subsystems. Auto-
matic Control, 59(1), 134–149.

Huang, Y. L., Lou, H. H., Gong, J. P., & Edgar, T. F. (2008).
Fuzzy model predictive control. IEEE Transaction Fuzzy Sys-
tems, 35(6), 665–667.

Moradzadeh, M., Boel, R., & Vandevelde, L. (2014). Anticipating
and coordinating voltage control for interconnected power
systems. Energies, 7(2), 1027–1047.

Swenson, C. A. (2003). Remote monitoring and diagnos-
tic for improving locomotive availability and utilization
[C]. International Heavy Association 2003 Specialist Techni-
cal Session Proceedings, May 5–9, 2003, Dallas, Texas, USA,
pp. 471–478.

Veelenturf, L. P., Kidd, M. P., Cacchiani, V., Kroon, L. G., & Toth, P.
(2016). A railway timetable rescheduling approach for han-
dling large scale disruptions. Transportation Science, 50(3),
841–862.

Wang, Z. (2014). Comprehensiveassessmentwarningmethodof
urban rail transit equipment failure. Urban Rapid Rail Transit,
27(5), 28–31.

Yifeng,M. (2015). Research on train operation schedulingmodel
and algorithm in emergency conditions [D] (PhD thesis).
China Academy of Railway Sciences Corporation Limited.

Yun, J. (2012). Research on the control strategy of ATO based
on the Theory of Optimal Grey Genetic algorithm [D]. (Master
degree thesis) Southwest Jiaotong University.

Zhu, L., Yu, F. R., Ning, B., & Tang, T. (2014). Communication-
based train control (CBTC) systemswith cooperative relaying.
Design and Performance Analysis, 63(5), 2162–2172.


	1. Introduction
	2. Selection and description of compound-fault scene
	3. FAO compound-fault scene operation control model based on bi-level optimization model
	3.1. Establishment of the model
	3.2. Solution of bi-level optimization problem

	4. Numerical simulation and result analysis
	5. Conclusion
	Disclosure statement
	Funding
	References


<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles false
  /AutoRotatePages /PageByPage
  /Binding /Left
  /CalGrayProfile ()
  /CalRGBProfile (Adobe RGB \0501998\051)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.1000
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 524288
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings false
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Remove
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.90
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.90
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Average
  /MonoImageResolution 300
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects true
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /Description <<
    /ENU ()
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [609.704 794.013]
>> setpagedevice


