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Figure 1.1: Seller Entry Before and After the Ministry of Supply Crowdfunding Campaign. This graph presents weekly
entry on Kickstarter and Indiegogo for 20 weeks prior to the start and after the conclusion of the Ministry of Supply
Kickstarter campaign, which ran from June 8, 2012 to July 11, 2012.
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Table 1.1: Platform Summary Statistics

Note: Kickstarter = , . Indiegogo = , . Total = , . Summary statistics include the 70
outliers, which are summarized separately in Table 1.2. The variable updates is the number of updates posted by the
project creator and comments is the number of messages posted by backers about a project. The variable received
money equals one if pledged capital to the project was at least one dollar and the money was transferred from backers
to the creator.



Table 1.2: Outlier Summary Statistics

Note: = . Summary statistics for 70 outlier projects identified on Kickstarter platform (listed in Table A.1).





Table 1.3: Sample Summary Statistics

Note: = , . An observation is an outlier period-platform-category-week.

Table 1.4: Correlation Table

Note: = , . An observation is an outlier period-platform-category-week.
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Table 1.5: Outlier Impact On Entry

(+ p < 0.1; * p < 0.05; ** p < 0.01)

Note: Models estimated using Poisson regression with quasi-maximum likelihood standard errors, clustered at the outlier
period (in parentheses). The dependent variable is count of project entrants in Columns 1 to 3 and count of projects
that raised no pledges in Column 4. Each outlier period constitutes a 20 week window prior to launch and a 20 week
window after the completion of each outlier. Outlier periods for 70 Kickstarter outliers are stacked to produce the
sample. An observation is an outlier period-platform-category-week.

(β) − = (− . ) − = − . , < .



Table 1.6: Outlier Impact On Pledges

(+ p < 0.1; * p < 0.05; ** p < 0.01)

Note: Models estimated using Poisson regression with quasi-maximum likelihood standard errors, clustered at the outlier
period (in parentheses). The dependent variable is dollars pledged. Each outlier period constitutes a 20 week window
prior to launch and a 20 week window after the completion of each outlier. Outlier periods for 70 Kickstarter outliers
are stacked to produce the sample. An observation is an outlier period-platform-category-week.



Table 1.7: Indiegogo outlier Impact

(+ p < 0.1; * p < 0.05; ** p < 0.01)

Note: Models estimated using Poisson regression with quasi-maximum likelihood standard errors, clustered at the outlier
period (in parentheses). The dependent variable is count of project entrants in Column 1, dollars pledged in Column
2, and count of projects that raised no pledges in Column 3. Each outlier period constitutes a 20 week window prior
to launch and a 20 week window after the completion of each outlier. Outlier periods for three Indiegogo outliers are
stacked to produce the sample. An observation is an outlier period-platform-category-week.
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Table 1.8: Outlier Impact Within Hosting Platform

(+ p < 0.1; * p < 0.05; ** p < 0.01)

Note: Models estimated using Poisson regression with quasi-maximum likelihood standard errors, clustered at the outlier
period (in parentheses). The dependent variable is count of project entrants in Column 1 and dollars pledged in Column
2. Each outlier period constitutes a 20 week window prior to launch and a 20 week window after the completion of
each outlier. Outlier periods for 70 Kickstarter outliers are stacked to produce the sample. An observation is an outlier
period-platform-category-week.
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Table 2.1: Sample Summary Statistics

Note: = . An observation is a show-week.



Table 2.2: Correlation Table

Note: = . An observation is a show-week.
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Table 2.3: Description of Social Media Variables





= β − + β + ν + γ + ε

ν

γ ε

− ν

, . . . , −
ε −
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Table 2.4: Relationship Between Social Media and Ratings



Z
Z

* p < 0.05; ** p < 0.01; *** p < 0.001.
Note: Models estimated using Arellano & Bond (1991) generalized method of moments (GMM) with standard errors clus-
tered at the show level (in parentheses). The lagged dependent variable is instrumented by all prior levels until period
− . Each social media measure is differenced and is instrumented by all prior levels of the covariate until period − .

Presented are the Arellano & Bond (1991) test for autocorrelation, where the null hypothesis is no autocorrelation (model
specification is supported when the first order test is statistically significant, while the second order is not). The depen-
dent variable is the log of Nielsen’s rating. Each regression includes a dummy variable, skipped week, that equals one
for weeks when the show’s air date was not consecutive.

β = . , < .

β ∗ = .



β = . , < .

β = . , < .

β = − . , < .
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Figure 2.1: Differential Results Based on matched network. The above graph depicts the results from the interaction
term presented in Column 3 of Table 2.4.



Figure 2.2: Differential Results Based on niche genre. The above graph depicts the results from the interaction term
presented in Column 4 of Table 2.4.



Figure 2.3: Differential Results Based on initial followers. The above graph depicts the results from the interaction term
presented in Columns 5 and 6 of Table 2.4.



= + − + γ + ν +

= + − + + γ + ν + ϵ

Table 2.5: Social Media Prediction Models of Show Ratings



Z
Z

* p < 0.05; ** p < 0.01; *** p < 0.001.
Note: Models estimated using Arellano & Bond (1991) generalized method of moments (GMM) with standard errors clus-
tered at the show level (in parentheses). The lagged dependent variable is instrumented by all prior levels until period
− . Each social media measure is differenced and is instrumented by all prior levels of the covariate until period − .

Presented are Arellano & Bond (1991) test for autocorrelation, where the null hypothesis is no autocorrelation (model
specification is supported when the first order test is statistically significant, while the second order is not). The depen-
dent variable is the log of Nielsen’s rating. Each regression includes a dummy variable, skipped week, that equals one
for weeks when the show’s air date was not consecutive.





Figure 2.4: Comparative Performance of Social Media and Baseline Prediction Models by Television Show. Each line
represents one television show and indicates the performance of the social media prediction model relative to the base-
line autoregressive prediction model. Each point is calculated as the difference of the baseline model Mean Absolute
Error (MAE) from the social media and Google Trend model, respectively MAE (Wu & Brynjolfsson, 2013). Values greater
than zero indicate that the model performs better than the baseline at predicting rating for that television show.



β = . , < .

β = . , < .

β = . , < .

β = . , < .

β = . , < .



Figure 2.5: Comparative Performance of Social Media and Google Trend Prediction Models by Television Show. Each
line represents one television show and indicates the performance of the social media and Google Trends prediction
models relative to the baseline autoregressive prediction model. Each point is calculated as the difference of the base-
line model Mean Absolute Error (MAE) from the social media and Google Trend model, respectively MAE (Wu & Brynjolf-
sson, 2013). Values greater than zero indicate that the model performs better than the baseline at predicting rating for
that television show.
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Table 3.1: Tabulation of Twitter Adoption by Show Characteristics

Note: Tabulation of shows in sample by characteristic of show (network, premiere year, and genre) and adoption status.
Adoption is divided into two types–shows that adopted after the premiere of the show and shows that adopted prior
to the premiere (“Fast Adopters”).



Table 3.2: Hazard Model of Twitter Account Adoption

* p < 0.05; ** p < 0.01; *** p < 0.001.

Note: Models estimated using Weibull proportionate hazard model. The term ln(p) is time elasticity parameter. Columns 1
to 3 are univariate regressions. Columnn 4 includes all variables. Reported standard errors are clustered at the network
level. The hazard rate for any factor, , is derived by the following formula: = (β). The omitted category
for genre is “reality” and for premiere
year is Jul 2006-2007, the period in 2006 after Twitter’s launch (July 15, 2006)
and 2007.



=
+ [−(β + β )]

β β

(

−

)
= β + β + θ + γ + ε

θ

γ

β



Figure 3.1: Twitter Diffusion within Big 4 Networks. Each line depicts for the given network, which is calculated as
the cumulative number of shows that adopted Twitter at time divided by the total shows on the network during the
sample period.



Figure 3.2: Twitter Diffusion within Select Cable Networks. Each line depicts for the given network, which is calcu-
lated as the cumulative number of shows that adopted Twitter at time divided by the total shows on the network during
the sample period.



Table 3.3: Twitter Diffusion by Network

* p < 0.05; ** p < 0.01; *** p < 0.001.

Note: Column 1 is a fixed effects (FE) model estimated using OLS and column 2 is a mixed linear model (MLM) estimated
using maximum likelihood. The dependent variable is a function of the share of shows that adopted Twitter on network
at time (measured in calendar quarters) and the maximum share for that network, ( /( − )). Standard errors,

reported in parentheses, are clustered at the network level. For the mixed linear model in Column 2, no structure is
imposed on the covariance matrix for the random effects.



Midpoint =
β + θ

β + γ

Steepness = β + γ

Table 3.4: Best Linear Unbiased Predictors by Network







Note: Best linear unbiased predictors (BLUPs) provided by network and based on estimates of Equation 3.3 presented
in Column 2 of Table 3.3. Network diffusion curves are characterized by Maximum Adoption, Midpoint, and Steepness.
Maximum adoption, is the highest share of shows for network that adopted Twitter. Midpoint represents the number
of quarters after the launch of Twitter (Q3 2006) that diffusion curve reaches the inflection point and begins monotoni-
cally decreasing. It is calculated as Midpoint = ((β + θ )/(β + γ )) − (the value 186 is the stored value
of Twitter’s launch quarter). Steepness is calculated as Steepness = β + γ . Quarter of first adoption, total shows,
and total adoptions are provided for reference. Three networks (centric, fox reality, and mynetworktv) did not have any
adoptions and were excluded from the regression, but are included in this table for reference.





Figure 3.3: Twitter Diffusion by Premiere Year of Show. Each line depicts for a given cohort of shows that premiered
that year, which is calculated as the cumulative number of shows that adopted Twitter at time divided by the total
shows in each respective cohort during the entire sample period. “Pre-Twitter” includes shows that premiered before
and continued airing, in part, after the launch of Twitter (July 15, 2006). “Jul 2006-2007” cohort includes 2006 shows
that premiered after Twitter’s July launch and all shows premiering in 2007.



Table 3.5: Twitter Diffusion by Premiere Year

* p < 0.05; ** p < 0.01; *** p < 0.001.

Note: Column 1 is a fixed effects (FE) model estimated using OLS and column 2 is a mixed linear model (MLM) estimated
using maximum likelihood. The dependent variable is a function of the share of shows that adopted Twitter on network
at time (measured in calendar quarters) and the maximum share for that network, ( /( − )). Standard errors,

reported in parentheses, are clustered at the network level. For the mixed linear model in Column 2, no structure is
imposed on the covariance matrix for the random effects.



Table 3.6: Best Linear Unbiased Predictors by Year

Note: Best linear unbiased predictors (BLUPs) provided by premiere year of show and based on estimates of Equation 3.3
presented in Column 2 of Table 3.5. Premiere year cohort diffusion curves are characterized by Maximum Adoption,
Midpoint, and Steepness. Maximum adoption, is the highest share of shows of premiere year cohort that adopted
Twitter. Midpoint represents the number of quarters after the launch of Twitter (Q3 2006) that diffusion curve reaches the
inflection point and begins monotonically decreasing. It is calculated as Midpoint = ((β + θ )/(β + γ ))−
(the value 186 is the stored value of Twitter’s launch quarter). Steepness is calculated as Steepness = β + γ .
The Pre-Twitter cohort includes shows that premiered before and continued airing, in part, after the launch of Twitter
(July 15, 2006). The Jul 2006-2007 cohort includes 2006 shows that premiered after Twitter’s July launch and all shows
premiering in 2007. Total shows and total adoptions are provided for reference.



Table 3.7: Summary Statistics of Average Daily Twitter Behavior

Note: = , . An observation is a television show. Summary statistics above shown for all television shows that
adopted Twitter during study period. Each raw variable is a daily average of each social media activity, and each logged
variable is a log of that daily average.



Table 3.8: Correlation Table for Average Daily Twitter Behavior Variables

Note: = , . Correlation shown for logged average daily measures of each variable for all shows that adopted
Twitter during the study period.



Table 3.9: Twitter Actions by Show and Community



* p < 0.05; ** p < 0.01; *** < 0.001.
Note: All models are estimated using OLS with standard errors (displayed in parentheses) clustered at the network level.
Included in all regressions is a binary variable, acquired 2014 that equals one if the activity data for the show was col-
lected in 2014 and zero if the data was collected at a later time in 2015. The variable is not statistically significant at a
5% level of significance in any regression, indicating that averages did not significantly differ between shows whose
data was collected at a later time.
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Table A.2: Robustness Test: Alternative Definition Of Outliers

Note: (+ p < 0.1; * p < 0.05; ** p < 0.01) Models estimated using Poisson regression with quasi-maximum likelihood
standard errors, clustered at the outlier period (in parentheses). The dependent variable is count of project entrants
in Columns 1 and 3 and dollars pledged in Columns 2 and 4. Each outlier period constitutes a 20 week window prior
to launch and a 20 week window after the completion of each outlier. Outlier periods for 244 Kickstarter outliers are
stacked to produce the sample. Outliers are defined as the top 5 pledged projects within each category each year. An
observation is an outlier period-platform-category-week.



Table A.3: Robustness Test: No Overlapping Outlier Periods

(+ p < 0.1; * p < 0.05; ** p < 0.01)

Note: Models estimated using Poisson regression with quasi-maximum likelihood standard errors, clustered at the outlier
period (in parentheses). The dependent variable is count of project entrants in Columns 1 and 3 and dollars pledged
in Columns 2 and 4. Each outlier period constitutes a 20 week window prior to launch and a 20 week window after the
completion of each outlier. Outlier periods for 64 Kickstarter outliers are stacked to produce the sample. The sample
excludes any outlier periods whose campaigns overlapped with another outlier in the same category. An observation
is an outlier period-platform-category-week.



Table A.4: Robustness Test: Excluding Outliers from All Samples

(+ p < 0.1; * p < 0.05; ** p < 0.01)

Note: Models estimated using Poisson regression with quasi-maximum likelihood standard errors, clustered at the outlier
period (in parentheses). The dependent variable is count of project entrants in Columns 1 and 3 and dollars pledged
in Columns 2 and 4. Each outlier period constitutes a 20 week window prior to launch and a 20 week window after
the completion of each outlier. Outlier periods for 70 Kickstarter outliers are stacked to produce the sample. In all
outlier periods, entry and pledged data from the 70 outliers are excluded. An observation is an outlier period-platform-
category-week.



Table A.5: Robustness Test: OLS Results

(+ p < 0.1; * p < 0.05; ** p < 0.01)

Note: Models estimated using OLS regression with standard errors clustered at the outlier period (in parentheses). The
dependent variable is the log of entrants (plus 1) in Columns 1 and 3 and log of pledged (plus one) in Columns 2 and
4. Each outlier period constitutes a 20 week window prior to launch and a 20 week window after the completion of
each outlier. Outlier periods for 70 Kickstarter outliers are stacked to produce the sample. An observation is an outlier
period-platform-category-week.



Table A.6: Robustness Test: Including Transferred Pledges Only

(+ p < 0.1; * p < 0.05; ** p < 0.01)

Note: Models estimated using Poisson regression with quasi-maximum likelihood standard errors, clustered at the outlier
period (in parentheses). The dependent variable is committed dollars pledged, which are pledges that were transferred
to the project creator at the conclusion of the campaign (i.e. pledges for projects that met or exceeded the goal in
fixed campaigns and any positive pledges in flexible campaigns). Each outlier period constitutes a 20 week window
prior to launch and a 20 week window after the completion of each outlier. Outlier periods for 70 Kickstarter outliers
are stacked to produce the sample. An observation is an outlier period-platform-category-week.



Table A.7: Robustness Test: Backers as a Measure of Liquidity

(+ p < 0.1; * p < 0.05; ** p < 0.01)

Note: Models estimated using Poisson regression with quasi-maximum likelihood standard errors, clustered at the outlier
period (in parentheses). The dependent variable is number of backers. Each outlier period constitutes a 20 week
window prior to launch and a 20 week window after the completion of each outlier. Outlier periods for 70 Kickstarter
outliers are stacked to produce the sample. An observation is an outlier period-platform-category-week.



Table A.8: Robustness Test: entry and pledged Greater Than Zero

(+ p < 0.1; * p < 0.05; ** p < 0.01)

Note: Models estimated using Poisson regression with quasi-maximum likelihood standard errors, clustered at the outlier
period (in parentheses). The dependent variables are number of project entrants in Columns 1 and 3 and dollars pledged
in Columns 2 and 4. The sample is limited to weeks when the dependent variable is greater than zero. Each outlier
period constitutes a 20 week window prior to launch and a 20 week window after the completion of each outlier. Outlier
periods for 70 Kickstarter outliers are stacked to produce the sample. An observation is an outlier period-platform-
category-week.
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Table A.10: Results from the Fixed Effects OLS Model



* p < 0.05; ** p < 0.01; *** p < 0.001.
Note: Models estimated using OLS with standard errors clustered at the show level (in parentheses). F-test represents
joint test of significance for all covariates, excluding any time fixed effects. The dependent variable is the log of Nielsen’s
rating. Each regression includes a dummy variable, skipped week, that equals one for weeks when the show’s air date
was not consecutive. Autocorrelation F-test is a test for first-order autocorrelation in panel data devised by Woolridge
(2002) and implemented by Drukker (2003).
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Table A.12: Robustness Test: viewers as DV



Z
Z

* p < 0.05; ** p < 0.01; *** p < 0.001.
Note: Models estimated using OLS with standard errors clustered at the show level (in parentheses). The dependent
variable is the log of number of viewers, in millions. F-test represents joint test of significance for all covariates, exclud-
ing any time fixed effects. Each regression includes a dummy variable, skipped week, that equals one for weeks when
the show’s air date was not consecutive.

Table A.13: Robustness Test: Additional Social Media Independent Variables





Z
Z

* p < 0.05; ** p < 0.01; *** p < 0.001.
Note: Models estimated using OLS with standard errors clustered at the show level (in parentheses). The dependent
variable is the log of Nielsen’s rating. F-test represents joint test of significance for all covariates, excluding any time
fixed effects. Each regression includes a dummy variable, skipped week, that equals one for weeks when the show’s air
date was not consecutive.



Figure A.1 (following page): Predicted Values from Social Media and Baseline Prediction Models (ABC Shows). Each
panel shows how both the baseline prediction model and the social media prediction models compare to actual ratings
for one show. The solid line represents actual ratings. The short dashed line is the baseline model. The long dashed line
is the social media model.



Figure A.1: (continued)



Figure A.2: Predicted Values from Social Media and Baseline Prediction Models (CBS Shows). Each panel shows how
both the baseline prediction model and the social media prediction models compare to actual ratings for one show. The
solid line represents actual ratings. The short dashed line is the baseline model. The long dashed line is the social media
model.



Figure A.3: Predicted Values from Social Media and Baseline Prediction Models (NBC Shows). Each panel shows how
both the baseline prediction model and the social media prediction models compare to actual ratings for one show. The
solid line represents actual ratings. The short dashed line is the baseline model. The long dashed line is the social media
model.



Figure A.4: Predicted Values from Social Media and Baseline Prediction Models (FOX Shows). Each panel shows how
both the baseline prediction model and the social media prediction models compare to actual ratings for one show. The
solid line represents actual ratings. The short dashed line is the baseline model. The long dashed line is the social media
model.



Figure A.5: Predicted Values from Social Media and Baseline Prediction Models (CW and Showtime Shows). Each panel
shows how both the baseline prediction model and the social media prediction models compare to actual ratings for one
show. The solid line represents actual ratings. The short dashed line is the baseline model. The long dashed line is the
social media model.
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