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ABSTRACT

The Kathmandu Valley is a rapidly growing and densely populated largest urban
area, which includes the capital city, in Nepal, and it faces the challenge of protecting
environment and safeguarding public health. This dissertation spans over three separate
papers and addresses the two environmental issues of the Kathmandu valley i.e.,
management of solid waste and outdoor air pollution. Solid waste management related two
papers talk about people’s preference and willingness to pay for improvement in the solid

\'



waste management service, and the determinants of people’s recycling behavior. Outdoor
air pollution paper estimates health impact of exposure to outdoor air pollution. All the

papers use primary data from a household survey conducted in 2012,

Chapter 2 estimates the Kathmandu Valley residents’ preferred changes to the
existing household solid waste management using a choice experiment survey. Included
waste management attributes are waste collection time, community waste management
program, waste segregation types, frequency of waste collection and the monthly user fee.
According to the results, sub-urban and core-urban residents have distinctively different
preference for their most preferred attribute and willingness to segregate waste. For
example, people in the core urban area are willing to pay the most (i.e., 404 Rupees per
month per household) for having a community waste management program and people in
the sub-urban area are willing to pay the most for (480 Rupees per month per household)
for scheduled waste collection. Sub-urban area residents are willing to segregate two type
of waste, but core urban residents are not willing to segregate any. An average Kathmandu
Valley resident prefers having a waste management program and scheduled and frequent
waste collection service in his/her community.. Kathmandu Valley residents, however, are
willing to accept less frequent collection given the waste is collected in a scheduled time
frame, which is an important policy implication for municipalities to optimally allocate
their resources. People value walking shorter distances to dispose of their household waste.
Based on the findings of this chapter, each municipality should create a unique set of waste
management services that address the preferences of that municipality’s residents, which
will help municipalities to optimally allocate resources. Improvement in existing household
solid waste management is important to protect the environment, the quality of the
groundwater (source of the valley’s drinking water), and reduce public health problems.
Improved waste management also helps to maintain the aesthetic beauty of the city and
overall, contributes to securing sustainable urban development. Previous studies on solid
waste management in the Kathmandu Valley focus at solid waste management at the
aggregate level by analyzing Kathmandu valley’s municipal waste management. About 70
percent of the total municipal waste, however, comes from household. In such scenario,

this chapter contributes to provide important policy recommendations to improve
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Kathmandu Valley’s solid waste management service from the perspective of household’s

preference towards it.

Chapter 3 analyzes the impact of exposure to outdoor air pollution on Kathmandu
valley residents’ health, more specifically on the probability of experiencing nausea, dust
allergies, and respiratory illness. This chapter focuses on outdoor air pollution resulting
from anthropogenic activities such as vehicle and industrial emissions, biomass and fossil
fuel combustion, and biogas emissions from waste dumping sites. In comparison to all
other source of pollutants, traffic emission has the strongest effect on these three measures
of health as roads are the closest source of pollution. An average Kathmandu valley resident
lives 28 meters away from the road. Our results show that people who live between 10 to
30 meters from the road are significantly more likely to experience nausea, dust allergies,
and respiratory diseases. Adults less than 36 years old are less susceptible to such pollution
exposure in comparison to older adults. People with higher education are more mobile,
which keeps them more exposed to outdoor air pollution and are more likely to experience
such health problems. Based on time activity pattern (measured through occupation)
unskilled day laborers, who spend majority of their working hours in close proximity to
road, are the most susceptible population to outdoor air pollution in comparison to
housewives and people with indoor working environments. An average Kathmandu Valley
resident is 16 percent less likely to experience nausea, dust allergies, and respiratory illness
if he/she lives 100 meter further from a road from his/her current location. Based on the
accumulated opportunity cost and medical cost, an average Kathmandu valley resident
saves total of 389.17 Nepalese Rupees by living 100 meter farther from road. This chapter
approaches to analyze impact of air pollution in a different way. Usually previous studies
collect data on air pollutant level and related its effect on public health. This study,
however, measures exposure to public health based on proximity to the sources of
pollution. This study also extends on existing work by identifying the variation
(heterogeneity) in exposure to outdoor pollution among communities using the multi-level

modeling technique.

Chapter 4 identifies the factors determining household’s informal recycling

behavior in the Kathmandu valley in Nepal. The informal recycling, the only recycling

vii



method practiced in the Kathmandu Valley, is represented by households selling the
recyclable waste to the scrapdealers. According to the results, people who generate more
waste are also more likely to recycle. People who use vegetable garden and practice
composting are significantly more likely to recycle. For example, people who compost are
11.8 to 12.8 percent more likely to recycle in comparison to those who do not. Based on
this finding, municipalities can promote household recycling as a complementary offer
with the existing offer of the subsidized composting bins. Also, urban gardening can be an
important policy implication to promote recycling. Due to having a flat fee for waste
collection in the Kathmandu Valley, increase or decrease in fee does not have any impact
on recycling. The existing institutional regulation to avoid haphazard waste disposal not
only helps to avoid haphazard waste disposal but also increases recycling by 7.8 to 9.5
percent. This study provides important findings that helps to increase recycling and achieve
sustainable waste management. Overall, the policy recommendations from three papers
compliment to improve solid waste management, reduce air pollution and promote

recycling together.
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Chapter 1: Introduction

1.1 Environmental issues in the Kathmandu Valley

This dissertation addresses two important environmental issues i.e., solid waste
management and outdoor air pollution of an urban area in the context of a developing
country. According to the World Bank report (2012), global urban solid waste generation
has been increasing exponentially and hence it is a challenge to manage solid waste. For
example, the global urban waste generation in 2002 was 0.64 kilogram per person per day
(with 2.9 billion urban residents) which increased to 1.2 kilogram per person per day in
2012 (3 billion urban residents) and in 2025 it is predicted to reach 1.42 per person per day
(with 4.3 billion urban residents) (Hoornweg and Bhada-Tata, 2012). Similarly, outdoor
air pollution is another challenge to secure public health in an urban area. According to the
World Health Organization report (WHO, 2002), globally outdoor air pollution contributes
to 0.6 to 1.4 percent of disease incidents in developing regions.

The Kathmandu Valley is a rapidly growing and densely populated area that
includes the capital city (i.e., Kathmandu Metropolitan City) of Nepal®. Around 1.6 million
people live in a 50.8 square kilometer area in the Kathmandu Valley, i.e. 10 percent of the
country’s total population lives on 0.5 percent of the country’s total land? (Central Bureau
of Statistics, 2002). Like most urban areas in a developing country, the Kathmandu Valley
faces the challenge of developing sustainably. Kathmandu Valley faces the most pressing
environmental challenges of managing solid waste, air pollution, and water pollution (Shah
and Nagpal, 1997). We need to address these environmental issues to protect exhaustible
natural resources (such as underground drinking water®), safeguard the public’s health, and

help achieve sustainable urban development.

This dissertation addresses two important issues of sustainable urban development

in the Kathmandu valley, which are solid waste management and outdoor air pollution.

L A map of Kathmandu valley and Nepal is presented in figure 1.1.

2 Rapid population growth due to migration (from other districts of the country) has also aggravated the waste
management problem.

3 Water pollution, however is not discussed in this dissertation.
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One of the chapters (chapter 4) discusses about the determinants of people’s recycling
behavior, which is a branch of solid waste management itself. These two environmental
issues of the Kathmandu valley are interconnected. For example, solid waste management
practice is not only a problem in itself; it creates air pollution* due to biogas emission from
the biodegradable waste at temporary and illegal dumping sites. Open air burning of
plastics and paper waste is another source of outdoor air pollution. In this study, I start with
solid waste management and link solid waste management practice’s impact on outdoor air
pollution and public health. This dissertation uses the primary data from a household

survey conducted in urban area® of all five municipalities of Kathmandu Valley in 2012.

My motivation for choosing this dissertation topic is the existing emerging issue of
solid waste management and its interrelationship with water and air pollution in the
Kathmandu Valley. These two issues are closely interconnected and hence the policies to
improve one issue complements the other as well. | aim to provide insights and policy
recommendations for achieving a sustainable urban development of the Kathmandu
Valley. The findings of this study can be relevant to urban areas in other developing

countries as well.

1.2 Solid Waste Management

The management of waste in the Kathmandu Valley is an increasingly alarming
issue. There are problems in each of the four stages of the waste management process (i.e.,
collection, handling, storing, and disposal). Based on the urgency of improvement, in this
dissertation 1 focus on collection and processing only®. The existing problems of solid
waste management are: haphazard waste disposal, poor waste collection service’, low

waste segregation and waste minimization, and inefficient waste collection process.

4 Solid waste management also pollutes underground drinking water. However, this dissertation does not talk about water
pollution and focuses on the outdoor air pollution only.

5 The Kathmandu Valley also includes some villages but those are not included in the sample since this study addresses
the environmental issues in the urban area only.

6 About waste disposal, Kathmandu valley municipalities have adopted an open-air landfilling as the only solid waste
disposal option. Developed countries use incineration as another method of final disposal; other methods of minimizing
waste are recycling and recovery, composting, waste to energy conversion, and other methods.

7 Poor waste collection service also includes no collection for some areas such as parts of Thimi municipality as evidenced
in the descriptive statistics of the primary data used in this dissertation.
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Despite public and private involvement in the waste collection process and the fact that the
municipalities spend more than 50 percent of their total solid waste management budget
on waste collection, the waste is neither collected completely nor on time. Uncollected
waste litters the streets; and people haphazardly dispose of household waste in open spaces
and riverbanks, and burn plastic and paper in open air. In the Kathmandu Valley, waste
segregation and waste reduction is minimal because recycling is only practiced informally.
Some people make a living by picking recyclable waste from dumping sites often in unsafe
ways. Due to minimal waste segregation at the source of generation i.e., at household level,
the total volume of municipal waste exceeds the predicted volume and the landfill capacity
reaches its maximum before its estimated life. In the process of finding alternative landfill
sites, municipalities always face public protest because people have a “not in my backyard”
(NIMBY) perspective towards waste. In such scenario, finding the determinants of
recycling household waste is a much needed topic of research as it helps to identify the
tools of waste minimization. Therefore, I discuss about people’s recycling behavior in
chapter 4. Improvement in current waste management practice not only keeps the city
clean, but also helps to protect the quality of underground drinking water and prevents bio-
gas emissions from the waste dumping sites. Therefore, proper solid waste management
can reduce water and air pollution. According to the Environment Department of
Kathmandu municipality, the per capita waste generation of the Kathmandu Valley in 2003
was 0.42 kg/day (KMC, Environment Department 2003).

Previous literature on solid waste management in the Kathmandu valley focuses on
municipal waste management (Pokhrel and Viraraghavan, 2005; Dangi et al., 2011). About
70 percent of the total municipal waste, however, is produced by households. In such
scenario, there is a research gap on the role of households on municipal waste management
practice. Therefore, in chapter 2, | address the household waste management that influences
municipal waste management practice. In addition, I estimate people’s preference of
different attributes of household waste management and their willingness to pay for
improvement in the existing waste management using the primary data from a household

survey conducted in 2012 in the Kathmandu Valley in Nepal.



The Kathmandu Valley has five municipalities: Kathmandu, Lalitpur, Kirtipur,
Bhaktpur, and Thimi, and each of these municipalities manage the solid waste differently®.
For instance, Kathmandu municipality outsources waste collection to private
organizations, and Lalitpur and Bhaktpur municipalities manage the waste themselves.
Each of these municipalities also has customized waste reduction strategies. Household
composting, however, is a homogeneous waste reduction strategy adopted by all

municipalities.
1.2.1 Background of Solid Waste Management

Pokhrel and Viraraghavan (2005) discuss the history of solid waste management
practices in the Kathmandu Valley since the 1950s. In the 1950s, the municipalities
employed road sweepers for street waste collection, and the collected waste was dumped
in the Bishnumati and Bagmati rivers. Both rivers are holy rivers for Hindus and Buddhists,
and it flows through the Kathmandu Valley. In 1981, the Nepalese government handed
over solid waste management responsibilities to the Solid Waste Management and
Resource Mobilization Center (SWMRMC), which was funded by the German Technical
Cooperation. After its establishment, the SWMRMC started promoting recycling and
composting, and in 1986 built a sanitary landfill at Gokarna, near Tribhuvan International
Airport in the Kathmandu municipality. Because of political intervention (change in
government system with constitution) in 1990, the SWMRMC was discontinued and solid
waste management responsibilities was handed over to individual municipalities. Between
1990 and 1993, many alternative landfills were used. In 1994, a new landfill site with an
estimated lifespan of 50 years was developed in Ookharpauwa (27 km far from the
Kathmandu Valley); it is being used till date.

Alam et al. (2008) conducted a study of Kathmandu’s municipal waste management
mechanisms, including processes like waste generation, storage, collection, and
transportation and its relationship with population growth. The authors found that waste

generation was directly proportional to the exponentially increasing population for several

8 Existing solid waste management practices in each of these municipalities is included in the appendix A. The
information in the appendix is based on a personal interview with the in-charge of the Environment Department of
Kathmandu Metropolitan City, and with the in-charge of the solid waste management department of the other
municipalities.



years between 1986 and 2003. Similarly, Dangi et al. (2011) found a strong positive linear
relationship between population size and annual waste generation over different years
during the 1976-2007 periods. Dangi et al. (2011) analyzed waste generation patterns and
waste composition of 336 residences and a selection of non-residences (i.e. restaurants,
hotels, schools, and streets) in Kathmandu Metropolitan City in 2007. Their findings
suggest that waste generation is positively related to income; however, consumption
patterns differed with income levels as did the amount and composition of waste. The
relationship between waste generation and income had a U-shaped curve relationship,
implying that waste generation decreased for high-, middle- and lower middle-income
households in a decreasing order respectively, and it increased for low-income households.

Such relationship is represented by the Environmental Kuznets Curve.

In a case study of the recycling behavior in 23 developing countries, Troschinetz and
Mihelcic (2009) find that people’s socio-economic status does not hinder them from

recycling and land availability encourages people to recycle more.

In the Kathmandu Valley, between 1976 and 2003 the proportion of plastic waste
increased compared with previous years (Mishra and Kayastha, 1998). Dangi et al. (2011)
and Pokhrel and Viraraghavan (2005) found that about 70 percent of the total municipal
waste was organic. Therefore, the authors recommended implementing waste segregation
at source and continue traditional waste picking for livelihood to help divert waste from
the landfills. Thapa (1998) recommended collection of a monthly user fee to support the
municipalities’ budget for waste management, involving the private sector in waste
management, increasing people’s environmental awareness, and enforcing stringent
environmental policies to achieve sustainable solid waste management. Some details of the
existing provisions of the solid waste management in the Kathmandu Valley is given in

appendix A.
1.3 Outdoor air pollution

Outdoor air pollution is another challenge of an urban area. According to a World
Health Organization (WHO) report, 1.4 billion urban residents worldwide breathe air with
pollutant levels above the WHO’s air guideline values (WRI, 1998). The health effects of

the outdoor air pollution range from minor irritation of the eyes and the upper respiratory
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system to chronic respiratory diseases, heart diseases, and even death (American Lung
Association, 2001). There are numerous studies that confirm the existence of adverse
health effects from air pollution. According to WHO report, Based on the length of
exposure, outdoor air pollution also causes premature mortality and reduces the life
expectancy (WRI, 1998).

According to the Environment Sector Program Support (ESPS) monitoring stations
analysis, the Kathmandu Valley has high levels of particulate matter, nitrogen dioxide, and
sulfur dioxide (MOPE, 2004). In between 1993 to 2001, Kathmandu Valley’s PMio
increased by more than four times, and traffic emission accounts for 42 percent of the total
PM1o emission. The effect of outdoor air pollution is usually examined by measuring
pollutants’ level in the air and its effect on people’s health. Unlike most of the previous
studies, this dissertation analyzes the health impact of outdoor air pollution in the
Kathmandu Valley by looking at people’s exposure to air pollution based on their
proximity to source of pollution. The factors that influence exposure to ambient air
pollution include regional-scale polluted air masses, proximity to local ambient sources,
and time-activity patterns (American Lung Association, 2001). In this dissertation, the
source of outdoor air pollution we look at are traffic emission, biogas emission from waste
dumping sites, emission from industries, and other surrounding environment. In addition,
| identify variance at the community level and identify if the neighborhood has some
impact on effect of air pollution. The findings from this (included in chapter 3) provides

important policy implications.
1.4 Contributions of this Dissertation

In the Kathmandu Valley, municipalities strive to achieve a sustainable solid waste
management by implementing different strategies. For example, some municipalities
encourage people to stop haphazard waste disposal methods and to implement composting
techniques at the household level. Some municipalities attempt to increase awareness so as
to prevent haphazard waste disposal, and some municipalities enforce ordinances to stop
haphazard waste disposal by charging penalties to people who are involved in such

activities.



Solid waste management is a non-market good, quasi-public in nature, and cannot
be traded in the market. Kathmandu Valley residents receive direct and indirect use value
from improvements in the existing solid waste management. For example, direct use value
comes from the proper management of their household waste; and indirect use value arises
from a cleaner environment as a result of improvement in the existing solid waste
management. To achieve sustainable solid waste management, we need to identify how
people value improvements to the existing solid waste management and how much they
are willing to pay for it. Chapter 2 of this dissertation will help to identify a sustainable
waste management system based on people’s preferences. It will also help to fill some
research gaps in this field as this will be the first choice experiment study on solid waste
management in Nepal. Also, this will be the first study that has included community
involvement in solid waste management system. The identified spatial heterogeneity for
waste management attribute preferences will provide feedback for the local authority to
create waste management strategies.

The third chapter uses a unique approach to identify the effect of outdoor air
pollution on health by observing people’s exposure to air pollution. The majority of the
previous studies look at pollution levels and relate its effect on health; I look at the level of
exposure to such pollution through proximity to source of pollution, time activity patterns,
and surrounding environment. This chapter provides insight about how to reduce exposure
to outdoor air pollution. | also identify the interconnection between solid waste
management practice and outdoor air pollution. For example, air pollution due to bio-gas
emission from waste dumping sites negatively impacts people’s health. The third chapter
also extends the existing studies by identifying the variation (heterogeneity) in exposure to
outdoor pollution among communities using the multi-level modeling and spatial

neighborhood effects.

In chapter 4, | present a theoretical model that replicates existing recycling behavior
in the Kathmandu Valley. Recycling happens informally and people collect and sell
recyclable waste to the scrap dealers. Such practice is used as a proxy for recycling. The
model incorporates the price received for sold recyclable waste. However, due to lack of
data of price for sold recyclable waste, | cannot fully exploit the model. The findings of the

chapter, however, will provide strong policy implications for promoting recycling as
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people can complement recycling with other complimentary behavior they are already
practicing. For example, according to the results people who compost and use vegetable
garden are also more likely to recycle. Overall, I identify policy implications that directly
complement achieving all three objective of sustainable urban development (discussed in

this dissertation) i.e., solid waste management, air pollution and recycling.

Kathmandu Valley

L] 4 ] B Kimaran
[

Figure 1.1: Map of the Kathmandn Valley



Chapter 2: Using a Choice Experiment to Estimate People’s Willingness to Pay for
Improved Solid Waste Management Service in the Kathmandu Valley of Nepal.

2.1 Introduction

Household solid waste management is a big challenge for rapidly growing and
economically developing cities like the Kathmandu Valley of of Nepal. Current solid waste
management practices need improvement as it pollutes the air, water, and soil, and have an
adverse impact on public health. For example, haphazard waste disposal is a significant
challenge as people dump waste in public places such as bus-stops, parks, and streets, due
to irregular collection or no collection. Such practice decreases the aesthetic value of the
city and it has a direct impact® on residents of the Kathmandu Valley. Similarly, waste
dumping on the riverbank contaminates the soil and groundwater, which has caused
flooding in the past by obstructing the natural river flow with waste. Haphazardly disposed
biodegradable waste also emits methane gas®®.

According to the Solid Waste Management Act of Nepal, 2011, municipalities are
responsible for all three processes of waste management, i.e., collection, processing, and
disposal of solid waste!'. The Solid Waste Management Act, 2011 also emphasizes on
promoting waste segregation at the household level; however recycling has only been
practiced informally. A sustainable solid waste management should be environmentally
friendly, economically sound, and socially acceptable (Garrod and Willis, 1998). About 70
percent of the total municipal waste in the Kathmandu Valley is produced by households
(Pokhrel and Viraraghavan, 2005; Alam et al., 2008). Therefore, it is important to identify
the household representative’s preference for solid waste management characteristics and

people’s waste management behavior to implement a sustainable solid waste management

9 Direct impact includes effect on public health; and non-health related effect such as reduced visual attractiveness of the
community or any outdoor setting. Indirect impact includes effect on economic productivity of land; impact of change in
ecosystem on recreational use such as hunting, fishing, nature observation, and damage to materials and structures
(Freeman 111, 2003).

10 Methane gas accounts for about 50 percent of the gases emitted, which is an active greenhouse gas that accounts for
approximately 3 to 4 percent of the annual global greenhouse gas emissions (Ayalon et al., 2001; Monni et al., 2006).
Air pollution from dumping sites and its impact on public health is discussed in detail in chapter 3.

11 Other types of waste such as hazardous, medical, chemical and industrial waste should be managed by the individual
or organizations that have generated the waste.



service. Therefore, the present study uses a household choice experiment survey conducted
in 2012 to analyze the Kathmandu Valley residents’ preference regarding waste collection
and processing due to the urgency of improvement on these processes*?, and also estimate
the Kathmandu Valley residents’ willingness to pay (WTP) for improvement in the existing

waste management service. .

The existing literature on solid waste management in the Kathmandu Valley
focuses on waste generation pattern and waste management practices at the aggregate level.
For example, Dangi et al (2011) estimates municipal waste generation and waste
composition based on waste generation data from household and business houses. There is
a data gap in estimating household level preference for solid waste management. This study
will contribute to fill that gap to some extent. To my knowledge, this is the first study that
uses households choice experiment survey on solid waste management in the Kathmandu
Valley and across Nepal. Also, this will be the first study that has included community
involvement in solid waste management system. Community involvement has been studied
for forest management user groups in Nepal and is found to be a successful tool for forest
management. This study will provide important policy recommendations regarding
improvement in solid waste management service, promotion of waste segregation and

recycling, and a feasible monthly user fee for waste management service.

The remainder of the paper is organized as follows. The second section details the
literature review; the third section defines the choice experiment and an experimental
design to prepare choice sets. The fourth section provides the theoretical background of the
random utility model; the fifth section discusses about the econometric models used and
the method to get welfare estimates. The sixth section explains data and its descriptive
statistics; the seventh section interprets the results; and the eighth section presents the
discussion and conclusion of the results. Lastly, in the ninth section, | provide the policy
recommendations for improvement in waste management based on the findings of this

study.

12 The waste disposal process, more specifically the impact of final waste disposal at the landfill site is not included in
this study. We assume that Kathmandu Valley residents are not affected by, and hence indifferent towards the
disamenities produced by a landfill located at 27 kilometers away from the Valley.
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2.2 Literature Review

Previous studies on municipal and household waste management focus on people’s
preferences, attitudes, and WTP for the attributes of the solid waste management processes.
This study examines people’s waste management preference using the attributes like waste
collection time, waste segregation, community waste management program, frequency of
waste collection and monthly user fee. | chose these attributes based on previous literature,
and through debriefing and focus-group discussion with Kathmandu valley residents. In
the previous studies, the most common attributes of waste collection and processing are:
collection frequency, type (such as door-to-door and collection point), time (such as,
scheduled or unscheduled), and types of materials collected. Other important (preferred)
attributes of a waste management service are: sanitation methods during waste collection
such as covered waste trucks (Das et al., 2008; Othman, 2002), clean food-waste collection

(Ku et al., 2009), and noise reduction measures while picking up waste (Jin et al., 2006).

Based on the findings of this study, an average Kathmandu Valley household
significantly prefers higher frequency of waste collection and is willing to pay positive
amount for an increase in the frequency. As evidenced in previous studies and this study,
the marginal utility of waste collection frequency, however, starts diminishing at some
threshold level of pickups, which differs among studies and study areas (Das et al., 2008;
Othman, 2002; Jin et al., 2006; Karousakis and Birol, 2008). For example, residents of
India were willing to pay 9.6 rupees per month for collecting waste twice a day in 2007
(Das et al., 2008). Macao residents had a positive but insignificant preference for
irregularly collecting waste more than once a day (Jin et al., 2006). On the other hand, in
2007, weekly collection of recyclable waste was sufficient for Korean residents (Ku et al.,
2009). In this study, I estimate people’s preference for waste collection frequency by giving

choice of 5 levels of frequency in a range of once a week to daily collection.

Waste collection time is another important attribute of solid waste management.
Having a scheduled collection can make the waste collection process more cost efficient.
For example, Johansson (2006), in a simulated waste collection system that trades-off
between collection cost and hauling cost, found that when the waste containers are closer
to each other, the collection cost increases and hauling cost decreases. The author

11



concluded that dynamic scheduling and routing policies® helps to reduce the operating cost
of collection by reducing the collection and hauling distancesin comparison to that of the
fixed route and collection frequency. In this study, I estimate people’s preference for

scheduled and unscheduled waste collection in comparison to no collection service.

Waste segregation and recycling at the household level (i.e., at the source of its
generation) reduces the amount of waste dumped at the landfill site. Factors that impact
people’s waste processing behaviors are: people’s attitude and preference towards waste
segregation (Zhang et al., 2012; Czajkowski, Kadziela, & Hanley, 2014), people’s
preference and attitude towards curbside recycling and large-scale recycling (Huhtala,
1999; Karousakis and Birol, 2008; Caplam, 2002), and economic incentives
(Keramitsoglou & Tsagarakis, 2013; Yau, 2010; Vicente & Reis, 2007). Other factors that
affect people’s waste processing behavior are people’s demographic characteristics such
as age, family size, house ownership, and access to facilities such as recyclable waste drop-
off sites (Margai, 1997; Bartelings and Sterner, 1999; Van Houtven & Morris, 1999).
Young individuals with a medium income and environmentally aware people are willing
to segregate more waste (Afroz et al., 2011). People with individual commitment and
intrinsic satisfaction are also likely to recycle more (Aini et al., 2002). An effective
incentive for promoting curbside recycling is the implementation of deposit-refund

schemes!* (Karousakis and Birol, 2008).

As evidenced in the previous literature, some people like segregating waste and
some do not. For example, Macao residents prefer waste segregation and recycling and
were willing to pay $0.80 per person per month for it (Jin et al., 2006). People in Shanghai,
China, however segregated much less waste despite being aware of the environmental
benefit of segregation’®. However, about 62 percent of the people were willing to pay for
improvements in the waste segregation (Zhang et al., 2012). Similarly, Sakata (2007) found

that in Kagoshima, Japan, people’s marginal WTP for categories of waste segregation

13 Dynamic scheduling and routing has lower operating cost, shorter collection and hauling distance and reduced labor
hours. Please refer to Johansson (2006) for details of dynamic scheduling and routing system.

14 Schemes in which people pay extra money while buying the product packed on recyclable waste and receive refund on
return of those recyclable waste packets.

15 In an attempt to understand such behavior, another study mentions that people's high environmental awareness does
not necessarily translate into actions (De Feo and Gisi, 2010).
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decreased by $1.77 per month because of the high handling costs. According to the author,
some of the factors that limit segregation were: confusing waste classification, low
neighborhood participation, and lack of motivation due to the inexistence of provisions for

keeping waste segregated during pickup (Zhang et al., 2012).

The Kathmandu valley residents practice informal recycling by selling the
recyclable waste to scrapdealers. Therefore, in this study, people’s recycling behavior is
indirectly captured by asking households about their preference for waste segregation. This
study estimates household’s willingness to segregate waste by comparing people’s
preference of segregate two or three types of waste in comparison to no segregation. Waste
segregation is presented in the choice experiment with three levels: no segregation, two
types of segregation (i.e, recyclable and non-recyclable waste), and three types of waste
(biodegrabale, recyclable and other waste).

Unlike previous studies on solid waste management, | use community waste
management program as one of the attributes of solid waste management. Regarding the
management strategies of common property resources, Bradshaw (2003) suggests
empowering communities by reaching a power balance through effective leadership and
partnerships with the government to construct a community’s capacity building process.
According to Adhikari et al. (2004), in a community forest user’s group in Nepal, rich
households with more livestocks benefitted more from fodder and other resources from
forest. Therefore, the authors caution to take into account of the heterogeneity among
households to provide equitable access and use of such common resources. Agrawal and
Ostrom (2001) outline four types of property rights that are most relevant for the use of
common-pool resource: withdrawal, management, exclusion and alienation. The authors
explain the success of transfer of national property right and decentralization of forest

management to the community user’s group in India and Nepal.

This study uses community waste management program as an unique attribute of
the solid waste management in comparison to previous studies. This program involves
community members working together to avoid haphazard waste disposal, provide public

awareness, and keep the community clean in partnership with the municipality. In
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developing countries, community involvement is used in the management of common

property resources and it has been an important tool in achieving sustainable development.
2.2.1 Spatial Heterogeneity

In this study, people’s preference and WTP for the non-market good i.e., solid waste
management program is heterogeneous. Taking into account such variation (or
heterogeneity) using the mixed logit model allows us to estimate the unobserved preference
heterogeneity. Another source of such heterogeneity is the observed effect of spatial
components associated with the non-market good. In this study, it is measured through the
distance-decay effect, according to which the WTP for a non-market good (or an attribute
of the good) decreases as the distance between the household and the location of the good
increases. According to Schaafsma et al. (2013), when the distance from an individual’s
household to a water recreational site (as well as to other recreational sites i.e., substitute
sites) increases, people’s WTP for certain attributes decreases; and the site user’s WTP
declines more slowly than that of non-users. Bateman et al. (2006), in a case study to
estimate the WTP for improved urban river water quality in central England, found a highly
significant distance-decay effect for the Euclidean distances from the respondent’s house
to the Tame River. Because of the distance-decay effect, 50% of the water-users live near
the river and almost zero percent at a distance of 9 km from their house. Also, the distance-
decay effect remains significant for current non-users as better site quality may induce non-
users to become users. In addition, the distance-decay effect also impacts the recycling
rate. This means that the shorter the distance to the recycling center, the higher the
recycling rate for glass, batteries, and newspaper (Bartelings and Sterner, 1999). In waste

collection processes, the distance to waste collection containers is important.

2.3  Choice Experiment

Valuing a non-market good is a challenging task because, unlike a market good,
people’s preferences for a non-market good and its costs and benefits cannot be inferred

from the purchase and sale of that good!®. Two methods have been used in the

16 The instrumental value of a good is derived from two assumptions of neoclassical economics: a) the good increases
the well-being of an individual, and b) he/she is able to judge how well-off they are at a given situation. Therefore, the

economic valuation is measured based on people’s preference for an alternative among given scenarios (Freeman III,
2003).
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environmental valuation of a non-market good: revealed preference method and stated
preference method. Revealed preference methods estimate people’s preference for a non-
market good by observing their actions (or possibility of action) involving that good,
similar to what is done in the travel cost method and hedonic pricing technique. Stated
preference method estimates people’s preference for a non-market good by asking people
about their preference among alternative choices. Stated preference methods include:
Contingent Valuation Method (CVM), and Conjoint Analysis techniques like contingent
ranking, contingent rating, and choice experiment (CE). In the conjoint analysis,
respondents are provided with choice alternatives, which are constructed by the attributes
or characteristics of the non-market good. Among the conjoint analysis techniques, choice
experiment requires respondents to choose their most preferred alternative, while
contingent ranking and rating requires respondents to rank and rate the alternatives,
respectively. In this study, we use the choice experiment, which is one of the stated

preference methods to value a non-market good.

The choice experiment method is an application of the characteristics theory of
value. The utility is derived from the characteristics of the goods rather than the goods per
se (Lancaster, 1966). The choice experiment, also called attribute-based discrete choice
experiment, constructs a hypothetical market to value the non-market good. In this method,
people are asked to choose their preferred alternative from a given sets, called a choice set,
of alternatives. The choice experiment belongs to the classes of stated preference methods
that are consistent with the Random Utility Theory (RUT)Y. The choice experiment is
regarded more powerful than contingent valuation method (CVM) because it can measure
people’s preference for multiple attributes through one choice set, which requires multiple
close-ended CVM questions®. The choice experiment can also measure people’s
preference and marginal willingness-to-pay (MWTP) for an individual attribute of the non-

market good.

7 In general, any preference elicitation method that provides information about preference ordering for all or subset of
choice options should be consistent with Random Utility Theory (RUT) (see, Luce and Suppes, 1965).

181n CVM, the close-ended format was introduced by Bishop and Heberlein (1979). Open-ended questions directly report
people’s willingness-to-pay. However, a close-ended format has to obtain the willingness-to-pay values from a
respondent’s responses i.e., yes/no to the offered bid value in the choice alternative. Therefore, the close-ended format
requires statistical specification to estimate people’s willingness-to-pay (Hanemann and Kanninen, 1996)
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2.3.1 Attributes of the Choice Experiment

The solid waste management attributes used in the choice experiment survey is
determined based on focused group discussions, debriefings, personal interviews and a
pilot survey. Each individual has 12 observations (4 choice sets*3 alternatives) and the
sample size is multiplied by 12. After dropping the missing variables, 13527 observations
is used to estimate the basic models. Table 2.1 presents the distribution of the sample by
municipalities; Kathmandu and Kirtipur municipality have the highest and lowest sample
in the survey i.e., 45 percent and 10.47 percent, respectively. Table 2.2.1 represents a list
of attributes that are used to experimentally design the choice set. | use five attributes:
waste collection time, community waste management program, waste segregation types,
waste collection frequency and monthly user fee. Table 2.2.2 represents an example of the
choice set. In this study, each individual is given 4 choice sets and each choice set has 3
alternatives, one of which represents the status-quo levels. Here, | provide the definitions

of these solid waste management attributes. The attributes are:

1) Waste collection time: Waste collection time represent the waste collection service
based on time allotted for collection that municipalities provide to collect household
solid waste. Some examples are door-to-door collection, temporary dumping on the
street and collection through running trucks at the center of the community.
Municipalities are phasing out temporary dumping on the street because it produces
disamenities such as odor, disease transmission and reduction in aesthetic value of the
city; such problems are more severe during irregular collection. Based on focus-group
discussant’s comments, the door-to-door waste collection service is an only preferred
waste collection type in the Kathmandu valley. Therefore, in the choice experiment |
use door-to-door waste collection with three levels—scheduled, unscheduled and no

collection. No collection is a level in the status-quo alternative only.

2) Community waste management program: Community waste management program
involves community members to volunteer for three specific tasks i.e., monitoring of
haphazard waste disposal, enforcement of proper waste disposal by penalizing
haphazard waste disposal behavior, and promoting the environmental awareness in

partnership with the respective municipality.
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3) Waste segregation types: Households are supposed to segregate their household waste
before giving it for waste collection. In the choice experiment, waste segregation is
offered with three levels- no segregation, two types of segregation i.e., biodegradable
and non-biodegradable, and three types of segregation i.e., biodegradable, recyclable

and other types of waste.

4) Waste collection frequency: The waste collection frequency is measured as waste
pickups per week. The levels of frequency are once a week, twice a week, three times

a week, and seven times a week.

5) Monthly user fee: The municipalities in Kathmandu Valley are not self-sustained,
except for Bhaktpur municipality. Therefore, solid waste management act, 2011
explicitly mention that municipalities are allowed (and should) to collect monthly waste

collection fee.

An example of a choice experiment question to value people’s preference for solid waste

management service in the Kathmandu Valley is presented below.
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Which solid waste management service packet do you choose from the following?

Note to enumerator: Please show the following tables to respondent while asking to choose solid waste
management service packet.

Now, you will be given three solid waste management service packets including the existing one. Each of
the service packets includes five attributes described earlier. The three solid waste management service
packets are: solid waste management service packet A, B, and Status quo, C. Among these three service
packets, please choose the service packet you like the most. If you are happy with the current waste
management service, you can choose the last option C ‘status quo’. If none of the option exactly matches
your expectation, please choose the one that you dislike the least. While making your choice, please
consider your current income and expenditure because the fee mentioned on your chosen packet may need

to be paid in real life.

Solid waste management | Solid waste Status Quo, C

1 service packet, A management service
packet, B

Waste collection | Door to door waste Door to door waste Status quo
time collection service, without | collection service,

schedule without schedule

Yes- Public awareness No- Public awareness Status quo

program about waste program about waste
Community waste | management in management in
management community, waste community, waste
program collection, monitoring and | collection, monitoring

taking action against and taking action against

haphazard waste disposal | haphazard waste disposal
¥Vaste collection Daily i.e. 7 times aweek | Once a week Status quo

requency
Wiaste segregation _ 3 typels: :)iodegraﬁable, Status quo
types No segregation recyclable and other
waste

Additional 100 rupees per month 20 rupees per month Status quo
monthly user fee

1. A. which one of the services do you choose among given three service packets? (Single answer)

e \Waste management service packet, A
e \Waste management service packet, B
e Status Quo, C
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2.3.2 Experimental Design of the Choice Set

| obtained optimal choice set using the %choiceff macro'® in SAS, which is based
on D-efficiency, to pick the design, and chose the saturated design of 12 choice sets. The
12 choice sets are divided into three versions of questionnaire, each version including 4
choice sets. Each choice set includes three alternatives including the status-quo alternative.
An example of a choice set is given in Table 2.2.2 Status-quo alternative, also called opt-
out situation, represents the existing level of attributes, and including the status-quo
alternative enhances the efficiency of the experimental choice set design (Louviere et al,
2000).

2.4  Theoretical Framework: Random Utility Model

The environmental valuation of a non-market good using the choice experiment
method is based on an explicit utility theory?® (Louviere, 2001). Much of the environmental
valuation is based on Random Utility Maximization (RUM). According to RUM, utility
received from choosing an alternative j for an individual i consists of two components:
deterministic, which in principle is an observable component, and a stochastic component,

which is random and unobservable. Therefore, the utility is given as,
Uij = V(ZUIXL) + &ij (1)

Where V(Z;;, X;) is a deterministic portion and ¢;; is a random term with zero mean, where

jl
Z;; represents the attributes of the alternative j for an individual i, and X; represents an
individual’s socio-economic characteristics. Attributes Z;; may be viewed differently by
different individuals, and vary over alternatives with different levels of the attribute,

whereas X; remains constant over alternatives for an individual. An individual i chooses

19 95ChoicEff Macro is used to find efficient experimental designs for choice experiments, in which variances of the
parameter estimates are minimized with a vector of assumed parameters. The macro considers swapping out every design
alternatives and replace with each candidate alternative, which increases efficiency. And this process of evaluating and
swapping continues until efficiency stabilizes (Kuhfeld, 2005).

20 Utility is a latent construct that exists in the mind of the consumer, and cannot be observed by the researcher directly.
When we use preference elicitation methods, like CE, the researcher can understand and explain a significant portion of
the utility and the remaining portion of the utility always remains unexplained (Louviere, 2001). Therefore, a utility
function consists of two parts: deterministic, which in principle is an observable portion, and stochastic, which is a
random and unobservable portion.
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an alternative j over alternative k if and only if the utility received from alternative j is

greater than that of alternative k, i.e., U;; > Uy.
The probability that an individual i chooses alternative j over alternative k is given by,
Prob(jl]) = Prob{V; + & > Viy + €, for all j € ]} (2)

where ] represents a complete choice set including all the available alternatives in each
choice set (in the present study J = 3 including the status-quo alternative). In order to
estimate equation (2), we have to assume the distribution of error terms?!. The RUM
assumes that errors are independently and identically distributed (11D) following a type |

extreme value distribution.

2.5 Econometric Model

2.5.1 Conditional Logit Model:

In Conditional logit model, the expected utility for a chosen alternative is a function
of the attributes of alternatives rather than the characteristics of individuals. The error terms
have type | extreme value Gumbel-distribution, and they are assumed to be independently
and identically distributed (McFadden, 1974), which implies that the probability of an

individual i choosing an alternative j is given by:

P(j) = Sy E—— 3)

21 According to Louviere (2001), in order to calculate choice probabilities, we have to make assumptions about the
distribution of the random component, &;,. Typical assumptions are that the random components are: a) independently
and identically distributed Gumbel random variables, which leads to binary or multinomial logit model, or b) not
independent nor identically distributed normal random, which leads to reasonably complex binary or multinomial probit
models. It is difficult to distinguish between Gumbel and normal distribution models because many observations at the
far tail are required for such distinction. Therefore, both distribution models are derived from the same assumption about
dependence, variance and covariance of random components. Choice of Gumbel or normal distribution of the random
variable depends on logic and computational preference. For example, Normal distribution may be preferred as a limiting
distribution and Gumbel might be preferred on computational or tractability grounds. Those who prefer maximum
likelihood support a wide array of assumption about random component as well as distribution of parameters. Those who
favor Bayesian estimation method prefer normal because Markov Chain Monte Carlo (MCMC) methods can be used to
reduce problem to simulating from Gumbel distribution.
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where u is the scale parameter. In the conditional logit model, we have three assumptions:
a) u is equal to 1, which implies constant error variance (homoscedastic) model, b)
Independence from Irrelevant Alternatives (I1A) property holds for the model, which
means that the ratio of probabilities of choosing any two alternatives is independent of
presence or absence of other alternatives in the choice set, and 3) respondents have

homogenous preference.

The deterministic indirect utility v;; can be represented as
Vij = BrZiji + 6nXin + € (4)

where z;j is k™ attribute of an alternative j for an individual i, 5, represents a vector of

coefficients for k™ attribute, X;,, represents n" socio-economic characteristics of an
individual i, and &,, represents a vector of coefficients for an individual’s socio-economics

characteristics. The probability of an individual choosing an alternative j is
Pij =
[T, ()Y (5)

where y;; = 1 if respondent i chooses an alternative j, and 0 otherwise. The log-likelihood

function for choices made by N individuals (i.e., total number of respondents) is given as,

InL = ?’:125:1}%]‘ “In P;(j) (6)

2.5.2 Mixed Logit Model

Mixed logit model relaxes three assumptions of the conditional logit model and
allows for random taste variation among individuals, unrestricted substitution pattern due
to relaxing the I1A property, and correlation in unobserved factors over time (Train, 2009).
In the mixed logit model, an additional stochastic element, n;; will take into account of
heterogeneity and autocorrelation across alternatives (Hensher et al., 2007), where ¢;; is
independently and identically distributed with type 1 extreme value. The utility in mixed

logit model is given as,
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Usj = V(Zij, X35 Bi) + 15 + & (7)
The Mixed logit probabilities are the integrals of the standard logit probabilities over a

density of parameters, f; which are distributed with densityf(8|0). The 6 refers

collectively to the parameters of this distribution such as mean and variance of $22. The

choice probability of choosing alternative j in the mixed logit model is given as,

Py = | Ly B)dp ®
where

eVij(ﬁ)
Li;(B) = ST oTu® %)

The probabilities are approximated through simulation for any given value of 8. The
process is a) first, a values of £ is drawn from f(3|6), and label it 8" with r = 1 referring

to the first draw; b) then, logit formula L;; (") is calculated with this draw; c) previous two

steps are repeated many times and average result is estimated. This average is the simulated
probability given in equation (10)

R
~ 1
Py = EZ Ly (B") (10)

r=1
where R represents the total number of draws, and E]- is an unbiased estimator of P; by
construction. The probability of an individual i choosing alternative j is given as,

] pYu
Py =11 By (11)
The log-likelihood function of the simulated probability is given as,

SLL = Zﬁ=1 Z{czlyl]lnpl] (12)

22 |f we denote the parameters that define the density of 8 as 6, then the density is denoted as f(£]6). The mixed logit
probabilities do not depend on the value of 8. The mixed logit probabilities are,P,; = [ L,;(B) f(B16)dB, which are
functions of 6. Therefore, the researcher is interested in estimating the parameters of f(B), i.e., b and W'.
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where, y;; = 1 if an individual i chooses alternative j and O otherwise. The maximum
simulated likelihood estimator is the value of 6 that maximizes simulated log-likelihood.
This estimator maintains independence over decision makers of the simulated probabilities

that enter simulated log-likelihood.

There are some debates about the efficiency of the mixed logit model and the
number of iterations required to reaches convergence of estimates. Chang and Lusk (2011)
conducted a qualitative experiment about the accuracy and software choice while using
mixed logit model. The authors used 500 halton draws and found that small sample size
(n=200) will have considerable variability across 500 Monte Carlo iterations in all three
econometric software package i.e., SAS, NNLOGIT and STATA. With bigger sample size

(n=1000), results are consistently similar in all three packages®®
2.5.3 Welfare Measure

WTP is the maximum amount of money a person is willing to pay in exchange for
the improvement in a non-market good (for example, improvement in solid waste
management in the present study). WTP is the amount of income that compensates for an
increase in quality of the non-market good. Indirect utility is a function of price (p), quality
of the non-market good such as status-quo quality (q) and improved quality (g*), and
income (y). Then, the WTP is the amount willing to pay for the change in indirect utility

with increase in quality of the non-market good,
WTP =V(p,q",y) = V(p,q,y) (13)

. . . . . ov
where q* = g and increase in q is desirable i.e, % > 0.

The total derivative of the indirect utility (V;;) with respect to change in level k of attribute

z, i.e., Z, and price (P) is given by dV;; = BxdZ, + ppdP. Setting the total derivative

23 In this study, | used mixlogit command, which is an add-in module to estimate mixed logit model in STATA developed
by Arne Risa Hole (http://www.shef.ac.uk/economics/people/hole/stata.html). In this study, | estimated mixed logit
model with different draw and iteration ranging from 50 Halton draws (default draw) to 50000 draw with 1000 iterations.
According to the AIC values, model with 35000 draw and 1000 iterations is the best model. Table B5 presents different
log-likelihood values at different iterations for all three groups of sample- pooled, core-urban municipalities and sub-
urban municipalities.
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equal to zero? and solving for dP/dZ,, gives change in price (for example, monthly fee in
the present study) that keeps utility unchanged for given a change in an attribute Z,,.

Therefore, the MWTP for an increase in the quality of an attribute Z,is given as:

P Bx
— = MWTP, = — =% 14
oz, k=7 (14)

Identifying the distribution of WTP is important for estimating the confidence interval of
the MWTP. Two methods of estimating confidence interval is discussed in the present
study: the delta method and the Krinsky-Robb method.

The conditional logit model estimates the model using the maximum likelihood,
and hence the coefficients in the model are asymptotically normally distributed. The WTP
is the ratio of the coefficients of attribute and price. For the distribution of WTP, the ratio
of two normally distributed variables is normal if the coefficient of the denominator

variable (i.e., price) is negligible.

Delta method assumes that the distribution of the WTP value is normally
distributed, and the variance of WTP is given by taking first-order Taylor expansion around
the mean values of the variables and calculating the variance of this expression (Greene,
2003). Therefore, the variance of WTP is given as,

var(WTP,) = WTPg ) *var(By) + WTPs,)?var(fp) + 2WTPs,
. W’T’Pﬁpcov(ﬁk,ﬁp) (15)

where WTPs and WTPg, are partial derivate of WTP, with respect to B and Sp,

respectively. The confidence interval using delta method is given as,

WTP, £ 24/, /var(W’T‘Pk) (16)

where z,/, is the inverse of the cumulative normal distribution and the confidence level is

is 100(1 — a)%. If the distribution of WTP is not normal, as assumed in the Delta method,

24 At the highest point of total utility (i.e., peak of the total utility curve where utility is highest), the partial derivate of
utility with respect to change in attribute and price is zero.
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the confidence interval using Delta method may be inaccurate since it will not reflect the
skewness of the distribution of WTP.

In that situation, we may use Krinsky-Robb method, which estimates confidence
interval in a non-parametric method using simulation and hence does not assume any
distribution for the confidence interval of the WTP estimates. In Krinsky-Robb method,
we take large number of draws from a multivariate normal distribution with means and
covariance given by estimated coefficients. Then, R simulated values of WTP are
calculated and those values are used to calculate the percentile of the simulated distribution

reflecting the desired level of confidence interval.
2.5.4 Coefficient Distribution in the Mixed Logit Model

In discrete choice experiment method, the distribution of the WTP for a non-priced
attribute is the ratio of the attribute coefficient to the price coefficient. When the price
coefficient is kept fixed across the population, the distribution of the WTP for a non-priced
attribute remains the same as that of its coefficient. The reasons for keeping the price
coefficient fixed are: 1) fixed price coefficient will reduce the instability of the mixed logit
model that would occur when all coefficients are allowed to vary (Ruud, 1996); 2) If the
distribution of the price coefficient is allowed to vary, the distribution of the WTP is the
ratio of the two distributions that is difficult to evaluate; and 3) the choice of distribution
for the price coefficient is problematic. The price coefficient is necessarily negative, and
hence a normal distribution is inappropriate. The lognormal distribution assures that the
price coefficient is negative, but it can give implausibly high WTP values for prices close
to zero (Revelt and Train, 2000).

According to Rudd (1996), when all variables are allowed to vary in the mixed logit
model, the identification is empirically difficult?®. Choosing the price coefficient to be
fixed avoids such instability and allows easy derivation of the distribution of the

willingness to pay. Revelt and Train (1998) estimated the household's preference for

% For example, if the stochastic portion of utility is dominated by the random parameters such that the iid extreme-value
term has little influence, then the scaling of utility by the variance of the extreme-value term becomes unstable and an
additional scaling is needed. At an extreme, where the extreme-value term has no influence (i.e., zero variance), the
simulated probability becomes an accept/reject simulator, and a scaling of the remaining utility (that is, utility without
the extreme-value term) is required (Rudd, 1996).
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appliance efficiency level by keeping the price coefficient fixed and allowing non-price
coefficients (to vary) to be independently normally distributed. Revelt and Train (2000)
kept fixed price coefficients and used normal and log-normal distribution for the same non-
price attribute in different models interchangeably. The authors used a log-normal
distribution for attributes that have negative coefficient for all respondents. A log-normal
distribution can be problematic as its parameters can be difficult to estimate and they have

an unbounded upper support (limit).
2.6 Data and Descriptive Statistics

The present study uses the primary data from a household survey conducted in
Kathmandu Valley in 2012. In preparation for conducting the household survey, |
interviewed municipality personnel who informed about the respective municipality’s
existing provisions about of solid waste management. Prior to conducting the final survey,
| also conducted debriefing with volunteer respondents, focus-group discussions with
household representatives, and a pilot survey with randomly sampled households. Such
activities help to review and finalize the survey questionnaire. For example, the focus-
group discussions and personal interviews help to identify the most important
characteristics of the solid waste management service in Kathmandu Valley. Some of the
waste management attributes such as waste collection type and community waste
management program were included based on local residents’ feedback in focus-group
discussions. | also received some important insights about the importance/necessity of
improving the existing solid waste management attributes in debriefings with volunteer
respondents. The step-by-step phases of the survey administration process are presented in
appendix C - table C1. The detail explanation of survey administration, survey protocol

and sampling design is included in appendix C.

The survey was conducted to 1155 households, which represents 96 percent
response rate with the given target sample of 1200, in all five municipalities of Kathmandu
Valley. The number of households in each municipality is selected using the Probability
Proportional to Size (PPS) technique. Wards? in each municipality are randomly selected

% Ward is the smallest administrative unit in Nepal and each municipalities in Kathmandu Valley have different number
of wards.

26



and 20 households are identified from each selected wards using the right-hand rule?’.
Then, the enumerator interviewed household representative of 18 years or older. The
sample size of 1200 households produces +2.8% sampling error margin at a 95 percent
confidence interval at the overall sample level (Cochran, 2007). A list of randomly sampled
wards in each municipality is listed in Table B1 (in appendix B). A detailed step-by-step

process of survey administration is given in Table B2.

According to Table 2.2.3, 23.7 percent of the respondents chose status-quo
alternative and the remaining choose either alternative A or B, which represent alternatives
with proposed improvement in the solid waste management service. The total sample of
five municipalities is represented in the pooled model. The pooled sample is divided into
two groups, i.e., core-urban and sub-urban, based on municipality’s location and the status-
guo monthly fee that an average representative resident paid in the municipality. The core-
urban represents sample from Kathmandu, Lalitpur and Kirtipur, and sub-urban represents
sample from remaining two municipalities i.e., Bhaktpur and Thimi. Municipalities
included in core-urban are situated at the core city of Kathmandu Valley on the east
whereas municipalities included in sub-urban are located at the sub-urban area on the west.
On average, the core-urban sample representatives (i.e., residents of Kathmandu, Lalitpur
and Kirtipur municipality) pay positive amount of fee for solid waste management service,
whereas about 87 percent of the sub-urban representatives do not pay any monthly fee.
According to Table 2.3.1, 46.7 percent of core-urban households do not pay any monthly
fee, whereas 87.9 percent of sub-urban households do not pay any monthly fee. Another
distinct feature that distinguish core-urban and sub-urban is the occupation of residents,
population and major occupant of the area. The core urban area, represented by core-urban,
has a lot of business houses, school and college, few industries and highly populated

residential area. The sub-urban area is located at the outskirt of the valley and the

27 The starting points for the "Right-Hand-Rule” are recognizable locations such as schools, crossroads, chautaras,
bazaars etc. At first, interviewers start to walk towards any direction randomly from a starting point counting number of
households at the same time. If it is less than 20, an interviewer will select the first 10 households on the right hand side
of his/her route. If it is 20 to 29 households, an interviewer will select the first household and then select each 3rd
household on the right hand side of the interviewer route until he/she covered 10 households. If it is 30 or more than 30
households, an interviewer will select the first household and then select each 4th household on the right hand side of the
interviewer route until he/she covers 10 households.
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population is much less; it has a lot of farmlands and many people are smallholder farmers,

mainly farming food and cash crops.

Table 2.3.1 represents socio-economic characteristics of the. On average 60
percentage of respondents have education above SLC (tenth grade in Nepalese schooling
system), among which core-urban’s sample has 63 percent and sub-urban’s sample has 52
percent. On average 60 percent respondents own house; about 83 percent of sub-urban’s
respondents and 54 percent of core-urban’s respondents are house owners. About 44
percent of sub-urban respondents and 34 percent of core-urban respondents are business-
holders. The proportion of male and female is about equal in the pooled sample. | use
distance as a spatial variable, which represents the walking distance in minutes from
respondent’s household to the waste collection point. On average people walk 1.12 minutes
to dispose their household waste. People with door-to-door waste collection service are
assumed to have 0 distance to the waste collection point. The survey was conducted with
adults only; a representative respondent is 36 years. The income distribution of respondents
in two groups of municipalities is distinctively different; the average household monthly
income of core-urban respondents is 37,042 rupees whereas sub-urban respondents’

average income is 23,145 rupees?®.

Table 2.3.2 presents the distribution of those respondents’ individual characteristics
who choose status-quo versus non status-quo alternative. In comparison to average
respondents in the pooled sample (presented in Table 2.3.1), people who choose status-quo
alternative are older and richer. As represented in Table 2.3.2, about 54 percent people who
chose status-quo alternative have above SLC (i.e. 10" grade) education, and 63 percent
people who chose non status-quo alternative have above SLC (i.e. 10" grade) education.
People who chose non status-quo alternative have bigger population of more educated,
younger and those living farther from the waste disposal site in comparison to those who
choose status-quo alternative. People who choose status-quo live closer to the waste
collection point, within less than a minute of walking distance (i.e., 0.69 minutes). People
who choose non status-quo live farther, on average in 1.25 minute walking distance from

the waste disposal site. Among people who chose status-quo, 63 percent are house owners,

28 The exchange rate of one US dollar = 98 Nepalese rupees (Source: The central Bank of Nepal, 2012).
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54 percent have education above SLC, and 54 percent do not pay any monthly fee. People
who choose non status-quo have small percentage of house owners and business holders in
comparison to those who choose status-quo. Among people who choose status-quo, about
42 percent, higher than average respondents, are business-holders. The proportion of male

and female is equal.

Table 2.4 presents the descriptive statistics of the existing provisions (i.e., status-
quo levels of the choice sets) of the solid waste management service available in pooled

sample and two groups of municipalities as given below.

A) Waste collection time: Waste collection time attribute has three attributes: scheduled,
unscheduled and no collection. About 12 percent of the respondents have no collection,
among which about 28 percent are sub-urban respondents and 7.8 percent are core-urban
respondents. About 60 percent of the respondents have unscheduled door-to-door waste
collection service. The proportion of scheduled collection is higher in sub-urban
municipalities in comparison to that in core-urban municipalities. About 33 percent of core-
urban respondents and 25 percent of sub-urban respondents have scheduled collection.

B) Community waste management program: About 25 percent households have
community waste management program. Based on the debriefing and pilot survey,
community waste management program is one of the most preferred and important
attributes of solid waste management service.

C) Waste segregation types: There are three waste segregation types i.e., biodegradable,
recyclable and other types of waste. About 59 percent of the respondents do not segregate
waste. About 34 percent of sub-urban respondents and 24 percent of core-urban
respondents segregate 2 types of waste. Three types of segregation is lower in both group
municipalities; about 13 percent of the core-urban and 15 percent of the sub-urban
respondents segregate three types of waste.

D) Waste collection frequency: Waste collection frequency choices range from once a
week to daily collection. On average, the waste is picked up 4 times per week in pooled
sample; core-urban respondents have 3.3 times waste collection per week and sub-urban

respondents have 6.8 times waste collection per week.
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E) Monthly user fee: An average Kathmandu Valley resident pays 56 rupees per month
per household for the waste collection service. Core-urban respondents pay about 71 rupees
per month whereas sub-urban respondents pay 8 rupees per month. Such higher difference
in monthly fee between two groups is due to the fact that about 83 percent of sub-urban

respondents do not pay any monthly fee for waste collection service.

2.7 Results

All the results are represented for pooled sample as well as core-urban and sub-
urban sample. The pooled model represents all the sample, and core-urban and sub-urban
represents the core urban area and sub-urban area, respectively. Table 2.5 represents the
results obtained using the conditional logit model, an important method for confirming the
model specification. The dependent variable is people’s choice among three alternatives
provided in the choice experiment. The independent variables are the attributes of the
respective choice alternative, other socio-economics variables, and the provisions of solid
waste management service in the community. The levels of the attributes are represented
as the categorical variables, keeping one of those levels as the reference category. | do not
include an Alternative Specific Constant (ASC)? as the status-quo alternative is not
necessarily a worst-case scenario and the status-quo levels of the attributes are
heterogeneously distributed among households. Therefore, the ASC in this study captures
the heterogeneous distribution of attributes rather than people’s preference for the constant

status-quo level as usually seen.

According to Table 2.5, respondents derive utility from most of the attributes except
for monthly fee and three types of waste segregation. People prefer scheduled and
unscheduled collection service in comparison to no collection. People find disutility in

segregating 3 types of waste in comparison to no segregation; however, people prefer to

23 ASC would be equal 1 if status-quo alternative is chosen and 0 otherwise. Usually the status-quo alternative is constant
over the sample and it represents the least improved alternative with lowest level of attributes. . For example, a public
good (for example, attributes of a lake) can have a constant level of the status-quo alternative among the entire sample.
In this study, because of heterogeneous distribution of attributes at the status-quo level, the ASC does not compare
people’s preference for change in solid waste management service in comparison to the existing service represented by
status-quo levels, and it is the reason ASC is not included.
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segregate two types of waste in comparison to none. People always prefer more frequent
waste collection and having a community waste management program. If we compare two
groups of municipalities, preferences for most of the attributes are similar except for waste
segregation. Respondents in sub-urban area (sub-urban respondents) prefer to segregate 2

types of waste whereas core-urban respondents do not prefer to segregate any waste.

In Table 2.6, I interact some of the waste management attribute levels with an
individual’s characteristics such as age and education, and spatial characteristics such as
distance from respondent’s house to the waste collection point. The sign and significance
of the variables remains the same in the base and interaction model. According to Table
2.6, older individuals do not prefer community waste management program. This estimate
is also established by the fact that older individuals choose status-quo alternative as
presented in Table 2.3.2. When the distance from an individual’s house to the waste
collection point is 1 and half minute, with increasing distance people prefer more frequent
collection. However, when distance is more than 5.35 minutes (as represented by average
value of the ‘distance square’ variable), people prefer less frequent collection. People’s
preference and WTP for frequency is further discussed later in this section. When the
distance from an individual’s household to the waste collection point increases, people
prefer scheduled collection in comparison to unscheduled and no collection. With
increasing distance from their household to the waste collection point, people are willing
to accept less frequent collection give the waste is collected in a pre-informed schedule i.e.,
they have scheduled collection service. Such estimates signify that people are willing to
trade-off scheduled collection with frequency of collection. As a policy implication,
municipalities can optimize the waste management budget by increasing scheduled
collection and decreasing the frequency of waste pickup. Based on Likelihood Ratio Test,

interaction terms are found to have significant impact°.

0 The Log-likelihood ratio test between pooled model of Base model (from Table 2.5) and pooled model from interaction
model ( from Table 2.6):

LR = —2(InLg — InLy) = —2((-4131.2) — (—4077.7)) = —2(-53.5) = 107

Chi-square computed for 7 degree of freedom and 5% significance level = 14.067. Greene (2003)
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Having robustness estimates in base and interaction model, the conditional logit
model confirms the model specification. Conditional logit model assumes that the
independence from irrelevant alternatives (11A) property holds for the model, which means
people’s choice probability for an alternative is independent of the availability of other
choice alternatives that are not chosen. To test for 11A property | used Hausman test, which
compares full model with all the alternatives and restricted model with one of the
alternatives dropped. Given in Table 2.7, the 1A property does not hold according to the
chi-square statistics of the Hausman test. . When one of the alternatives is dropped, the chi-
square values are higher than that of the chi-square for 7 degree of freedom at 5%
significance level. Therefore, Hausman test for 1A property proves that the data violates
the 11A assumption. Conditional logit model assumes that I1A property holds and it is not
an appropriate method for the given data. The conditional logit model assumes all the
individuals have homogeneous preference, which is not a realistic assumption. As an
alternative, 1 use mixed logit model, which relaxes all three assumption of the conditional
logit model. According to Table 2.8, the sign and significance of the estimated attributes
and other interaction variables in the mixed logit model are consistent with the estimates
of the conditional logit model. The estimates of the mixed logit model are robust with

conditional logit model’s result.

Table 2.8 represents the coefficients of the mixed logit base model. In mixed logit
model, all the attributes except monthly fee is allowed to vary randomly. The distribution
of the monthly fee is kept fixed. According to Table 2.8, the standard deviations of all the
random parameters are significant except unscheduled collection. It means that all the
attributes except unscheduled waste collection are heterogeneously distributed among
respondents. According to the sign and significance of the coefficients, core-urban
respondents significantly dislike three types of waste segregation but it did not have
significant impact of sub-urban respondents’ choice. Sub-urban respondents rather
significantly prefer segregating two types of waste. Therefore, the spatial heterogeneity

between two groups of municipalities exists for their preference to segregate the waste.

Table 2.9 represents the mixed logit model that includes interaction variables along

with the variables in the base model. Interaction variables with the distance (walking
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distance from household to the waste disposal site) allow us to estimate the distance-decay
effect. According to the distance-decay effect, when the distance to the non-market good
increases people’s WTP for that good decreases. Both in the conditional and mixed logit
model distances are interacted with two solid waste management attributes — waste
collection frequency and scheduled collection type. Four variables are generated by
interacting distance with frequency, scheduled collection, and both frequency and
scheduled collection together. Those variables are: freq_distance, freq_distancesq,
distance_sch, and dist_sch_freq. An average representative household is located at 1 and
half minute walking distance from the waste collection point. According to the significantly
positive distance_freq variable, when the walking distance to waste collection point
increases (i.e., farther than 1 and half minute) people prefer more frequent collection
service. The freq_distancesq variable is significantly negative, which means when the
waste collection point is farther or equal to 6 minutes of walking distance (mean value of
distance square variable), people dislike frequent waste collection service. Variable
distance_sch is positively significant, which means when the distance to waste collection
point increases, people prefer scheduled collection. The variable dist sch freq is
significantly negative, which means when the scheduled collection is available, with
increasing distance people prefer less frequent collection. This variable provides an
important characteristic of individuals that they are willing to trade-of scheduled collection
and frequency. This finding provides a significant input for policy implication for
municipalities to optimize the use of resource by considering people’s trade of between

scheduled collection and frequency.

The dummy variables for community waste management program and scheduled
collection service are interacted with age variable, and those interaction variables are
comm_age and scheduled_age. For the pooled sample both of those variables are
significantly negative, which represent that on average older people do not prefer scheduled
collection and community waste management program. The effect of both of those
variables are different in core urban and sub-urban areas represented by core-urban and
sub-urban, respectively. For example, older people in core-urban municipalities
significantly dislike scheduled collection and community waste management program,

whereas older people in sub-urban have insignificant effect of those variables. The other
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interaction variable, between community waste management program and above SLC (10%
grade in Nepali education system) education level is comm_aboveSLC and its effect is
significantly positive for core-urban and insignificant for pooled sample and sub-urban
sample. In core urban area, represented by core-urban sample, respondents with above SLC
education prefer community waste management program and it represents that more
educated people have public awareness and knowledge towards the benefit of community

involvement for better waste management service.

In addition to the spatial heterogeneity identified from distance-decay effect, | used
log-likelihood ratio test between pooled sample and core-urban and sub-urban samples.
Log-likelihood ratio test compares the log-likelihood of the unrestricted (i.e., pooled) and
restricted (i.e., two disaggregated) models respectively. As given in Table 2.10, when |
keep the monthly fee variable’s distribution fixed, the log likelihood ratio test accept the
null hypothesis and we do not have significant difference between pooled sample and two
group samples. The spatial heterogeneity is explained with distance variables only but the
segregation of core urban and sub-urban area does not seem to be significantly
heterogeneous. On the other hand, the mixed logit model with all the variables including
monthly fee randomly distributed rejects the log-likelihood ratio test. This model further
proves the spatial heterogeneity exists in monthly fee in the data. According to Table 2.10-
B, the chi-square value of the log-likelihood ratio test rejects the null hypothesis and
confirms that the pooled model and two dis-aggregated models (i.e., core-urban and sub-

urban) are significantly different®!.

The coefficients of logit model cannot be interpreted as that of linear regression
model because of the logistic distribution. Therefore, I interpreted the sign and significance
of those variables in earlier part. Now, people’s preference for solid waste management
attributes is estimated through their MWTP for the attributes. Table 2.11 presents the

MWTP for solid waste management attributes using conditional logit model and the Delta

31 The Log-likelihood ratio test between pooled model and two dis-aggregated model is:
LR = —2(InLg — InLy) = —2((—3567.913) — (—2792.207 — 761.706)) = —2(—3567.913 + 3553.913) = 28

Greene (2003)
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method is used for the distribution of the confidence interval. The MWTP values are higher
than expected and the diagnostics test for conditional logit model proved that the data fits
better for mixed logit model than conditional logit model. Therefore, we give more
importance to the MWTP values obtained using the mixed logit model. According to Table
2.11, in the pooled sample the MWTP for scheduled collection is the highest i.e., 1275.327
Nepalese Rupees. The MWTP between two groups of municipalities are distinctly
different. For example, core-urban respondents are willing to pay the most i.e., 810.27
Nepalese Rupees for the community waste management program. Sub-urban respondents
are willing to pay the most i.e., 803.20 Nepalese Rupees for scheduled collection. Both
group’s respondents dislike segregation of three types of waste. The MWTP for frequency
has a big difference between two group’s respondents. The MWTP for frequency for core-
urban and sub-urban are 147.13 Nepalese Rupees and 50.70 Nepalese Rupees, respectively.
Core-urban respondents have higher MWTP for waste collection frequency and
community waste management program in comparison to that of sub-urban respondents.
Sub-urban respondent’s MWTP is higher than core-urban for scheduled collection,

unscheduled collection and segregation of two types of waste.

Next, | estimated the MWTP for the attributes for the mixed logit base model, and
used both the Delta method and the Krinsky Robb method for the distribution of the
confidence interval. Table 2.12 represents the MWTP values for the attributes using the
mixed logit base model. For the Delta and Krinsky Robb method, only the confidence
interval values are different and the MWTP value remains the same. In Table 2.11 and
2.12, 1l and ul represents the lower level and the upper level values of the confidence
interval. Unlike the MWTP for conditional logit model, for the pooled sample, people have
the highest MWTP i.e., 401.22 Nepalese Rupees for the community waste management
program instead of scheduled collection. Two group’s respondents have distinctly different
preference. For example, core-urban respondent have the highest MWTP i.e., 404.93
Nepalese Rupees for the community waste management program and sub-urban residents
have the highest MWTP i.e., 480.70 Nepalese Rupees for the scheduled collection.
Similarly, core-urban respondents are willing to pay more than sub-urban respondents for

community waste management program and waste collection frequency. Sub-urban
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respondents are willing to pay more than core-urban respondent for scheduled collection,

unscheduled collection and segregation of two types of waste.

Based on the MWTP values, we can distinguish the specific preference and nature
of two group’s respondents. First, sub-urban give more preference for waste collection
service, either scheduled or unscheduled in comparison to having no collection, the
reference category. Sub-urban includes two municipalities - Bhaktpur and Thimi, and these
two municipalities have the best and the worst scenario for waste collection service.
Bhaktpur’s respondents have the experience of regular collection and most of Thimi’s
respondents have no waste collection service. Therefore, the sub-urban’s respondents value
having regular collection (either scheduled or unscheduled) because either they have
experienced its importance or it is their necessity. Second, sub-urban have much higher
MWTP for segregation than core-urban i.e., 108.21 Nepalese Rupees versus 26.70
Nepalese Rupees. This means that sub-urban residents are willing to spend time for waste
segregation and want to contribute on the waste reduction that goes to landfill site. It may
also represent distinctively different opportunity cost of time. Based on their monthly
income, a proxy for opportunity cost of time, core-urban respondents have much higher
opportunity cost than sub-urban respondents as their monthly income are 37,042 and
23,145 Nepalese Rupees, respectively. The MWTP for waste collection frequency is
slightly higher for core-urban respondents than sub-urban respondents as the MWTP values
are 82.65 and 69.81 Nepalese Rupees, respectively. In Table 2.12, | compare the two
methods of defining MWTP’s distribution for confidence interval i.e., Delta and Krinsky
Robb method. Those two methods hold different assumptions for estimating confidence
interval. Delta method assumes normal distribution, and hence mean and median MWTP
values are same. Krinsky Robb method does not have any distributional assumptions and
the confidence interval of MWTP values are obtained using simulation. Therefore, Krinsky
Robb method has different values for mean and median MWTP. In Delta method, the
MWTP for segregation of two and three types of waste is not significantly different from
zero for the pooled sample. When we relax any distributional assumption for MWTP in
Krinsky Robb method, we find that residents of Kathmandu valley on average and
respondents of sub-urban municipalities have significantly positive WTP for two types of

segregation.
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Waste collection frequency is one of the significantly preferred attribute and its
MWTP is significantly different from 0. Kathmandu valley residents prefer more frequent
collection. The MWTP for frequency, however, starts decreasing at some threshold value.
According to Figure 2.1, the threshold value of waste collection frequency is about 9 times
per week (more specifically, 8.61 times per week). When the waste collection frequency is
8.61 times per week, its MWTP becomes zero and the total utility curve reaches
maximum?32, As presented in figure 2.2, the downward sloping MWTP curve for frequency
represents that people have diminishing marginal utility for having each additional pick-
up service in a week. Their total utility is increasing at the decreasing rate. People have
positive MWTP for frequency up to 8.61 times per week; any frequency beyond that
provides disutility and the MWTP curve extends to fourth quadrant of the Cartesian plane.
Based on the status-quo level of attributes, the highest status-quo frequency of waste
collection is 21 times i.e., 3 times per week in Bhaktpur municipality. Therefore, the
comparison of the MWTP and total utility is focused within the frequency of 21. Higher

than 21 pick-ups per week is not feasible and practical.

People’s WTP for transferring between two non-status quo alternatives (i.e.,
alternative A and B) is given in Table 2.14.1, 2.14.2 and 2.14.3. The negative sign on the
WTP values represents that alternative B is better than alternative A, and the value only
(by ignoring the sign) would mean people’s WTP for transferring from alternative B to A.
According to Table 2.14.2, the lowest and the highest WTP for transferring from alternative
B and A are 11.33 and 1084.82 Nepalese rupees, respectively. Both the highest and lowest
WTP values come from the version 2 of the choice sets. The lowest WTP is for transferring
from waste management service with unscheduled daily collection without community
waste management program and three types of waste segregation to waste management
service with weekly scheduled collection with community waste management program and
two types of waste segregation. The highest WTP is for transferring from waste

management service with weekly (once in a week) collection without community waste

32 The non-linear MWTP value for frequency is calculated by using the coefficients of a non-linear frequency model
presented in Table 2.13, and in figure 2.1 and 2.2. With the given equation here, | am explaining the utility model, MWTP
derivation and total utility derivation for the non-linear frequency model.
. au U U
U = B,Freq + B,Freq? + BsFreq® + BpPrice + BxX ; MWTP = afreq/ﬁ  3freq = B1 + 2B,Freq +
3B5Freq?; Z_Z = fBp; Total Utility for frequency = U = B;Freq + B,Freq? + B;Freq®
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management program and three types of waste segregation to waste management service
with daily collection with community waste management program and no segregation.
That means people highly value frequent collection, community waste management
program, and prefer not to segregate waste. The values in Table 2.14.1 to 2.14.3 present

compensating surplus for trade-off between different levels of the attributes.
2.8 Discussion and Conclusion

The current solid waste management service in the Kathmandu Valley needs
improvement to reach a sustainable state. Currently, some places have irregular or no
waste collection service. Available service can be designed better that caters to people’s
need, are more efficient and effective, and reduce waste generation through recycling and
reuse. I estimate people’s preference and MWTP for improvement in current solid waste
management using data from a primary household survey conducted in 2012. | used a
choice experiment to estimate people’s MWTP for attributes of solid waste management
service. The attributes are decided based on feedbacks received from meetings with
municipality officials, debriefing with volunteer respondents, and focus-group discussions
with household representatives of all five municipalities. | use five attributes of the solid

waste management service, including the monthly user fee.

The initial model specification is identified using the conditional logit model.
Conditional logit model, however, has three strong assumptions: a) error terms are
identically and independently distributed, b) households have homogenous preference, and
c) people’s choice alternative does not change irrespective of the availability of more
alternatives and this assumption is called Independence from irrelevant alternatives (11A)
property. The Hausman test proves that 1A property does not hold in the given data. Hence,
conditional logit model is inappropriate method for the given data. Taking that into
account, I used mixed logit model that relaxes all three assumptions of the conditional logit
model. The sign and significance of the variables coefficients in the mixed logit model is
consistently similar with that of the conditional logit model. Based on the location of
households and their pattern of monthly user fee payment, the total sample of the

Kathmandu Valley is divided into two groups: core-urban and sub-urban. Core-urban
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represents core urban area where majority of households pay monthly user fee. Sub-urban

represents the sub-urban area and majority of respondent do not pay any monthly user fee.

This study identifies that an average resident of the Kathmandu Valley is not willing
to segregate waste. However, residents of sub-urban area in particular are willing to
segregate two types of waste. As a policy implication of this finding, municipalities have
to promote segregation of waste by provide incentive for doing so or by increasing the

public awareness of positive impact of waste reduction.

In developing countries, community involvement is used in the management of
common property resources and it has been an important tool in achieving sustainable
development. Hoever, the community involvement has not been discussed in waste
management related studies. In this study, community waste management program is an
unique attribute for a study related to solid waste management. According to the results,
the Kathmandu Valley residents always preferred having a community waste management
program and its MWTP is significantly different from zero. Based on this findings and
some examples of successful community forest management programs in Nepal,
community waste management program can be another innovative option to keep
community clean. The community waste management program provides an option for
community members to volunteer for keep community clean by monitoring haphazard
waste disposal behaviors and promoting public awaness, in partnership with municipalities.
Community waste management program also creates a sense of ownership for community
members. Therefore, community waste management program can help us to achieve

sustainable improvement in solid waste management service.

| also found distance-decay effect on people’s preference for solid waste
management attributes. People are willing to trade-off between frequency of waste
collection and scheduled collection. With an increasing distance from respondent’s house
to the waste collection point, people are willing to accept less frequent collection given
they have scheduled collection available. People’s willingness to trade-off between
frequency and scheduled feature of collection can be used to create an important policy.
Municipalities can reduce the waste collection cost by reducing collection frequency and

emphasizing on providing scheduled and regular collection.
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One of the challenges of current solid waste management service in the Kathmandu
Valley is the budget constraint of the municipalities. To overcome the budget constraint,
solid waste management act, 2011 explicitly states that municipalities are allowed to collect
monthly user fee providing waste collection. To identify a feasible monthly user fee per
household, I have estimated people’s MWTP for different attributes of solid waste
management. Based on the MWTP estimates, Sub-urban respondent are willing to pay the
most for scheduled collection. Core-urban respondents are willing to pay the most for
community waste management program. Therefore, each municipality has to create a

customized waste management service to cater to those municipality resident’s needs.

| also estimated the consumer surplus for transferring from one scenarios to another
scenario of waste management service. The highest WTP for such transfer is 1084.82
Nepalese rupees. The alternative that people are willing to pay the most have no waste
segregation, daily waste pickup and have a community waste management program; the

collection type, however, is unscheduled.

2.9  Policy Recommendations

In the Millennium Development Goal progress report prepared by Nepal Planning
Commission and United Nations Country Team of Nepal (2013), sanitation has been
identified as one of seven major development goals; and the goal is to decrease the total
population of those living without sanitation by half by 2015. However, sanitation refers
to the basic necessities like access to toilet, sewerage and drinking water; but not the solid
waste management service. Interim constitution of Nepal, 2007 has identified the access to
drinking water as a fundamental right, and has targeted to achieve universal access to water
and sanitation by 2017. In Kathmandu valley, household waste is dumped in river bank
and the leachate from biodegradable waste is sucked into the underground drinking waste
source. Therefore, the improvement in waste disposal practices will secure the quality of
the underground drinking water as well. The policy recommendations on improved solid
waste management service can help to achieve the goal of having universal access to water

and sanitation.
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Some of the policy recommendations based on our main findings are: 1) promoting
decentralized authority and local leadership to address spatial heterogeneity among
residents of the Kathmandu Valley as identified by core-urban and 2 in this study; 2)
defining municipalities as the smallest unit of planning and ensuring that financial support
is locally managed; 3) keeping into account of trade-off between waste collection
frequency and scheduled collection while creating a solid waste management plan; and 4)
identifying an incentive for promoting waste segregation and recycling. The main findings
from this study can pinpoint on people’s preference on specific attributes of solid waste
management in each municipalities so that municipalities can optimally allocate their

resources that caters to people’s need and sanitation preference.

Asian Development Bank (ADB) (2013) provides policy recommendations about
improvement in existing solid waste management system based on the quantity and
composition of waste generation; and emphasis in using 3R (reduce, reuse and recycle)
policy. ADB report addresses the fact that waste segregation at source will help to reduce
waste and hence the waste disposal cost. However, their policy recommendation does not
address people’s preference on waste segregation. Therefore, ADB’s policy
recommendation is based on top-down approach as they suggest municipalities to involve
community participation through information, education and communication campaign
based on their findings. However, in our policy recommendation, we encourage
municipalities to use bottom-up approach by providing the policy recommendation based
on people’s preference towards the existing solid waste management practices. Cost
recovery is another important policy recommendation. In our study, we estimate
representative household’s average and marginal willingness to pay for the waste
management service and the specific attributes, respectively. Based on those WTP
estimates, increases in monthly user fee are recommended. The Cost recovery through this
process is expected to be more feasible as the increase in monthly fee is derived from

people’s response in a choice experiment.
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Tables and Figures:

Table 2.1 Distribution of Sample Used for Estimation by
Municipalities

Municipality Percent
Kathmandu 45.97
Lalitpur 20.67
Kirtipur 10.47
Bhaktpur 12.33
Thimi 10.56
Total Number of observations 13,527

Table 2.2.1 Attribute with Levels Used in the Choice Set Design

Attributes Levels

Waste collection tvoe Scheduled door to door waste collection service
yp Unscheduled door to door waste collection service
Is Community waste management

Program available? Yes and No

Waste collection frequency per

1 time, 2 times, 3 times, and 7 times a week
week

0 types (No segregation)
Waste segregation type 2 types (Biodegradable and non-biodegradable)
3 types (Biodegradable, recyclable and other)

5 Rupees, 10 rupees, 20 rupees, 40 rupees, 50 rupees,

Additional Monthly user fee and 100 rupees
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Table 2.2.2 An Example of a Choice Set

Alternative A Alternative B Status Quo
Waste collection Door to door waste Door to door waste Status quo
type collection service, without  collection service,

schedule without schedule
Community waste Yes No Status quo
management
program available
Waste collection Daily i.e., 7 timesaweek  Once a week Status quo
frequency
Waste segregation No segregation 3 types: biodegradable, Status quo
types recyclable and other

waste

Additional monthly 100 rupees per month 20 rupees per month 0
user fee

Community waste management program includes 3 important features: 1) Public awareness
program about proper waste management and disposal, 2) waste collection, and 3) monitoring
haphazard waste disposal and taking action against it.

Table 2.2.3 Distribution of Sample by Choice of Alternatives

Core- Sub-

Pooled urban urban
Chosen Alternative Percent  Percent Percent
A 44.67 45,93 40.41
B 31.65 32.96 27.23
Status-quo 23.69 21.11 32.36
observations (n) 13,527 10,431 3,096
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Table 2.3.1 Distribution of Sample by Solid Waste Management Attributes and Individual

Characteristics

Pooled Core-urban Sub-urban

Variable Mean  Std. Dev. Mean  Std. Dev. Mean Std. Dev.
Zero Status-quo Fee (in

percent) 56.22 49.61 46.75 49.90 87.98 32.52
Education above SLC(i.e.,

10" Grade) (in percent) 60.89 48.80 63.32 48.20 52.71 49.93
Own house (in percent) 60.78 48.83 54.06 49.84 83.33 37.27
Business holders ( in percent) 36.87 48.25 34.81 47.64 43.80 49.62
Female (in percent) 52.68 49.93 53.25 49.90 50.78 50.00
Distance 1.12 2.20 1.04 2.07 1.39 2.58
Distance square 6.09 33.85 5.35 33.55 8.55 34.73
Age 36.01 13.43 36.57 13.42 34.13 13.29

Average Household Monthly
Income (in Rupees)

No of observations 13491

10395

3096

33,853.09 156,832.40 37,042.15 178,320.40 23,145.67 16,420.52
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Table 2.3.2 Distribution of Solid Waste Management Attributes by Status-quo Vs Non Status-quo

Choices
Choose status-quo Chose non status-quo
alternative alternative

Variable Mean Std. Dev. Mean Std. Dev.
Zero Status-quo Fee ( in percent) 54.58 49.79 56.64 49.56
Education above SLC (i.e., 10" grade)(in percent) 54.03 49.85 63.03 48.27
Own house (in percent) 63.2 48.23 60.17 48.96
Business holders ( in percent) 42.7 49.47 34.93 47.68
Female (in percent) 50.94 50 53.27 49.90
Distance 0.69 1.46 1.25 2.37
Distance square 2.6 10.21 7.15 38.22
Age 38.43 14.08 35.31 13.15
Average Household Monthly Income (in Rupees) 46,792.42 306,247.10 30030.37 54458.68
Monthly user fee 84.12 95.58 82.05 93.68
No of observations 3204 10323
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Table 2.4 Descriptive Statistics of the Status-quo Level Attributes for All Municipalities and Two Groups of Municipalities

.A.‘” . Core-urban Sub-urban
Municipalities
Variable Description Mean [S)td' Mean std. Mean Std.
ev Dev. Dev.
Waste
Segregation Types of waste segregation at household level
Types
segregateZero Zero (Yes =1, otherwise=0) 0.591 0.492 0.619 0.486 0.5 0.5
segregate2 ?;Ss'ggeg;ﬁgf&'geafg)”°”'b'°degradab'e waste 0269 0443 0247 0432 0341 0474
segregate3 3: Bl_odegradab_le,_RecycIabIe and other waste 0.14 0.347 0.134 0341  0.159 0.366
(yes=1, otherwise=0)
\_Il_\glfg Collection Types of waste collection (pick-up) service
collNone No collection (Yes=1, otherwise=0) 0.125 0.33 0.078 0.268 0.283 0.451
scheduled Scheduled collection (Yes=1, otherwise=0) 0.271 0.445 0.252 0.434 0.337 0.473
unscheduled Unscheduled collection (Yes=1, otherwise=0) 0.604 0.489 0.671 0.47 0.38 0.486
communityorg Has Community Waste Management Programin 555 436 0236 0425 0318  0.466
the community (yes=1, otherwise=0)
freq Frequency of waste collection per week 4.164 3.768 3.378 2.074 6.81 6.203
monthlyFee Mionthly user fee per household per month in 56.883 88413 71452 94721 7.798 28.335
epalese rupees
No. of 4509 3477 1032

observations

Maximum frequency: pooled= 21, core-urban=14 , sub-urban=21;
Maximum Monthly Fee: pooled=600, core-urban=600, sub-urban= 200; Monthly Fee is divided by 100 while running estimations
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Table 2.5 Conditional logit Base model

Core-

Pooled Sub-urban
urban

Dependent Variable: Choice
Monthly Fee/100 -0.0955* (-1.65) -0.118* (-1.79) -0.226* (-1.71)
g%’;‘:;‘r‘:]”'ty waste management 0.025%*% (27.42) 0.958*** (24.60) 0.813*** (11.42)
Collection type: (Reference: No collection)
scheduled 1.218*** (7.29) 0.847*** (4.02) 1.817*** (6.46)
unscheduled 0.763*** (4.59) 0.363* (1.73) 1.461*** (5.24)
Segregation type: (Reference: No segregation)
segregate? 0.0912** (2.07) 0.0722 (1.42) 0.201** (2.2
segregate3 -0.0713  (-1.53) -0.0532 (-1.03) -0.11 (-1.09)
Waste collection frequency per week  0.149*** (21.21) 0.173*** (19.1) 0.115*** (11.16)
no. of observations 13527 10431 3096
Log Likelihood -4131.2 -3204 -913
chi-squared 1289.3 1004.2 320.2
AIC 8276.5 6422 1839

*p<0.1 ** p<0.05 *** p<0.01
t statistics in parentheses

Pooled includes all 5 municipalities; Core-urban= Kathmandu, Lalitpur and Kirtipur; and Sub-urban=

Bhaktpur and Thimi
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Table 2.6 Conditional Logit Interaction Model with Non-linearity and Spatial Heterogeneity

Pooled Core-urban Sub-urban
Dependent Variable: Choice
Monthly Fee/100 -0.102* (-1.73) -0.112* (-1.67) -0.251* (-1.82)
Community waste management program 1.265***  (10.56) 1.318*** (9.67) 1.128***  (4.21)
Collection type: (Reference: No collection)
scheduled 1.165***  (5.75) 1.058*** (4.42) 1.136*** (2.83)
unscheduled 0.591***  (3.44) 0.299 (1.42)  1.174***  (3.73)
Segregation type: (Reference: No segregation)
segregate2 0.106** (2.37) 0.0771 (1.49) 0.255***  (2.73)
segregate3 -0.0465 (-0.99) -0.0395 (-0.76) -0.0644 (-0.61)
waste collection frequency per week 0.137*** (17.40) 0.161*** (15.30) 0.107***  (9.29)
communityorg*age -0.0125***  (-4.86) -0.0137***  (-4.73) -0.00933  (-1.55)
frequency*distance 0.0405*** (5.30) 0.0326***  (3.65) 0.0498*** (3.17)
Frequency*distance”2 -0.00124*** (-3.05) -0.000795 (-1.18) -0.00224* (-1.92)
distance*scheduled 0.207*** (4.58) 0.207*** (3.43) 0.173** (2.37)
Distance*scheduled*frequency -0.0386***  (-4.10) -0.0335***  (-2.89) -0.0397** (-2.45)
Communityorg*aboveSLC 0.154** (2.16) 0.203** (2.50) -0.0302 (-0.19)
Scheduled*age -0.00459 (-1.62) 0.00927*** (-2.86) 0.0117* (1.89)
N 13491 10395 3096
log_likelihood -4077.7 -3156.1 -902.3
chi-squared 1318.6 1027.2 347.0
AlIC 8183.4 6340.1 1832.5
* p<0.1 **p<0.05 *** p<0.01
t statistics in parentheses
Table 2.7 Test of Independence of Irrelevant Alternatives
Alternative Dropped Chi square Degree of Freedom Probability
A 53.95 7 0.00
B 135.92 7 0.00

Ho: 11A property holds. Ho is rejected if one of the alternatives is dropped; Above Chi-
square values are used for conditional logit estimates in pooled model; Chi square
computed for 7 degree of freedom and 5% significance level = 14.067
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Table 2.8 Coefficients of Mixed logit Base model

Dependent Variable: Choice

monthlyFeel
communityorg
scheduled
unscheduled
segregate2
segregate3
freq

Standard Deviation of the Random Parameters

communityorg
scheduled
unscheduled
segregate2
segregate3
freq

N
log_likelihood
chi-squared
AlIC

Pooled Core-urban Sub-urban
-0.581***  (-4.30) -0.583*** (-3.80) -0.618** (-2.14)
2.331%** (13.79) 2.360***  (12.11) 2.261*** (6.51)
2.293%** (6.04) 1.724***  (3.81) 2.972*** (4.51)
1.328*** (3.63) 0.670 (1.53) 2.345*** (3.71)
0.252** (2.04) 0.156 (1.11) 0.669**  (2.44)
-0.411*%**  (-3.25) -0.463*** (-3.27) -0.204 (-0.73)
0.469*** (13.54) 0.482***  (12.05) 0.432*** (6.15)
3.094*** (13.88) 3.197***  (12.48) 2.675*** (5.90)
2.205%** (7.57) 2.290***  (8.16)  1.806*** (4.00)
0.211 (0.08) -0.155 (-0.06) -0.446 (-0.38)
2.037*** (9.29) 2.067***  (8.29) 2.012*** (4.29)
2.483%** (11.55) 2.413***  (9.99) 2.627*** (5.54)
0.548*** (12.75) 0.551***  (10.95) 0.534*** (6.41)
13527 10431 3096
-3618.6 -2833.4 -778.2
1025.3 741.1 268.5
7263.2 5692.9 1582.5

*p<0.1 ** p<0.05 *** p<0.01

t statistics in parentheses

Halton draws= 35000, iterations=100, All the attributes except the monthly fee are randomly distributed with
normal distribution; Core-urban includes Kathmandu, Lalitpur and Kirtipur; Sub-urban includes Bhaktpur and

Thimi.
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Table 2.9 Mixed Logit Interaction Model with Nonlinearity and Spatial heterogeneity

Pooled Core-urban Sub-urban
Dependent Variable: Choice
monthlyFeel -0.602*** (-4.42) -0.603*** (0.156) -0.642** (-2.23)
communityorg 3.336*** (7.18)  3.455*** (0.537) 2.882*** (3.07)
scheduled 2.637*** (5.39)  2.555*** (0.599) 1.927** (2.28)
unscheduled 1.175%** (3.29)  0.630 (0.452) 2.105*** (3.39)
segregate2 0.269** (2.16)  0.167 (0.141) 0.705*** (2.59)
segregate3 -0.364*** (-2.86)  -0.422*** (0.143) -0.162 (-0.58)
freq 0.437%** (11.88) 0.451*** (0.0426) 0.385*** (5.36)
comm_age -0.0350*** (-3.68)  -0.0399*** (0.0109) -0.0175 (-0.88)
freq_distance 0.0758*** (3.45)  0.0800*** (0.0263) 0.0848* (1.93)
freq_distancesq -0.00319** (-2.35)  -0.00280* (0.00166)  -0.00514*  (-1.71)
distance_sch 0.423*** (4.56)  0.490*** (0.115) 0.308* (1.92)
dist_sch_freq -0.0588*** (-3.03)  -0.0701*** (0.0240) -0.0404 (-1.19)
comm_aboveSLC 0.355 (1.36)  0.510* (0.301) -0.170 (-0.32)
scheduled_age -0.0196** (-2.32)  -0.0297*** (0.00976)  0.0180 (1.05)
Standard Deviation of the Random Parameters
communityorg 3.044*** (13.81) 3.141*** (0.253) 2.574%** (5.90)
scheduled 2.111%** (8.22)  2.193*** (0.359) 1.669*** (3.62)
unscheduled 0.404 (0.40) 0.416 (1.589) -0.393 (-0.31)
segregate2 2.073*** (9.44)  2.107*** (0.250) 1.979*** (4.33)
segregate3 2.513*** (11.59) 2.441*** (0.244) 2.672%** (5.69)
freq 0.548*** (12.79)  0.557*** (0.0508) 0.517*** (6.43)
N 13527 10431 3096
log_likelihood -3592.3 -2806.7 -773.8
chi-squared 996.7 724.0 256.8
AlIC 7224.6 5653.5 1587.7

*p<0.1 **p<0.05 *** p<0.01
t statistics in parentheses

Halton draws= 35000, iterations=100, All the attributes except the monthly fee are randomly distributed;
Core-urban includes Kathmandu, Lalitpur and Kirtipur; Sub-urban includes Bhaktpur and Thimi.
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Table 2.10 Log-Likelihood Ratio Test between Pooled and Spatially Segregated Models with
Fixed Monthly Fee

Log Log Degree of

Model  Obs Likelihood(null) Likelihood(model) Freedom ¢ BIC

Pooled 13527 4131.24 361721 13 7260428 7358.09
Core-urban 10431 -3203.99 -2832.5 13 5690.995 5785.278
Sub-urban 3096 -912.498 -778.969 13 1583.938 1662.43

Log-likelihood Ratio Formula Calculated Chi2(14) Tabulated Chi2(14)
-2(InL” R-InL" U) 115 22.36

Chi-Square values are at 5% significance level; Log Likelihood Value are obtained using Mixed
logit model with all the variables randomly distributed except the monthly fee. 1000 Halton draw
and 100 iterations; Basic model for Pooled and two-disaggregated models based on location is
used.

Table 2.10_B Log-Likelihood Ratio Test between Pooled and Spatially Segregated Models
with Randomly Distributed Monthly Fee

Log Log Degree
Model - Obs | ielihood(null) Likelihood(model) . BIC
Freedom
Pooled 13527 4131.242 3567.913 14 7163826 7269
Er%raer; 10431 -3203.985 -2792.207 14 5612415 5713.95
ﬁfbb;n 3096 -012.4984 -761.7063 14 1551413 1635.943
Log-likelihood Ratio Calculated :
Formula Chi2(14) Tabulated Chi2(14)
2(InL" R-InL" U) 28 23.685

Chi-Square values are at 5% significance level; Log Likelihood Value are obtained using Mixed
logit model with all the variables randomly distributed including the monthly fee. 1000 Halton
draw and 100 iterations; Basic model for Pooled and two-disaggregated models based on
location is used.
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Table 2.11 Marginal Willingness to Pay(in Nepalese Rupees per Month per Household) for Conditional Logit
Base Model using Delta Method

Pooled Core-urban Sub-urban
95% CI 95% CI 95% CI
MWTP Il ul WTP Il ul WTP ] ul

communityorg 968.648 -175.982 2113.278 810.270 -73.503 1694.042 359.269 -61.758  780.296
scheduled 1275.327 -218.483 2769.137 716.268 -102.251 1534.788 803.206 -86.869 1693.282
unscheduled 799.176  -154.387 1752.740 307.167 -146.668 761.002 645.782 -69.772 1361.336
segregate2 95.486 -40.695 231.667 61.043 -39.113 161.199 88.869 -37.464 215.202
segregate3 -74.648 -215.323 66.027 -45.045 -151.327 61.237 -49.473 -158.138 59.193
freq 155.635 -29.821  341.092 146.133  -14.050 306.316 50.701  -10.896  112.299

MWTP = Marginal Willingness to pay, Cl= Confidence Interval

52



Table 2.12 Marginal Willingness to Pay(in Nepalese Rupees per Month per Household) for Mixed Logit Base
Model using Delta and Krinsky Robb Method

communityorg
scheduled
unscheduled
segregate2
segregate3
freq

communityorg
scheduled
unscheduled
segregate2
segregate3
freq

communityorg
scheduled
unscheduled
segregate2
segregate3
freq

Delta Method
Pooled Core-urban Sub-urban
wtp 1 ul wtp 1 ul wtp Il ul
401.227 222.667 579.787 404.943 201.769 608.116 365.690 30.633 700.747
394,711 191.980 597.442 295.732 93.803 497.661 480.703 34.944 926.463
228.563 81.144 375983 115.043 -37.423 267.508 379.321 27.205 731.437
43.438 -1.464 88.341 26.705  -21.338 74749 108.217 -22.443 238.877
-70.780 -126.787 -14.773 -79.461 -145.745 -13.176 -33.016 -127.495 61.463
80.730 43.462 117.998 82.657 39.879 125.435 69.818 1.997 137.639
Krinsky Robb method
wtp ! ul wtp ! ul wtp ! ul
401.227 275.488 727.218 404.943 267.220 821.125 365.690 158.929 1853.912
394,711 240.793 732.064 295.732 136.534 643.809 480.703 186.554 2348.210
228.563 104.529 450.115 115.043 -35.728 325.365 379.321 129.425 1788.243
43.438 1.785 104.911 26.705 -22.858 90.438 108.217 1.866 598.049
-70.780 -159.124 -25.474 -79.461 -197.739 -28.074 -33.016 -278.489 101.814
80.730 54.465 148.329 82.657 53.623 169.911 69.818 27.674 370.280
Krinsky Robb method
Mean Median Mean Median Mean Median
401.227 401.315 404,943  405.022 365.690 358.959
394.711  394.471 295.732  295.690 480.703 471.281
228.563 228.049 115.043  115.008 379.321 371.321
43.438 43.249 26.705 26.578 108.217 105.129
-70.780  -70.849 -79.461  -79.538 -33.016  -31.601
80.730 80.684 82.657 82.598 69.818 68.281

Halton draws= 35000, iterations=100, All the attributes except the monthly fee are randomly distributed; Core-urban
includes Kathmandu, Lalitpur and Kirtipur; Sub-urban includes Bhaktpur and Thimi. The amounts are in Nepalese rupees
per month. $1= $98 Nepalese Rupees. Source: Central Bank of Nepal, June 2012. MWTP are obtained using coefficient
estimates in Table 2.8.
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Figure 2.1 Marginal Willingness To Pay for Waste
Collection Frequency (in Nepalese Rupees )
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Table 2.13. Basic Mixed Logit Model for the Pooled Sample
using Non-linear Frequency

Dependent Variable: Choice

Mean

monthlyFeel -0.511*** (-3.75)
communityorg 2.469*** (14.05)
scheduled 1.015*** (8.06)
segregate? 0.261** (2.11)
segregate3 -0.467*** (-3.50)
freq 1.109*** (8.94)
freq_sq -0.0797*** (-4.21)
freg_cube 0.00119 (1.58)
Standard Deviation of the Random Parameter
communityorg 3.124*** (13.61)
scheduled 2.242%** (11.27)
segregate? 1.950*** (8.73)
segregate3 2.654*** (11.72)
freq -0.532*** (-11.85)
freq_sq 0.00231 (0.62)
freg_cube 0.00357*** (6.38)
N 13527

log_likelihood -3581.6

chi-squared 1019.6

AIC 7193.3

*p<0.1 ** p<0.05 *** p<0.01
t statistics in parentheses; estimates for non-linear frequency
variable is used to obtain Total utility and Marginal WTP graph
for frequency, as given in graph 1 and 2; iterations= 1000
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Table 2.14.1 WTP for Transferring from Scenario A to B, using Mixed Logit Model with Fixed
Distribution for Monthly Fee in Version 1

Choice . . WTP fqr
Attributes Level of Attributes transferring
Set
fromAtoB
Alternative  Alternative
A B WTP

1 Collection type Unscheduled  Scheduled
Community Waste Management Program available? Yes No
Waste Collection Frequency per week 7 3
Waste Segregation Types 0 2 -481.13
Monthly Fee 20 40

2 Collection type Scheduled Scheduled
Community Waste Management Program available? No Yes
Waste Collection Frequency per week 7 3
Waste Segregation Types 0 3 150.31
Monthly Fee 5 10

3 Collection type Scheduled  Unscheduled
Community Waste Management Program available? No Yes
Waste Collection Frequency per week 7 1
Waste Segregation Types 0 2 -241.24
Monthly Fee 50 5

4 Collection type Scheduled Scheduled
Community Waste Management Program available? No Yes
Waste Collection Frequency per week 7 3
Waste Segregation Types 3 0 236.81
Monthly Fee 40 10
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Table 2.14.2 WTP for Transferring from Scenario A to B, using Mixed Logit Model with Fixed

Distribution for the Monthly Fee in Version 2

Choice . . WTP fo_r
Attributes Level of Attributes transferring
Set
fromAtoB
Alternative  Alternative WTP
A B
1 Collection type Unscheduled Unscheduled
Community Waste Management Program available? Yes No
Waste Collection Frequency per week 7 1
Waste Segregation Types 0 3 -1084.82
Monthly Fee 100 20
2 Collection type Scheduled  Unscheduled
Community Waste Management Program available? No Yes
Waste Collection Frequency per week 3 1
Waste Segregation Types 2 3 -111.39
Monthly Fee 20 50
3 Collection type Scheduled  Unscheduled
Community Waste Management Program available? Yes No
Waste Collection Frequency per week 7 3
Waste Segregation Types 2 0 -997.33
Monthly Fee 10 40
4 Collection type Scheduled  Unscheduled
Community Waste Management Program available? Yes No
Waste Collection Frequency per week 1 7
Waste Segregation Types 2 3 -134.44
Monthly Fee 50 10
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Table 2.14.3 WTP for Transferring from Scenario A to B, using Mixed Logit Model with Fixed
Distribution for the Monthly Fee in Version 3

Choice . . WTP fo_r
Set Attributes Level of Attributes transferring
from AtoB
Alternative  Alternative
A B WTP

1 Collection type Unscheduled  Scheduled
Community Waste Management Program available? No Yes
Waste Collection Frequency per week 1 3
Waste Segregation Types 2 3 609.59
Monthly Fee 100 5

2 Collection type Unscheduled  Scheduled
Community Waste Management Program available? Yes No
Waste Collection Frequency per week 7 1
Waste Segregation Types 2 3 -687.00
Monthly Fee 40 100

3 Collection type Scheduled  Unscheduled
Community Waste Management Program available? Yes No
Waste Collection Frequency per week 1 3
Waste Segregation Types 0 2 -294.16
Monthly Fee 40 50

4 Collection type Unscheduled  Unscheduled
Community Waste Management Program available? No Yes
Waste Collection Frequency per week 1 3 730.67
Waste Segregation Types 0 3
Monthly Fee 10 100
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Chapter 3: Geo-Spatial Analysis of the Effect of Outdoor Air Pollution on People’s
Health in the Kathmandu Valley in Nepal.

3.1 Introduction

In the previous chapter, I estimated people’s willingness to pay for improvements
in the existing waste management service using a household choice experiment survey.
One of the motivations for improving the waste management service is to safeguard public
health. This chapter connects with the previous chapter by addressing the public health
problem people face due to air pollution from existing solid waste management practices
and other sources of air pollution in the Kathmandu Valley. This paper estimates the effect
of outdoor air pollution on public health and calculates the health benefit of reducing one’s
exposure to the air pollution. Some of the sources of such pollution are traffic emission,
industries, and temporary and permanent waste dumping sites. With the estimation of the
public health impact through one of the means of environmental externality i.e., outdoor
air pollution, this chapter addresses the environmental issues of the Kathmandu Valley and

provides policy implication for sustainable urban development.

According to a World Health Organization (WHO) report, 1.4 billion urban
residents worldwide breathe air with pollutant levels above the WHQO’s air guideline values
(WRI, 1998). The trans-boundary movement of emissions causes public health problems
locally as well as globally. In addition to the public health problems, air pollution alters
global climate; global warming causes natural disaster such as glacier melting, flooding
and avalanche. Some of the most discussed and riskiest outdoor air pollutants include
different levels of particulate matter (for example, PM2s, PM1o® etc.), ozone, nitrogen
dioxide, black carbon, sulfur dioxide, benzene, and many more. There are two types of
emission sources: point source and area source®*. In this study, emissions come from area

source such as motor vehicle emission, waste dumping sites, and small industries.

33 PMyo stands for Particulate Matter of less than 10 millionths of a meter i.e., 10 micrometers or 10 um in diameter.
General population is exposed to total suspended particles available in dust. Particulate air matter of less than 10 microns
in diameter, such as 2.5 microns in diameter, impose bigger threat on public health as it can penetrate into lungs.

34 Point source refers to large single facilities that are required to report emissions. Area source refers to smaller facilities
and sources of pollution that release lesser quantity of pollutants.
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According to the Environment Sector Program Support (ESPS) monitoring stations’
analysis, the Kathmandu Valley has high levels of particulate matter, nitrogen dioxide, and
sulfur dioxide (MOPE, 2004). It is found that the PM1o value is high in the dry winter
season and lower in the rainy season®®. In 2003, the PMio ranged from 30 to 295
micrograms per cubic meter in central areas and 23 to 130 microgram per cubic meter in
the outskirts of the Kathmandu Valley (MOPE, 2004). WHO guidelines values for PMao
are 50 microgram per cubic meter for 24-hours mean. However, WHO also says that low
level of PM1o can also cause health problems and low level of PM1o neither is a safe limit
for the concentration of PM1o

The health effects of the outdoor air pollution range from minor irritation of the
eyes and the upper respiratory system to chronic respiratory diseases, heart diseases, and
even death (American Lung Association, 2001). There are numerous studies that confirm
the existence of adverse health effects from air pollution. Based on the length of exposure,
outdoor air pollution also causes premature mortality and reduces the life expectancy.
Children and people with pre-existing health conditions are more vulnerable to such
effects®.

This study will focus on outdoor air pollution due to anthropogenic activities such
as vehicle and industrial emissions, biomass and fossil fuel combustion, and biogas
emissions from waste dumping sites®’. | estimate the effect of personal air pollution
exposure on the health of urban area residents in the Kathmandu Valley®8. The factors that
influence exposure to ambient air pollution include regional-scale polluted air masses,
proximity to local ambient sources, and time-activity patterns (American Lung
Association, 2001). The time-activity pattern represents the total time spent indoors and

outdoors, transportation modes used, and other activities. The other factors that can

3 This paper uses primary data from the survey conducted in June to August (of 2012) and we asked individuals about
their health problem during past one month. Therefore, this paper represents the effect of air pollution in the Kathmandu
Valley during summer or rainy season.

36 Because of the lack of data, we use a simplified model and assume that people do not have pre-existing conditions. All
the respondents are at least 18 years old. This study estimates the static effect of outdoor air pollution on health as we do
not account for length of stay in their current residence.

37 Biogas emission from landfill site is another important factor to contribute on outdoor air pollution. However, our
study area does not include the landfill site. The landfill site is situated 27 kilometers away from the landfill site and
hence our study does not include people’s health related data from neighboring communities of the landfill site.

38 Small portion of Kathmandu Valley is spread across villages as well. The sample of this study includes only the urban
area of the Kathmandu Valley.
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influence such exposure are the pollution and pollutant types, its concentration in the air,
the length of exposure, each individual’s susceptibility, and source of pollutant’s
geographic characteristics such as latitude and topography. We identify individuals’ time-
activity patterns based on their occupation, which identifies one’s exposure to pollution,
and look at its effect on their health. For example, unskilled day laborers mostly work
outdoors, close to traffic congested areas such as bus parks and bus stops, and at the
roadside. Alternatively, women who are not working outside of the homes are less exposed

to traffic emissions.

The effect of outdoor air pollution is usually examined by measuring pollutants’
level in the air and its effect on people’s health. Many of those studies use pollutant level
data received from meteorological stations and estimate the marginal effect of those
pollutant factors on people’s respiratory health. For example, epidemiological studies use
dose-response function by estimating the expected health effect per unit of a given pollutant
and adjusting it for required reduction in pollution level to reach safe level and population
at health risk. The approach used in this paper is different; we examine people’s personal
exposure to pollutants based on the proximity to the source of pollution such as traffic

emission, industries, and waste dumping sites, and relate it with people’s health. .

This study extends the existing studies by identifying the variation (heterogeneity)
in exposure to outdoor pollution among communities. Hence, this study accounts for
communities’ geographic characteristics, proximity to the source of pollutants, and
people’s individual characteristics. I found that exposure to traffic emissions has the
strongest impact on people’s health. More specifically we look at the probability of adverse
health conditions such as nausea, dust allergy, asthma, and other respiratory infections; and
relate occurrences of such health conditions with distance to the emissions sources. The
emission from brick factories is another concern, and hence we estimate the effect of
proximity to brick factories on people’s health. The brick factories are selectively located
in the outskirts of the city, where the population is thinner and farm land and forest density
is higher. Therefore, we did not find any significant effect of those brick factories on public
health. We find the positive effect of having open space and forest in the surrounding

environment, and try to identify if such factors can offset part of the existing emissions.
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3.2 Literature Review

Outdoor air pollutants are high in concentration in industrial and traffic congested
areas and its adverse effect on people’s health is widely accepted in epidemiological and
other field. For example, a higher ozone concentration (i.e., 10 parts per billion)
significantly increases the risk of death from respiratory diseases (Jerrett, et al., 2009).
People exposed to 6.2 parts per billion nitrogen dioxide per year are 1.29 times more risky
to produce asthma that those who are not (Jerrett et al., 2008). Higher concentrations of
nitrogen dioxide are likely to cause asthma and bronchitis among children, and chronic
phlegm among adults (Jerrett et al., 2008; Kim et al., 2004; Sunyer et al., 2006; McConnell,
et al., 2010). According to Gl et al. (2011), Student living in industrial region with high
concentrations of both nitrogen dioxide and ozone are 1.49 times likely to produce chronic
pulmonary disease, 1.81 times likely to cough in mornings, and 1.57 times likely to suffer
from tightness of the chest. When nitrogen dioxide concentration increases by 10
microgram per cubic meter, school children’s wheezing increases by 1.16 times (Pikhart et
al., 2000). Wheezing is also calused by higher concentration of acid in the air (Peters et al.,
1999).

In this study, we analyze the health effect of different sources of emission in urban
areas and explore the policy implications of different air pollution abatement methods. The
sources of emission are categorized into three types: 1) urban traffic represented by the
road, bus stops and intersections, 2) Industries represented by brick factories and other
industries, 3) waste dumping sites, and 4) surrounding environment represented by open
space, river, and forest and farm land. We use the distance from respondent’s house to

these sources of emission as the independent variables to measure its effect on people’s

health.
3.2.1 Health Effects from Exposure to Traffic Emission

In addition to the respiratory health problems, exposure to traffic emission causes
heart (cardiac) disease. For example, in the Netherlands, living 50 to 100 meters from
freeways is positively associated with cardiopulmonary mortality (Hoek et al., 2002).
Tonne et al. (2007) found a 5% increase in acute myocardial infraction with people living

within 100 meters of major roadways in Massachusetts. Traffic density plays stronger role
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in such effect than the ambient air pollution. Brugge et al. (2007) found epidemiologic
evidence that people living within 200 meters from highways experience high risk of
suffering from asthma and reduced lung function, with stronger effect on children. In the
distance between 30 to 90 meters downwind of the highways, particulate matter are larger
than 10 nm, and people who live within 90 meter of roadways are exposed to such particles
that others are not (Zhang et al., 2004).

Schikowski et al. (2005) examined the effect of long-term exposure to air pollution
on respiratory symptoms, more specifically the chronic obstructive pulmonary disease
(COPD) in 55-year-old women. According to the results, women living less than 100
meters from busy roads have significantly decreased lung function and COPD was 1.79
times more likely in comparison to those who live farther away. Living within 20 meters
of a main road increases the risk of regular phlegm by 15 percent and wheezing with
breathing problem by 34 percent in non-smokers in Switzerland (Bayer-Oglesby et al.,
2006). Barros et al. (2013) in a study in Portugal found that emission of Nitrogen dioxide
and Benzene is significantly less at 100 meters far from road in comparison to the roadside
locations. Other factors that changes the concentration of these pollutants are wind
direction, population dispersion, season, traffic pattern, number of vehicles on the road,

topography and other environmental conditions.
3.2.2 Health Effects from Exposure to Waste Dumping Sites

The open-air burning of plastics is a common practice among households in the
Kathmandu Valley, which could have adverse effects on people’s respiratory health. The
chemical used to make rigid polyurethane foam is called diphenyl-methane di-isocyanate
(MDI) Employees working on polyurethane foam manufacturing factories develop
hypersensitivity to MDI and suffer from many respiratory illnesses such as bronchitis,
asthma, and allergy. In addition, MDI also damages the respiratory tract (Carino, et al.,
1997).

Some major contaminants that are found at dumping sites and landfills are:
leachate, potentially carcinogenic methane gas, and airborne bacteria and fungi. These
contaminants can affect soil, water, and air, and pose health hazard to people residing in

close proximity to those dumping sites and landfills. The nitrogen in methane can rapidly
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replace oxygen in the lungs and blood streams. A methane and hydrogen sulfide
concentration of 5 ppm causes respiratory illnesses such as bronchitis and asthma, and a
500 ppm concentration causes loss of consciousness and greater than 700 ppm
concentration can be fatal. Similarly, exposure to hydrogen sulfide for a long period of
time causes chronic headaches, memory problems, and decreased motor function. People
living close to dumping sites and landfills (where biodegradable waste is heavily
decomposed) are infected by mold species and volatile organic compounds®® (VOC) that
cause skin, eye, and respiratory tract irritation. Schrapp and Al-Mutairi (2010) in a study
in Kuwait indicated that landfills produce a high amount of airborne dust, bacteria, and
fungi within the breathing zone of residences near the landfill sites. In contrast to above
mentioned studies, Durmusoglua et al. (2010) in a study in Turkey found that the BTEX
emission (which includes benzene, toluene, ethyl benzene and xylene) in the landfill site
does not pose a health threat to people working at landfill sites. The study found cancer
risk from BTEX emission is 6.75E—05, which is less than acceptable risk level of 1.0E—-04.
We assume the health effect of temporary dumping sites close to residential areas is similar

to landfill sites, probably in smaller scale.
3.2.3 A Tool to Reduce the Effect of Air Pollution: Urban Foresting

Urban foresting is found to be an effective way of removing large number of
airborne particles and hence improving the air quality. Trees and plants act as biological
filters. Plants remove gaseous air pollutant by absorbing it through leaves, and diffusing
those particles into intercellular spaces. Therefore, vegetation is a temporary retention site
for many atmospheric particles (Beckett, Freer-Smith and Taylor, 1998). Urban trees and
shrubs reduce air pollutants such as ozone, PMio, nitrogen dioxide, sulfer dioxide and
carbon monoxide (Nowak et al., 2006; Bealey, et al., 2007). Nowak et al. (2006)
recommend growing low-VOC-emitting plants rather than high-VOC-emiting plants, as it

contributes to the formation of ozone instead. Some pollutants are also removed by plant

39 Volatile organic Compounds are emitted from the incomplete combustion of fuels or evaporation of fuels, lubricants
or solvents, and incomplete burning of biomass. In the presence of sunlight, VOC will cause photochemical smog (World
Resources Institute (WRI), 1998).
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surface; plants in roofs and walls also help to remove the particulates of air pollutants
(Currie and Bass, 2008).

3.2.4 Multilevel Modeling and Spatial Analysis in Health Related Studies

Multilevel modeling has been used to capture household- and neighborhood-level
effects on people’s health and mortality. Wu et al. (2012) analyzed spatial distribution of
syphilis in China and the effect of individual, neighborhood, and district-level factors on
its distribution. The authors analyzed spatial clustering of syphilis cases using Moran’s I-
statistic and local indicators of spatial association (LISA) and estimated optimal
generalized equations. The study found substantial clustering of primary and secondary
syphilis cases at the neighborhood-level. The results also showed that men, young people,

and migrant workers are more likely to get syphilis.

Chen etal. (2007) found that the effect of PM10 on respiratory emergency admission
varies across different geographic regions in Brisbane, Australia: an increase of 10 pug/m3
of PMuo increases respiratory emergency admissions by 4 percent. Air pollutant such as
PM2s and Black Carbon’s concentration is observed spatially heterogeneous in three sites
of Detroit, USA, and elevated Black Carbon concentration found outdoor at homes near
roadways (Vette et al., 2013).

3.3  Research Hypothesis

The closer one lives from the emission sources, the more exposed one is to the

ambient air pollution and the more likely he/she is affected by such outdoor air pollution.
3.4 Theoretical Model

The theoretical model in this study presents a simplified version of the general
health production function proposed by Freeman (1993) and also use the household
production function derived by Becker (1965). According to the households production
function derived by Becker (1965), people use time and market goods to produce a

commodity (z) that enters their utility function. Health is an example of such commodity,
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and it can be either a consumption or an investment*® commodity in maximizing people’s
utility. In this study, health is taken as a consumption commodity, which directly enters

their utility preference function (Grossman, 1972).

Following Freeman (1993), Dasgupta (2001), Murty et al. (2003), and Gupta
(2006), we use a health production function that explains the economic benefit of reduced
morbidity with a reduced exposure to air pollution. Using the household health production
function and demand functions derived from utility maximization problem, demand for

mitigating activities is derived based on Freeman (2003).
An individual’s utility function is given as,
U=UX,L,H) (1)

Where X represents aggregate consumption of market goods, L represents leisure time, H
represents an individual’s health status as a binary variable which equals 1 if an individual
experience nausea, dust allergy and respiratory health problems, and 0 otherwise. An
individual derives utility from an increase in the consumption of X and L, and disutility if

H = 1i.e. from sickness.

An individual’s health status (a consumption commodity) is modeled as a function
of the level of the ambient air pollution (Q), one’s mitigating activities (M) such as health
preventive care, visiting a doctor, undertaking laboratory tests; and his/her socio-economic

characteristics (Z). The household health production function is given by,

H=HQ M;Z) (2)
An individual maximizes his/her utility subject to the budget constraint given in (3),
Y=1+w«(T—-L—H)=X+PyM 3)

Where [ is the non-labor income; w is the wage rate with working time given as the

remaining time from total time (T) after deducting leisure time (L) and time lost due to

40 Health as an investment commodity determines the total amount of time and market good that creates the commodity.
For example, sick days reduce time for health activities. At the same time it reduces earnings and reduce amount of non-
market good.
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sickness (H); Py represents the price of mitigating activities; and Y represent the total

income as a sum of labor and non-labor income.

After setting the utility maximization problem with respect to X, L, and M, the first
order condition yields a demand function for M (mitigating activities), as given below.

Here, Q is an exogenous variable in demand function for M in equation (4).
M*=M(Lw,Py,Q;Z) (4)
Therefore, the optimal health status is represented as,

H*=H(I,w,Py,Q;Z) (5)

The marginal willingness to pay (MWTP) for reduction in exposure to air pollution is
obtained by totally differentiating the health production function given in equation (5) and
we obtain equation (6). A detailed explanation of the derivation of the MWTP is given in

appendix E.

MWTP(W,) = (w a—H) + (

oM™ 0U/0H 0H
% )—( —) ©)

Pu 30 1 00
The marginal willingness to pay (MWTP) for reduction in air pollution is the sum

of the opportunity cost of work days lost due to sickness, the cost of mitigating activities,
and the monetary equivalent of the disutility from illness. To compute g—g we need to

estimate a dose-response function, a reduced form relationship between illness and ambient
pollution, keeping all other variables that affects the health constant. The last term in
equation (6) represents the disutility from illness, which has been ignored in this study due
to the complexity of estimating it and lack of data. Therefore, the monetary benefit from a
reduction in air pollution are generally captured by the first two terms of the equation, as

given in equation (6°).

MWTP(W,) = (w 3—2’) + (Pu aa’z ) (6"

67



3.5  Why Do We Need to Use Multi-level Model?

In the multilevel research, the data structure in the population is hierarchical, and
the sample data are viewed as a multistage sample from this hierarchical population.
Multilevel modeling recognizes the existence of such data hierarchy and allows for residual

components at each level in the hierarchy.

Analyzing variables with multilevel nature of data in a single level and not using a
multi-level model leads to two distinct problems. 1) Statistical: Aggregating multi-level
data into one single level, ignoring the multi-level nature of data, causes loss of information
and statistical analysis power. Alternatively, if the data are disaggregated, data from a small
number of super-units are blown up into many more values for a much larger number of
sub-units. The statistical test treat those disaggregated data as independent observations
from a much larger sample of sub-unit and researchers come up with many significant
results that are totally spurious. An appropriate sample size is the number of higher-level
unit variables such as the number of communities in this study. 2) Conceptual: the
researcher may obtain results at one level and formulate the conclusion of those results at
another level. For example, ecological fallacy is the situation when you interpret aggregate
data at the individual level. Similarly, Simpson’s paradox is experienced when we analyze
the grouped data and interpret the results with the assumption that the data comes from a

homogenous population (Hox, 2002).

Different levels specified in a multi-level model represent a unique feature of the
data in statistical analysis. Multi-level model concerns the relationship between variables
that are measured at a number of different hierarchical levels. It is important to determine
if the group level variable can explain the relationship among individual-level variables. If
it does, it shows the statistical interaction of explanatory variables from different levels.
Some of the reasons for using multilevel model are: a) correct inferences — traditional
multiple regression treats units of analysis as independent observations. One consequence
of failing to recognize hierarchical data structure is that the standard errors of regression
coefficients will be underestimated, leading to overstatement of statistical significance, b)
substantive interest in group effect can be — it serves to answer the key research question

concerning the extent of grouping in individual outcome, c) can estimate group effects
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along with effect of group-level predictors, and d) inference to a population of group can
be estimated (Browne et al., 2001).

The interaction between the characteristics of people living within a community
and the community itself are bi-directional. Both determine and influence the development
of the other. In this study, 928 households are nested within 205 communities. Such data
structure represents a hierarchical system of individuals and communities, which should
be modeled through multi-level modeling. In a multilevel model, individuals (the
household representatives in the sample) and communities represent levels 1 and 2,

respectively.

Three important reasons for using multi-level modeling are: 1) to take into account
of how the macro context affects the impact of a covariate at the micro level; 2) to correct
for biases in parameters resulting from clustering and its standard errors; 3) to correct
standard errors and thus correct confidence intervals and significance tests. When the
clustering structure in the data is ignored and the independence assumption is violated, the

traditional binary models tend to underestimate the standard errors (Guo and Zhao, 2000).

3.6  Data and Descriptive Statistics

In this paper, the dependent variable is a binary variable representing people’s
health status, where 1 represents respondent or any member of his/her family experienced
nausea, dust allergy and respiratory health problems within last 30 days of the interview
date, and O otherwise. For brevity, | refer to these sicknesses as NAR sickness throughout

this paper.

We estimate the spatial effect of community’s outdoor air pollution on the
incidence of NAR sickness among Kathmandu Valley residents. The households are nested
within a community and hence we look at the spatial effect of living in the same
community. To take into account the community-level effect, we use a multi-level model.
The community and individual characteristics are obtained from a household survey
conducted in the Kathmandu Valley in 2012. To take into account the spatial effect of the
communities, the sampled households are geo-referenced using their address and
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landmarks in Google Earth with geographic coordinates. Households in the same
community (block) are assigned the same coordinates and are coded with the same
community id. Therefore, 928 households are nested within 205 communities.
Communities are composed of 1 to 20 households with a mean of 4.5 households. Distance
variables are calculated using google earth and ArcGIS software. We include distance from
a community to the nearest source of emission as well as the surrounding environment.
Some examples of distance variables used are distance to source of traffic emission (such
as road, bus intersections, and bust stops), nearest temporary and permanent waste dumping
sites, and other environmental attributes (such as open spaces, rivers and farmland).
According to the descriptive statistics presented in Table 3.1, about 26 percent of the survey
respondents experienced NAR sickness within last 30 days of the interview date.*! In other
words, among 929 total sample, one or more household members of 244 respondents
experienced NAR sickness and 685 respondents did not experience such sickness, nor did
any of their family members. On average, households are within 28 meters away from a
road, 657 meters away from a waste dumping site, 201 meters away from bushes and forest,
and 577 meters away from a river. On average, household are 254 meters away from bus-
stops and intersections, 145 meters away from open space, and 120 meters away from farm
areas. Brick factories are the farthest i.e, 4885 meters from households. Road is the closest
source of pollutants among all other distance variables included in this study. Hence, |
expect traffic emission to have the strongest impact on people’s health in the Kathmandu

Valley.

The survey is conducted with adult household representative. The average age of
the respondents is 36 years, and the average education level is 9" grade. The proportion of
male and female respondents is about equal. About 4 percent of the respondents are
unskilled day-laborers who work outside home and are assumed to be the most vulnerable
to air pollution due to their work environment. About 24 percent are housewife and the
remaining (i.e., 72 percent) are employed in indoor jobs. Average household income is

34,868 Nepalese rupees*.

41 The survey was conducted in June - August, 2012,
42 The exchange rate of $1 = 98 Rupees, June 2012. Source: The central bank of Nepal.
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3.7 Methodology

The dependent variable is a binary variable representing people’s health status,
where 1 represents that respondent or any member of his/her family experienced NAR

sickness within last 30 days of the interview date, and 0 otherwise.

The dependent variable follows a binomial distribution, with parameters
denomb;; that represents the number of trials each binomial is based on, and m;; that

represents the probability of people experiencing sickness.

NARsickness;j~Binomial(denomb;;,m;;), given denomb;; = 1.

To begin with we run a standard logistic regression, which ignores the dependence among
individuals (household representatives) based on their shared location (for example, a

number of households sharing the same community, as in this study) and proximity in

space. The standard logistic regression model is given as,
logit(nij) = Bocons + f1X;; (7)
var(NARsicknessl-j|7tij) = 1m;;(1 — m;;)/denomb;

In the next model, we account for the multi-level nature of data where households
are nested within communities. | start with a null model, given in equation (8) that does
not include any predictor variables. The null model estimates Kathmandu Valley resident’s
average respiratory health status. With the null model, we can focus on communities’
characteristics that influence on people’s health. The null model also maintains the
unexplained variability in people’s health status for the purpose of partitioning the study
area into geographic membership and spatial components. The two-level households-

within-communities random intercept null model is given as,
UJNN(O, O'LZL)

NARsickness;; is the binary response variable representing whether an individual

household representative i (i = 1, ... ... ,928) in community j(j = 1, ....,205) experienced
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the sickness related to NAR (i.e., nausea, dust allergy and respiratory illness). 8, represents
the intercept that measures the log-odds of experiencing with such health problems in an

average community. u; is a community level random effect, which is assumed to be

normally distributed with mean 0 and a constant variance, 2. In binary response model
(in contrast to the continuous response models), we do not make the intercept random at
level 1 as the model does not include individual-level residual error®3. This specification
allows households from the same community to be more similar than those from different
communities, and have similar impact of outdoor pollution in a given community residents’
health. We may see clusters of households based on a similar reflection of the community-

level factors such as distance to pollutants.

The likelihood of observed data in the discrete response multilevel models does not
have closed form solutions**. Therefore, such models are estimated using quasi-likelihood
and Markov-Chain Monte Carlo (MCMC) methods. MCMC is a simulation approach, in
which after assigning starting values from quasi-likelihood estimates and prior
distributions for the model parameters, a Markov chain is used to sequentially sample a
subset of parameters from their conditional posterior distributions given current values of
the other parameters. The Markov chain converges into a stationary distribution after the
initial burn-in periods. Then, we run the chain for a further monitoring period, and the
process yields the estimates such as mean and standard errors of the sampled parameters
and 95% Bayesian credible interval (2.5" and 97.5"" quantiles of those chains). In the
present study, multi-level modeling estimates are obtained using the ‘runmlwin’ command
in stata that runs MIwin software and provides output in Stata*. The Mlwin software uses
a combination of two methods of MCMC estimation: Gibbs sampling and Metropolis
Hasting (Browne, 2012).

43 In case of hinary response variable, the ICC and VPC does not have a single value because the variance at level 1 is a
function of the mean. Therefore, as a solution, we can formulate the model in terms of latent response variable which
underlies the observed binary response. Now the ICC and VPC, in terms of the underlying latent response, are calculated
o
2
(F+3)

4 The response/dependent variable in this study is in discrete format as it is a binary variable representing people’s
respiratory health status.

45 Hence, this method uses best features of both software. Mlwin software have multi-level modeling features that also
allows to use spatial multiple membership models. Stata has a lot of features that can generate tables and figures.
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Next model adds some predictor variables to equation (8). The predictor variables
are distance to the source of outdoor air pollution and individual characteristics such as
gender, age, education, and occupation. The random-intercept model with predictor

variables is given in equation (9).
lOglt(TCU) = ﬁO + ﬁlXi]- + ﬁzZU + u] (9)
u;~N(0,07)

In the multi-level model, random-slope model introduces a random coefficient to
estimate the heterogeneity across communities based on the given predictor variable, in
addition to the random intercept. The random slope model is given as,

lOglt(Tl'l]) = BO + :BIXij + ,BZZij + Uk + Uik (10)

Gl (2 )}
Uik 0/"\ouo1 0wz
In the random part model, the between community variance is a function of variable X.

— 2 2 2
Uar(uoj + uleij) = 0y0 + 2 O-u01Xij + Jule-j

The diagnostic of how well data fits for the given model is identified based on Bayesian

deviance information criteria (DIC).%8

As an extension to the standard multilevel model, we are using a multiple membership
model. The above model can be re-written in the classification notation and presented as a
Multiple Membership Multiple Classification (MMMC) Model. In addition to allowing for
multilevel modeling, we include the spatial relationship among communities. We create a
spatial patches of communities. For each community j, a spatial patch consists of
community j and its nearest 10 neighboring communitiesas given in equation (11).

; _ 2,2 3) »3),,03)
logit(mj) = Bo + P1Xij + Z;; Uppiy + Z W, 2 U gmmunity () (11)

JjEcommunity (i)

4 Formula for DIC, D = —2 Y;[y; log(p;) + (1 — y)log(1 — p;)], where p;is the predicted value for observation i. p;
is calculated using the inverse distribution function that corresponds to the link function. Therefore, we will need to
calculate anti-logit for each fitted value as described above for average individual.
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2 3
where Upn(i ~N (0, Zu(z)) ucommunity(j)~N(0’ Zu(3))

Here, B, represents the random intercept, B, represents a vector of fixed effect parameters,

() (3)

uhh(i) and ucommunity(j)

represent vectors of residuals for random effects for
classifications 2 (households) and 3 (communities), respectively. e; is a scalar that indicates

the lowest level unit residuals. X;, Zi(z) and Zl.(3) are vectors of fixed effects, household-

level and community-level explanatory variables, respectively. M/ig?) Is a weight scalar for

a household in a community. For prior distribution, we use multivariate normal prior for
fixed effect parameters. The multilevel model is estimated using the simulation-based
Markov Chain Monte Carlo (MCMC) method*’. In the multilevel model, we use ‘place’
perspective that uses geographic information to form groups. For example, a community

represents a group of households based on those house’s geographic location and boundary.

The spatial multiple-membership model uniquely identifies each observation
according to its proximity to all other observations. Here we are talking about each

community’s closest 10 neighborhoods.

3.8 Results

In the first part of my analysis | use a standard logit model to identify the
effect of exposure to ambient air pollution and its effect on people’s health. According to
Table 3.2, distance from the respondent’s house to a road, a waste dumping sites, and a
river has a consistently significant effect on the community residents’ health. Living closer
to a road and a waste dumping site increases the probability of getting sick with NAR

sickness. Alternatively, living far away from these sites reduces that probability“®.

On the other hand, living closer to a river reduces one’s probability of experiencing
NAR sickness. It is a strong example of a built environment that directly helps people

improve their health. The positive effect of close proximity to river on people’s health

47 Details of MCMC method is included in Appendix F.
“8 Table 3.3 provides magnitude of these probabilities and it will be discussed in the next paragraph.
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represents the positive effect of water, open space and greenery in and around the river.
According to the United Stated Environmental Protection Agency (EPA), people receive
social and health benefit by living closer to riparian areas, nature, parks, and walking and
biking trails. Health benefits occur from both increased physical activity and reduced
mental stress. Healthy watersheds that maintain riparian corridor are expected to be more
resilient to the anticipated effects of climate change. For example, Jackson (2003)
recommends to include greenery in urban design of the communities to improve people’s
health and living environment. A significant number of previous studies found that plants
(and hence urban foresting) help to absorb some of the air pollutants (Beckett, Freer-Smith
and Taylor, 1998; Nowak et al., 2006; Bealey, et al., 2007; Currie and Bass, 2008).

Living closer to a forest (including continuous canopy and small bushes) and an
open space, however, has positive but insignificant effect on people’s health. Similarly, the
distance to brick factories has positive but insignificant effect on people’s health. The brick
factories are selectively located in the outskirts of the city, where the population density is
lower and farm land and forest density is higher. Therefore, the positive effect of plants
and negative effect of factory’s emission may offset each other, and hence I did not find
any significant effect of those brick factories on public health. Respondents’ age has a non-
linear effect t on their probability of experiencing NAR illness. Age has positive and age
square has negative effect on health which indicates that adults up to 36 years old are less

susceptible to outdoor air pollution in comparison to older adults.

Table 3.3 presents the average marginal effect® results of the standard logit model
presented in Table 3.2. When the distance from one’s community (or one’s house as houses
are closely clustered in a community) to a road increases by 100 meters, the probability of
experiencing NAR sickness decreases by 15.9 percent to 17.57 percent through model 1 to
4. When one lives 1 kilometer further from a waste dumping site in comparison to his/her

current location, his/her probability of experiencing NAR sickness decreases by 16.2

49 In this study, | limit the health effect based on outdoor air pollution and look at the probability of experiencing nausea,
dust allergy and respiratory sickness. Therefore, we may not observe negative effect of water pollution in the river.
Bacteria in water supplies can pose a potential health risk (Dlugolecki, L., 2012).

%0 In the average marginal effect, the term ‘average’ is defined as having the mean value for the other independent
variables in the model while looking at the effect of a given explanatory variable on the dependent variable (Cameron
and Trivedi, 2005).
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percent to 21 percent. The positive effect of living close to river increases by 19.7 percent
to 22.2 percent for each 1 kilometer closer to the river from one’s current location.
Surprisingly, living close to brick factory is good for one’s health as living one kilometer
closer to the brick factory decreases one’s probability of experiencing NAR sickness by
1.3 to 1.5 percent. The brick factories are located at the outskirt of the city and hence the
effect might be more of open space and reduced traffic emission than that of factory’s
emission. An adult of up to age 36 is .25 percent to .3 percent less likely to experience
NAR sickness with each additional year of aging. People with one more year of education
are 1.0 to 1.2 percent more likely to experience NAR sickness. Education may not directly
impact one’s health but rather their work nature may do so. People with higher education
may involve in work that keeps them more mobile and more exposed to outdoor air
pollution. While comparing people’s susceptibility to outdoor air pollution based on their
occupation, day laborers are the most susceptible in comparison to housewives and other
employed people. Housewives are 13.9 percent to 14.4 percent less likely to experience
NAR sickness in comparison to that of day laborers. People with other employment (with
mostly indoor work) are 14.7 percent to 15.2 percent less likely to experience NAR

sickness than that of day laborers.

Next, | use a two-level random-intercept model and estimate it with the Markov
Chain Monte Carlo (MCMC)® method. The estimated model is presented in equation (8)
in the methodology section. In the MCMC method, the fixed-effect parameter estimates
represent the means and standard error of the parameter’s posterior distribution. The
MCMC method uses a simulation approach and does not assume that the parameters follow
an asymptotic normal sampling distribution. Table 3.4 presents the results for 3 models of
standard logit model as well as two-level random intercept models using MCMC method.
Models 1 and 2 include a random-intercept only, and a random-intercept with distance
variables, respectively. Models 3 include a random-intercept term, respondents’ individual

characteristics and the distance variables. The distance variables represent distance from

51 Second-order Quasi-likelihood (PQL2) method does not report log-likelihood or deviance statistics as the model is
fitted by quasi-likelihood method rather than by maximum likelihood. As Quasi-likelihood estimates are known to be
biased, we refit the model by MCMC. PQL2 method’s estimates also provide starting value for MCMC estimation. \We
used the ‘runmlwin’ command that uses Mlwin software for multi-level modeling and reports output in Stata; we fitted
a binomial logit response model.
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one’s community (and hence proxy for one’s house as houses are closely clustered in a

community) to the nearest source of pollutants.

In Table 3.4, the first model is intercept-only model, which predicts the probability
of experiencing NAR sickness. In Model 1, the maximum likelihood estimate from the
standard logit model is exp(—1.032) = 0.3562, which is the ratio of respondents who
experienced NAR sickness (i.e., 26 percent of the sample) to those who did not i.e. the ratio
of 244 and 685, respectively. In comparison, the same ratio is estimated to be
exp(—1.121) = 0.3259 from the multilevel model using MCMC method. Therefore,
when we did not take into account of the clustering within a community, standard logit
model overestimated the ratio by 3.03 percent. In the MCMC method, the random effect
parameter represents the estimated variances of the random intercept and it represents a
unique effect for each community in addition to the fixed intercept of -1.121, which is the
average for all communities. In the random-intercept model, the variance of constant at
community level is significant, which indicates that community characteristics are causing
heterogeneous effects on people experiencing NAR sickness. In model 1 of the MCMC
method, about 25 percent of respondents and their family members experienced NAR
sickness in an average community (P (Bo) =0.246). The coefficient of the random intercept
(Bo) represents the log-odds of getting sick with NAR illness in an average community®2,
The expected correlation in the propensity of getting sick between two respondents in the
same community, called intro-community correlation, is 13.6 percent (in Table 3.4 model
1, VPC = 0.136). 5% In other words, 13.6 percent of the variance in the likelihood of

experiencing NAR sickness can be attributed to differences within a community.

In Table 3.4 model 2 using multilevel MCMC method, when the distance variables
are included, the heterogeneity within a community and its effect on people’s respiratory
health is captured by the distance variables and the variance of the random intercept (i.e.,
constant) remains significant. . Increasing the distance from the respondent’s house to a

road and a waste dumping site both decreases the likelihood of people experiencing NAR

52 The corresponding odds and probability of experiencing respiratory health problems are derived as exp(8,) and

exp(By) /{1 + exp(By), respectively.

%3 In the constant-only model, ICC=VPC. The ICC and Variance partition Coefficient (VPC) for the binary discrete
2

. . g
response model is given by

o2 +7r2/3'
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sickness. More specifically, when the distance between the respondents’ houses and the
road is greater than 30 meters, people are less likely to experience NAR sickness. However,
when a respondent lives in between 10 meter to 30 meters away from the road, they are
significantly more likely to get sick with NAR illness (mean values of distance and distance
square to road are 30 and 10 meters, respectively). Living closer to river decreases the
likelihood of experiencing NAR sickness. The effect of river, however, is not significant
while not controlling for people’s demographic characteristics, as presented in model 2

(Table 3.4).

In model 3, the relationship between proximity to river and probability of
experiencing NAR sickness is significantly positive. That means, when the distance from
a road to respondent’s house increases (or proximity to road decreases), his/her probability
of getting sick also decreases. The results of Model 3 and 4, which control for the
respondent’s gender, age, education, and occupation, are consistent with the results of
model 1 and 2. The proximity to waste dumping site and the likelihood of experiencing
NAR sickness is significantly positive. That means when the proximity to waste dumping
site decreases, the probability of getting sick also decreases and vice versa. This result is
consistently significant in model 1 through model 3 in both the standard logit and

multilevel model.

Table 3.4 compares results obtained using standard logit model and the multi-level
model. In all three models, the estimates of some of the variables is underestimated by the
standard logit model. For example, estimate of standard logit model for distance to a road,
a brick factory, and other demographic characteristics are underestimated in comparison to
that of multi-level model. However, the estimates for distance to waste dumping site and
river are mixed between model 2 and 3. For example, the standard logit estimates are
underestimated in model 2 and overestimated in model 3 in comparison to multilevel
model’s estimates. The estimated variance of the random effect at the community level is

consistently similar in model 1 through 3 in Table 3.4.

Age has a non-linear significant effect on people’s health as the coefficients of age
and age squared are negative and positive, respectively. People who are 18 to 36 years old

are less likely to experience NAR illness with an additional year of age. However, people
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older than 36 are more likely to experience NAR sickness with an additional year of age.
People with higher education, with one more year of education, are more likely to
experience such health problems. More educated people could be associated with work that
keeps them more mobile and are more exposed to traffic emission. Here, we are assuming
that people are not experiencing pre-existing respiratory health problems and individuals
are equally sensitive and aware of information relating to NAR sickness. While comparing
the likelihood of having these health problems among people with different occupations,
unskilled day laborers are the most susceptible population to NAR sickness due to the
direct exposure to traffic emission due to their work location mostly outdoor and highly
traffic congested area. Housewives and people with other employment that involves mostly
indoor work are less likely to experience those health problems in comparison to that of

day laborers.

As shown in Table 3.4, when | account for neighborhood effect accounting for the
10 nearest neighborhood for a given community, the variance of the random is not

significant. The sign and significance of the other variables remains the same.
3.9  Health Benefit Due to Reduction in Ambient Air Pollution

With the impact of anthropogenic pollutants on environment, people experience
sickness, which in general obstructs their daily activities and, in extreme cases, reduces
their life expectancy. Such incidents create opportunity cost of missing work-days due to
sickness and increases medical cost. | estimate the health benefit one can receive by
improving ambient level of air pollution. The health benefits from the reduction in
pollution levels is derived in two steps: first, estimate the economic value of changes in
health status or health risk, and second, combine such value with an independently derived
predictions of health changes or health risk as a function of environmental changes
(Freeman, 2003). For example to measure the economic value of air quality improvement
in reducing risk of premature mortality, people measure the value of the risk reduction
derived from the studies of wage rate and combine that with epidemiological study about
relationship between air pollution and mortality rates. The economic valuation of the
change in health status is obtained by monetizing the reduction in the number of sick days

(as the would-be opportunity cost). Another component of such economic valuation is
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obtained from avoided medical costs from improved health. Later, I use similar concept as
dose-response function to derive the health benefit estimation of reducing exposure to
ambient air pollution based on proximity to source of pollutants such as traffic emission,
industries’ emission and other surrounding environmental externalities. Equation (7)

represents the MWTP that estimates the health benefit of reducing ambient air pollution.

Usually the health benefit of reducing air pollution is measured with broad estimate
of reducing air pollutant such as Particulate Matter, Lead, Ozone and other pollutants to a
standard safe level determined by World Health organization (WHO). For example, Ostro
(1996) explains three factors to be considered for estimating health impact associated with
air pollution. Those factors are dose-response relationships, the susceptible population
impacted, and the change in air pollution under consideration. Ostro (1996), in a study in
Santiago city (a valley) in Chile with stable atmospheric condition and wind velocity, found
a high level of PM10 concentration. The city’s unique topography and climate is one of the

strong determinants, and winter months have the highest PM10 concentration.

For health benefit estimation, I monetize the opportunity cost through wage lost
due to the number of sick days. This simplified model does not make distinction between
two consecutive sick days and total of two sick days in an interval of time. It also ignores
the types of symptoms and the severity of the illness. The estimated health impact using

dose-response function is represented as,

where AH;; = change in population risk of health effect i in region j, b;= slope from dose-
response curve for health effect i indicating the expected health effects per unit of PM10,
AA;= reduction in PM10 in region j to reach the safe standard level, Pop; ;= population at

risk of health effect i in region j. In this study, b; represents the average marginal health
effect with reduction in exposure to pollutants by living farther from the source of pollutant

such as road, waste dumping sites and other surrounding environment.
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According to Table 3.6, b; = 0.16 percent i.e., marginal effect> of staying 1 meter
far from road for an average Kathmandu Valley resident (from the current location) is 0.16
percent. In other words, the marginal effect of living 100 meter far from road from an
average resident’s current location reduces the probability suffering from nausea, dust
allergy and respiratory illness by 16 percent. Exposure to road has the strongest effect on
people’s health. Therefore, | measure the health benefit estimation to traffic emission only.
An average Kathmandu valley resident’s probability of getting sick is reduced by 1.62
percent if he/she lives 100 meter far from the current location. The effect of proximity to
river is positive. For example, an average Kathmandu Valley resident increase the
probability of getting sick by 1.5 percent by staying 100 meters far from river. Individuals
up to certain age, increasing age make them more resistant to exposure to air pollution. An
individual’s probability of getting sick with nausea, dust allergy and respiratory disease
decreases by 0.25 percent for each additional year of his/her life. More educated people,
however, are more susceptible to air pollution as they might be more exposed to pollution
due to their job nature and travel schedules. Having one additional year of schooling
increases the probability of getting sick with these diseases by 1.2 percent. An individuals’
occupation also has a significant effect on their personal exposure to air pollution and it
directly affects their health. Occupation represents an individual’s time activity patterns,
which significantly determines one’s exposure to pollution. For example, in comparison to
the daily laborer, housewife and other indoor employment holders are better off in term of
their exposure to pollution. Being a housewife, the probability of suffering from nausea,
dust allergy and respiratory illness decreases by 13.9 percent. Indoor employment holders
are 14.7 percent less likely to get sick with nausea, dust allergy and respiratory disease in

comparison to daily laborers.

About 26 percent residents suffer from nausea, dust allergy and respiratory illness.
The health benefit estimation of reducing ambient air pollution is measured through the
opportunity cost of missing work-days due to sickness and the medical cost incurred.

According to Table 3.7, average missing days due to the sickness of these disease is 1.52

54 Computing the marginal effect of the logistic regression: The probability of the logistic distribution is given by,

_ B . L BE[ylx] _ (da@'B)) o _ [ P _
prob(Y = 1|x) = T = A(x'B) . The marginal effect is given as, o = {d(x,ﬁ)} p= [(1+e"'5)2]‘8 =
A(x'B)[1 - a(x'B)IB
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days in a month. Reducing the exposure to traffic emission also reduces the opportunity
cost of 0.24 missing workdays (16 percent of 1.52 days, based on the marginal effect of
traffic emission on health). According to Table 3.8, reducing the exposure to traffic
emission saves the opportunity cost of 281.27 Nepalese Rupees for avoiding the missing
sick days. In addition to that, an individual saves 107.89 Nepalese Rupees in medical cost.
An average Kathmandu valley resident saves total of 389.17 Nepalese Rupees by living

100 meter far from road.
3.10 Discussion and Conclusion

This study analyzes the effect of people’s exposure to outdoor air pollution on
experiencing NAR sickness. About 26 percent of the total sample experiences NAR
sickness in the Kathmandu Valley. The exposure to such pollution is measured through
people’s time activity patterns, proximity to the source of pollutants, and individuals’
susceptibility based on their demographic characteristics. The sources of pollutants are
traffic emissions, biogas emissions from waste dumping sites, and emissions from
industries. Respondents living between 10 to 30 meters away from the road are
significantly more likely to get sick with NAR sickness. When the same person lives 100
meter far from road from his/her current location, he is 16 percent less likely to experience
NAR sickness. In comparison to all other sources of pollutants, traffic emission has the
strongest effect on people’s health as road is the closest source of pollutant to an average
respondent in the Kathmandu Valley. | also look at the positive effect of greenery, plants,
farm land, rivers, and open space, and its positive effect on health. Brick factories are
another concern in the Kathmandu Valley, thus we include data on a limited number of
brick factories (n=75 brick factories). This study takes a different approach in the
examination of the relationship between outdoor air pollution and negative health effects
by looking at the exposure level rather than the concentration of pollutants. I also allow for
community-level heterogeneity by using a multi-level model. With a significantly positive
random intercept term, | found that community characteristics are causing heterogeneous

effects on people’s respiratory health.

People who are 18 to 36 years old are less susceptible to such pollution exposure

than older people. Higher educated people are associated with jobs that keep them more
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mobile and hence are more exposed to outdoor air pollution, and are more likely to
experience such health problems. Unskilled day laborers are the most vulnerable
population to nausea, dust allergy and respiratory sickness due to the direct exposure to
traffic emission during their work hours. Housewives and people with indoor working
environment are less likely to experience those health problems in comparison to that of

daily labors.

| estimated the health benefit of reducing exposure to air pollution in terms of
avoiding the opportunity cost of missing workdays and avoiding medical cost. The
estimation uses a similar method as that of the dose-response function. Exposure to road
has the strongest effect on people’s health and I measure the health benefit due to a
reduction in the exposure to traffic emission only. An average respondent misses 1.52
working days due to this sickness. Reducing the exposure to traffic emission also reduces
the opportunity cost of 0.24 missing workdays in a month (16 percent of 1.52 days, based
on the marginal effect of traffic emission on health). Similarly, the medical cost is
decreased by 16 percent as well. Reducing the exposure to traffic emission saves an average
of 281.27 Nepalese Rupees for avoiding the missing sick days 107.89 Nepalese Rupees in
medical cost. Therefore, an average Kathmandu valley resident saves total of 389.17

Nepalese Rupees by living 100 meter far from road.

3.11 Policy Recommendation

An average individual in the Kathmandu Valley lives 28 meters away from the
road. I examine people’s exposure to air pollution and its effect on their health. According
to the results, exposure to the traffic emissions has the strongest effect on people’s health.
I measure people’s exposure to traffic emission based on the distance from their house to
the nearest road. My approach to measuring the effect to ambient air pollution on people’s
health is unique as I look at the health effect based on proximity to the source of pollutants.
Usually the studies use pollutant’s level and relate it to people’s health data. This study has
been simplified by holding different assumptions. For example, | assume that people are
not experiencing pre-existing respiratory health problems and individuals are equally

sensitive and aware of information relating to NAR sickness. As a policy recommendation
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based on the findings, transportation authority can impose stronger regulation to reduce
vehicle emission and can strongly enforce emission testing on two-wheel as well as four-
wheel vehicles. Having a better solid waste management also helps to reduce impact of
biogas emission from waste dumping sites on public health. Promoting urban foresting (for

example, roof gardening) and planting trees on the road sides are also highly recommended.

84



Table 3.1 Descriptive Statistics of Variables of Interest

Variable

NAR_sickness

dist_road
dist_waste
dist_fores

dist_river

dis_bus_in
dist_open
dist_farm

dist_brick
g48age
Education
female
dailylabor
housewife

Indoor_emp
income
Number of
households

Number of
communities

Variable Definition Mean  Std. Dev. Min Max
1 if anyone in the household suffered

from Nausea, respiratory disease

and/or dust allergy in last 30 days of 0.26 0.44 0.00 1.00
the interview date, 0 otherwise

distance from respondent's community

to the road in meters 28.22 90.52 0.14 1228.36
Distance from respondent's community

to the waste dumping site in meters 657.24 421.13 26.09 2090.89
Distance from respondent's community

to the forest in meters 201.36 153.84 0.00 1235.46
Distance from respondent's community

to the river in meters 577.54 407.87 22.06 2093.56
Distance from respondent's community

to the busstops and intersections in

meters 254.48 313.11 2.32 2278.95
Distance from respondent’'s community

to an open space in meters 145.22 143.19 0.00 1239.65
Distance from respondent’'s community

to the farmland in meters 120.98 191.35 0.00 1259.67
Distance from respondent’'s community

to the brick factories in meters 4885.20 2683.12 48749  11073.51
Age of respondent 36.04 13.56 18.00 86.00
education in number of years 8.78 4.09 0.00 14.00
1 if female, O otherwise 0.51 0.50 0.00 1.00

1 if unskilled Day labor, 0 otherwise 0.04 0.20 0.00 1.00

1 if housewife, 0 otherwise 0.24 0.43 0.00 1.00
1if oth_er employment than above 2, 0 0.72 0.45 0.00 1.00
otherwise

Household's monthly income 34868.75 171466.50 1000.00 5000000.00
928.00

205.00
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Table 3.2 Standard Logit Model for Different Distance Variables

Dependent Variable: NAR Sickness

dist_road_km
dist_road_km~2

dist_ waste_km

dist_ waste_km~2
dist_forest_km
dist_forest_km”2
dist_river_km
dist_river_km"2
dist_brick_km
dist_brick_km”2
dist_openSpace_km
dist_openSpace_km~2
dist_farm_km
dist_farm_km~2
dist_busStation_int_km
dist_busStation_int_km"2
age

age’2

Edu (in number of years)
female

Reference Occupation: Daily Labor

housewife
other_emp
_cons

N
log_likelihood
chi-squared
AIC

Model 1 Model 2 Model 3 Model 4 Model 5
-8.870%**  (-2.69) -9.652*** (-2.81)  -9.822***  (-2.83) -9.957*** (-2.82) -10.03*** (-2.81)
6.832** (2.08)  7.377** (2.23) 10.06** (2.40) 10.55%** (2.35) 10.78%** (2.28)
-3.175** (-2.48) -3.648*** (-2.74)  -3.885***  (-2.85) -3.914***  (-2.84) -3.951*** (-2.80)
1.830** (2.49)  2.017*** (2.68) 2.178***  (2.81) 2.220*%**  (2.82) 2.241*%**  (2.77)
0.387 (0.23) 0.891 (0.52) 0.588 (0.33) 1.153 (0.61) 1.150 (0.61)
0.242 (0.09) -0.202 (-0.07) 0.355 (0.12) -0.375 (-0.12) -0.387 (-0.13)
2.471*%* (1.97)  2.880** (2.16) 3.119** (2.27) 3.293** (2.31) 3.320** (2.26)
-1.479%** (-2.02) -1.634** (-2.14) -1.782%*% (-2.25)  -1.900** (-2.28)  -1.908** (-2.23)
0.140 (0.99) 0.123 (0.86) 0.140 (0.96) 0.136 (0.92)
-0.00714 (-0.49) -0.00517 (-0.35)  -0.00593 (-0.39) -0.00573 (-0.37)
1.549 (0.89) 1.580 (0.91) 1.633 (0.92)
-4.099 (-1.08) -4.200 (-1.11) -4.419 (-1.09)
-0.879 (-0.63) -0.819 (-0.57)
0.661 (0.34) 0.606 (0.31)
0.0938 (0.13)
-0.0296 (-0.08)
-0.0569* (-1.93) -0.0608** (-2.05) -0.0591** (-1.99) -0.0582* (-1.96) -0.0580* (-1.95)
0.000616* (1.78) 0.000635* (1.83) 0.000616* (1.77) 0.000615* (1.76) 0.000613* (1.75)
0.0647*** (2.84)  0.0578** (2.52)  0.0579**  (2.52)  0.0576**  (2.50)  0.0575**  (2.49)
0.0290 (0.16)  0.0245 (0.14)  0.0318 (0.18)  0.0256 (0.14)  0.0263 (0.14)
-0.751* (-1.88) -0.778* (-1.94) -0.765* (-1.90) -0.757* (-1.88) -0.757* (-1.87)
-0.789*%*  (-2.18) -0.826** (-2.26) -0.818**  (-2.23) -0.802**  (-2.18) -0.801**  (-2.17)
0.588 (0.78)  0.311 (0.40)  0.232 (0.29)  0.0883 (0.11)  0.0752 (0.09)
929 929 929 929 929
-515.2 -512.6 -511.9 -511.5 -511.5
39.40 44.62 46.05 46.90 46.93
1060.4 1059.2 1061.8 1064.9 1068.9

* p<0.1 ** p<0.05 *** p<0.01
t-statistics in parentheses
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Table 3.3 Average Marginal Effects of the Logit Model for Distance Variables

VARIABLES Model 1 Model 2 Model 3 Model 4 Model 5
dist_road_km  -1.590*** (0.587) -1.719***  (0.608) -1.725***  (0.613) -1.744*%**  (0.622) -1.757***  (0.628)
dist_waste_km  -0.162* (0.0875) -0.203** (0.0911) -0.210** (0.0925)  -0.205**  (0.0933) -0.207**  (0.0943)
dist_forest_km  0.0904 (0.134) 0.149 (0.136) 0.135 (0.138) 0.184 (0.148) 0.182 (0.149)
dist_river_km  0.155 (0.0961) 0.197* (0.102) 0.211** (0.103) 0.219** (0.105) 0.222** (0.108)
dist_brick_km 0.0130** (0.0060) 0.0133** (0.00608) 0.0150**  (0.00640)  0.0148** (0.00667)
dist_open_km 0.0744 (0.162) 0.0748 (0.163) 0.0733 (0.165)
dist_farm_km -0.133 (0.180) -0.124 (0.188)
dist_bus _km 0.0145 (0.101)
age -0.00259* (0.00152) -0.00305** (0.00152) -0.00299** (0.00152) -0.00283* (0.00153)  -0.00282* (0.00153)
edu 0.0120*** (0.00419) 0.0107** (0.00420) 0.0107** (0.00420) 0.0106** (0.00420)  0.0106**  (0.00421)
Female 0.00538 (0.0335) 0.00452 (0.0334) 0.00586 (0.0334)  0.00472 (0.0334) 0.00485 (0.0335)
Reference Occupation: Day Laborer

housewife -0.139* (0.0736) -0.144* (0.0736) -0.141* (0.0738)  -0.139* (0.0738) -0.139* (0.0740)
other_emp -0.147**  (0.0668) -0.152** (0.0669) -0.151** (0.0669)  -0.148**  (0.0671) -0.147**  (0.0673)
Observations 929 929 929 929 929

Standard errors in parentheses; *** p<0.01, ** p<0.05, * p<0.1

87



Table 3.4 Standard Logit Model and the Two-level Random-intercept Model using MCMC method

Logit ML MCMC Logit ML MCMC Logit ML MCMC
Model 1 Model 2 Model 3

Dependent Variable: NAR Sickness
constant -1.032***  (-13.85) -1.121*** (-10.73) -0.632%** (-1.99) -0.772%* (-1.82) 0.311 (0.40) 0.33 (0.36)
dist_road_km -9.085***  (-2.79) -9.867** (-2.39) -9.652***  (-2.81) -10.67** (-2.42)
dist_road_km~2 6.207* (1.92) 6.4 (1.60) 7.377*%* (2.23) 8.019* (1.85)
dist_waste_km -3.072%** (-2.42) -2.413%* (-1.74) -3.648***  (-2.74) -4.068** (-2.52)
dist_waste_kmA2 1.808** (2.49) 1.403%* (1.69) 2.017***  (2.68)  2.194%** (2.40)
dist_forest_km -0.00448  (-0.00) -0.213 (-0.11) 0.891 (0.52) 0.814 (0.36)
dist_forest_km~2 1.206 (0.45) 1.705 (0.51) -0.202 (-0.07) 0.00552 (0.00)
dist_river_km 2.258* (1.81)  1.907 (1.52)  2.880%** (2.16)  3.573** (2.17)
dist_river_km~2 -1.392% (-1.90) -1.209 (-1.62)  -1.634%*  (-2.14) -2.030**  (-2.14)
dist_brick_km 0.14 (0.99) 0.185 (1.16)
dist_brick_km"2 -0.00714 (-0.49) -0.0108 (-0.65)
age -0.0608**  (-2.05) -0.0710**  (-2.14)
ager2 0.000635* (1.83)  0.000738* (1.90)
Edu (in number of years) 0.0578** (2.52) 0.0606** (2.38)
female 0.0245 (0.14) 0.0415 (0.21)
Reference Occupation: Daily Labor
housewife -0.778* (-1.94) -0.781* (-1.70)
other_emp -0.826** (-2.26) -0.915** (-2.14)
Random Effect parameter
var(constant) 0.519** (2.08) 0.484** (2.03) 0.532** (2.02)
0Odd(B0) 0.326
P(BO) 0.246
VPC (Intra-community correlation) 0.136 0.13 0.139
N 929 929 929 929 929 929
Bayesian DIC 1051.89 1054.2
log_likelihood -534.9 -525.4 -512.6
chi-squared 5.46E-12 18.98 44.62
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AIC 1071.9 1068.9 1059.2 1046.48
* p<0.1 ** p<0.05 *** p<0.01; t-statistics in parentheses
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Table 3.5 A Spatial Multiple Membership Model and Multi-level
Random- Effect Model of Effect on Respiratory and Related Disease

Dependent Variable: NAR Sickness
Multi-level Random

Effect
dist_road_km -9.751** (-2.39)
dist_road_km"2 7.383* (1.84)
dist_waste_km -3.070** (-2.15)
dist_waste_km"2 1.720** (2.02)
dist_forest_km 0.468 (0.22)
dist_forest_km”2 0.165 (0.05)
dist_river_km 2.524* (1.69)
dist_river_km"2 -1.507* (-1.68)
age -0.0604**  (-2.11)
age”2 0.000634* (1.88)
Edu ( in no of years) 0.0651***  (2.61)
female 0.0415 (0.22)
Reference Occupation: Daily Labor
housewife -0.753* (-1.80)
other_emp -0.854%** (-2.26)
constant 0.620 (0.78)
Random Effect Parameter
Level 2: Community var(constant) 2.973 (0.48)
Level 3: Spatial Neighborhood var(constant) 0.388 (1.34)
N 928
Bayesian DIC 1050.74

* p<0.1 ** p<0.05 *** p<0.01
t-statistics in parentheses; MCMC= Markov-chain Monte Carlo, burn-in
period of 1000 iterations and monitoring period of 50,000 iterations and
10 thinning periods
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Table 3.6 Average Marginal Effect of Experiencing Nausea, Dust Allergy and
Respiratory Diseases

Dependent Variable: Experiencing NAR Sickness (Yes = 1/0)

dy/dx
VARIABLES Pr(NAR Sickness)
dist_road -0.00159*** (0.000549)
dist_waste -0.000162* (8.37e-05)
dist_fores 9.04e-05 (0.000140)
dist_river 0.000155* (8.96€-05)
age -0.00259* (0.00153)
edu 0.0120*** (0.00409)
female 0.00538 (0.0336)
Reference: Day laborer
housewife -0.139* (0.0736)
other_emp -0.147** (0.0668)
Observations 929

Dependent variable =1 if an individual experiences nausea, dust allergy and
respiratory health problems (i.e., NAR Sickness), 0 otherwise; Distance variables
are in meters.
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Table 3.7 Descriptive Statistics of Variables for Estimating Health Benefit from Improved Environment

Variable

Name Variable Description Mean Std. Dev. Min Max

dist_road Distance from respondent's house to 28.22 90.52 0.14 1228.36
Road in Meters

dist_waste Distance from respondent's house to 657.24 42113 26.09 2090.89
Waste dumping sites in Meters

NAR_days Number of Missing dgys due t_o nausea, 159 498 0 60
dust allergy and Respiratory disease

income Household's monthly income in
Nepalese Rupees 34,868.89 171,374.10 1,000.00 5,000,000.00

NAR_medCost Monthly Medical cost for nausea, dust

(n=281) allergy and respiratory disease 678.58 3,488.47 0 55,000.00

N 929

$1= 98 Nepalese Rupees(Central Bank of Nepal, June 2012)
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Table 3.8 Estimating Health Benefit by Reducing Exposure to the Traffic Emission, Staying 100 meter Far

from Road (in Nepalese Rupees)

Marginal Effect of staying 1 meter far from road
Marginal Effect of staying 100 meter far from road

Average missing work days due to sickness with COPD disease (per
month)
Reduction in missing days by living 100 meter far from road

Opportunity cost per missing work day i.e., daily income (in Nepalese
Rupees)
Health benefit of avoiding missing work days

Average Medical cost per month for Nausea, dust allergy and respiratory
[liness
Saved medical cost

Total Health Benefit = Opportunity cost + Medical cost (in Nepalese
Rupees)

Values,
Calculation

Final estimates

0.16%
15.90%

1.52 days
0.159*1.52

34,868.89/30
0.242*1162.29

678.58
.159*678.58

281.27+107.89

0.24 days

1162.30 Rupees
281.27 Rupees

107.89 Rupees

389.17

The above calculations are based on estimated health impact using dose-response function (Ostro, 1996), and it is

explained below.

X 4AH;; = b;(AA;)(Pop;;); where AH;; = change in population risk of health effect i in region j, b;= slope from
dose-response curve for health effect i indicating the expected health effects per unit of PM10, 44;= reduction in
PM10 in region j to reach the safe standard level, Pop;;= population at risk of health effect i in region j.
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Chapter 4: Analyzing the Relationship between Total Waste Generation and
Recycling, and Identifying the Determinants of People’s Recycling Behavior.

4.1 Introduction

The Kathmandu Valley faces the challenge of managing household waste in a
sustainable way. Waste reduction efforts are practiced minimally, and waste recycling is
practiced informally. Some people and households collect recyclable waste (such as paper,
glasses, and plastic bottles) and sell it to scrap dealers as part of their livelihood. Because
of minimum waste reduction, the majority of the total waste is dumped at the Ookharpauwa
landfill site, 27 kilometers away from the Kathmandu Valley. In the past, landfill sites
reached their maximum capacity before their estimated life, and municipalities faced the
challenge of finding an alternative site. The waste is dumped in open air at the landfill site
and it poses a threat to public health in neighboring communities. Therefore, people always
tend to avoid locations near landfill sites to reside and oppose building new landfill sites in
close proximity to their house. In this chapter, I aim to provide policy recommendations
for promoting waste reduction through recycling and hence alleviate the issue of short-life

landfill sites.

| analyze the relationship between the total waste generation and people’s recycling
behavior, and identify the determinants of people’s recycling behavior. The key
explanatory variables that determine people’s recycling behavior are the existing recycling
provisions, Social capital, and people’s attitude towards waste segregation and other

complementary behavior.

This study uses a different approach in formulating the theoretical model based on
the conventional waste disposal pricing system used in the Kathmandu Valley (with flat
fee for waste collection irrespective of weight or volume of the waste). The majority of
studies use unit-based pricing methods, in which the price of waste collection depends on
the weight or volume of the waste and the unit-based pricing promotes recycling as it gives
people the price-incentive to reduce their waste. The municipalities in the Kathmandu
Valley use a fixed monthly waste collection fee and we do not expect to have price
incentive on recycling behavior. Household sell recyclable waste to the scrap dealers and

| incorporate it in the modeling, which is unique to this study. The price received from the
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recyclable waste can be an important incentive to promote recycling. However, | lack the
information on the price received for recyclable waste. The contribution of this dissertation
is in building a theoretical model that replicates unique features of Kathmandu valley’s

informal recycling market, and provide relevant policy recommendations.

In the Kathmandu Valley, the majority of the waste (i.e., about 65 percent) is
biodegradable waste. | find that people who compost are also more likely to recycle in
comparison to those who do not. Therefore, composting behavior works as a
complementary behavior to recycling. Municipalities may promote recycling by bundling
its offers along with the existing offer of providing composting bins at a subsidized price.
Information regarding recycling method and social capital through sanitation related
organizational membership also increases recycling. Institutional regulation not only avoid
the haphazard waste disposal but also increase recycling. People’s caste membership also
seem to influence their recycling behavior as those who faced past social discrimination

are less likely to recycle in comparison to other caste groups.
4.2 Literature Review

Two approaches have been used to build the theoretical model regarding people’s
recycling behavior: a) The time allocation model based on Becker’s household production
function and Lancaster’s consumer theory (Becker, 1965; Lancaster 1966), and b) solid
waste generation demand proposed by Pollak and Wachter (1975), who allowed time to be
an input for household production and an entity, in itself, to produce utility for an

individual.

The majority of studies have shown the inter-dependence between total waste
generation and recycling. Recycling effort has been measured as: a) the quantity of
recycled waste, and b) a binary variable representing whether people recycle or not.
People’s recycling effort is modeled as endogenous as well as exogenous variable. For
example, Hong (1999) and Hong and Adams (1999) analyzed people’s recycling effort
with the total waste generation as an endogenous variable. On the other hand, Callan and
Thomas (2006) represented that the demand for recycling is determined within the model

of the demand for waste disposal. The authors found that the change in the waste collection
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fee does not have a significant impact on the combination of illegal disposal and source-

reduction activities.

Exogenous policy instruments have been found to be significant determinants of
people’s recycling behavior. Some of those variables that determine a household’s waste
disposal service demand are: mandatory recycling, deposit-refund scheme, waste
collection fee, waste collection frequency, distance from one’s house to the waste disposal
site, and household income (Wertz, 1976; Kinnaman and Fullerton, 2000). Waste
collection fee works as an exogenous variable inasmuch households recycle more waste
when the waste collection fee per unit weight or volume of the disposed waste increases
(Jenkins, 1993; Morris and Holthausen, 1994). This relationship between waste collection
fee and recycling effort represents the impact of price incentive of unit-based pricing
structure on people’s recycling behavior. Sidique et al. (2010) found that having a
mandatory recycling policy and increasing public awareness through recycling education
are effective tools then lead to an increase in recycling. The authors also found that the
curbside recycling and drop-off centers complement each other and together they increase
recycling. On the other hand, curbside recycling and deposit refund scheme are substitute
programs as communities with deposit-refund scheme are 18 percent less likely to

implement curbside recycling (Kinnaman and Fullerton, 2000).

Studies have identified that unit-based pricing® is a significant incentive for people
to increase their recycling effort. However, the demand for waste collection service is not
reduced significantly (Hong et al., 1993). Hong (1999) found that as the household’s
recycling rate increases, the total waste generation increases since the household reduces
its source-reduction effort. On the other hand, the quantity of recyclables increases as the
total waste generation increases (Hong, 1999). Sidique et al. (2010) also finds that variable

pricing® of waste disposal increases the rate of recycling. Similarly, Kinnaman and

%5 In the unit-based pricing, the household solid waste collection fee is based on number of bags of waste or volume of
the waste disposed. In this pricing system, people have a price incentive to recycle their household waste so as to reduce
the unit or volume of the total waste disposed. In this system, people also tend to reduce total waste generation through
source-reduction effort.

% In the Variable pricing system, waste collection fee varies over the volume of waste as well as among different
blocks/communities.
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Fullerton (2000) found that with every $10 increase in tipping fee®’ the likelihood of

implementing curbside recycling increases by 7.8 percent.

In our context, the waste collection fee is not based on weight or units like in the
unit-based pricing. Kathmandu Valley residents pay a fixed waste collection fee based on
conventional waste disposal method®® and they also sell their recyclable waste to the scrap
dealers. The few studies that have discussed such scenario have found that such fee
structure does not give any incentive to recycling (Morris and Holthausen, 1994; Hong,
1993). However, if households sell the recyclable waste, an increase in such price
encourages households to recycle more (Morris and Holthausen, 1994). Among the debate
of finding the pricing structure that gives the highest incentives for recycling, Kinnaman
and Fullerton (1995) favor a deposit-refund system that allows taxing illicit burning and

dumping as well.

Bigger family size and higher income has significant positive effects on total waste
generation (Hong, 1999). An increase in education level has a significant positive effect on
recycling, whereas increase in opportunity cost of time, represented by income, has a
significantly negative effect on people’s recycling behavior (Hong, 1999). In the unit-based
pricing system, an increase in waste collection fee positively affects recycling and does not

have any effect on total waste generation (Hong, 1999).

Another way to analyze people’s recycling behavior is by using theory of planned
behavior (TPB) and identity theory. Self-identify dimension can be addition to the theory
of planned behavior to identify one’s repeated behavior such as recycling. For example,
attitude is a variable of classic TPB (Mannetti et al., 2004). Hornik et al. (1995) group
consumer recycling behavior into four theoretical groups — intrinsic and extrinsic incentive,
and internal and external facilitator®®. Knowledge and commitment of recycling is the

internal facilitator, the strongest determinant of recycling behavior. The authors identify

57 Tipping fee is also based on volume of waste disposed and hence the effect can be interpreted similar to that of unit-
based pricing.

%8 In conventional waste disposal method, waste collection fee is fixed, irrespective of the unit or volume of waste. The
fixed waste collection fee varies over communities.

59 Intrinsic incentives include locus of control, personal satisfaction in avoiding waste and practicing recycling; extrinsic
incentives are monetary rewards for practicing recycling, social influence and commitment to recycling; internal
facilitators are the cognitive variables that enable an individual to recycle, knowledge and awareness of recycling;
external facilitator are time, money and effort required for recycling and these factors can act as barriers as well.
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the frequency of collection as the external facilitator that significantly determines recycling

behavior. The other factors than can sustain recycling are perceived satisfaction,

commitment and locus of control. Schultz et al, (1995) found that environmental concern

relates to recycling when recycling requires high degree of effort. Situational variables

such as public commitment, normative influence, goal setting, removing barriers,

providing rewards, and feedback significantly increase recycling behavior.

4.3

Research Question: The objective of this study is to identify the determinants of

people’s recycling behavior.

4.3.1 Hypothesis

4.4

1)

2)

3)

4)

Recycling provision: Given there are recycling provisions available from
municipalities, households are encouraged to recycle more waste. Recycling
provisions are represented by institutional regulations, waste collection frequency
and distance from one’s household to the waste collection point. I expect that
people with better recycling provisions are more likely to recycle.

Social capital: Having an environmental awareness through community
organizations and building social capital will induce people to recycle more waste
due to positive peer pressure. | expect that people with such social capital are more
likely to recycle in comparison to those without social capital and knowledge of
recycling.

Attitude: People with a positive attitude towards the process of recycling (for
example, waste segregation) are expected to recycle more. Similarly, people with
positive environmental attitude are expected to recycle more.

Substitute or complement behavior: In household production function, time spent
for waste management related activities includes both recycling and composting.
Composting can be a substitute or complement behavior to recycling behavior
(Sidique et al., 2010).

Theoretical Model

The theoretical model of this paper is based on household production function

framework introduced by Becker (1965) and revised by Pollak and Wachter (1975). This
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model also follows Hong (1999) and Morris and Holthausen (1994). According to Becker’s
household production function, an individual combines the market goods and time to
produce a commodity. An individual maximizes his/her utility with the commodity
produced; time and market goods are only the inputs into the production of the
commodities (Becker, 1965). Pollak and Wachter (1975) revise the household production
function where time is not only an input for commodity production but also a direct source

of utility

According to the household production function, an individual household uses
market good and time to produce household commodities and also allocate time for
recycling waste, which is the byproduct of the household production process. Household’s

utility function is represented as,
U=UXT,Ts), Ux>0,Ur >0,Ur, <0 (1)

Where X is the composite market good, T, is the time spent for producing household

commaodity and T is the time spent recycling waste.
The budget constraint is given as,
X—pr+K=wT,, +N (2)

In equation (2), the price of composite market good is normalized to 1, p is the per-unit
price of the recyclable waste household receives from selling it, r is the quantity of
recyclable waste sold, K represents a fixed fee for solid waste collection service using a
conventional disposal method®. On the right-hand side of the budget constraint, the total
income represents labor income for working T,,working hours with wage w; and the non-

labor income, N.
Time constraint is represented as,

8 The Kathmandu valley uses a conventional disposal method where solid waste management fee is a flat fee that
varies among communities and the fee does not depend on the unit or volume of waste unlike in unit-based pricing.
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Following Becker’s Household production function, the total time is allocated for
producing household commodities, managing household waste through segregation and
recycling, and working. Households generate solid waste, which is the by-product of
household production. The technology of total waste generation and the household

production is given as,
g = 0X; 0<6<1 4)

Where g represents the total waste generation and 6 is the waste transformation coefficient.
The magnitude of 8 depends on producer’s packaging and household’s source reduction
effort. We do not have any control over firm’s packaging effort and we focus on

household’s source-reduction effort and its impact.
The technology of household recycling is given as,
r=R(g,Ts); Ry >0,Rr, >0 (5)

Where r is the quantity of recyclables. Given an effort for household recycling, the
quantity of recyclables increases as the total waste generation increases. Given a stock of

total solid waste, quantity of recyclables increases as the effort of recycling increases.
Combining all constraint, we get the total budget constraint,
M=wl+N=X—-pr+K+wTl, +wTs (6)

Where M is the full income. The household maximizes the utility, given the constraints,

with respect to X, T, and Ts. The corresponding lagrangian is given as,
L=UXT,Ts) + AMM — X +pr— K —wT, —wT) (7)

After solving the utility maximization problem given above, we derive the optimal

solutions for demand functions T as given below.
TS* = TS(Nr K;pr W; 9)

Based on the above solutions, the total waste generation and recyclable supply are derived
from constraint (4) and (5). Optimal demand for waste collection service and recycling

service is given as,
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r*=R(N,K,p,w,0,9) €)
g =R(N,K,p,w,0) 9
45  Empirical Model

To represent the relationship between recycling and total waste generation, we use
a system of structural equations given in equation (8) and (9). Based on the theoretical
model outlined above, people’s recycling behavior depends on exogenous variables such
as non-labor income and fixed monthly waste collection fee. The total waste generation is
an endogenous variable that determines people’s recycling effort and behavior. The
dependent variable is a dummy variable which equals 1 if household sells recyclable waste
to the scrap dealer and O otherwise. As the recycling is practices informally, household
selling the recyclable waste is taken as a proxy to their recycling behavior. The price
received from selling the recyclable waste encourages people to recycle more and we
expect a positive sign for this variable. Unlike the unit-based pricing system, increase in
monthly fixed fee for waste collection may not induce people to recycle more as the price
does not depend on the weight or volume of the waste. | expect that monthly fee may not
have any significant impact on people’s recycling behavior. Instead of wage we use
monthly income to represent the effect of labor income on people’s recycling behavior.
The income represents opportunity cost of time and hence higher income people are
expected to recycle less. The reaction function of recyclable supply derived from (5) also

includes household’s characteristics A, and the recyclable supply function is given as,
r*=R(N,K,p,w,8,g;A) (8"

We represent the simultaneous equation model where household’s recycling effort and
behavior depends on the total waste generation and the total waste generation depends on
income and family size, fixed waste collection fee. The total waste generation is

represented in log-linear form.
r=ag+ aylng + a,p + azReCpropision + AaS0Ccqpirar + Asattitude + agA + ¢ (9)

Ing = By + ByInincome + f,Family;,, + B,Fee +v (10)
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Where Ing represents log of total waste generation, p is the price received from selling
recyclable waste. Factors that encourage recycling is: Rec_provision that represents
recycling provision variables such as waste collection frequency, institutional regulation
and distance from one’s household to the waste collection point. Social capital represented
by soc_capital is a variable that creates public awareness regarding recycling such as
recycling information, participation and membership to sanitation related organization.
Another important variable that impact people’s recycling behavior is people’s attitude
towards recycling and waste segregation. | expect a;, as;and a, are positively related to
people’s recycling behavior. As the dependent variable is a binary variable, I use Probit
model to estimate effect of different variables on people’s recycling behavior. I check for
endogeneity and found that the total waste generation does not endogenously determine

recycling. Hence the simultaneous equation model is not used.
4.6 Data and Descriptive Statistics

This study uses the primary data from a household survey conducted in 2012. In
the Kathmandu Valley, recycling is practiced informally. Household’s recycling behavior
is the dependent variable and it is represented using a dummy variable which is equal to 1
if household sells recyclable waste to the scrap dealer and 0 otherwise®®. According to
Table 4.1, about 51 percent households recycle waste and sell it to the scrap dealer. The
average household representative is 35 years old with an income of 34,127 Nepalese
Rupees per month. Average households generate 5.8 kilogram total waste per week.
Regarding institutional regulation, about 48 percent households have municipality’s notice
boards that impose institutional regulation regarding haphazard waste disposal. About 29
percent respondents have participated and been a member of the sanitation related
organizations and 26 percent of households have a community waste management
program. Those variables represent social capital in result estimation. About 33 percent
households have a vegetable garden (“kitchen garden”) and 12 percent of households
practice composting. On average, people need to walk 1.12 minutes to dispose their waste

from their household to the waste collection point. Waste is collected 4.12 times per week

61 To be more specific, recycle =1 if household sold recyclable waste in past six months of the interview date (i.e., June
2012) and, 0 otherwise.104
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and household pay 56.39 Nepalese rupees per month for the waste collection service. About
61 percent respondents have completed 10" grade. Majority of the respondents (i.e, 50

percent of respondents) are Newar and 34 percent respondents are Brahman and Chhetris.
4.7 Results

According to Table 4.2, when the total waste generation increases people tend to
increase recycling as given by a significant positive association of variable log(totalWaste)
with recycling. This result is consistent with Hong (1999). Table 4.2 also suggests the
existence of a causal relationship of household’s recycling behavior with four key variables
of interest: recycling provision, social capital, complement behavior, and attitude. Table
4.2 includes the results for three models. Model 1 includes a waste generation variable and
two key explanatory variables; model 2 includes all the key explanatory variables but

excludes demographic variables; and the model 3 includes all relevant variables.

The effect of recycling provision on people’s recycling behavior is estimated using
three variables - Institutional regulation (IR), distance to waste disposal site (distance) and
frequency of waste collection (frequency). Variables that represent social capital are
membership participation with sanitation and environment related organization
(participation_membership), and access to recycling information (recycling_inf).
Variables representing complimentary behavior to recycling are — using a vegetable garden

or a kitchen garden (kitchenGarden), and practicing composting (compost).

Having a better recycling provisions usually encourage people to recycle more. For
example, institutional regulations are enforced to avoid haphazard waste disposal and
people tend to sell the recyclable waste. As shown in Table 4.2, the institutional regulation
has a consistently positive effect on recycling through model 1 to 3. Having to walk long
distance from one’s house to the waste disposal site discourage people to recycle as the
long distance may create inconvenience as well as increase the opportunity cost of walking
time. Frequency of collection, however, does not have any effect on household’s recycling

behavior.

Institutional regulation enforces people to avoid haphazard waste disposal and

people tend to sell more recyclable waste. Recycling seems to be an alternative method of

103



managing waste which would otherwise be disposed haphazardly. Therefore, the
institutional regulation has a positive effect on recycling. Having to walk longer distances
from one’s house to the waste disposal site discourages recycling as the long distance may
inconvenience people as well as increase the opportunity cost of walking time. Frequency
of collection, however, does not have any effect on household’s recycling behavior. The
waste collection service does not collect recyclable waste separately; selling the recyclable
waste to scrap dealers are people’s personal decision and hence waste collection frequency

does not influence their recycling behavior.

Social capital of having membership to sanitation related organization has
consistently significant positive effect on recycling through model 1 to 3. The knowledge
of recycling, however has significantly positive effect on recycling in model 1 and 2; and
positive but insignificant effect after accounting for people’s demographic characteristics
in model 3. People who compost are significantly more likely to recycle as well. Similarly,
people with a kitchen garden are more likely to recycle than those without it. Having a
negative attitude towards recycling related activity such as waste segregation negatively
affects people’s recycling behavior. People with above SLC education (i.e., above 10"
grade) are more likely to recycle as they could have a higher understanding of the
environmental benefits of recycling. Monthly fee for waste collection does not have any
effect on recycling behavior. The fixed monthly fee does not provide price incentive for
recycling unlike the unit-based pricing. Respondent’s age do not have any effect on
household’s recycling behavior. Household income has a significantly positive relationship
with household’s recycling behavior, but the magnitude is small. When one’s income
increases they are more likely to recycle waste. Brahman Chhetri, Newar and Janajati are
more likely to recycle waste in comparison to the caste group who faced discrimination in

the past (i.e., Madheshi, Dalit and other caste groups).

Table 4.3 presents the marginal effect of the probit model for household’s recycling
behavior, with 1 representing households sell recyclable waste and 0 otherwise. When the
total waste generation increases by 1 kilogram per households, those households are likely
to increase recycling by 8 to 9.8 percent. When | include other demographic variables in

model 2 and 3, the effect of waste generation remains consistently significant. Having an
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institution regulation that controls haphazard waste disposal increases the probability of
household recycling by 7.8 to 9.5 percent. People dislike walking long distance to dispose
their household waste and it has negative effect on their recycling behavior. When an
individual walks 1 minute more to dispose household waste, his/her probability of
recycling decrease by 1.3 to 1.7 percent. As given in model 1 and 2 of Table 4.3, if
respondent or anyone in the family is a member of a sanitation related organization, they
are 5.7 to 10.9 percent significantly more likely to recycle. If a household compost
biodegradable household waste, their probability of recycling is 11.8 to 12.5 percent more
than those who do not compost. Hence, composting is a complimentary behavior to
recycling in this study. People who use kitchen garden are 4.8 to 4.9 percent more likely to
recycle in comparison to those who do not have kitchen garden. Having a negative attitude
towards waste segregation reduces recycling. For example, people who dislike waste
segregation are 5.2 to 5.8 percent less likely to recycle in comparison to those who like
segregating waste. Educated people also recycle more waste, which signifies the positive
effect of knowledge and environmental awareness that induce them to recycle more. In
comparison to people with below 10" grade education, people with above 10" grade
education are 11.1 percent more likely to recycle. People’s caste has a significant impact
on their recycling behavior. In comparison to Madheshi, Dalit and other cate groups,
Brahman Chhetris are 11.3 percent more likely to recycle, Newars are 14.6 percent more

likely to recycle and Janajati are 17.7 percent more likely to recycle.

According to the Wald test conducted in Table 4.4, there is no endogeneity in the
model and hence the IV-Probit model is not required. However, I ran the I\VV-Probit model,
with total_waste as the endogeneous variables, and income household size and monthly

waste collection fee as the instrument variables to test for the Wald test of exogeneity.
4.8  Discussion and Conclusion

Waste reduction at the source of generation is a sustainable way of managing the
Kathmandu Valley’s household waste. The standard three methods of minimizing waste
are: reduce, reuse and recycle. In the Kathmandu valley, people practice informal recycling
by selling the recyclable waste to the scrap dealers. Some households also reuse some of

the recyclable waste such as plastic bottles and bins. Some households, however, burn
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paper and plastic in their back yard which emits carcinogenic gas and pose threat to public
health. Recycling is a safe way to minimize waste and it will increase the life of landfill
sites. In the past, many landfill sites filled up much earlier than its estimated life and finding
an alternative landfill site has been a challenge to municipalities as people have ‘Not in My
Backyard (NIMBY)’ attitude. In this study, I use people’s behavior of selling the recyclable
waste as a proxy of recycling behavior and identify its causal relationship with recycling
provisions, social capital, composting behavior, people’s attitude towards waste

segregation, and other demographic characteristics.

Previous studies have found inter-dependence between total waste generation and
recycling. People’s recycling effort is modeled as endogenous as well as exogenous
variable. | accounted for such possible interrelationship in my theoretical model; total
waste generation is assumed to endogenously determine people’s recycling behavior. The
Wald test of exogeneity, however, proved that the model did not have endogeneity effect
(and the results are estimated using Probit model, rather than IV-Probit model). The
relationship between total waste generation and recycling is significantly positive. People
who generate more waste are more likely to recycle; this result is consistent with the
findings of Hong (1999). Hong (1999) also found that when household’s recycling rate
increases, total waste generation increases as the households reduce their waste reduction

effort at the source.

This study directly addresses the real problem of waste minimization in the
Kathmandu Valley by representing the conventional disposal method (existing pricing
system in the valley) in theory and estimation. The findings of this study are different from
previous studies that use unit-based pricing system. The majority of the existing literature
identifies unit-based pricing as an important incentive to promote recycling (Jenkins, 1993;
Morris and Holthausen, 1994). This study, however, did not find any significant effect of
pricing as the waste collection fee is not based on unit, weight or volume. Based on my
findings, the important determinants of household’s recycling behavior are people’s
knowledge of recycling, positive peer pressure through social capital, institutional

regulation, their complementary behaviors, and attitude towards waste segregation. My
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findings are rather more similar to that of theory of planned behavior even though | do not
apply this theory in building the model of the paper.

The theoretical model in this study incorporates the monetary benefits received
from selling the recyclable waste. | expect to find an important policy implication i.e., the
price received on sold recyclable waste can be a significant price incentive to promote
recycling. However, the limitation comes with the lack of data of price received on sold
recyclable waste. In future, | aim to use secondary data or a proxy to represent this price,

and provide the policy implication of promoting recycling.
4.9  Policy Recommendation

As a policy implication based on my findings, municipalities can implement and
enforce institutional regulations that will not only avoid haphazard waste disposal but also
increase recycling. Local authorities can take an initiative to establish sanitation and
environment related organizations at community level and involve more people in such
organizations. People who compost their household waste are significantly more likely to
recycle. Municipalities are promoting household composting by providing composting bins
at the subsidized price. As a policy implication, municipalities can promote recycling along
with composting to the same individuals who have already been practicing composting.
Municipalities can also promote recycling to new households by providing a
complementary offer with the subsidized composting bins and equipment. Increasing
public awareness regarding recycling method can also boost recycling as recycling

information has significantly positive relation with recycling behavior.
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Table 4.1 Descriptive Statistics of the Variables of Interest
Variable Definition Mean  Std. Dev. Min Max
Dummy for household's recycling behavior - 1 if

recycle household recycles, 0 otherwise. 0.51 0.50 0 1

totalwaste T(_)tal waste generation per household per week in 5 80 414 1 50
Kilogram.

. . Institutional regulation - 1 if community has notice board

Institutional Regulation about the rules of haphazard waste disposal, 0 otherwise. 0.48 0.50 0 1

distance Walking dlstancg in minutes from respondent's house to 112 291 0 30
the waste collection point.

frequency Frequency of waste collection per week. 4.12 3.70 0 21
1 if respondent or any other family member has

Participation_membership participated in and is a member of environment and 0.29 0.45 0 1
sanitation related organization, O otherwise.

recycling_inf 1if re§pondent has access to information regarding 0.87 0.34 0 1
recycling method, O otherwise.

compost 1 if household practice composting, 0 otherwise 0.12 0.33 0 1

KitchenGarden 1 |_f respondent owns a vegetable garden at their 033 0.47 0 1
residence, 0 otherwise

notlikeSeg 1 if respondent do not like to segregate waste, 0 otherwise  0.38 0.49 0 1

aboveSLC Dummy for respondent's ed_ucatlon level, 1 if education 061 0.49 0 1
above 10th grade, 0 otherwise

monthlyfee M(_)nthly Fee_for solid waste C(_)I_Iectlon service; fixed for 56.39 88.61 0 600
units and varies over communities

age Age of the respondent 35.97 13.41 18 86

income Household's monthly income in Nepalese Rupees 34,127.76 157,646.70 1,000.00 5,000,000.C

Familysize Family size 4.73 2.15 0 21

Caste

Janajati Janajati 0.10 0.31 0 1

Brahman Chhetri Brahman and Chhetri 0.34 0.47 0 1

Newar Newar 0.50 0.50 0 1

MD_DT_other Madheshi, Dalit and Other 0.05 0.22 0 1

N 1113.00

We use a proxy variable for representing household's recycling behavior. If household sold recyclable waste within past six months
the interview date, recycle=1, 0 otherwise.
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Table 4.2: Probit Model for Household's Recycling Behavior

Recycling

Attit Comple Social

Provision

ment Capital

ude

Model 1 Model 2 Model 3
Dependent variable: recycle
Log(totalwaste) 0.256%** (3.73) 0.262%*** (3.71)  0.220%*** (2.89)
Institutional Regulation 0.226*** (2.76)  0.253*** (3.04) 0.213** (2.48)
distance -0.0453**  (-2.46) -0.0447**  (-2.42) -0.0389**  (-2.03)
frequency -0.0111 (-1.06) -0.00672 (-0.64) -0.00549 (-0.48)
participation_membership 0.287%*** (3.17) 0.268*** (2.94) 0.157° (1.64)
recycling_inf 0.337%** (2.79) 0.284** (2.25) 0.188 (1.48)
compost 0.332%** (2.82) 0.321*** (2.59)
kitchenGarden 0.127° (1.64) 0.134* (1.65)
notlikeSeg -0.156** (-2.02) -0.142* (-1.81)
aboveSLC 0.303%** (2.99)
Monthlyfee/100 -0.00528 (-0.10)
age 0.00219 (0.14)
Age’2 -0.00011 (-0.61)
income/10000 0.0598* (1.65)
(income/10000)"2 -0.00205 (-1.26)
Reference Caste: Janajati
Brahman Chhetri -0.174 (-1.21)
Newar -0.0858 (-0.58)
Madheshi, Dalit and Other -0.482** (-2.13)
_cons -0.771%** (-4.54) -0.781*** (-4.47) -0.712** (-2.03)
N 1113 1113 1113
log_likelihood -740.9 -732.3 -715.2
chi-squared 67.17 90.31 128.2
AIC 1495.8 1484.6 1468.3

*p<0.1 ** p<0.05 *** p<0.01

t statistics in parentheses; a= significance at 10.1 %
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Table 4.3: Marginal Effect of the Probit Model for Household’s Recycling Behavior

Dependent variable: Model 1 Model 2 Model 3
recycle
Log(totalwaste) 0.0976***  (3.788)  0.0988***  (3.761)  0.0810***  (2.908)
o Institutional Regulation 0.0864***  (2.790)  0.0952***  (3.076) 0.0784** (2.495)
=.2
%’,% distance -0.0173**  (-2.474) -0.0169**  (-2.436) -0.0143**  (-2.041)
O =
@@ o
frequency -0.00424  (-1.066)  -0.00253  (-0.641)  -0.00202 (-0.484)
= © Participation_membership ~ 0.109*** (3.218) 0.101*** (2.973) 0.05772 (1.643)
S2
a8 recycling_inf 0.129*** (2.817) 0.107** (2.268) 0.0692 (1.484)
c _ compost 0.125*** (2.837) 0.118*** (2.603)
.2
= 5_3 kitchenGarden 0.0480* (1.651) 0.0494* (1.652)
€S
o
O L ol
« notlikeSeg -0.0588**  (-2.031)  -0.0522* (-1.819)
>
<
aboveSLC 0.111*** (3.017)
Monthlyfee/100 -0.00194  (-0.0978)
age -0.00209 (-1.427)
Income/10000 0.0178% (1.640)
Reference Caste: Janajati
Brahman Chhetri -0.0638 (-1.216)
Newar -0.0315 (-0.576)
Madheshi, Dalit and Other -0.177** (-2.139)
Observations 1,113 1,113 1,113

*p<0.1 **p<0.05 *** p<0.01; t-statistics in parenthesis; a= significance at 10.1 %
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Table 4.4: IV-Probit Model for Household's recycling Behavior

Dependent variable: Recycle

Log(totalwaste)

Institutional Regulation
distance

frequency
participation_membership
recycling_inf
kitchenGarden

compost

notlikeSeg

aboveSLC

Monthlyfee/100

age

Agen2

Income/10000
(income/10000)"2
Reference Caste: Janajati
Brahman Chhetri

Newar

Madheshi, Dalit and Others
_cons

athrho
Insigma

N
log_likelihood
chi-squared
AIC

Wald test of Exogeneity (/athrho = 0)

athrho
chi2(1)

Model 1 Model 2 Model 3
0.519%** (2.91)  0.482%** (2.66)  0.674** (1.97)
0.177** (2.15)  0.211%** (2.51)  0.151 (1.56)
-0.0444** (-2.46) -0.0442** (-2.42) -0.0457** (-2.37)
-0.0113 (-1.08) -0.00716 (-0.68) -0.00889 (-0.78)
0.274*** (2.99)  0.258%** (2.79)  0.143 (1.45)
0.317*** (2.67) 0.270** (2.18) 0.184 (1.50)
0.106 (1.35) 0.118 (1.42)
0.353*** (3.04) 0.371%** (2.99)
-0.154** (-1.99) -0.134* (-1.68)
0.259** (2.32)
-0.0463 (-0.77)
-0.00812 (-0.47)
0.000000355 (0.00)
0.006295 (0.12)
-7.22e-12 (-0.57)
-0.196 (-1.39)
-0.0961 (-0.65)
-0.502** (-2.34)
-1.146%%*  (-3.87)  -1.092***  (-3.62)  -1.477%** (-3.50)
-0.162 (-1.56) -0.134 (-1.29) -0.244 (-1.26)
-0.690%**  (-22.93) -0.693***  (-23.13) -0.712%** (-23.86)
1113 1113 1113
-1550.6 -1539.1 -1501.3
59.32 81.09 142.7
3137.1 3126.2 3080.6
-0.162 (-1.56) -0.134 (-1.29) -0.244 (-1.26)
2.45 1.65 1.6

*p<0.1 ** p<0.05 *** p<0.01
t statistics in parentheses; In_totalwaste is the endogenous variable; Family size, income and waste

collection fee are the instrument variables.
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Chapter 5: Concluding Remarks
5.1 Dissertation Summaries

This dissertation has three separate studies, each of which addresses environmental
issues of the Kathmandu Valley. More specifically, | discuss about solid waste
management and air pollution; recycling is also discussion, which is a branch of the solid
waste management itself. The issues are interlinked and hence the provided policy
recommendations are complimentary to improve solid waste management, reduce air

pollution and promote recycling together.

Chapter 2 addresses an emerging issue and a less researched topic i.e., solid waste
management system. Previous studies look at the waste management problem at a macro
scale and focus on municipal waste management. The majority of the municipal waste
generation, however, comes from households. Therefore, I look at individual household’s
waste management choices using a choice experiment survey. The attributes of the choice
experiment is identified using focus group discussions, debriefings, personal interviews,
and a pilot survey. | segregated the sample conducted in all five municipalities into two
groups — core urban and sub-urban residents. The spatial heterogeneity exists for preference
for waste segregation; core urban residents do not like to segregate any waste and sub-
urban residents are willing to segregate two types of waste. This result may represents
difference in people’s opportunity cost of time and occupation. Also, people’s highly
preferred attribute in core urban and sub-urban area is distinctively different. Core urban
residents are willing to pay the most (i.e., 404 Rupees) for community waste management
program and sub-urban residents are willing to pay the most (i.e., 480 Rupees) for
scheduled collection. As a policy implication of this finding, the local authorities can
decentralize the waste management and involve community in waste management
program. The Kathmandu valley residents are willing to trade off frequency with scheduled
collection. Therefore, municipalities can increase scheduled collection and reduce the
collection frequency. Majority of the residents dislike higher fee and like higher collection

frequency. Due to heterogeneously distributed status-quo level attributes, the Alternative
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Specific Constant does not necessarily compare one’s preference for change from worst
(or lowest constant level) to best (better) solid waste management service. Therefore, | do

not include alternative specific constant.

Outdoor air pollution is another important issue of the valley, which | have included
in chapter 3. My research approach in this topic is different from previous studies in this
field in Nepal. Previous studies used pollutant level data and analyzed its health effect. |
look at people’s exposure to pollution based on one’s proximity to source of pollution, time
activity patterns and surrounding environment, and analyze its effect on their health, more
specifically on the probability of experiencing dust allergy, nausea and respiratory
sickness. The sources of pollution used are traffic emission, bio-gas emission from waste
dumping sites, and industrial emission from brick factory and other industries. Road is the
closest source of pollution and its effect is the strongest in people’s health. Based on the
findings, living farther from road and waste dumping site is better for people’s health.
Living closer to a river, however, is better for health as it may represent benefit of aquatic
resource, and greenery and open space around the river. In addition, | estimate the monetary
health benefit of reducing exposure to traffic emission. An average Kathmandu valley
resident saves 389 rupees per month by living 100 meters far from a road from his/her
current residence. Age and occupation has significant health effect. For example, day
laborers, who mostly work outdoor and in close proximity to road, are the most susceptible
to air pollution in comparison to housewives and other employed workers. Adults of up to
36 years are less susceptible in comparison to older adults. As a policy implication of this
study, municipality can strongly enforce emission testing on vehicles that will reduce the
traffic emission. Also, promoting urban foresting can be an important positive change to

reduce the effect of air pollution.

In chapter 4, I analyze the determinants of people’s recycling behavior and relate it
with waste generation pattern. | present a theoretical model that replicates unique pricing
system of the Kathmandu Valley, which is a flat fee (that varies over communities)
irrespective of weight or volume. The model also incorporates the price received from sold
recyclable waste; its effect, however, cannot be estimated due to the lack of price data.

People collect and sell their household recyclable waste to the scrap dealers and it is used
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as a proxy for recycling in this chapter. Unlike many other studies, total waste generation
is not endogenously related to recycling; the recycling, however, significantly increases
with increase in total waste generation. Unlike unit-based pricing, in which recyclable
waste is collected based on its volume or weight, the waste collection fee does not have
any effect on recycling. People’s recycling behavior is positively influenced by
institutional regulations of proper waste disposal method, complementary behavior such as
composting and using vegetable gardening, and social capital of sanitation related
organization. Based on the finding, the policy implication would be to promote recycling
along with an ongoing household composting promotion. Urban gardening is another

important way to promote recycling.

In overall, the findings of all three chapters lead to similar policy implications
which can complement each other. For example, urban foresting and gardening will
promote recycling and also helps to reduce the negative effect of outdoor air pollution.
Community involvement and institutional regulation helps to manage solid waste properly,
avoid haphazard waste disposal and boost recycling. Based on the spatial preference
heterogeneity for waste segregation in core urban and sub-urban area, municipality may

implement different strategies to promote recycling in those areas.
5.2  Future Research

In future, 1 plan to extend some of the existing studies, which have some limitations
at present. For example, the theoretical model in chapter 4 can provide an important policy
implication when | collect primary or secondary data of the price of sold recyclable waste
in households. I expect to find that such price will give households an incentive to increase
recycling similar to that of unit-based pricing system. Unit-based pricing system gives
incentive to reduce waste during waste generation as well. Following are some of the future

studies | aim to carry in collaboration with my dissertation advisors.

1) Estimating bivariate Probit model for recycling and composting behavior. Both
recycling and composting variables are binary. Add composting related variables.

Joint modeling of two behavior (composting and recycling)
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2) Collect emission data from Kathmandu valley’s meteorological stations and
interpolate the emission data. Also, run health estimate with emission data and
source of pollutant as in chapter 3 in dissertation.

3) Collect water quality data from municipality for wards. And then use the waste
quality perception data from our survey. The study will look at water quality-

perception versus reality.
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Appendix A: Details of the Current Solid Waste Management Service in the Kathmandu

Valley

The Kathmandu Valley is made up of three districts: Kathmandu, Lalitpur and Bhaktpur. These
three districts consist of five municipalities: Kathmandu and Kirtipur municipalities in
Kathmandu district; Lalitpur municipality in Lalitpur district; and Bhaktpur and Thimi
municipalities in Bhaktpur district. The following information is based on personal interviews
with the then solid waste management department personnel in all three municipalities of the
Kathmandu Valley.

a) Kathmandu Municipality: In June 2012, I conducted a personal interview with the
Kathmandu municipality’s solid waste management officer Ram Krishna Karki and
community mobilization unit officer Raja Ram Shrestha (at the Environment Department of
the Kathmandu municipality). The municipality of Kathmandu has 35 wards®? and each ward

has about 20 employees devoted to waste management.

The Kathmandu municipality privatized the waste collection service in 2001 and it lasted until
2003 when the municipality’s employees opposed the privatization. During the privatization
of the waste collection service, for the first three months the private waste collectors offered
waste management membership that offers regular waste collection with certain monthly fee
to the residents of 1, 2, and 24 ward and transported collected waste to the transfer station in
Teku.

Kathmandu municipality did not and still does not collect waste at the household level.
However, the sweepers clean and collect the street waste, which is picked up by small
collection trucks and transported to the waste transfer station at Teku. The street waste is
generated by business firms, produce street markets, and other stores. After the reversal of the
privatization, household waste is now picked up by small and large-scale waste collection
contractors. In 2012, 36 contractors were involved in the door-to-door waste collection service.
Each small-scale waste collector picked up the waste from 50 to 60 households, and dumped

the waste at transfer stations. The large-scale contractors collected waste from 500 to 600

62 Ward is the smallest administrative unit in Nepal.
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households and transferred it to the landfill site, using rented trucks from the municipality (at

a rate of 2000 rupees per truck per day).

Kathmandu municipality has two departments for waste management related work i.e., solid
waste management unit and the community mobilization unit. The Community Mobilization
Unit (CMU) is a specific branch in the Environment Department of Kathmandu municipality
that has the responsibility of raising public awareness. CMU promotes awareness about waste
reduction at the source by providing composting equipment at a subsidized rate. For example,
in 2002, CMU started providing composting bins, and other necessary equipment like nets and
spoons at a subsidized price of 1500 rupees per bin (the non-subsidized price was around 1800
rupees). Those composting bins have 100 liter capacity, and a bin is filled up in about 3 months
at the rate of 1 kg of biodegradable waste per day. In between 2002 and 2012, about 6000
composting bins were sold. The Japan International Corporation Agency (JICA) provided 500
composting bins to ward number 21 at a rate of 500 rupees per bin. CMU is also operating

community recycling centers (CRC) in coordination with local community organizations.

CMU is involved in public announcement campaigns to promote proper waste disposal rules
through TV, radio, flyers, and loud speakers. For example, municipality promotes waste
management rules in its own radio channel called Metro FM and broadcast a daily TV program
called ‘Hamro Kathmandu’ in Nepal Television. In addition, CMU conducted a week long
Special Sanitation Program in April 4-7, 2012 to create public awareness about proper waste
disposal methods. Kathmandu municipality plans to conduct different programs in ward
number 21 to represent this community as an exemplary model of a solid waste management;

ward number 21 has a recycling plant that buys plastic bags and sells fabric-made bags.

b) Thimi Municipality: Thimi is one of two municipalities in Bhaktpur district. It is 11.47
square kilometer in area and is divided into 17 wards. The municipality collects waste from
public places such as bus parks and streets. About 17 sweepers clean roads and streets in the
community. Private organizations collect household waste using door-to-door collection.
Those private organizations are of four types: community based organizations, female group,
mother's group, and community improvement committee. Currently, 19 community based
organizations are operating and each group has 20 to 25 women. Such community

organizations (specifically women’s group) are also involved in development related
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community works such as women's rights, child development, and skill development
programs. The municipality itself and some of the community organizations occasionally

collect haphazardly disposed waste.

Thimi municipality previously ran a composting plant, and promotes household
composting. However, the plant stopped operating due to some technical problems and low
demand. Currently, the municipality is operating a biogas plant. For managing plastic waste,
the municipality distributes needles to households to store plastic. The municipality raises
public awareness through community programs, exhibition, mass communication, and local
newspaper. It also broadcasts a radio program called 'Madhyapur Thimi, our property' which
is aired every Thursday 7 pm to 8 pm. The municipality provides training to community
organization volunteers and operates some public awareness program within schools. The
municipality spends 3.6 million out of 160 million municipal budget on waste management.
Municipality has a strategy of 'no container at all' as they find that regular management of

container is not effective.

c) Lalitpur Municipality: Lalitpur municipality collects household waste from core urban
area and private contractors collect waste from the sub-urban area. Currently, 14 private
organizations (contractors) are involved in waste collection in sub-urban area. There are 73
routes for street sweeping and waste collection. Previously, there were 32 waste collection
points where households would dump waste on the street and the municipality would pick it
up from there later. Due to many disamenities associated with such collection points, the

municipality got rid of them.

Some organizations have studied the waste management system in Lalitpur municipality and
provided some policy recommendations. For example, Japan International Corporation
Agency (JICA) has prepared a 10-year action plan for 2005 to 2015, and is policy
recommendations are: 1) improvement of collection and transportation; 2) promotion of waste
minimization; 3) improvement of final disposal system; and 4) promotion of public
participation and behavior change. In 2009, Korean International Cooperation Agency
(KOICA) prepared a report and identified the three most important factors of improvement: 1)

waste sanitation; 2) urban traffic; and 3) waste management. The municipality does not charge
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any fee for waste collection. Private organizations, however, charge 100 to 300 rupees per

month for waste collection service.

The municipality operates 2 composting plants. For example, Nepse Mac is operating a
three-ton-capacity composting plant and Women's Environment Preservation Committee
(WEPCO) is operating a lone-ton-capacity capacity composting plant. WEPCO works on
producing biogas and other environmental activities too. Lalitpur municipality spends 60

million on waste management, which is 50 percent of the total municipal budget.
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Appendix B: Details of Choice Experiment

Table B1. list of selected clusters

Sample size  Sample

District Municipality Sample cluster/wards oer ward Size
Bhaktour Bhaktpur 11,7,1,4,2,15,14 20 140
P Thimi 4,39,12,7,14 20 120
1,2,3,4,6,7,8,9,10,12,13,14,15,16,17,19
Kathmandu ~ Katmandu 5392 26,27,28,29,30,31,32,33,34,35 20 560
Kritipur 12,1,16,9,13,17 20 120
Lalitpur Lalitpur 15,7,12,5,13,18,19,21,17,14,10,11,19 20 260
Total _ 1.200
Sample size
Table B2. Sample Design step-by-step process
Steps Description
1 5 municipalities of Kathmandu valley are considered the strata of the sample.

Each Municipality is a strata based on stratified sampling principle.

3 Sample size_for egch_ strata is selected using the probability proportional to size
(PPS) sampling principle.

4 Wards from each strata are randomly selected (using random sampling).

5 From the selected wards, household is identified using Right-Hand-Rule technique.

6 18 or older household representative is interviewed
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Table B3. The factors suggested by survey respondents that are required to improve the
existing solid waste management system

Factors suggested for improving the existing solid waste management

service. frequency
Regular waste collection 23

Public awareness program 22
Haphazard waste disposal 15
Municipality should be active 13

Waste collection bin 11
Self-active, waste segregation (self) 10

Waste management policy 7

Scheduled pickup

Waste management process should be good
Fee(high/less/free)

Waste collection point

Pollution

P NN W

Source: Pretest 1 of solid waste management survey, 2012

Table B4. Log-likelihood values for different Halton draws in Mixed logit model
Log-likelihood values

Halton Draws Pooled Core-urban Sub-urban
500 -3571.8 -2794.4 -764
1000 -3567.9 -2792.2 -761.7
5000 -3566.9 -2794.3 -764.6
6000 -3567.2 -764.4
10000 -3567.7 -2794 -763.4
12000 -3566.7 -2794.3 -763.7
13000 -3567.6 -2793.8 -764.1
14000 -3566.6 -2793.3 -763.6
15000 -3566.7 -2793.8 -763.7
16000 -3567.2 -2793.9 -764.3
17000 -3567.1 -2793.8 -764.1
18000 -3567 -2793.2 -763.7
20000 -3566.6 -2793.1 -763.9
25000 -3567.2 -2793.8 -763.9
30000 -3566.6 -2793.8 -763.9
35000 -3567.2 -2793.8 -764.0
40000 -3566.4 -2794.0 -764.0
50000 -3567.4 -2793.9 -763.8
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Appendix C: Details of Survey Administration process and sampling design
Survey Administration

Before conducting the survey, | received approval of conducting survey that
involves people i.e., human subject research under the expedited review category from
University of New Mexico’s Office of Internal Review Board (OIRB). We asked people
about their socioeconomics characteristics and we received verbal consent for them for
asking such questions. During the survey preparation, Kathmandu Valley’s municipality
officials gave me important information regarding existing provisions of the solid waste
management services in different municipalities. Therefore, | thank all five municipalities’
officials for helping me to review survey questionnaire with the given information. I also
thank the survey field supervisor, Ram Pokharel, and all the enumerators and data entry
operators for helping me to successfully complete the household survey. The household
survey is financially supported by Nepal study Center’s research assistantship savings,
University of New Mexico (UNM) — Office of Graduate Studies’ the Graduate Student
Supplement Award, and University of New Mexico — Department of Economics’ Stuart
award.

In preparation for conducting the household survey, we conducted other tasks such as
personal interviews with municipality personnel, debriefs with volunteer respondents,
focus-group discussions with household representatives, and a household pilot survey.
These activities helped review and finalize the survey questionnaire. The focus-group
discussions and personal interviews helped identify the most important characteristics of
the solid waste management system in Kathmandu Valley. Some of the waste management
attributes (community waste management program and collection type) were changed
based on the feedback obtained from local residents. In the debriefing, the importance for
improving those attributes were discussed with volunteer respondents. The step-by-step
phases of the survey administration process are presented in Table C1

Survey Protocol

The survey protocol included: Expert interview, Focus-group discussion,
debriefing, first pilot survey, debriefing, second pilot survey, and the final survey.

To identify the existing provision on solid waste management in the Kathmandu
Valley, municipality personnel, ward office personnel and other experts were interviewed.
Such personal interview gave some insight about the existing service and the government
provisions on solid waste management. After each of the steps on survey protocol,
guestions were reviewed and modified.

Then, two focus-group discussions were conducted. Both of the focus-group
discussions had 9 to 10 participants, who represented three municipalities in equal
proportion and included equal proportion of male and female participants. As a principal
investigator, I led the focus-group discussion in roundtable discussion format. Focus-group
discussion started with introduction of the survey and self- introduction of participants. The
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main objective of the focus-group discussion was to answer specific questions regarding
choice experiment and existing provisions of solid waste management. For example,
majority of the discussions were focused on finding important attributes of waste
management system. During the discussion, each participant was encouraged to comment
on the raised issue/topic. | took some precaution to avoid the discussion off-topic and lead
the discussion to identify important attributes of solid waste management service.

Then, debriefing was conducted in one-to-one interview with household
respondents. During debriefing, I asked other important questions that can lead to identify
the most important attributes of solid waste management. The initial phase of debriefing
was conducted with 3 to 4 Kathmandu University’s students. The questionnaire was
modified according to the findings on expert interview, focus-group discussions and
debriefings.

Then, the first pretest survey was conducted in 50 randomly sampled households in
five municipalities of the Kathmandu Valley; 5 wards were randomly sampled, one from
each municipality, and 10 respondents were interviewed from each sample wards. First
pretest survey was conducted with 10 enumerators and 3 field supervisors; in addition to
the field supervisors, | supervised the interview process.

With the first pilot survey, | estimated some preliminary results. According to the
preliminary estimates, more than 40% of the respondents were choosing status-quo
alternative. It was identified that some of the attributes presented in the choice experiment
were not much different than existing service. Therefore, we (the dissertation committee
and 1) decided to identify more important attributes for solid waste management by
conducting another pilot survey.

Before second pilot survey, final phase of debriefing was conducted with about 20
household respondents. The debriefing was formatted as an informal talk that included all
the questions as well as the additional questions relating to people’s preference on having
an ideal solid waste management. At the initial phase of debriefing, we found that
community waste management program is an important attribute of solid waste
management service. On remaining debriefings, the respondents highly preferred
community waste management program,; it was the most important attribute among all the
other attributes. After repeatedly asking similar questions to people at different locations,
we finalized the choice experiment attributes.

Then, we conducted second pilot survey in 50 households, in the same logistics of
first pilot survey. The second pilot survey was conducted in 5 randomly sampled wards,
one from each municipality, and 10 respondents were interviewed from each ward. The
preliminary result analysis of the second pilot survey did not have any major issue, which
confirmed to questionnaire quality and choice experiment attributes.

Then finally, we conducted final survey. During the final survey, | ensured that the
survey rules were strictly adhered. For example, some of the rules that applied to
enumerators are: be respectful and neutral to all the respondents, do not influence
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respondents on their response, do not show any kind of verbal and non-verbal signs towards
their response, and most importantly read the questions just the way it is and listen
carefully.

At many instances, | had to listen to instinct and had to make quick decision to
make the whole process better. To conduct the survey, we need team spirit. Therefore,
being a good program coordinator is the role of principal investigator during the final
survey. | made sure that enumerators and field supervisors were incentivized monetarily
and morally to complete the process successfully.

Table C1. Survey administration process, step-by step tabulation

Date Event Purpose Location People involved
To collect information
. . about the existing waste Municipality's waste
Meeting with . T .
oI management service Municipality management section
06/2012 municipality . . ST . X
available in municipality,  offices officers, myself and
personnel . ; )
their work strategies and field manager.
their future plans.
Focus-group To test how significant are
discussion with the attributes of waste Municipality
: Kathmandu : :
Kathmandu, Lalitpur  management system universit residents, field
and Kirtipur discussed in the y managers and myself
municipality residents questionnaire.
Focus-group o
discussion with Kathmandu Mu_mmpal@
. R residents, field
Bhaktpur and Thimi University
S . managers and myself
municipality residents
Debriefing
28-Jun Pretest 1
Individual household
Kathmandu, ?r:tt(ewi;\r/]v%lfjsteﬁém as
July 3 to Debriefing for pretest  Finalizing on the attribute  Lalitpur, . i
: done in pretesting,
July 6 2 and the questions Bhaktpur,
o but also asked some
Thimi .
of the questions out
of the guestionnaire.
8-Jul Pretest 2
July 14 to .
July 31 Final survey
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The following picture is a glimpse of the focus group discussion with the residents
of the Kathmandu Valley in Nepal Study Center’s branch office in the Kathmandu
University.

Sampling design:

The household survey on solid waste management service in Kathmandu valley was
conducted in 5 municipalities of Kathmandu Valley using random sampling technique. The
5 municipalities are considered the strata of the sample. The sample size for each of the
given five municipalities is selected using the Probability Proportional to Size (PPS)
sampling technique. Then, wards are selected by using random sampling technique. From
each of the selected wards, twenty households are selected for survey. During the survey
administration, the households are chosen by using the right-hand rule. During the survey,
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enumerators interview the household representative of age 18 years or older. Table A6
presents the sample design process that includes six steps. The actual breakdown of the
sample by each municipality (i.e., stratum) is given in Table A6.

The sample size of 1,200 respondents is spread across 3 districts and five
municipalities. This sample size produces results with +/- 2.8 percent of the error margin
at a 95 percent confidence level at the overall sample level (Cochran, 2007). The formula
to calculate the error margin at 95% confidence level is given as:

Error margin = 1.96 \/P:Q ’M
n N-1

Where N is population size, n is sample size, P is probability of selection and Q is
probability of no selection and 1.96 is the critical value at 5% significance level. Table C2
provides values of each components of the Error margin.

Table C2. Sample Distribution and Margin of Sampling Error

. . Sample size
District Municipality Total No. of Pppulatlon Population (in number of
wards Size (%)
households)
Bhaktpur Bhaktpur 17 72,543 7.3 140
Thimi 17 47,751 4.8 120
Kathmandu  Kathmandu 35 671,846 67.5 560
Kirtipur 19 40,835 4.1 120
Lalitpur Lalitpur 22 162,991 16.4 260
Total 110 995,966 100 1,200
Calculation of Margin of sampling Error:
. Population o
Probability of Probability size in sample size in Error margin®
. of no number of
selection (P) selection (Q) number of households(n) (%)
households(N)
0.36 0.64 337,298 1200 2.7%
63 % =0.0138; E = 0.9982; Error Margin = 1.96 * \/% ,E =196 0.0138 * 0.9982 = 0.027 *

100 = 2.7%
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Appendix D: Step-by-step explanation of estimating log-likelihood in mixed logit
model

1. Given utility U,; = B’ xpn; + €;, Where prare distributed with density f(8|0),

where 0 refers collectively to the parameters of this distribution (such as mean and variance
of B). The functional form of £(|6) is provided to estimate the parameters 6. For example,
in this study, all the attributes and interactions terms are randomly distributed and price is
kept fixed. The choice probabilities are:

Py = f Lui(BF(B)dB ©
Where
Vni(B)
Loi(B) = — (6)

2. The probabilities are approximated through simulation for any given value of 0: a)
First, a values of B is drawn from f(3|0), and label it ™ with r = 1 referring to the first
draw; b) then, logit formula L,;(B") is calculated with this draw; c) step (a) and (b) is
repeated many times and average result is estimated. This average is the simulated

probability:

R
Py 1
Poi = EZ Lni(Br)
r=1

where R is the number of draws, P,; is an unbiased estimator of P,; by construction. Its
variance decreases as R increases. P,; is strictly positive so that inP,,; is defined; P,; sums
to 1 over alternatives and is smooth (twice differentiable) in the parameters 0 and variables

X, which facilitates numerical search for the maximum likelihood function.

3. The simulated probabilities are inserted into the log-likelihood function to give a

simulated log-likelihood:

N J

SLL = Z d;InP,;
1

n=1i=
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Where, d,; = 1 if an individual n chooses i and 0 otherwise. The maximum simulated
likelihood estimator is the value of 0 that maximizes Simulated Log-Likelihood (SLL).
This estimator maintains independence over decision makers of the simulated probabilities
that enter SLL.

Panel Data

In panel data, like in this study, each sampled decision maker uses repeated choices. Utility
from alternative i in choice situation t by person n is

Unjt = BnXnit + &nie Where, &, is independently and identically distributed extreme
value over time, person and alternatives. Consider a sequence of alternative, one for each
time period, i = {i; ... ... es vur eu oo, i7}. Conditional on [ the probability that each person

makes this sequence of choices is the product of logit formulas:

.8 nXnigt
Ly (B) = 1_[ [Z] eﬁ' xn]t] (6)

The €,;;’s are independent over time.

In mixed logit with repeated choice per decision maker, the integrand involves a product
of logit formulas, one for each time period, rather than just one logit formula. The
probability is simulated similarly to the probability with one choice period. A draw of B is
taken from its distribution. The logit formula is calculated for each period, and the product
of these logits is taken. This process is repeated for many draws, and the results are
averaged.

Stata Code and related calculations:

1) Figure 2.1, 2.1 and Table 2.12

mixlogit choice monthlyFeel, rand(communityorg scheduled segregate2 segregate3 freq
freq_sq freq_cube) group(gid) id(gsn_no) nrep(1000) iterate(100) trace

estimates store table12_nonlinFreq_1000 /*Table 2.12*/

Total Utility = B,Freq + B,Freq? + B3Freq?
au
dFreq

= B, + 2B,Freq + 3B3Freq?
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_ B1+2B,Freq + 3p3Freq?

d0Fee Bree
ou
_ 0Freq
MWTP = 30
0Fee

ﬁfee
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Appendix E: Details of the health benefit estimation, following Freeman (2003)

An individual’s marginal willingness to pay (MWTP) for reduction in pollution is the
largest sum of money one is willing to pay without reducing his/her utility. Reduction in
pollution can benefit people with better health and many other factors such as aesthetic
pleasure, tourism and other. However, | concentrate on health benefit only and estimate
such benefit in currency. The MWTP for reduction in pollution is given as the product of
reduction in sick time associated with reduction in pollution and the marginal cost of

reducing sick time. The processes for calculating MWTP are:

a) Using the utility maximization problem, obtain the demand functions for mitigating
activity given by equation (4), i.e., M* = M(I,w, Py, Q). The optimal quantity of M is a
function of income (I), prices (w and P,,), and pollution level (Q).

b) Then, | take the total derivative of the health production function, which is given as
H = H(Q, M). The total derivative is given as,

OH c’)H 0H oM~

20 aQ aM 20Q

The above equation can also be written as,

OH OH OHOoM"

90  4Q oM aQ

c) Multiply the total derivate by the first-order conditions of utility maximization

problem. The utility maximization problem is given as,
@=U(X,L,HM,Q)) + A{I +w[T —L—H(M,Q)] — X — Py,M}

The first order conditions with respect to X, L and M are given as,

UX = A (a)

U, = w (b)
U Pu_ Py _ OU/OH

on " = %u70M °" " onjom =" 2 ©

Multiplying the total derivative of health production function with the first order condition

given in equation (c), we get

9H/0Q oU/dH] OH oU/dH] 0H OM*
Marsom |V T 21 |ag |V T T 4 |aM aQ
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After arranging the above equation, we get

oM oU/oH] 0H oU/dH) dH OM*
TR e FTri oM 30

a0 [V T 2

From the above equation, we derive the marginal willingness to pay for reduced pollution,
W..

= (wi)+ (7 5) - (7 )

Appendix F: Details of MCMC method

When the burning-in and monitoring periods are increased in the MCMC method, the
between-community variance remains significant. In the first row of the right panel in
Figure 1, the smoothed histogram shows the posterior distribution of the between-
community variance to be positively skewed. The second row of the left panel shows the
auto-correlation function (ACF) plot between the t and t-k iterations and the right panel
shows partial auto-correlation function (PACF). The less correlation in the chain the better
it is. The first order auto-correlation is about 0.9. Here the chain looks highly correlated
and we may need to run the chain for longer. The single graph in the third row presents
Monte Carlo standard error (MCSE), an indication of how much error is in the mean
estimate due to the MCMC estimation method. As the number of iterations increases, the
MCSE tends to 0.

The effective sample size (ESS) reported in the MCMC output represents an estimate of
the equivalent number of independent iterations that the Markov chain represents. The ESS
is usually less than the actual number of iterations because the chains are positively auto-
correlated. For example, Table F1 has an ESS=397, meaning that the sample of 5000 values
is equivalent to only 397 independent iterations. If the ESS for between-communities
variance (o?) is 704, then its parameters are less auto-correlated than the intercept’s
parameter chain. The period when the chains are settling down is normally called the burn-
in period and these iterations are omitted from the sample from which summaries are

constructed.
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Graph 1: Five-way diagnostic of between-community variance
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Burn-n =1000, monitoring period= 15000 [ Model 1 ]

Table F1. Two-level Variance Component Model using MCMC Method

Std.
Dependent Var: NAR Sickness Mean Dev. ESS P [95% Conf. Interval]
constant -1.333  0.098  397.000 0.000 -1.543 -1.150
Odds(B0) 0.264
P(B0) 0.209
Std. [95% Conf.
Random-effects Parameters Mean Dev. ESS Interval]
Level 2: communityid
var(constant) 0.257 0.152 29.000 0.061 0.608

odds= exp(p0); P=exp(B0)/1+exp(B0)
ICC and Variance Partition Coefficient (VPC)= 6"2/(¢"2+n"2/3); , burn-in period = 1000,
monitoring period = 50,000 iterations and thinnings = 10
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Appendix G: Procedure of merging household survey data with geocoded data in
preparation for chapter 3’s data

Location: E:\Dissertation\Stata_files\Ch2_merging

1.

File ‘community nonUnique allMun.csv’ includes non-unique community id for
all the observations from all five municipalities. N= 1136; unique community, n=
251; includes longitude and latitude for all the observations. Do file:
nonunique_communitylD.do

File ‘SWM dataOriginal wide.csv’ is the original SWM data in wide version.
N=4540 i.e 1135 observations*4 choice sets per individual.

Merge two files in step 1 and 2. Do file:
swm_nonUniqueCommunitylD_Merge.do

Matched observations: 4540 i.e. 1135 observations* 4 observatons per individual.
This merging includes all the sample in original SWM data.

File ‘SWM dataOriginal wide nonUniqueCommunityMerge.dta’ is saved step 3
in do file. N= 4540, SWM data + community id + latitude and onlgitude data.
Now, mean value of the health and demographic variables is calculated using
‘collapse’ command. Do file: HealthDemographic_swm.do.

After Collapse, Unique community, n= 205 range of community id = 111 to 5145.

Creating Health and Demographic Variables
Count number of households in each communityid, for unique community.
e sort communityid hh_no
e egen tag= tag(hh_no communityid)
e countif tag
e egen no_of_hh=sum(tag), by(communityid)
/*Number of Household in each community; each household has four observation
but counted as 1 household*/
Number of Household Members in each community
e sort communityid
e egen hhmember = mean(Familysize), by(gsn_no)
e gen hhmember2= hhmember*tagl
e egen no_of_hhmember= sum(hhmember2), by(communityid
Number of People who had nausea or respiratory disease during last 30 days in
each househols
e gen nausea_RespDisease= 1 if (q405nausea==1| q406respiration==1)
[*either one*/
e replace nausea_RespDisease= 0 if (q405nausea==2 &
g406respiration==2)
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gen noof _nauseaA= nausea_adult if (nausea_RespDisease==1 &
nausea_adult!="NA")

destring noof _nauseaA, gen(noof_nauseaAdult)

replace noof _nauseaAdult= 0 if noof_nauseaAdult==,

gen noof_nauseaC= nausea_child if (nausea_RespDisease==1 &
nausea_child I="NA")

destring noof_nauseaC, gen(noof_nauseaChild)

replace noof nauseaChild= 0 if noof _nauseaChild==.

gen noof_respirationA= respiration_adult if (nausea_RespDisease==1 &
respiration_adult 'I="NA")

destring noof_respirationA, gen(noof_respirationAdult)

replace noof_respirationAdult=0 if noof_respirationAdult==.

gen noof_respirationC= respiration_child if (nausea_RespDisease==1 &
respiration_child '="NA")

destring noof _respirationC, gen(noof_respirationChild)

replace noof_respirationChild=0 if noof respirationChild==.

gen noOf_nausea_RespDisease=(noof nauseaAdult + noof_nauseaChild +
noof_respirationAdult + noof_respirationChild)

10. Number of People who had nausea or respiratory disease during last 30 days,
aggregated at community level, in each community

sort communityid

egen noOf_nausea_RespDiseasel = mean(noOf_nausea_RespDisease),
by(gsn_no)

gen noOf_nausea_RespDisease2= noOf_nausea_RespDiseasel*tagl
egen no_of nausea_ RespDisease= sum(noOf _nausea_RespDisease2),
by(communityid)

11. Get the required variables, aggregated at community level, with unique
community id

collapse centerl ward_no g59income g48age female g52edu
no_of _nausea_RespDisease no_of _hh no_of_hhmember,
by(communityid)

12. Merging Health and Demographic Variables with Georeferenced location data
and Buffer distance variables data (with community as the centroid).
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a) Save all the variables in step 7 to 11 is saved. File name:
HealthDemographic_SWM Do file: HealthDemographic_swm.do

b) Save distance variable data and collapse it by communityid and save it as dta
file, as given below

cap log close
insheet using
"E:\Dissertation\Stata_files\Ch2_merging\Community_half_km_busparks

_intersections_original.csv", clear

rename center centerl

rename psu_code psu

collapse gsn_no centerl psu ward_no longitudel latitudel buff_dist
bld_halfkm frm_halfkm opn_halfkm rd_halfkm, by(communityid)
sort communityid

save Community_half_km_busparks_intersections_originall, replace

c) Then, merge the file in step 12(b) with file from step 12 (a). Collapse the
required variables by communityid again and save the file.

merge 1:m communityid using HealthDemographic SWM

drop _merge

collapse centerl ward_no longitudel latitudel buff_dist bld_halfkm
frm_halfkm opn_halfkm rd_halfkm no_of hh no_of hhmember
no_of nausea RespDisease g59income g48age female g52edu,
by(communityid )

save SWM_nonUniqueCommunity_busstopIntMerge, replace

13. Final Merged file is copied from Data editor and pasted in excel file and saved as
: Demographic_pollutionSWMMerge.xls

List of Do files and its purpose and its order

1. Data File: community_nonUnique_allMun.csv;
Do file: nonunique_communityID.do
Purpose: Read csv file and save as dta file ; the File has GPS locations for all five
municipalities.
Saved file: community_nonUnique_allMunl

2. Data File: SWM_dataOriginal_wide.csv;
Do file: swm_nonUniqueCommunitylD_Merge.do
Purpose: Read SWM data file in wide format and save as dta file;
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Then, SWM data is merged with community data in step
1(community_nonUnique_allMunl.dta) so that SWM data can have community
id.

Merged File: SWM_nonUniqgueCommunityMerge.dta

Data File: SWM_nonUniqueCommunityMerge.dta;

Do file: HealthDemographic_swm.do

Purpose: create some health and demographic variables, collapse them by
community id; and saved the file

Saved file: HealthDemographic_ SWM.dta

Data File: Community_half_km_busparks_intersections_original.csv; (File sent
by Keshav sir with variables in half km buffer)
Do file: swm_commlID_busstopintersection_3merged.do
Purpose: read the file sent by Keshav sir and save as dta file
(Community_half_km_busparks_intersections_originall.dta); merge 1:m by
communityid with file in step 3 (ealthDemographic_SWM), and save the file.
Saved file: SWM_nonUniqueCommunity_busstopIntMerge.dta
From step 5, go to data editor and copy and paste the collapse data, aggregated at
community level and paste it in excel file.
File name:
E:\Dissertation\Stata_files\Ch2_merging\MergedFiles\Demographic_pollutionSW
MMerge.xls
Household Level
1. Data File: SWM_nonUnigueCommunityMerge
Do file: HealthDemo_HHIlevel.do
This file is same as HealthDemographic_swm.do but it gives data at the
household level.
Saved file: HealthDemographic_ SWMHHIevel.dta
2. Data File: SWM_nonUniqueCommunityMerge
Do file: swm_commID_busstoplIntersection_3mergeHHIevel.do
Merge the file with HealthDemographic_SWMHHIevel.dta by gsn_no
Saved file: SWM_nonUniqueCommunity_busstopintMergeHHIevel.dta
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Appendix H: Stata Codes

*Stata Code for Chapter 2*

/*No missing variables*/

[*Qutliers in income is not deleted*/
cap log close

set memory 8m

use "F:\Dissertation\chl_CE\CEdata_results\swm_dataoriginal_long_recoded.dta",
replace

gen monthlyFeel= monthlyFee/100

[*Attribute Categories*/

*Dummy for Collection types*

gen scheduled=1 if collectiontype==

replace scheduled=0 if (collectiontype==1|collectiontype==0)

gen unscheduled=1 if collectiontype==1

replace unscheduled=0 if (collectiontype==2|collectiontype==0)

gen collNone=1 if collectiontype==

replace collNone=0 if collectiontype!=0

*Dummy for segregate types*

gen segregateZero=1 if segregate==0

replace segregateZero=0 if (segregate==2|segregate==3)

gen segregate2=1 if segregate==2

replace segregate2=0 if (segregate==0|segregate==3)

gen segregate3=1 if segregate==

replace segregate3=0 if (segregate==0|segregate==2)

gen aboveSLC=1 if (q52edu==10|g52edu==11|q52edu==12|g52edu==13|q52edu==14)
replace aboveSLC=0 if (g52edu<=9|g52edu==15|q52edu==16|g52edu==17)

*drop if g59income>=1500000

replace g59income=qg58totalexp if (q59income==11|q59income==12) /*imputed missing
income variable with total expenditure*/

*drop if (g59income==11|g59income==12)
gen freq_sq=freq*freq
gen freq_cube=freq*freq*freq
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gen InmonthlyFee= log(monthlyFee+1.9)

gen distance_sqg= gl2distance*ql2distance

gen distanceSq_freq= freq*distance_sq

gen income_s= g59income/1000

gen comm_inc= communityorg*income_s

gen seg2_inc = segregate2*income_s

gen freq_income=freq*g59income

gen distance_sch= gl2distance*scheduled

gen distance_freq= ql2distance*freq

gen dist_sch_freq = gql2distance*scheduled*freq
gen comm_age = communityorg*q48age

gen comm_aboveSLC= communityorg*aboveSLC
gen scheduled_age = scheduled*g48age

gen SQfee0= 1 if g20monthlyfee==

replace SQfee0= 0 if g20monthlyfee>0

gen fee_SQfee0 = monthlyFeel*SQfee0

gen fee_inc = monthlyFeel*g59income

gen female=1 if sex==2

replace female=0 if sex==1

gen female_freq= freq*female

gen medinc=1 if g59income==25000

replace medinc=0 if (q59income<25000|g59income>25000)
gen inc_fee= (monthlyFee)*medinc

*Table 2.1*

tab center

*Table 2.2.3*

tab g22abcd_choicel

*Table 2.3.1*

sum SQfee0 aboveSLC own_house occupBusiness female gl2distance distance_sq
g48age g59income monthlyFee

sum SQfee0 aboveSLC own_house occupBusiness female gl2distance distance_sq
g48age g59income monthlyFee if (center==1|center==2|center==3)

sum SQfee0 aboveSLC own_house occupBusiness female gl2distance distance_sq
g48age g59income monthlyFee if (center==4|center==>5)
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*Table 2.3.2*

sum SQfee0 aboveSLC own_house occupBusiness female gl2distance distance_sq
g48age g59income monthlyFee if g22abcd_choicel==3

sum SQfee0 aboveSLC own_house occupBusiness female gl2distance distance_sq
g48age g59income monthlyFee if (g22abcd_choicel==1|g22abcd_choicel==2)

*Table 2.4*

Sum segregateZero segregate2 segregate3 collNone scheduled unscheduled
communityorg freq monthlyFeel if g22abcd_choicel==3

Sum segregateZero segregate2 segregate3 collNone scheduled unscheduled
communityorg freq monthlyFeel if (q22abcd_choicel==3) &
(center==1|center==2|center==3)

Sum segregateZero segregate2 segregate3 collNone scheduled unscheduled
communityorg freq monthlyFeel if (g22abcd_choicel==3) & (center==4|center==>5)

*Table 2.5*
/*Base Conditional Logit Models*/
matrix start =1, .2, .5,.7, .3, 4, .9

clogit choice monthlyFeel communityorg scheduled unscheduled segregate2 segregate3
freq, group(gid) vce(robust) from(start, copy) iterate(500000)

estimates store ¢_base_pool
keep if center==1|center==2|center==3

clogit choice monthlyFeel communityorg scheduled unscheduled segregate2 segregate3
freq, group(gid) vce(robust)

estimates store ¢_base g1
keep if center==4|center==

clogit choice monthlyFeel communityorg scheduled unscheduled segregate2 segregate3
freq, group(gid) vce(robust)

estimates store ¢c_base g2

esttab ¢_base_pool ¢c_base gl c¢_base g2 using base_clogit.csv, title("Table
MixlogitINoASC: Conditional logit model ) wide mtitles ("modell™) nogap star(* 0.1
** (.05 *** 0.01) scalars ("Il log_likelihood" "chi2 chi-squared™ "aic AIC")replace

*Table 2.6*

clogit choice monthlyFeel communityorg scheduled unscheduled segregate2 segregate3
freq comm_age distance_freq distanceSq_freq distance_sch dist_sch_freq
comm_aboveSLC scheduled_age, group(gid) vce(robust) iterate(500000)

estimates store cl_base_pool
keep if center==1|center==2|center==
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clogit choice monthlyFeel communityorg scheduled unscheduled segregate2 segregate3
freq comm_age distance_freq distanceSq_freq distance_sch dist_sch_freq
comm_aboveSLC scheduled_age,group(gid) vce(robust) iterate(500000)

keep if center==4|center==

clogit choice monthlyFeel communityorg scheduled unscheduled segregate2 segregate3
freq comm_age distance_freq distanceSq_freq distance_sch dist_sch_freq
comm_aboveSLC scheduled_age, group(gid) vce(robust) iterate(500000)

estimates store cl_g2_pool
*Table 2.7*

clogit choice monthlyFeel communityorg scheduled segregate2 segregate3 freq freq_sq
freq_cube, group(gid)

estimates store full
keep if (abcd_choice==2| abcd_choice==3)

clogit choice monthlyFeel communityorg scheduled segregate2 segregate3 freq freq_sq
freq_cube, group(gid)

estimates store restricted
hausman restricted full, allegs constant
keep if (abcd_choice==1| abcd_choice==3)

clogit choice monthlyFeel communityorg scheduled segregate? segregate3 freq freq_sq
freg_cube, group(gid)

estimates store restricted
hausman restricted full, allegs constant

*HO: 1A assumption is valid; H1: 1A assumption is not valid and violated; If Chi
square_conputed>= Chi square tabulated; Reject HO

*Table 2.8*

matrix start = ( -.5899164, 2.346256, 2.429855, 1.476816, .2418837, -.4079825,
4662113, 3.101781, 2.000977, .9890733, 2.071365, 2.50393, .5442973)

mixlogit choice monthlyFeel, rand(communityorg scheduled unscheduled segregate2
segregate3 freq) group(gid) id(gsn_no) nrep(50000) iterate(100) from (start, copy) trace

estimates store m_base_pool50000

keep if center==1| center==2|center==

matrix start = (-.5832859, 2.360743, 1.726669, .672987, .1557661, -.4652428, .4828804,
3.205795, 2.268252, -.3837343, 2.078293, 2.413333, .5519725) /*Starting value of 5000
draw™*/

mixlogit choice monthlyFeel, rand(communityorg scheduled unscheduled segregate2
segregate3 freq) group(gid) id(gsn_no) nrep(35000) iterate(100) from(start, copy) trace
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estimates store m_base g135000
keep if center==4|center==

matrix start = (-.6192657, 2.266216, 2.936806, 2.308163, .666407, -.1918886, .434606,
2.676952, 1.875605, -.1489147, 2.017456, 2.642247, .53484) [*starting value of 12000
draw*/

mixlogit choice monthlyFeel, rand(communityorg scheduled unscheduled segregate2
segregate3 freq) group(gid) id(gsn_no) nrep(50000) iterate(100) from(start, copy) trace

estimates store m_base g250000

*Table 2.9*

mixlogit choice monthlyFeel comm_age freq_distance freq_distancesq distance_sch
dist_sch_freq comm_aboveSLC scheduled_age, rand(communityorg scheduled
unscheduled segregate2 segregate3 freq) group(gid) id(gsn_no) nrep(50000) iterate(100)
from (start, copy) trace

matrix start = (-.5988137, -.0346174, .0765515, -.0032316, .4214627, -.0573903,
3516893, -.0209854, 3.3339, 2.804249, 1.300253, .2608698, -.369078, .4313529,
3.051335, 1.910029, .9989418, 2.087924, 2.529911, .5500834)

mixlogit choice monthlyFeel comm_age freq_distance freq_distancesq distance_sch
dist_sch_freq comm_aboveSLC scheduled_age, rand(communityorg scheduled
unscheduled segregate? segregate3 freq) group(gid) id(gsn_no) nrep(50000) iterate(100)
from (start, copy) trace

estimates store m_INT_pool50000

keep if center==1| center==2|center==

mixlogit choice monthlyFeel comm_age freq_distance freq_distancesq distance_sch
dist_sch_freq comm_aboveSLC scheduled_age, rand(communityorg scheduled
unscheduled segregate? segregate3 freq) group(gid) id(gsn_no) nrep(50000) iterate(100)
trace

matrix start = (-.6022226, -.0350316, .0757581, -.0031911, .4230734, -.0587671,
.354528, -.0195678, 3.335581, 2.637475, 1.174987, .2691447, -.3637326, .4371079,
3.043939, 2.111148, .4039266, 2.073485, 2.513312, .5478986)

mixlogit choice monthlyFeel comm_age freq_distance freq_distancesq distance_sch
dist_sch_freq comm_aboveSLC scheduled_age, rand(communityorg scheduled
unscheduled segregate2 segregate3 freq) group(gid) id(gsn_no) nrep(50000) iterate(100)
from (start, copy) trace

estimates store m_INT_pool50000
keep if center==4|center==

mixlogit choice monthlyFeel comm_age freq_distance freq_distancesq distance_sch
dist_sch_freq comm_aboveSLC scheduled_age, rand(communityorg scheduled
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unscheduled segregate? segregate3 freq) group(gid) id(gsn_no) nrep(1000) iterate(100)
trace

matrix start = (-.6336831, -.0191701, .0873434, -.0052655, .31120009, -.0388559, -
.2489978, .0179863, 2.951062, 1.860826, 2.03209, .6796758, -.1392379, .378263,
2.577976, 1.490006, -.7855801, 1.981071, 2.657816, .5184348)

mixlogit choice monthlyFeel comm_age freq_distance freq_distancesq distance_sch
dist_sch_freq comm_aboveSLC scheduled_age, rand(communityorg scheduled
unscheduled segregate2 segregate3 freq) group(gid) id(gsn_no) nrep(50000) iterate(100)
from (start, copy) trace

estimates store m_INT_pool50000
*Table 2.10*

mixlogit choice monthlyFeel, rand(communityorg scheduled unscheduled segregate2
segregate3 freq) group(gid) id(gsn_no) nrep(1000) iterate(1000) trace

estimates store m_base_pool1000

keep if center==1|center==2|center==

mixlogit choice monthlyFeel, rand(communityorg scheduled unscheduled segregate2
segregate3 freq) group(gid) id(gsn_no) nrep(1000) iterate(100) trace

estimates store m_base_g1500_100ite

keep if center==4|center==

mixlogit choice monthlyFeel, rand(communityorg scheduled unscheduled segregate2
segregate3 freq) group(gid) id(gsn_no) nrep(1000) iterate(100) trace

estimates store m_base 925000

*Likelihood Ratio Test*

Irtest (m_base_pool1000)(m_base_g1500_100ite m_base_g25000), stats
*Tabl 2.10_B*

mixlogit choice, rand(monthlyFeel communityorg scheduled unscheduled segregate2
segregate3 freq) group(gid) id(gsn_no) nrep(1000) iterate(1000) trace

estimates store m_base_pool1000
keep if center==1|center==2|center==

mixlogit choice, rand(monthlyFeel communityorg scheduled unscheduled segregate2
segregate3 freq) group(gid) id(gsn_no) nrep(1000) iterate(100) trace

estimates store m_base_g1500_100ite
keep if center==4|center==

mixlogit choice, rand(monthlyFeel communityorg scheduled unscheduled segregate2
segregate3 freq) group(gid) id(gsn_no) nrep(1000) iterate(100) trace
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estimates store m_base 925000

*Likelihood Ratio Test*

Irtest (m_base_pool1000)(m_base g1500_100ite m_base_g25000), stats
*Table 2.11*

matrix start =1, .2, .5,.7, .3, .4, .9

clogit choice monthlyFeel communityorg scheduled unscheduled segregate2 segregate3
freq, group(gid) vce(robust) from(start, copy) iterate(500000)

wtp monthlyFeel communityorg scheduled unscheduled segregate2 segregate3 freq
estimates store ¢_base_pool
keep if center==1|center==2|center==

clogit choice monthlyFeel communityorg scheduled unscheduled segregate2 segregate3
freq, group(gid) vce(robust)

wtp monthlyFeel communityorg scheduled unscheduled segregate?2 segregate3 freq

estimates store c_base_g1
keep if center==4|center==

clogit choice monthlyFeel communityorg scheduled unscheduled segregate2 segregate3
freq, group(gid) vce(robust)

wtp monthlyFeel communityorg scheduled unscheduled segregate2 segregate3 freq
estimates store c_base g2

esttab c_base_pool ¢_base g1 c_base g2 using base_clogit.csv, title("Table
MixlogitINoASC: Conditional logit model ") wide mtitles ("model1l™) nogap star(* 0.1
**0.05 *** 0.01) scalars ("l log_likelihood" "chi2 chi-squared™ "aic AIC")replace

*Table 2.12*

matrix start = ( -.5899164, 2.346256, 2.429855, 1.476816, .2418837, -.4079825,
4662113, 3.101781, 2.000977, .9890733, 2.071365, 2.50393, .5442973)

mixlogit choice monthlyFeel, rand(communityorg scheduled unscheduled segregate2
segregate3 freq) group(gid) id(gsn_no) nrep(50000) iterate(100) from (start, copy) trace

estimates store m_base_pool50000
wtp monthlyFeel communityorg scheduled unscheduled segregate2 segregate3 freq

wtp monthlyFeel communityorg scheduled unscheduled segregate2 segregate3 freq,
krinsky reps(100000)

wtp monthlyFeel communityorg scheduled unscheduled segregate2 segregate3 freq,
krinsky reps(100000) level(0)

keep if center==1|center==2|center==
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matrix start = (-.5832859, 2.360743, 1.726669, .672987, .1557661, -.4652428, .4828804,
3.205795, 2.268252, -.3837343, 2.078293, 2.413333, .5519725) /*Starting value of 5000
draw*/

mixlogit choice monthlyFeel, rand(communityorg scheduled unscheduled segregate2
segregate3 freq) group(gid) id(gsn_no) nrep(35000) iterate(100) from(start, copy) trace

estimates store m_base g135000
wtp monthlyFeel communityorg scheduled unscheduled segregate2 segregate3 freq

wtp monthlyFeel communityorg scheduled unscheduled segregate2 segregate3 freq,
krinsky reps(100000)

wtp monthlyFeel communityorg scheduled unscheduled segregate2 segregate3 freq,
krinsky reps(100000) level(0)

wtp monthlyFeel communityorg scheduled unscheduled segregate2 segregate3 freq

keep if center==4|center==

matrix start = (-.6192657, 2.266216, 2.936806, 2.308163, .666407, -.1918886, .434606,
2.676952, 1.875605, -.1489147, 2.017456, 2.642247, .53484) [*starting value of 12000
draw*/

mixlogit choice monthlyFeel, rand(communityorg scheduled unscheduled segregate2
segregate3 freq) group(gid) id(gsn_no) nrep(50000) iterate(100) from(start, copy) trace

estimates store m_base_g250000
wtp monthlyFeel communityorg scheduled unscheduled segregate2 segregate3 freq

wtp monthlyFeel communityorg scheduled unscheduled segregate2 segregate3 freq,
krinsky reps(100000)

wtp monthlyFeel communityorg scheduled unscheduled segregate2 segregate3 freq,
krinsky reps(100000) level(0)

*Table 2.13*

mixlogit choice monthlyFeel, rand(communityorg scheduled segregate? segregate3 freq
freg_sq freq_cube) group(gid) id(gsn_no) nrep(1000) iterate(100) trace

estimates store m_basenonlfreq_pool1000
*Table 2.14.1,2.14.2,2.14.3 *

mixlogit choice monthlyFeel, rand(communityorg freql freq2 freq3 freq4to6 freq7
fregMorethan7 segregate2 segregate3 scheduled) group(gid) id(gsn_no) nrep(150)
iterate(150) from(start, copy) trace

estimates store m_base 92150

matrix start= -1.591274, 1.511683, 2.000464, -1.65398, 2.417627, 1.078771, .6643359, -
.2560536, .9547164, 2.480287, 1.530022, .026475, 1.3133, 1.559242, 1.505828,
1.446895, 1.781149, 1.747416
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mixlogit choice, rand(monthlyFeel freqlto2 freq3 freq4to6 freq7orMore communityorg
segregate2 segregate3 scheduled) group(gid) id(gsn_no) nrep(100) iterate(100)
from(start, copy) trace

estimates store m_base_g2_100

*Stata Code for Chapter 3*

clear all

cap log close

*Matrix is 205*205*

*Use merged data with spatial matrix*

use
"F:\Dissertation\Stata_files\Ch2_merging\GIS_CommunityData\merge_indivCommbData
_invdisNeighMatrix", clear

[**]

destring g59income, gen(income)

drop if (g59income==11|q59income==12)
replace g59income=2500 if (g59income==1)
replace g59income=7500 if (q59income==2)
replace q59income=15000 if (g59income==3)

rename g50totalsize Familysize

drop if sex=="NA"

destring sex, gen(sex1)

gen female=1 if sex1==2

replace female=0 if sex1==1

*Edu*

replace g52edu=0 if q52edu==16

replace q52edu=2 if g52edu==17

drop if g52edu==15

[*Labor: 1 if works 0 otherwise from Occupation*/
drop if g53occup=="NA"

destring g53occup, gen(occupation)

gen labor=1 if (occupation<=7| occupation ==11)
replace labor=0 if (occupation>=8 & occupation <=10)
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[*Index of exposure to Public Health related exposure*/

[* q26program_participate= ever participated in environment protection program such as
poster presentation, community meeting, byanner presentation, road rally, road drama,
sanitation program etc? */

drop if g26program_participate=="NA"
destring g26program_participate, gen(program_participate)
drop if program_participate==

/*g270rg_involvement = you or any of your family members actively involved in solid
waste management and environment protection related organizations?*/

/*q301env_org =30 Does your community have Sanitation and environment related
community organizations? */

gen envAware=1 if (program_participate==1|q27org_involvement==1| q301lenv_org==1)

replace envAware=0 if (program_participate==2 & gq27org_involvement==2 &
g301lenv_org==2)

AR A A A A A AR A A AR AR AR A A A A A A A A A A AR AR A A A A A AR A A AAAAAAAAAAAAAAAAAAA AR R K

gen nausea_RespDisease= 1 if (q405nausea==1| q406respiration==1) /*either one*/
replace nausea_RespDisease= 0 if (q405nausea==2 & q406respiration==2)
AEEEEEIIEAAAAAAAAAAAXAXAAXAAAAAAAAAAAXA* K

/*Number of sick people in the household, with Nausea and respiratory disease*/

gen noof_nauseaA= nausea_adult if (nausea_RespDisease==1 & nausea_adult!="NA")
destring noof _nauseaA, gen(noof_nauseaAdult)

replace noof nauseaAdult= 0 if noof _nauseaAdult==.

gen noof_nauseaC= nausea_child if (nausea_RespDisease==1 & nausea_child '="NA")
destring noof _nauseaC, gen(noof _nauseaChild)
replace noof_nauseaChild= 0 if noof_nauseaChild==.

gen noof_respirationA= respiration_adult if (nausea_RespDisease==1 &
respiration_adult 1I="NA")

destring noof_respirationA, gen(noof_respirationAdult)
replace noof_respirationAdult=0 if noof_respirationAdult==.

gen noof_respirationC= respiration_child if (nausea_RespDisease==1 &
respiration_child 'I="NA")

destring noof_respirationC, gen(noof_respirationChild)

146



replace noof_respirationChild=0 if noof_respirationChild==.

gen noOf_nausea_RespDisease=(noof nauseaAdult + noof_nauseaChild +
noof_respirationAdult + noof_respirationChild)

gen Inincome= log(g59income)

rename pop150m pop_150m

[*Distance variables*/

gen dist_road_km= dist_road/1000

gen dist_river_km= dist_river/1000

gen dist_busStation_int_km = dis_bus_in/1000

gen dist_waste_km = dist_waste/1000 /*istance in km now: converted m to km*/
gen dist_forest_km= dist_fores/1000 /*distance in km now: converted m to km*/
gen dist_open_km= dist_open/1000

gen dist_farm_km= dist_farm/1000

gen dist_brick_km= dist_brick/1000

gen dist2_road_km= dist_road_km"2

gen dist2_river_km= dist_river_km"2

gen dist2_busStation_int_km = dist_busStation_int_km”"2

gen dist2_waste_km = dist_waste_km"2

gen dist2_forest_km= dist_forest_km"2

gen dist2_open_km= dist_open_km"2

gen dist2_farm_km= dist_farm_km~"2

gen dist2_brick_km= dist_brick_km”"2

/*Base occupation: Daily labor in comparison to 1) house-wife and 2) Other*/
gen dailylabor=1 if occupation==

replace dailylabor=0 if occupation!=7

gen housewife=1 if occupation==9

replace housewife=0 if occupation!=9

gen other_emp=1 if (occupation==1
|occupation==2|occupation==3|occupation==4|occupation==5|occupation==6|occupation
==8|occupation==10|occupation==11)

replace other_emp=0 if (occupation==7|occupation==9)
gen age_sq= q48age”2
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gen cons=1

gen denomb=1

/*gen weight1= 10/205
gen weight2=10/205
gen weight3= 10/205
gen weight4= 10/205
gen weight5= 10/205
gen weight6= 10/205
gen weight7= 10/205
gen weight8= 10/205
gen weight9= 10/205
gen weight10= 10/205 */

save
"F:\Dissertation\Stata_files\Ch2_merging\GIS_CommunityData\multilevelest_use_uniqu
eComm_matrixIndivComm1", replace

gen constant=1
/*Using MLwin*/

global MLwiN_path "C:\Program Files (x86)\MLwiN v2.30\i386\mlwin.exe" /* path for
Mlwin in STATA: Multilevel modeling*/

sort communityid gsn_no /*qgsn_no represents household*/
*AAL.

replace g401diarrohea=0 if g401diarrohea==2

destring q402jundice, gen(g402jundicel) force

replace q402jundicel=0 if (q402jundicel==2|q402jundicel==3)
destring q403typhoid, gen(q403typhoidl) force

replace gq403typhoid1=0 if (q403typhoid1==2 |g403typhoidl==.
destring g404allergy, gen(q404allergyl) force

replace g404allergy1=0 if (q404allergy1==2|q404allergyl==.
replace g405nausea=0 if g405nausea==

replace q406respiration=0 if q406respiration==

gen Dtotal= g401diarrohea+ g402jundicel + g403typhoidl + gq404allergyl + g405nausea
+ g406respiration /*Sum of occurences of all disease */

gen Dtotal_NAR = (g404allergyl + g405nausea + q406respiration) /*NAS= Nausea,
Allergy, Respiratory*/
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gen Nausea_Alleg_RespProp = Dtotal NAR/Dtotal

replace g41scholl_leave=0 if g41scholl_leave==99

destring g41job_leave, gen(g41job_leavel) force

replace g41job_leavel=0 if (q41job_leavel==99|g41job_leavel==
destring g41simplework_leave, gen(g41simplework_leavel) force

replace g41simplework_leavel=0 if (g41simplework_leavel==99 |
g4lsimplework_leavel==

gen TotalDaysMissed= (g41scholl_leave + g41job_leavel + g41simplework_leavel)
gen NAR_days= Nausea_Alleg_RespProp*TotalDaysMissed

destring g42bmedical_expenses, gen(g42bmedical_expensesl) force

replace g42bmedical_expenses1=0 if g42bmedical_expensesl==

gen NAR_medCost = Nausea_Alleg_RespProp*g42bmedical_expensesl

** New dependent Variable

gen nausea_RespAllegDisease= 1 if (q405nausea==1|
g406respiration==1|g404allergyl==1) /*either one*/

replace nausea_RespAllegDisease= 0 if (q405nausea==0 & g406respiration==0 &
g404allergy1==0)

*Table 3.1*
*Descriptive Statistics*

sum nausea_RespDisease dist_road_km dist2_road_km dist_waste_km dist2_waste_km
dist_forest_km dist2_forest_km dist_river_km dist2_river_km q48age
c.g48age#c.q48age g52edu female dailylabor housewife other_emp g59income

*Table 3.2 and Table 3.3*
[*Table 2: Logit Model for Different Distance Variables*/

logit nausea_RespAllegDisease dist_road_km c.dist_road_km#c.dist_road_km
dist_waste_km c.dist_waste_km#c.dist_waste_km dist_forest_km
c.dist_forest_km#c.dist_forest_km dist_river_km c.dist_river_km#c.dist_river_km
g48age c.q48agetc.q48age q52edu female housewife other_emp

estimates store Statalogit_fullM1
margins, dydx(*) post
outreg2 using mfx_tabl2.doc

logit nausea_RespAllegDisease dist_road_km c.dist_road_km#c.dist_road_km
dist_waste_km c.dist_waste_km#c.dist_waste_km dist_forest_km
c.dist_forest_km#c.dist_forest_km dist_river_km c.dist_river_km#c.dist_river_km
dist_brick_km c.dist_brick_km#c.dist_brick_km g48age c.q48age#c.q48age g52edu
female housewife other_emp

estimates store Statalogit_fullM2
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margins, dydx(*) post
outreg2 using mfx_tabl2.doc

logit nausea_RespAllegDisease dist_road_km c.dist_road_km#c.dist_road_km
dist_waste_km c.dist_waste km#c.dist_waste_km dist_forest_km
c.dist_forest_km#c.dist_forest_km dist_river_km c.dist_river_km#c.dist_river_km
dist_brick_km c.dist_brick_km#c.dist_brick_km dist_open_km
c.dist_open_km#c.dist_open_km g48age c.q48age#c.q48age g52edu female housewife
other_emp

estimates store Statalogit_fullM3
margins, dydx(*) post
outreg? using mfx_tabl2.doc

logit nausea_RespAllegDisease dist_road_km c.dist_road_km#c.dist_road_km
dist_waste_km c.dist_waste km#c.dist_waste_km dist_forest_km
c.dist_forest_km#c.dist_forest_km dist_river_km c.dist_river_km#c.dist_river_km
dist_brick_km c.dist_brick_km#c.dist_brick_km dist_open_km
c.dist_open_km#c.dist_open_km dist_farm_km c.dist_farm_km#c.dist_farm_km g48age
c.g48age#c.q48age g52edu female housewife other_emp

estimates store Statalogit_fullM4
margins, dydx(*) post
outreg2 using mfx_tabl2.doc

logit nausea_RespAllegDisease dist_road_km c.dist_road_km#c.dist_road_km
dist_waste_km c.dist_waste km#c.dist_waste_km dist_forest_km
c.dist_forest_km#c.dist_forest_km dist_river_km c.dist_river_km#c.dist_river_km
dist_brick_km c.dist_brick_km#c.dist_brick_km dist_open_km
c.dist_open_km#c.dist_open_km dist_farm_km c.dist_farm_km#c.dist_farm_km
dist_busStation_int_km c.dist_busStation_int_km#c.dist_busStation_int_km q48age
c.g48age#c.q48age g52edu female housewife other_emp

estimates store Statalogit_fullM5
margins, dydx(*) post
outreg2 using mfx_tabl2.doc

esttab Statalogit_fullM1 Statalogit_fullM2 Statalogit_fullM3 Statalogit_fullM4
Statalogit_fullM5 using Tabl2.csv, title("Table 2: Logit Model for Different Distance
Variables™) wide mtitles ("modell™) nogap star(* 0.1 ** 0.05 *** 0.01) scalars ("Il
log_likelihood" "chi2 chi-squared” "aic AIC" "rho RHO" "sigma_u sigma_u")replace

*Table 3.4*
/*Logit model 1 to 3*/
logit nausea_RespAllegDisease
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estimates store logit_fullM1
margins, dydx(*) post
outreg2 using mfx_tabl2_revised.doc

logit nausea_RespAllegDisease dist_road_km c.dist_road_km#c.dist_road_km
dist_waste_km c.dist_waste km#c.dist_waste_km dist_forest_km
c.dist_forest_km#c.dist_forest_km dist_river_km c.dist_river_km#c.dist_river_km

estimates store logit_fullM2
margins, dydx(*) post
outreg2 using mfx_tabl2_revised.doc

logit nausea_RespAllegDisease dist_road_km c.dist_road_km#c.dist_road_km
dist_waste_km c.dist_waste_km#c.dist_waste_km dist_forest_km
c.dist_forest_km#c.dist_forest_km dist_river_km c.dist_river_km#c.dist_river_km
dist_brick_km c.dist_brick_km#c.dist_brick_km g48age c.q48age#c.q48age q52edu
female housewife other_emp

estimates store logit_fullM4
margins, dydx(*) post
outreg2 using mfx_tabl2_revised.doc

esttab logit_fullM1 logit_fullM2 logit_fullM4 using Tabl2_revised.csv, title("Table
2_revised: Logit Model for Different Distance Variables™) wide mtitles ("modell1™) nogap
star(* 0.1 ** 0.05 *** 0.01) scalars ("Il log_likelihood" "chi2 chi-squared™ "aic AIC"
"rho RHO" "sigma_u sigma_u")replace

*Multilevel modeling: Two level random intercept model 1 to 3*
*Model 1- Constant Only Model*
**get initial values for MCMC from PQL2-Quasi-likelihood method*

runmlwin nausea_RespAllegDisease constant, level2(communityid: constant)
levell(gsn_no:) discrete(distribution(binomial) link(logit) denominator(constant) pql2)
nopause

*MCMC method*

runmlwin nausea_RespAllegDisease constant, level2(communityid: constant)
levell(gsn_no:) discrete(distribution(binomial) link(logit) denominator(constant))
mcmc(burnin(1000) chain(50000) thin(10)) initsprevious nopause nogroup

estimates store TableM1B

display exp([FP1]cons)

display exp([FP1]cons)/(1 + exp([FP1]cons)) [*Probability*/

display [RP2]var(constant)/([RP2]var(constant) + (_pi”*2)/3) /*Variance Partition
Coefficient*/
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* Model 2: Constant + Distance Variable Model*
*get initial values for MCMC from PQL2*

runmlwin nausea_RespAllegDisease constant dist_road _km dist2_road_km
dist_waste_km dist2_waste_km dist_forest_km dist2_forest_km dist_river_km
dist2_river_km, level2(communityid: constant) level1(gsn_no:)
dlscrete(dlstrlbutlon(bmomlal) link(logit) denominator(constant) pgl2)nopause

*MCMC method*

runmlwin nausea_RespAllegDisease constant dist_road_km dist2_road_km
dist_waste_km dist2_waste_km dist_forest_km dist2_forest_km dist_river_km
dist2_river_km, level2(communityid: constant) level1(gsn_no:)
d|screte(d|str|but|on(b|nom|al) link(logit) denominator(constant)) mcmc(burnin(1000)
chain(50000) thin(10)) initsprevious nopause nogroup

estimates store TableM2B

*Model 3: Constant + Distance var that include distance to brick factory + Control var
Model*

**get initial values for MCMC from PQL2*

runmlwin nausea_RespAllegDisease constant dist_road_km dist2_road_km
dist_waste_km dist2_waste_km dist_forest_km dist2_forest_km dist_river_km
dist2_river_km dist_brick_km dist2_brick_km g48age c.q48age#c.q48age g52edu female
housewife other_emp, level2(communityid: constant) level1l(gsn_no:)
discrete(distribution(binomial) link(logit) denominator(constant) pql2) nopause

*MCMC*

runmlwin nausea_RespAllegDisease constant dist_road_km dist2_road_km
dist_waste_km dist2_waste_km dist_forest_km dist2_forest_km dist_river_km
dist2_river_km dist_brick_km dist2_brick_km g48age c.q48age#c.q48age g52edu female
housewife other_emp, level2(communityid: constant) level1(gsn_no:)
discrete(distribution(binomial) link(logit) denominator(constant)) mcmc(burnin(1000)
chain(50000) thin(10)) initsprevious nopause nogroup

estimates store TableM3B2

esttab TableM1B TableM2B TableM3B2 using TabIM1B.csv, title("Table logit: Fixed
and Random- Effect Multileve mixed-effect model ') wide mtitles ("modell™) nogap
star(* 0.1 ** 0.05 *** 0.01) scalars ("Il log_likelihood" "chi2 chi-squared" "aic AIC"
"rho RHO" "sigma_u sigma_u")replace

* Table 3.5*

*10 nearest neighbors model

gen weigh10_1 = 10/205 // rows standardized
gen weigh10_2 = 10/205

gen weigh10_3 = 10/205

gen weigh10_4 = 10/205

gen weigh10_5 = 10/205
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gen weigh10 6 = 10/205
gen weigh10_7 = 10/205
gen weigh10 8 = 10/205
gen weigh10 9 = 10/205
gen weigh10_10 = 10/205

*Spatial Multi level model where upper level community has spatial neighborhood list
created according to the inverse of the distance

* starting values

sort neighl communityid gsn_no // First sort the data according to the level where the
r.e. are present i.e., :cons)

quietly runmlwin nausea_RespAllegDisease cons dist_road_km dist2_road_km
dist_waste_km dist2_waste_km dist_forest_km dist2_forest_km dist_river_km
dist2_river_km g48age age_sq g52edu female housewife other_emp, level3(neighl: cons
) level2(communityid: cons) levell(gsn_no:) discrete(distribution(binomial) link(logit)
denominator(cons) pgl2) nopause

*MCMC spatial error multiple membership model

runmlwin nausea_RespAllegDisease cons dist_road_km dist2_road_km dist_waste_km
dist2_waste_km dist_forest_km dist2_forest_km dist_river_km dist2_river_km g48age
age_sq q52edu female housewife other_emp, level3(neigh1: cons, mmids(neigh1-
neigh10) mmweights(weigh10_1-weigh10_10)) Ievel2(commun|tyld cons)
levell(gsn_no:) discrete(distribution(binomial) link(logit) denominator(cons))
mcmc(burnin(1000) chain (50000) refresh(500) thin(10)) initsprevious nopause nogroup

estimates store R1B

*Table F1: Five-way MCMC graphical diagnostic of coefficient of all the estimated
variables*

mcmcesum [RP2]var(cons), fiveway
mcmcesum, densities
mcmcesum [FP2]var(dist_road_km), fiveway

esttab R1B using TablM4.csv, title("Table logit: Fixed and Random- Effect Multileve
mixed-effect model ") wide mtitles ("modell™) nogap star(* 0.1 ** 0.05 *** 0.01) scalars
("Il log_likelihood™ "chi2 chi-squared™ "aic AIC" "rho RHO" "sigma_u sigma_u")replace

* Table 3.6*

logit nausea_RespAllegDisease dist_road_km c.dist_road_km#c.dist_road_km
dist_waste_km c.dist_waste_km#c.dist_waste_km dist_forest_km
c.dist_forest_km#c.dist_forest_km dist_river_km c.dist_river_km#c.dist_river_km
g48age c.q48agettc.q48age q52edu female housewife other_emp

estimates store Statalogit_fullM1
margins, dydx(*) post
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outreg2 using mfx_tabl2.doc

*Table 3.7*
sum dist_road dist_waste NAR_days g59income NAR_medCost

* Stata Code for Chapter 4*
cap log close

use
"F:\Dissertation\Stata_files\Ch2_merging\IndivHHLevelData\3HHSWM _nonUniqueCo
mmunityMerge.dta", replace

destring gq59income, gen(income)

drop if (q59income==11|g59income==12)
replace g59income=2500 if (q59income==1)
replace q59income=7500 if (q59income==2)
replace g59income=15000 if (q59income==3)
*drop if g50totalsize=="NA"

*encode g50totalsize, gen(Familysize)

rename g50totalsize Familysize

drop if sex=="NA"

destring sex, gen(sex1)

gen female=1 if sex1==2

replace female=0 if sex1==1

*Edu*

replace g52edu=0 if q52edu==16

replace g52edu=2 if q52edu==17

drop if q52edu==15

[*Labor: 1 if works 0 otherwise from Occupation*/
drop if gb3occup=="NA"

destring g53occup, gen(occupation)

gen labor=1 if (occupation<=7| occupation ==11)
replace labor=0 if (occupation>=8 & occupation <=10)

[*Index of exposure to Public Health related exposure*/
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[* q26program_participate= ever participated in environment protection program such as
poster presentation, community meeting, byanner presentation, road rally, road drama,
sanitation program etc? */

drop if g26program_participate=="NA"
destring g26program_participate, gen(program_participate)
drop if program_participate==

/*q270rg_involvement = you or any of your family members actively involved in solid
waste management and environment protection related organizations?*/

/*9301env_org = 30 Does your community have Sanitation and environment related
community organizations? */

gen envAware=1 if (program_participate==1|g270rg_involvement==1| g301env_org==1)

replace envAware=0 if (program_participate==2 & g27org_involvement==2 &
g30lenv_org==2)

*hhkhkkhkhkhkkhkhkhkkhkhkhkkhkhhkkhkkhhkhkhhkhkihhkhkhhkhkihhkhkkhhkhkkihkhkkhhhkkhhhkkihihkkhihkkhihkkhihkiikiik

[*Logit estimates*/

gen Inincome= log(g59income)

/*Base occupation: Daily labor in comparison to 1) house-wife and 2) Other*/
gen dailylabor=1 if occupation==

replace dailylabor=0 if occupation!=7

gen housewife=1 if occupation==9

replace housewife=0 if occupation!=9

gen other_emp=1 if (occupation==1
|occupation==2|occupation==3|occupation==4|occupation==5|occupation==6|occupation
==8|occupation==10|occupation==11)

replace other_emp=0 if (occupation==7|occupation==9)
gen age_sq= q48age”2
[*Garbage Collection and Recycling variables*/

gen Garbage_coll=1 if (ql1collection_typerecoded==1|qllcollection_typerecoded==2)
/* Q11. 1= Household uses garbage collection service; 0= no garbage collection*/

replace Garbage_coll=0 if (g11collection_typerecoded==0)

gen recycle=1 if g18sellrecyclable==1 /*Q18. 1= household recycles, 0 = no recycling*/
replace recycle=0 if q18sellrecyclable==

destring q87recyclesell, gen(q87recycleselll) force

replace q87recycleselll =0 if g87recyclesell1==.

gen recycleQ8 =1 if g87recyclesell1==1
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replace recycleQ8 =0 if g87recyclesell1==0
destring q89compost, gen(q89compostl) force
gen compostQ8 =1 if g89compostl==1
replace compostQ8 =0 if g89compostl==.

gen kitchenGarden= 1 if g47kitchen_garden==1

replace kitchenGarden= 0 if g47kitchen_garden==2
[*Institutional regulation Dummy*/

gen IR=1 if g31notice_board==1 [*Q31*/

replace IR=0 if (g31notice_board==2|g31notice_board==3)

gen participate_member=1 if (g270rg_involvement==1|program_participate==1) /*Q26
and 27. actively Participate and member in env activities*/

replace participate_member=0 if (q270rg_involvement==2 & program_participate==2)

gen social_cap=1 if g301env_org==1 /*Q30 part 1: have sanitation and env related
org*/

replace social_cap=0 if (q301env_org==2|q301env_org==3)

gen aboveSLC=1 if (q52edu==10|g52edu==11|q52edu==12|g52edu==13|q52edu==14)
/*Above tenth grade*/

replace aboveSLC=0 if (g52edu<=9|g52edu==15|q52edu==16|g52edu==17)

gen distance_sq= gl2distance”?2

gen Intotalexp = log(g58totalexp)

gen In_totalwaste = log(qg2totalwaste)

*gen percap_waste = g2totalwaste/Familysize

destring g4recyclablewaste, gen(g4recyclablewastel) force
gen percap_recwaste = g4recyclablewastel/Familysize

gen percap_totwaste = g2totalwaste/Familysize

gen In_recwaste = log(g4recyclablewastel)

destring q9ahouse_compounddumpplace, gen(spacel) force
gen spaceTostore=1 if spacel==1

replace spaceTostore=0 if spacel==2

destring g331, gen(g331new) force

gen notlikeSeg=1 if (q331new==3|9331new==4|9331new==5|g331new==06)
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replace notlikeSeg=0 if (q331new==1 |q331new==2| q331new==.

gen female_aboveSLC =1 if (aboveSLC==1 & female==1)
replace female_aboveSLC =0 if (aboveSLC==0 | female==0)

gen monthlyfeel= g20monthlyfee/100

destring g55esidence, gen(residence) force

gen ownHouse=1 if residence==2

replace ownHouse=0 if residence==1|residence==.

gen income_sqg= g59income”2

*Who manage household waste*

destring g46waste_collect, gen(g46waste_collectl) force
gen female_wasteResp=1 if g46waste_collectl==3

replace female_wasteResp=0 if (q46waste_collectl==.| g46waste_collectl==1]
g46waste_collectl==2|q46waste_collectl==4| g46waste_collect1==5)

*Caste Dummy™*

gen Brahman=1 if (qbcaste==1)

replace Brahman=0 if (gbcaste>=2 & gbcaste<=9)

gen Chhetri=1 if (gbcaste==2)

replace Chhetri=0 if (gbcaste==1 |gbcaste>=3 & gbcaste<=9)

gen BC=1 if (gbcaste==1|gbcaste==2)

replace BC=0 if (gbcaste>=3 & gbcaste<=8)

gen NW=L1 if (gbcaste==3)

replace NW=0 if (gbcaste<=2 | gbcaste>=4 & gbcaste<=8)

gen JJ=1 if (gbcaste==4)

replace JJ=0 if (qbcaste<=3 | gbcaste>=5 & gbcaste<=8)

gen MD_DT _other=1 if (gbcaste>=5 & gbcaste<=8)

replace MD_DT _other=0 if (qbcaste<=4)

*Awareness regarding recycling and composting*

destring q285recycling_method, gen(g285recycling_method1) force
gen recycling_inf=1 if g285recycling_method1==1

replace recycling_inf=0 if (q285recycling_method1==2 | q285recycling_method1==.
gen income_1= g59income/10000
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gen income_sqgl=income_1"2
*Table 4.1*

sum recycle g2totalwaste IR gl2distance ql6frequency participate_member recycling_inf
compost kitchenGarden notlikeSeg aboveSLC g20monthlyfee q48age q59income
Familysize JJ BC NW MD_DT _other

*Table 4.2*

probit recycle In_totalwaste IR ql2distance ql6frequency participate_member
recycling_inf, vce(cluster communityid)

estimates store probM1

probit recycle In_totalwaste IR ql2distance ql6frequency participate_member
recycling_inf compostQ8 kitchenGarden notlikeSeg, vce(cluster communityid)

estimates store probM?2

probit recycle In_totalwaste IR ql2distance ql6frequency participate_member
recycling_inf compostQ8 kitchenGarden notlikeSeg BC NW MD_DT _other aboveSLC
monthlyfeel income_1 c.income_1#c.income_1 g48age c.q48age#c.q48age, vce(cluster
communityid)

estimates store probmFinal2

esttab probM1 probM2 probmFinal2 using model1to3_v2.csv, title("Table 2 Probit Model:
Household's recycling Behavior ") wide mtitles ("modell") nogap star(* 0.1 ** 0.05 ***
0.01) scalars ("l log_likelihood™ “chi2 chi-squared™ "aic AIC")replace

*Table 4.3*

probit recycle In_totalwaste IR ql2distance ql6frequency participate_member
recycling_inf, vce(cluster communityid)

estimates store probM1
margins, dydx(*) post
outreg2 using mFinal3.doc, ctitle(mfx) wide tstat

probit recycle In_totalwaste IR ql2distance ql6frequency participate_member
recycling_inf compostQ8 kitchenGarden notlikeSeg, vce(cluster communityid)

estimates store probM2
margins, dydx(*) post
outreg?2 using mFinal3.doc, ctitle(mfx) wide tstat

probit recycle In_totalwaste IR ql2distance ql6frequency participate_member
recycling_inf compostQ8 kitchenGarden notlikeSeg BC NW MD_DT_other aboveSLC
monthlyfeel income_1 c.income_1#c.income_1 g48age c.q48age#c.q48age, vce(cluster
communityid)

estimates store probmFinal2
margins, dydx(*) post
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outreg2 using mFinal3.doc, ctitle(mfx) wide tstat
*Table 4.4*

ivprobit recycle IR qgl2distance qgl6frequency participate_member recycling_inf
(In_totalwaste= Familysize Inincome monthlyfeel), vce(cluster communityid) /*No
Endogeneity */

estimates store ivprobM1

[*Recycling Provision + Social capital. Social capital: participate_member
gl4community_recoded*/

ivprobit recycle IR ql2distance ql6frequency participate_member recycling_inf
kitchenGarden compostQ8 notlikeSeg (In_totalwaste= Familysize Inincome monthlyfeel),
vce(cluster communityid) /*No endogeneity*/

estimates store ivprobM2
/*Recycling Provision + Social capital + control variable*/

ivprobit recycle IR ql2distance ql6frequency participate_member recycling_inf
kitchenGarden compostQ8 notlikeSeg aboveSLC monthlyfeel g48age age_sq income_1
income_sq BC NW MD_DT _other (In_totalwaste= Familysize Inincome monthlyfeel),
vce(cluster communityid) /*No endogeneity*/

estimates store ivprobM3

esttab ivprobM1 ivprobM2 ivprobM3 using ivmodellto3.csv, title("Table 1V-Probit
Model: Household's recycling Behavior with Total waste generation as the endogeneous
variable ") wide mtitles ("modell™) nogap star(* 0.1 ** 0.05 *** 0.01) scalars ("Il
log_likelihood™ "chi2 chi-squared™ "aic AIC")replace
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Appendix I: Survey Questionnaire in English

Qsn no.

Version 2 HH No. :

Knowledge, Attitude, behavior and Choice experiment survey on Solid waste
Management in Kathmandu, Nepal.

Namaskar, I am ...(Menuka Karki)... . , from the Nepal Study Center at the
University of New Mexico, USA and Kathmandu University. We are conducting a survey
with the residents of Kathmandu valley like you about your household solid waste
management practice. In this survey, we ask your opinion about:

e the current waste collection and waste processing practices in your community;
e your opinion about the environmental issues and
e your perception of the health effect of existing solid waste management system

Your answer will be an important input for the policymakers in improving the existing
solid waste management system. Participation is voluntary and if you do not want to take
part in this research, you can quit this interview at any time you want. Your answers to
these questions are completely confidential and your name will never be associated with
your answers.

Thank you very much for your kind cooperation.

‘ Center ‘ Kathmandu‘ 1 ‘Lalitpur‘ 2 ‘Kirtipur‘ 3 ‘Bhaktpur‘ 4 ‘ Thimi ‘ 5

I.  Areyou 18 years or older?? (Ask if respondent looks very young)

18 years or older 1 (start the survey)
Less than 18 years old 2 (ask for adult person in the house])

Note to enumerators: Please write number in English

PSU Code: Date of Interview:

HH No.: (day/month/year) eg. 14 July 2012
Respondent’s Name: Enumerator’s name:

Phone Number: Enumerator’s code:

Address: Signature:

Ward Number:

Name of the place: Supervisor’s Name:

Community Name: Supervisor’s code:

Landmark: Signature:

House number(very important):
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Interview start time:

Data entry operator’s name:

Interview end time:

Signature:

Back Checked : 1 Accompanied : 2

Scrutinized :

3

Q A. Relationship of the respondent to the household head:

Household head / self+

Husband / wife

son / daughter

Grand Son / grand daughter

mother / father

brother / sister

Mother-in-law' / father-in-law

Brother-in-law' / sister-in-law

Son-in-law / daughter-in-law

O O(NOO|O|D WIN|F

Nephew / Niece

[EY
o

Other Relatives

[N
[N

Other

=
N

Q B. Caste

Brahman

Madheshi

Chhetri

Madheshi Dalit®*

Newar

Pahadi Dalit®®

ArlW|IN]|F

Janajati®®

Other, Please specify

O|IN|O| O

Section 1: Solid waste management related existing behavior

1. Inyour opinion, how big of a problem, if at all, is the solid waste management system

in your municipality?

Not a problem | Not a big problem

Somewhat problem

Big problem

1 2

3

4

64 (10) Kuche, (11) Chyame, (12) Pode, (13) Chamar, (14) Dhobi, (15) Paswan (Dusadh), (16) Tatma, (17) Batar, (18) Khatbe, (19)
Musahar, (20) Santhal, (21) Satar, and (22) Halkhor. Satar and Santhal is the same indigenous nationality but they are listed as Dalits
because they are treated as untouchables by some “high caste” people in some villages and towns in the eastern Terai region.

65 (1) Lohar, (2) Sunar, (3) Kami, (4) Damai, (5) Kasai, (6) Sarki, (7) Badi, (8) Gaine, (9) Kusule,

66 Magar, Tamang, Rai, Gurung, Limbu, Sherpa, Bhote, Walung, Buansi, Hyolmo, Gharti/Bhujel, Kumal, Sunuwar, Baramu, Pahari, Adivasi
Janajati, Yakkha, Shantal, Jirel, Darai, Dura, Majhi, Dunuwar, Thami, Lepcha, Chepang, Bote, Raji, Hayu,Raute, Kasunda
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Now, | would like to ask some question about your household waste management
system.

Note to Enumerator: Solid waste is defined as unnecessary waste generated in each
household such as kitchen waste, old newspapers, papers, empty glass, bottle, plastic,
metal and empty cartoons. These waste can be categorized into three types: 1)
biodegradable waste such as kitchen waste, 2) recyclable waste such as paper, glass,
plastic, metal cans etc, and 3) other waste.

Usually, how much total waste do you produce from your household in a week?

Usually, how many household members stay home most of the time?
....................... member

. Which of the following services are available in your community? Read aloud

Private door to door waste collection service

Municipality Door to door waste collection service

Municipality truck’s waste collection service from center of the community

Roadside container

Designated waste collection point

Other, please specify

~No|jo|bhlW|IN|F

None

Do you have the following dumping site within walking distance from your
household?

Door to door waste collection service’s dumping site

River bank dumping site

Haphazard/illegal dumping site

Designated dumping site for municipality or private organization

AWIN|F-

How do you manage your household waste? Please specify mostly used methods.
(Multiple answer, Read aloud)

Give to door to door waste collection service

Put in Municipality’s truck

Put in roadside container

AIWIN|F

Dump in designated dumping site
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Dump in haphazard/illegal dumping site

Dump in river bank

Sell the recyclable waste

Bury the biodegradable waste and produce fertilizer

O |N (O O1

Composting

Burn plastic, paper

|
O

Other method, please specify...................ooo....

9. A. Do you have space to store waste inside your house compound?

| Yes \ 1 | No | 2 |

9. B. Does the waste collector collect waste that is stored inside your house compound?
\ Yes \ 1 \ No \ 2 |

10. Usually, where do you receive most important information about environmental
sanitation?

[EEY

School, campus, University

Radio

TV

Newspaper

Brochure, notice board

Family and friends

Municipality or ward office

Community and environmental organizations

©O©| 0 N o o b W N

Public awareness program

[EEN
o

None

[N
[

Other sources, please specify.............cooevveiiiini.
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Choice experiment

Note to enumerator: The following paragraph must be read to the respondents.

Now, | would like to talk about the improvement on solid waste management system in
Kathmandu valley.

There are many recommendations to improve on existing solid waste management system
in Kathmandu valley. Among these points, we have selected five important attributes.
Those attributes are:

Waste collection time

Community Waste Management Committee
Waste collection frequency in a week
Waste segregation types

e Additional monthly user fee

In addition to your existing solid waste management system, two solid waste
management service packet are created using the above five attributes. Among those
service packets, you have to choose the one you like the most. Before that, | would like to
briefly introduce you about each of these attributes.

1. Waste Collection time
While collecting waste from door to door, waste can be collected in two ways: 1) door to
door waste collection, with schedule, and 2) Door to door waste collection, without
schedule. With, unscheduled waste collection service, your household waste can be left
uncollected because of time conflict or because of no information about waste pickup time.
For schedules waste collection service, such difficulty does not occur.

11. What type of waste collection service is available in your community? Check all that
apply.

Door to door waste collection service, without schedule |1

Door to door waste collection service, with schedule

Truck’s collection service, without schedule

Truck’s collection service, with schedule

Designated waste collection point, without schedule

Designated waste collection point, with schedule

~N| o) o B~ o wWwDN

None
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12. How long does it take to walk from your house to waste disposable place?

.............................. minutes (please keep 0 for door to door waste collection
service)

2. Community Waste Management Program
Your community members and waste collection service organization will create
community waste management program. This program will conduct three important
functions: 1) conduct public awareness program related to solid waste management
system in community, 2) collect haphazardly disposed waste in community from time
to time, and 3) monitor haphazardly waste disposal activities and take action to stop it.
In this committee, community members will participate as volunteers and municipality
will provide necessary assistance. To improve the existing solid waste management
system, part of your monthly user fee will be spent for this program.

13. Had your community have a Community Waste Management Program, would you
be willing to willing to volunteer for the program?

| Yes | 1 | No | 2

14. Does your community have a Community Waste Management Committee?

| Yes \ 1 | No ] 2

15. who collects your household waste?

Municipality 1
Private sector 2
None 3
Do not know 4

3. Waste collection frequency

Waste collection frequency per week is another important attribute.

16. In a week, how often does the waste collector collect your household waste?
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4. Waste segregation types
If you segregate your household waste before disposing it, it will reduce the
pressure at landfill site. There are three ways to segregate your household waste: 1)
No segregation, 2) two types of waste segregation: biodegradable and non-
biodegradable, 3) three types of waste segregation: biodegradable, recyclable, and
other.

17. How many types of waste do you segregate while disposing your household waste?

No segregation 1
2 types: Biodegradable and non-biodegradable 2
waste

3 types: Biodegradable, recyclable and other 3

18. In past six months, did you sell recyclable household waste?

| Yes | 1 | No | 2 |

19. Usually, how often do you hear the recyclable waste scrap dealers hawking around
your community?

Never heard | Once inamonth | Once inaweek | Onceinaday | Many times in aday

1 2 3 4 5

5. Additional monthly user fee

You may need additional fund to improve the existing solid waste management
system. Such fund can be generated from the monthly user fee from each household.
Currently, you are paying waste management fee in either of two ways: 1) pay
monthly user fee, or 2) pay tax to the municipality. To improve the existing solid
waste management system, you may have to pay additional monthly user fee. The
additional monthly user fee in your waste management service packet may need to
be paid in real life. Therefore, please consider your income and expenditure while
choosing your solid waste management service packet.

20. How much monthly fee do you pay for the waste collection service?
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21. How satisfied are you with the existing solid waste management service in your

community?
Very dissatisfied | Somewhat Neither satisfied, nor | Somewhat Very satisfied
dissatisfied | dissatisfied (Okey) satisfied
1 2 3 4 5

Which solid waste management service packet do you choose from the following?

Note to enumerator: Please show the following tables to respondent while asking to choose
solid waste management service packet.

Now, you will be given three solid waste management service packets including the
existing one. Each of the service packets includes five attributes described earlier. The three
solid waste management service packets are: solid waste management service packet A, B,
and Status quo, C. Among these three service packets, please choose the service packet
you like the most. If you are happy with the current waste management service, you can
choose the last option C ‘status quo’. If none of the option exactly matches your
expectation, please choose the one that you dislike the least. While making your choice,
please consider your current income and expenditure because the fee mentioned on your
chosen packet may need to be paid in real life.

Solid waste management | Solid waste Status Quo, C

1 service packet, A management service
packet, B

Waste collection | Door to door waste Door to door waste Status quo
time collection service, without | collection service,

schedule without schedule

Yes- Public awareness No- Public awareness Status quo

program about waste program about waste
Community waste | management in management in
management community, waste community, waste
program collection, monitoring and | collection, monitoring

taking action against and taking action against

haphazard waste disposal | haphazard waste disposal
¥Vaste collection Daily i.e. 7 times a week | Once a week Status quo

requency
Wiaste segregation _ 3 typ?s: Fiodegraﬁable, Status quo
types No segregation recyclable and other
waste

Additional 100 rupees per month 20 rupees per month Status quo
monthly user fee
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22. A. which one of the services do you choose among given three service packets?
(Single answer)
e Waste management service packet, A

e Waste management service packet, B

e Status Quo, C

22.1 Which attribute did you like in your recent choice of solid waste management

service?
Waste collection time 1
Community waste management program 2
Waste collection frequency 3
Waste segregation types 4
Additional monthly user fee 5
23A. how certain are you with your recent choice?
Very Somewhat Neither certain Somewhat Very
uncertain uncertain nor uncertain certain certain
(neutral)
1 2 3 4 5

2

Solid waste management
service packet, A

Solid waste management
service packet, B

Status Quo, C

Waste collection Door to door waste Door to door waste Status quo
time collection service, with collection service, without

schedule schedule

No- Public awareness Yes- Public awareness Status quo

program about waste program about waste
Community waste | management in community, | management in community,
management waste collection, monitoring | waste collection,
program and taking action against monitoring and taking

haphazard waste disposal action against haphazard

waste disposal

Waste collection 3 times a week Once a week Status quo
frequency
Waste segregation | 2 types: biodegradable and 3 types: biodegradable, Status quo
types non-biodegradable waste recyclable and other waste
Additional monthly | 20 rupees per month 50 rupees per month Status quo

user fee

22 B. which one of the services do you choose among given three service packets?
(Single answer)
e Waste management service packet, A

e Waste management service packet, B
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e Status Quo, C

22.1 Which attribute did you like in your recent choice of solid waste management

service  packet?
Waste collection time 1
Community waste management program 2
Waste collection frequency 3
Waste segregation types 4
Additional monthly user fee 5
23B. how certain are you with your recent choice?
Very Somewhat Neither certain | Somewhat Very
uncertain uncertain nor uncertain certain certain
(neutral)
1 2 3 4 5

Solid waste management

Solid waste management

Status Quo, C

3 service packet, A service packet, B
Waste collection Door to door waste Door to door waste Status quo
time collection service, with collection service, without
schedule schedule
Yes- Public awareness No- Public awareness Status quo
program about waste program about waste
Community waste | management in management in
management community, waste community, waste
program collection, monitoring and | collection, monitoring and
taking action against taking action against
haphazard waste disposal haphazard waste disposal
Waste collection 7 times a week 3 times a week Status quo
frequency
Waste segregation | 2 types: biodegradable and No segregation Status quo
types non-biodegradable waste
Additional 10 rupees per month 40 rupees per month Status quo

monthly user fee

22 C. which one of the services do you choose among given three service packets?
(Single answer)

e Waste management service packet, A
e \Waste management service packet, B

e Status Quo, C
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22.1 Which attribute did you like in your recent choice of solid waste management

service  packet?
Waste collection time 1
Community waste management program 2
Waste collection frequency 3
Waste segregation types 4
Additional monthly user fee 5
23C. how certain are you with your recent choice?
Very Somewhat Neither certain | Somewhat Very
uncertain uncertain nor uncertain certain certain
(neutral)
1 3 4 5

4

Solid waste management
service packet, A

Solid waste management
service packet, B

Status Quo, C

Waste collection Door to door waste Door to door waste Status quo
time collection service, with collection service, without
schedule schedule
Yes- Public awareness No- Public awareness Status quo
program about waste program about waste
Community waste | management in management in
management community, waste community, waste
program collection, monitoring and | collection, monitoring and
taking action against taking action against
haphazard waste disposal haphazard waste disposal
Waste collection Once a week 7 times a week Status quo
frequency
Waste segregation | 2 types: biodegradable and | 3 types: biodegradable, Status quo
types non-biodegradable waste recyclable and other waste
Additional 50 rupees per month 10 rupees per month Status quo

monthly user fee

22 D. which one of the services do you choose among given three service packets?

(Single answer)

e Waste management service packet, A
e Waste management service packet, B

e Status Quo, C
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22.1 Which attribute did you like in your recent choice of solid waste management

service  packet?
Waste collection time 1
Community waste management program 2
Waste collection frequency 3
Waste segregation types 4
Additional monthly user fee 5
23D. how certain are you with your recent choice?
Very Somewhat Neither certain | Somewhat Very
uncertain uncertain nor uncertain certain certain
(neutral)
1 2 3 4 5

23

24 On your choice, How important role did the following attributes play in choosing

the service packets?

Very less
important

Somewhat
important

Okey

Very
important

How important was Waste
collection time in your
choice?

1

2

3

4

How important was
Community waste
management program in
your choice?

How important was the
Waste collection frequency
in your choice?

How important was the
Waste segregation types in
your choice?

How important was the
Additional monthly user
fee in your choice?

25 (Ask if they choose status quo, C) why did you choose the status quo, C instead of

other two choices?

Monthly user fee was too high

management service

Do not believe on improved solid waste
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Government’s responsibility 3

Satisfied with status Quo 4

Otherreason................. 5

Environment related Knowledge and opinion

26 Have you ever participated in environment protection program such as poster
presentation, community meeting, banner presentation, road rally, road drama,
sanitation program etc?

| Yes |1 | No |2

27 Are you or any of your family members actively involved in solid waste
management and environment protection related organizations?

| Yes |1 | No |2

28 Have you heard, read or seen public announcement about any of the following
topic?

Yes No
Haphazard waste disposal is prohibited 1 2
Impact of haphazard waste disposal on public health and 1 2
environment
Impact of plastic on public health and environment 1 2
Water treatment methods 1 2
Waste recycling, composting and its importance 1 2
29 Did you change your waste disposal method after you heard such public
announcement?
Yes 1 No 2
30 Does your community have any of the following community organizations?
Yes No Do not know
Sanitation and environment related 1 2 3
Sports, exercise and recreational clubs 1 2 3
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31 Have you seen a notice board in your community that says “waste dumping is
rohibited here, and if disobeyed, can be penalized certain charges”.

Yes 1 No 2

32 In your opinion, which of the following waste are recyclable wastes?

Yes No Do not know
Newspaper 1 2 3
Plastic bottle 1 2 3
Food waste 1 2 3
Glass bottle 1 2 3

33 How do you agree with the following opinions? Please rank in the order of 1t0 5. 1
means “do not agree at all”, 5 mans “completely agree”, and 6 means “do not

know”.
1.Waste segregation is very boring and irritable 1 2 3 4
2.Waste segregation take long time 1 2 3 4
3.1 can benefit a lot by segregating my household 1 2 3 4
waste
4. By disposing my household waste appropriately, 1 2 3 4
I can help to keep my community clean.
5. My friend, family and neighbor think we should 1 2 3 4
not dispose waste haphazardly.
6. I won’t stop disposing waste haphazardly until 1 2 3 4
my neighbors do not stop it.
7. 1 am concerned about the disease spread by fly, 1 2 3 4
insect, mouse and crows on waste dump
8. Waste segregation and recycling is my personal 1 2 3 4
decision.
9. Municipality wants us not to dispose waste 1 2 3 4
haphazardly.
10. It is my duty to keep my community clean. 1 2 3 4
11. If I was given a separate bin, | would segregate 1 2 3 4
more waste.
12. If possible, I dispose my household waste 1 2 3 4
properly.
13. 1 am concerned about the aesthetic impact of 1 2 3 4
haphazard waste disposal in my community.
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34 Do you know about municipality providing composting bin at subsidized rate to
promote household composting?

Yes

1

No

35 Have you used any type of composting bin?

Yes

1 (goto Q 37)

No

36 If you are not using any type of composting bin, are you willing to buy a

composting bin?

Yes

1(goto Q 37)

No

37 Do you know that Ministry of Environment has operated community mobilization
unit to promote environmental public awareness?

Yes

1

No

38 Have you ever watched Solid waste management related TV program “our
Kathmandu™? or listened to solid waste management related program in Metro FM?

(read aloud)

Never Sometime Mostly Always Do not
watched/listened | watched/listened | watched/listened | watched/listened | know
about
program
TV program | 1 2 3 4 5
“Hamro
Kathmandu”
Metro FM’s | 1 2 3 4 5
sanitation
related
program

39 Did you hear about and/or participated on special sanitation program?

Heard Participated
Yes 1 2
No 1 2
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Your and your family’s health

Now, | would like to ask you some health related questions. (0 to 18 years is called
child and above 18 years are called adult.)

40 During the last 30 days, how many times did you and/or your family member get
sick with the following disease?

Got sick Did not get | Number of | Number of
sick Sick sick adults
children

Diarrhea/ Dysentery | 1 2
Jundice 1 2
Typhoid fever 1 2
Dust allergy 1 2
Nausea, itchy eyes, |1 2
headache

Respiratory infection | 1 2

41 A. Due to the above mentioned disease, how many days did you miss work or
school in last 30 days?

Days of school Days of work Days of personal
missed missed work missed
Total days
Not applicable 99 99 99

42 B. How much did you spend for the treatment of above mentioned disease?

42 What is the source of your drinking water?

Sources

Municipality piped water 1

Purchased bottled water

Tanker or truck water

Well

Tube well

| O B O WODN

Spring water
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Boring 7

Dug well 8

43 How do you like the color, smell and taste of your drinking water? (read aloud)

Very bad Bad Okey Good Very good
Water taste | 1 2 3 4 5
Water color | 1 2 3 4 5
Water smell | 1 2 3 4 5

44 How safe do you think is your drinking water?

Very dirty Somewhat dirty | Okey Clean Very clean

1 2 3 4 5

45 Which of the following water treatment method do you use to treat your drinking
water?

Yes No

Filter water 1 2
Boil water 1 2
use water purifying 1 2
chemical
Use water purifying 1 2
machine
Other............ 1 2

1 2

Socio-economic and demographic information

46 In your household, which member of the household usually takes the responsibility
of collecting, processing (if you do) and disposing the household waste?

Anyone in the household 1
Household head 2
Female other than household head 3
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Male other than household head 4

Servant or maid 5
47 Do you have kitchen garden?

Yes 1 No
48 What is your completed age?..........ccccveveneee. years

49 What is your marital status?

Never married......... 1
Married.................. 2
Divorced............... 3
Separated............... 4
Widow/widower...... 5
Live-in relationship.......... 6
50 Number of members in your household (currently living in the household)
Number of children 0-5 years
6-18 years

Number of adults
(Older than 18 years)

Number of adult with earning

51 Does your household own any of the following items? (index for wealth and

52

income)

ltem

Yes

No

How many?

Radio/Tape/CD player

Bicycle

Motorcycle/scooter

Fans

Television/deck

Telephone set/cordless phone/mobile phone/pager

Sewing machine

Camera (still/movie)

Motor car, etc

Refrigerator or freezer

Washing machine

Computer/printer

I e R R

NININININININDININDINDININ

What is your educational qualification?

Less than SLC (keep number of completed years) | ...................

SLC 10

11 class complete 11
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12 class complete 12
BA complete 13
MA complete 14
Vocational training 15
Can’t read and write 16
Can read and write 17

53 Describe your occupation based on the following major work divisions.
1. Education (school, institute, university, tuition center)
2. Government administration (administration, Beaurocratic, corporation,

politics)

Health(Doctor, nurse, midwife, pharmacist, therapist)

Information technology

Business

Employment(salary)

Daily Labor

Unemployed (looking for job)

. Housewife

10. Student

11. Others (Please specify)......

©ooN Ok~ W

54 Does anyone in your family involved in health related occupation?
| Yes (1 | No |2

55 Do you own or rent your current residence?

56 How long have you lived in Kathmandu?
A. Less than 5 years
B. 5to 10 years (go to question 58)
C. 11 to 20 years (go to question 58)
D. More than 20 years (go to question 58)

57 If you have been migrated to Kathmandu within the past 5 years, what was the
reason of migration?
A. Employment opportunity
B. Business opportunity
C. Education opportunity
D. Migrated from foreign country
E. Migrated from other district
F. Other reason, Please specify..........

58 What is the total monthly expenditure of your household?

178



Food expenditureonly | ... rupees

Total expenditure | ... rupees

59 Range of household income (monthly in NRs)
Total income of household per year.................

If you are not sure about the exact annual income please choose the range of income
level from the following choices.
Less than 5,000
5,001-10,000
10,001-20,000
20,001-30,000
30,001-40,000
40,001-50,000
50,001-60,000
60,001-70,000
9. 70,001-90,000
10. More than 100,000
11. Do not know
12. Refused
60 In your opinion, what are the three important things to improve existing solid
waste management system?
1)
2)
3)

NG~ WNE

The End!
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Appendix J: Survey Questionnaire in Nepali

4T R

HH No.

FISHIUS STIFH BIER AAT AL FHHT T,HIE TAT FFERAT AT SHlE TRIARHE 99 |

TEHERRHAT AT 1 |/ FISHTST JAARETE JaT JAIHEIET o = AfRIAT el AdTer Taer
YUITATE ATTHI & | BTHI TATE SIS FISATIST JHHBIHT ATAETEEET TeTehl DIER Hell HALATITHT dATCHT Fel

I T qUTE! (= T4 T S AM@a] | @ S @Ioiel [q998% &
o  HTEH BIER HAAT IS 4T YN T SHALATITHT ATHT
o  SfEcehl ATATEARUT HEead! ATHT
o E[H BIER Hell HTATIA TATSH] T I AT ATHT

N N

FUTgH! TEATTdT BTHT 10T 9% e & | TUIgH! [aaRes Aasmr TR RERAAT aear s qrie A
faafor 9 S9Te SUART e | o WA Ufedl a9 FAAT AN fAqH AT qUrgHr At T =y |
TUTGATE B HXThT FTX (&7 ATSART TTHT I[N IAR ATGH U T &g, | T9HT Aqfe Ale a1 T8 a1
ZAT FAA qUIEH [ AU SAX 7 GTHT AT Ale g7 T | el (G0 2 faeees qar qurger aw
Wuﬁﬁg{nwaﬁmaﬁmﬁaﬁﬁamhﬁaﬁw%ﬁma@wrmw
BT SATHTET &l |

|Center‘m@"1‘%@‘2‘%@‘3‘%@‘4‘% ‘5‘

Il. & ques S 95 au gy ? I€l Rl SE@RH! dMadarg W A1 A Y97 dred

is a9 a1 95 TUTET TGl 1 (7% 7% ™)
95 a9 AT FH 2 CRERERERERE )]

ArAATATFREATS AT THAT JIANT g THRES SUSTHT ASTITE, |

PSUIE:..... FeeraTa feruepr fafe....
HH NO.:......ooooi (fe=1/Hfe=/ad) (eg. 14 july 2012)
FATETATERT AT oo SRTaTa e el AT,
TR BT TV SARTATCTERTRRT BIS..............

BT e BTG, e
FST AFC ..o

BIGBT T FOTATSSIIR] AT
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UG ..o BT oo
R AFR (AR O oo,
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AFARATAT FIBTDT THT 5 oo BEATETR . oo
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Back Checked : 1

Accompanied : 2

Scrutinized :

3

QA.

Feaeardr o fhehl BRHATET! ATl THIwd
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T ;. BER AT ATEATTH T 2! TaeR

Q1. Furger! A= TUTEHT ANRATATETR! ETeTl RILRAAT AL, ATe THLT &1 99, F(d el THET &

?

1 2 3 4

67 (10) Kuche, (11) Chyame, (12) Pode, (13) Chamar, (14) Dhobi, (15) Paswan (Dusadh), (16) Tatma, (17) Batar, (18) Khatbe, (19)
Musahar, (20) Santhal, (21) Satar, and (22) Halkhor. Satar and Santhal is the same indigenous nationality but they are listed as Dalits
because they are treated as untouchables by some “high caste” people in some villages and towns in the eastern Terai region.

68 (1) Lohar, (2) Sunar, (3) Kami, (4) Damai, (5) Kasai, (6) Sarki, (7) Badi, (8) Gaine, (9) Kusule,

69 Magar, Tamang, Rai, Gurung, Limbu, Sherpa, Bhote, Walung, Buansi, Hyolmo, Gharti/Bhujel, Kumal, Sunuwar, Baramu, Pahari, Adivasi
Janajati, Yakkha, Shantal, Jirel, Darai, Dura, Majhi, Dunuwar, Thami, Lepcha, Chepang, Bote, Raji, Hayu,Raute, Kasunda
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AL

9 qUTZH! TP RIERHAT LTI THT el Teee Aled =ewg |

JTCATAFCATE A TeT R’ HAT AT 8¢k X GRARHAT I ST g Tolfed Rl A=, &l
HATRITHT STFAT B HIER, TXTAT 9TeT, H0TS, @Tell aidd, TaTd, @Iited, HaTd, el Fled e qw g, |

TG FAfepuerT ®IERes 3 fHfaHs RER /e Q) Hfed @rdaH RER T ATH ST 89 RIER, ) THE

>

TR IF FART T e GTerehl RIER A HT, T, WIteE, BT A1fg q41  3) 377 el R |

Q2.  YrISTEl, TUTEH! TRARETE § BCTHT & . S, BIER STHAT &7 7

Q3. JUEH WEARAE A% STHHT BIER A, AIETETE Mk a1 &Hied hlaRes | g™ Hid &. Si.
STERT B8R 7

Q4. JUEH WERAe AT ST RER 7, Tdhed a¥ 9 TN T4 e RlERes § g Hid &,
ST, STHT 7 7

Q5. qUEH WA YT FE! AT SRAT aF IRAR FE FA AT § &7 7

Q6. quEF T a« feusr Hey FA ®4 dawe uaed 34 ¢ M. A Read Aloud

el 8rrare g=Tfad sRedreTe ®ER Ior3 ddr

TRATNASTR! T, ST a7 RaTer Al Al Ak q1e RIeR IS 4l

TSF FSAT AUH! FET AT AT HradT

FRIER T qIlBTR! Gl 313

N[O O~ WINIEF

Q7. auEa wxare fE a1 fesy afe orewr a9 feus werR qu orses 34 ¢ M. A read aloud

¥R AT AT ISR ATTH RIER UM 313

GIATH! [FARHT AUH BER 9 313

TIPS AT STATATAT FTAT BIATHT BIER I 313

>

A L
NN NN g

NN NEENIEN o

TRATAHT a7 A RN IS T lhaUb] RIGR qATH @reil 313

>
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Q8. qurE ATHAT wRaTe fAfEruH RERATE F F THgrs ¢ AT G TANT g7 fafaes AR |
M. A Read alound

Y TAEE BIER ISTITAS o

TARYTATRTeRT TTSTAT THIR &Ter

TSP UIAT WU B AXHT TR &Terd

TR TR @TEAT STSHT Bl

FEHAT AT F T AATETHT Gl STSHT Hled

GreATeh! ThATRHT HTer

99 AN TH el RIER STFAT 9IRS

Fied RERATS TMEH T AT T TS

O |INO|O|R[WN|F-

FHied BRRATS HHEE TR 7S TATSH

[EEN
o

ST e BIER & 6RTS], @liede ATelrs STra

F
o
i
:

Q9A. % AUEH TFHN FFTIVE (9T RER I @Il 313 G 7

3 | 1 | &wm | 2 |

Q9B. auTEH TN FFTSTE T THAT TRFN RIERATE BER TS ATh IR ATy

| ®ER SorgHe AU @ \ 1 | e fet \ 2

Q10. grosEr, qUIEd ATATERUT ARERTE TR AT TATEENT GAAT TAT AAENIEE Fal Farad
ases ¢ M. A Read aloud

T, FTE, AT 1
e 2
ICAES 3
EERIECa| 4
=l | THwE | AT 9l 5
ATATATE TT TRARE FTEIEE 6
TRATATHT a1 AT FHAAA 7
THETT qoT ATATaRe FFaid Hoge 8
ST HeAeh FAEH 9
F afT g 10
q HAes Iooi® THR .. 11
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Choice experiment

HRACATAIFICATE AN - TAHT FAET JTa1d FTAT 92X FATGT 975 |

UG H ITAF(H! BIERASAT AT AR GHE Be F T =g |
WWWWWHWWWWWHWWW

B

| TG ATUHT FHRTIET HeH BTHI ¥, Fecaqul FXTee (Ut o | i #es g

HER IS THT |

ITHETTIF RIERHAT T FAHH |
BETHT =l BIER IS A= &7 |
AITG ATHAT TP BIER FEATI THT |
g AfEATERT FaT b |

TUTEHT ETeHT BIERHAT SAGRATI FaT aTee W fquaT FRres fafaes wrarar T8 97 } 7a e

TaTe® AR WAs | fq qamee Al qurge AThAT GI9vaT A TRl JaT Ao T3 | TIT T ILhT e

I A AT G0 FRTEeh] aHT Fehd 9= fad =ewg; |

9. BlER I5ET I9T

N Y N

TITEHT TRIAATE BIER TS R [HaHT RER I2TS Afthrg © ) TGS IS, TAGF A T4

>

THIT IS ) TRIATATE IS, AMBTHT A TN THIHT IS | STAGF R JIT THIAT RER ISTIET

N N

THT gTeT THUR AT AT ITH] THUH! TATH TUTSH TR BIER T35 9 TG | IMFUH THIAT FER

IOTIAT AT FTHET o |

Q 11. wfew qUITESHT BRHT HIER FAU Iorsd WHl § 7 SA

TREATEE ST, TAgF R qIT THAAT SIS

TREATETE FSTI, AMBTRT AR FAT THIAAT ISTI

TH IS, TAGD AR AT THIAT IST3

Thl IBTSH, AMBUH IR AT THAAT IS

ATFITRT GTEAT SISHT AT ISTSH, TAGF R TAT THIAAT IS
ATBITHRT @Al SISHT IR IS, ANBUH AR AT FHIHT IS

W o o

N[OOI IWIN(F-

Q12 . qUIEHN WRATE ®ER Fled 38 T (S TH Hid FHT ARG ?

....................... faee (aREE aTe IeTeaTs O TE)
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3. UTHEE® BIERAT HTEIT FAHA

FUTZH! AT TAT BER SIS AT Wk THETAIF RIERHAT LTI FEHT WG | T

FRHHAT AT T A AEAYY FH &8 . e[ 7T GHIAT BlERHAT LTI FF74

SASAATHAS HAFH Fearad T | . GHT GHAAT SATIER BIER GHAT T | 3 TATATE BIER Hleddrs

R e ¥ &A1 THATS HBRETE! T | T9 FEITH] AAarded @aadds TUT HH THeeg ¥ TRl

ATEALAF TEART TG, | ETAR YATATS TATHN FATST AU [ATHUR! ehale (M= T T9 FHAT @

RS |

Q13. TurEE! AT ATl AASET FEFHH TH] JUS AF FAHAA S@IHATF T FH 19 595F 51575

EXN 1 | 3 | 2 |
Ql4. & qUEHN A HIET ARSI FXEAHTE AT ATATART FREAT H¥aled FTUFHEE Grg?
lz | 1 | o | 2 |

Q15. JqUEH TH ®ER oIS AT H&t faust g *SA

BRESIEE 1
EEIRCE] 2
F afT B 3
aTET B 4

3. TN & Hiie RIER IS ?

FER ISSTA dUEH B a7 el eTAl Hid =lid BlER IISF A~ G RIERHAT ATTITEH Teh
TEAY T &l |

Q16. TUEFN TP BER TEASE! EATHT F(q TaF ISTST Wbl G 7. TTF

¥. qUSe STRAT U<l BIER Sedrg™ alel

| TIE BIER FEATS [T9 JUIEE G: §) BIER AGEATS: H T [BIGHPT BIER AGEATIH | ) TF GTAH!

BIER GEATIH © Hied T Agied, 3) (a7 @ad! BER AT Hied, T9: TAN T4 Hex T F BIER |
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Q17.

Q18.

Q10.

TUTET RIER HTeaT Hiq frfaaes wreres gear i g5 * Read aloud, SA

e — 1
FHied TN THfed FRR FeATSS 2
Fed, TN TIART T4 (He (@1 ST IR =4 Herl ) T 917 BleR gearsg 3

TTHT & AREATHT TUES ATRAT TP GF FART T (Hed RIER ST qfreht wnnfted qor frames =1

ST ?
EEl 1
Elich 2

TITET e ESTHT TATSehT B AR O TN I e TR ST BT, qiTehT, it ehebl et qar

faramept e wnfe fbet WIFg FRTST ATTHT TUTEA FiTHT Tl TTHT B 7

Feed qfaa | Hewr wfeamar FT AT fae fa TF faTH 9R qeF
1 2 3 4 5
Y. 99 AigAEr ¥41 OeF

ETAH] RIEHAT HELIIAATS AR T WIS AP FITEE TGP AT 99 TR TERT 97 T, | TG
e a9 T &V TXATE AiEHATAT FAT Tebd THHT IS, | qUEA Afeet G g foRtaH " B UH
TAHTA Fotb ARREAATRT G © §. AEMATENT THH A, a7 3. AEMATEN] o A q ARANABTATS A9

~

FIATHE FX A | ETABT RIERAAT HALITAG el T AU FETA APT oAl 7% el IT ThH A1
T, | JUTge I AUHT YATHT AR HiEHATaTT FaT ek ATea (67 T g I, | Adel G Ao AT
TATEH BT ATFETAT TAT @bl I F@TS@r THar |

Q20. TUEFN ARARS ATHAT BIER IS ATIT AGATART Hd b (O 575 7 &

Q21. TUE ATHAT SAAB KER IoIS YATAE FAF AL EAES 7

AT FATE

el HEATHT JI=d

fsb

&lE ATATAT F=

E e I B

1

2

3

4

5
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qo Tt W) RERAT FFYT 941 AN 79 7
HIATAIEIRAE A1 : TETTNAE Tofld FATTT TTET ATAFIET 2GIIe ST~iaral el |

o AIZATS BTl BIERTAT T Fa7 GHA Y 3 F1 Ya12% Hel TIeT a1 g (4g7s | 8¢ JaEs
ST iU FRrEeeR fafa=T AT e A g | i A e Jaee g PR 9T Saera dar
A, B et qar C . A1 3 IaTes Tell qUrgdre Tadw=T A q<hT a1 A &l | qUTgars Telehl Jar a9

THT G T BT BIEREAT AALATIT JaT o T g8 | A8 JIEArs & qf Far 79 u¥d 94 917 faua

foe FaTe® WelHT AT AHT FAT A &l | TG YAT F AT ATRHAT AT AT @bl I F@rsia

e ETAT fepeebl TSt TSR] JATHT AT AgwTaTeT JaT ek TS ATEqad (e o g7 I |

FIERAT AT Ja1 A | PIERAT AAATT JAT | SR BIORAA
1 B FFEIA AT
C
HIER ISEA IHT | ¥R AT BIER IS, R AT e ISTSH, | BTl e
TAF T JAT EAHT TAGF T JAT EAAT
- -
AT RIERASAT FwaTwdT AT RIERASAT TwawdT TR aedT
RIER qehad T T AT | BIER Fbeld T T
YIS BIERAAT | . ez FRTee st N
T T AT THATS R et ¥
FRATE! T FTUFHH gX THATE HRATE T HTEHH
il
TATAT BT TEF S
FATHT AT e AT q TIF ETAHT ATEIT
HRR ISEA ? !
N N a7 @TTdl BER FaATIA- | BTAH T
TUTSH Ol BIER | BIER  AGaaTSd 2 Pl T Fore @
TS AR I HIER
Iq HigATary Jar % 900 99 e T 0 99 ek ETAhT a7
ek
Q22A. =ty feusr Taedr &1 441 A1 g5 ¢ SA
o  TRERET AT a1 A
o WERHAT FRAI a1 B
NN N
o EIAHI ®IERHHAT awamay ¥ar C
Q22.1 qurger W@ AR YA & % FT AF G AT a1 Ao qwH 2 MA
TR IS THY 1
ITHETATF RIERHAT G FIAHH 2
AT Hiq 92k HIER IS 7 3
qUTSH BT RN FEATIH AT 4
a9 AlEATET AT e 5
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Q23A. AfaeT JeTAT TUTS FaT AT qUTs ATH Hidehl ATeAT AU AT A5 TUH & ?

a% E?%T'FIWTQT Y ~ oo ST oVl o
P . fo | Bfe Ammm A=A ffy=ra
1 2 3 4 5
FER AT a9 Qa1 | BIERAA] AIEAGT 991 | BTl BleRA=T
2 A B LA qar
C
o TAEE BIER I3, TR TATAE BIER ISS,
®IER IOG AT | AMFTHN AR TAT THIAT TAGF AR AT GHAAT | BT ARAT
I3 I3
ATTHT BIRITHAT Tl STHT IR HT HH;FET'
ST @I, ST <Ieh] N m, T?::l;r?
YEETA® RERAT | BER Feberrl T T STl iwﬁﬁqﬁg\‘r{ .
i NN N ﬁ ? QT@‘\T ST thiedddlg gldchl Y]
T IE AT FRATET T e X <
« e THATE FRATET T
S W' @-
WE m AT 3 ICHh AT 9 9k ETTeh! ST
NN .. | 99 @@ wER
AIEH BB BlER | 33 ‘:‘JI:*I FER FaATI: e I
G 2 ol e T 9 ®ER
Tli_ﬁig”'ilw ¥ R0 99 ek ¥ 40 97 ek HEEIREEII
Q22B. =iy fausT aae@r &4 Fa1 i1 g8 ¢ SA
o  WERHAT FFgEaT Jar A
o WIERHW e ¥ar B
o ETH hlERHAAr geqad a1 C
Q22.1 qurger W@ AR JATHT & % FT AF G AT a1 Ao qwH 2 MA
HER IS T 1
ATETAE RIERHET eI FTIHH 2
EATHT T Ydb RIER IS 7 3
TAUTEHT BT TIER GEATIT YT 4
9 AlEATaNT qa1 qob 5
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Q23B. sifaeaT JeAT qUIEd FaT ASET qITs ATH Hidh! (MEAT HU AT A5 TTHT 2 ?

=
PN FET |EATAT AfAR=T fob | g Ao W= | &R fafesd
1 2 3 4 5
3 BIER FeT e Jar A FIERAAT e da1 B BTl
RIERAT
eI AT
C
®ER IBET 9T T TAEE BlER I5T3, TR IATEE BIER I3, ETeTeRT STaeT
TR AR TAT THIAT ISS | TAAH IR TIT THIAT 35154
ARETAF RIERHT STAHT RIERHAT qFaed] STAHT RIERHAT TFad] T SaedT
AT FAHA SHAAAT &, DT RlER ST &, AR RlER
FHAT T T TITATET RIER qFAT T T FATATA RIER
HTeAdTs [AIRTHET e ¥ Tl RTeA g MR T T &l
TAATE FRATE! T HAFHH g | TATS HRATET T HUAHH
g
TR H(T TeF BlER gFearer AT faq FATHT 3 TaH ETeTehT e
ISEA 7
FUTER BB BIER TT TS BER GEATST: Hed TFEATS FTAH] FaET
FaarsT afe ¥ qHET BER
qq HigATarr ¥47 e ¥ 90 99 9Tk ¥ Y0 g7 [k HEEIR eI

Q22C. wfy faust daedr &7 ¥a1 71 575 ¢ SA

N N

K N
® BIERHAT I 941 A

o WERH FawaT ¥ar B

LN

o EAH RIERHAT aerad ar C

Q22.1 qureer qE@R STl JSATHT F & T AT IR AT Ja1 I quat &7 MA

®ER IS A

ATETAE RIERHET €I FTaHH
FATHT Hiq qeF HIER IS 7
TUTSH BT HIER GEATS AR
9 AlEATaNT Ja1 qob

OB WNF

oY

Q23C. faear g1 qUIE FaT ISaT TUTS ATH il (MHId TR a1 TS TUHT 2T 7

g At | HEr HrETAT At &g 7T M v At

(g

A
1 2 4 5
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B! BIEAAT
4 A B
BIER AT AT a7 RIERAAT Fawq A4 B
RN NN N SN ENIEN N
UYL ATIIE |RIE I3, YT ATITE Bl IS8, >
FIMFTHT TR TIT THIAT ISSH | TG aR TN GHIA 53137
e SAEAAT I, SATRIBT RIER AT &, IAD! RIER
Akl ; FHAT T T TATATE BER FHAT T T TITATE FER
SN HTATS (RN @ T AT | Rleddlg MR e T =l
THATg FRATEN TH FAHA §H | TATg HRATR! T HEHA T84
; : Tﬁ:r EF PR | e § e FeATAT AT fa T HEEIR eI
NN s o~ | TAT @TEH BER geArsH-
[efehl thiglX gr3d. &led . N N
TR T HIEN 33 A PIER eATaT: Tl wHied R&eed 79 e T a=r HEEIR eI
e AR 7 TRfET BIER 2
9 HigA@Rl 441 (e | T YO 97 A % 90 99 eF ETeAhl TaET
Q22D. w1y fausT daedr &7 ¥a1 71 575 ¢ SA
NN N
® RIERHAT I 471 A
® WERHAT FRAIT a1 B
SN N
o IRl RIGRHAT T 47 C
Q22.1 quTes WE¥ ASTHT JATHT F & FXT AT U AT o o AU 2 MA
HER IBSH THT 1
TIETATF BIRRHAT SAaEATTH FIHH 2
FATHT Hiq 92k HIER IS 7 3
qUTERT BB BIBR GaaAT3 Al 4
g9 AfgAranT dar ek 5
Q23D. wfaear JeHT qUIE FaT ISqT TUTS ATH el ATT=ra U Far A qUH & ?
oY wfafrera | % qmrar afafiea fob | fe wmEmaT MM & fAf=ra
1 2 3 4 5
Q24 .Furset Aferedr T FaT AsAH AN T (SUHT FEEA Fiaehl Aecaqu AHET deal ?
afq &9 afer wfer . Sk
Hecaqul HEaql TEATIT
quTE ATdeA! JeH a1 AT HA THIAAT BleR 1 > 3 4
FSGA T F Fiadl Hea Ul ot 7
YIS AfeTeedT FIwehT FaT I5aT JTHETATS BIERAT
ACATIT FTAHHA G BN FgT T FHA Fehl 1 2 3 4
Tecqur foar 7
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Q25.

Q26.

Q27.

Q28.

qITS Afereet] TYFHT AaT ASET EATHT Bid IH 1 ) 3 4
HIER ISP W FIM Fidl Hecd ol (927 ?

qUIST ATl T FaT JoaT qUTEERT BRFT BIER
FATSA T FH Hicepl Aecaqul foar 7

TATSA Aol TE-TehT FaT Jroel 99 HigATary Jar
P FA AT T F FHAS! Hecdqol 2T 7

(eretept Far C ATehT B A Hied) sAfereed] TOAT TUTSe FUTRUHT e @& A T B ) =1 g1

grerehl a1 C ASTHAl, TTHPT BRI o (9T ?

HigwTaTe FaT ek GY TUEHA

FATRURT SHAATIIT [T THTHT

YRR (TEHATINRT BTH Tl

T FETATS At HUeplA

B WIN|F

FTATERY T T a4 e

JuTgel Hieed ATATARVT GRET TP FIAHH (T TR TIH, ATHTAS HelT, WY T8, qSF -
ITell, TSF ATCH, TXARTS HAFH )ATTEHT AN fTqaweH 5 7

= | 1 Jw=m | 2 |

~

F qUE o1 JUIGH TRARHT FET BIERHAAT AL TAT ATATEARV GREAT TEA(e FEATHT IGAETHT
FH TR EAATH G 7

= [ 1 Jw [ 2 |

F qUS Hleed T [GUHT FEEHT ATNE a1 Tg T+ a7 &1 el g 7 read aloud

RSCERARCIIY

STATHTET IR WTed AgH (MaHH! AT

TATHATET BIER el T TUT aTdTaRuTHT 9o THTeehl a1eHT

TATEE T TN ST 9T ATdATaRUHT T AT R STeHT

TRIERE! 7 JANT, HFIE fafe q9r 9 Hecadl areH

RRRPP|g
NN NN g

Q29.

FE TS GAAT FAieg IS ATHRAT BlER el (q1d Tae] ATHT 42T 7

7zt [ 1 JaEw [ 2|
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Q30. & qUEH HT T fAUHT FRETET FH(Id AR HEAEE G 7

3 oTET BT
TXARTS TAT ATATER0T qReqT Feareg 1 3
T | FAT AT AT HARAAH HTAFH FHied 1 3

Q31. & quEe ATFHAT IAHT “F&T BIER Fled AT B, AlE FBIER AT AEMT dRg - A ale e
HUH B 7
E [ 1 [&m | 2 |
Q32. quEa! fa=mar a« fausr Aed T T BRRAE 7 TAN T 77 GE 9189 Hesy read
aloud
RELE2) 1 2 3
CATE el Hleet 1 2 3
®IER G 1 2 3
fegrepT dree 1 2 3

Q33. T« fausr 9ATEes T TUE FAH GEAT gAES, ¢ 4 SMg L FHHT AT TR | Q TS TaaE
Yeud G T vy 91 L T O GeHd g A= a3 T & o J9 JIHT UATS Il S A
9 A |
T afaste | fob | Fer &
qEHa g7 | FEHd FEwd | gewd
2
1.5RFT FER GEATST AH dAA=] [adh aNal ¥ 1 2 3 4 5
Whevhiadl #TH &
2. BER FIATST FEA 4¢ 0T @I+, 1 2 3 4 5
3.5 SR RIER GIATR HATE 67 BIEal &7 1 2 3 4 5
4.7 T OXHT RIER TUT T RTeR e 6T 6T HEd 1 2 3 5
)
5. 537 g, qivar ¥ fgfdes T a1 erdiier Jarqre 1 2 3 4 5
6. 57 fgHebeed TATITET RER 99 = T ¥ | 1 2 3 4 5
aft g wfdq
7. IURE BERAT AT (BT, HET, H Afed I8 1 2 3 4 5
AT AHT HeATS P e
8. ®IER FeATSH qdT IF YANT T fF TTH A= HA 1 2 3 4 5
ST haT &
9. TRUTAIHTA &THT ANREFEEA STATHATAT R TR 1 2 3 4 5
A =T8T
10. 37 T qHT AT A FAA &l 1 2 3 4 5
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11. afs ®ER FEATST g FqwT qiel fad & 99 7 &Y 1 2 3 4 5 6

12. 9% ¥ H ATHAI OB BlER AH HI 6o, 1 2 3 4 5 6
13. STATATET qUTRURT RIERS R B AR Tl e, 1 2 3 4 5 6

AT I HeATs foreal arg,

Q34. &« qUEH TRUNAF ERITAN BRRATs FHRE T9 Tl HIAl FFiee faqes faaro WRes
FXT TUTSATS ITeT G 7

kK |1 & 2 |

Q35. qurEd F @Al FHRE T ATSTRT TANT T TUHT 5 o ST 7

E 1 (go to Q37)
Bl 2

Q36. afs I 9 qUIE FEE T ATl fobt TR &6, 7

K |1 s 2 |

Q37. FISHTST ITHHIH! ATATART HEATATS ATATARYT FEA( FTAATAT SIS ATHITAE TRATAT ZHTE
AT TN FXT TGS ATET B, 7

= [ 1 Js= | 2 |

Q38. TUET Fewd FISHTST HETARANAHTA FATTH hIER Hell GRaRTs qware fa off #esw argr
FTSHIST a1 Al Th TH H1 ®IER Hell q¥aied F1d5H HaHl &1 a1 g+ 941 Read aloud

e o | G | | T
o [ adm | Wl | T i
fe it @riwn arr #rEarst 1 2 3 ) c
AT TF TH %1 BERHAT XHTS
Tvafed FEH Fad! & a1 g T4 1 2 3 4 5

Q39. T RHIfeTeTer BTAT AU [T RIS FABHER! AT Gl AT AT T fele] TR 3 7

T AT o] STt
3 1 1
Eal 2 2
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TRAT TIT IRARET @

o9 TATS TAT TUGH] TRARH] T TALATH AHAT Fel YYAes dled aTaTg, 7

qRER FERETHT O TGN {6 A FFAH IAX ATs Todll X |l T AAS! A% T A~ TOFeg, |

Q40. Tuer 30 fedaT, qUE a1 TUEH TRARE! Flel GEE qd [GUHT IFTATS [oRTHT I 747 7
Read aloud
P P feredt qvepr | fererdy aeemr
W Sror ) A
e e
HTST/aTeT 1 2 |
EECIE 1 2 | e
CAEEAEES 1 2 | |
gaArdTe AT g Tesil 1 2 || e,
ATHATE ATS, T AR, AET (AT, TSP T&T 1 2 | s
YA Gt qHEEs (S W, A e 1 5
B e T e s

QA41A. wify fausr IeTewet HROT, AR TUHT 30 fadHT, F(q fad AT HTH, T a1 AR HH e

AT ¢ (FTH AT TS B[EA AIH AE O T

T GIed! fad Y TSHT a7 TR HTHAT 1T THT o
Hﬁqa ............... e | fer | e
RGN
AR g 99 99 99

QA42B. ATdre! INTHT ITARHT AN TITGHT TARS H(q @= T IAT ?

Q42.  FurEw e frgw W e G @ A 7

qies

HETAIRITAThTh! Tkl Tl

fFeTepT STEeTehT TR & ST Ol

IATSHY AT THAT ATTHT T

SARHT qTHT

TFART I qH0

FRAT TR qTAT

FHATEHT qATHI

O INOOTBRIWIN|F-
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Q43. TUEHN TREHN @R T@ME, T T T qarears wr arvs, ¢ read aloud

9 TR R fo T
T @Me 1 2 3 4 5
RIGIEIESS 1 2 3 4 5
ATl T 1 2 3 4 5
Q44. TUEH! BRHN GHIHT TUEATS Hah HAAF ATG, 7
&R BER afqafa ®ER fo ikal Eadkal
1 2 3 4 5

Q45. qUE ATRAT TXHT @HIHTATS THT TH T (GUHT FA HA fafaes TN T &7 7
read aloud

qrrerTs fthee? T

qTHTeATS IHT

AT T T BHTD Bled ( ST&d @ aredre a1 39 )

R g

qUT AR TATE T AT (T - IIETE )

N[N R | B

aTiiep, | QT 7 [T ST

a9 | qUIEH! SRANAR FHEted AT, ATAINTE TAT 7 AT SR (o AT, |

Q46. TIEFN TRAT YASET IRARH & TG BIRR TFAT I 9T Fled HH T67s, 7

qRERAT ST 9 g
B

ERHAT AEHd ASHS AT
TR ATedbehl AN AT
FH T ATH

OB WIN[F

Q47. % TUEHN URAT AR ATAT FLATART (TR 1) G 7

= 1 1 [ 2

Q48. TUEH T T HIA T4 7 ..o FIHAT AR |

Q49. qurger JaTted AT F & 7

Afqated 1 AT TUHT 3 | fagar/fasz

Pt 2 | ot 4 |« T @ P 3
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Q50. TUTEHT TRAT T ARATHT GIHT @ T T T ST F( TAT TRARES TAETS 7 oo, STEAT

Q51.

Q52. qurEen diferer AFTAT FT &7 7 (AT  FeT AT THATE § B THEE,R FaAT AT THATE R, LA
I THATE ¥ FTE T ¥ G AR B TS AR 1)

qiER e |

HEY SATHI TG ¥ TY FHY AP ToeAT8eh Gl

% 99 TG 95 99 IHT YFHHT d=AIeshl el

95 o9 T HITIHET HIfTagah] J&i

ST URER ST Hed FHTIT HIAHE] T

TSl BRAT T[40 ST & % G T B a1 S, AT AATRGT84 7

QTS g | & :_E JHHATES 8 a7 :_S
Year aw, 4. fe. =R 1 2 |  fag #efe 1 2 |
qATTHA 1 2 |, FATHT 1 2 |
HIeATEHd, That 1 2 | AT R 1 2 |
AT AT qar 1 2 | fst 1 2 |
ek ar fa o 1 2 | CIEIERCRIE 1 2 |
AR a7 HraTSd BT 1 2 | FHaX AT e 1 2 |

T, Uo7 AT 10
99 HET I 11
9R e I 12
fa.o. o 13
TH.U 99 14
ATTHEAF ATATH (GATST).....ooooe 15
9T e qATIH 16
TG ofed I TS 17

Qb53. TUEHN TN F & ¢ A [GUHT A [HAHFT FHEEH] ATSHISH ATAHT ATHRAT Te0T ISR 7

foreqr wreafer Tom (FoRe FTI, TREAE, AAHHIE, AT Fea¥ 1
TIHT JAEA FHI(=g G (TATEA, BT, TS, FEIT A7) 2
e Feated Jo (SR SAR, A9, A, AHT ATET ) 3
TEAAT TAT FeaR grata qeated 4
TR T 5
GlEal 6
HEEIERIE 7
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Q54.

Q55.

Q56.

Q57.
g7

SRS a7 17 @rog 8
et 9
feramdt 10
T T GATSTEIT oo 11

JuTgeh! TRARHT FET TG TTE JATET qratedd JOHT FERT gHers ! S : g4ax, 74, ¥4,
ATHT AT |
Ea [ 1 [#m 2 ]

quTS Afeel ATARTEHT T ATSTHT (oI qTHT & a7 AR ¥ & 7

ATSTHT feuet =¥ 1
TR Y 2

qUTE FISHISTHT T AUHT Hiq T FAT 7

Y FY AT FH 1

Y q9 I@r 90 avel fa=ra 2 (go to Q58)
99 a9 T@I R0 TSI fq=rT 3 (go to Q58)
0 I e 87 AT 4 (go to Q58)

afs qug favra ¥ o FerAT FTSHISTHT o= aTE WY AT TUHT &1 9 JE G ATSIHN BRI F

AR ATEA TaT
SEFTA THHT AT
RTEATeRT STl el
a7 feTedtrare ae

OO WIN|F

Qb58. quTEHT gfvarFr ATATETT HITAF @ Hq &7 7

Q59.

GHETAT AT & @ B
ST @ B

qUTEHT IRARET ATAT@TAT HITGE ATRTHT H(T 8w ! ATRTHT TATIET IRARE T EIgEA HHTIA
TR SATSY AR |

197



~ ~ o ~ n o o
J{q qUTES ATHFAT TRAREB] ATEE AFRAT A FFTATA 9, T [GUHT ATETAH] GHEATE ATRAT

= S

o ¥ (a¥ o
QIRATR] HIIHP ATHTAT Toiald

N

¥ Y000 W HH

¥ 4,009 I@T 90,000 IIH
% 40,009 T@I 30,000 JFTH
¥ 30,009 TEI 30,000 T
¥ 30,009 TG[ ¥0,000 qFY
¥ ¥0,009 TGl 40,000 H
¥ 40,009 TG[ §0,000 T
¥ %0,009 TG 90,000 TFY
¥ 90,009 TEI 40,000 YFY
¥ 9,00,000 9T Tl

oaTET B

TR FATST THTH

OO (N[OOI (W|IN|F-

=
o

|
|

[EEN
N

Q60. qurgeT fT=mHT BTAH! RIERHEAT HELITITH IR T I 3 HEd U FRIEs & F g7
1)
2)
3)

FEA[THRT AN g=IaTe
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